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Preface

Cloud computing continues to experience a rapid proliferation because of its
potential advantages with respect to ease of deploying required computing capacity
as needed and at a much lower cost than running an owned computing infrastructure.
However, the lack of ownership brings in myriad security and privacy challenges
that are quite difficult to resolve. The purpose of this book is to provide a state-of-
the-art coverage of the techniques to address these issues at all levels of the stack
ranging from hardware mechanisms to application level techniques. It is hoped that
the book will be useful to researchers, practitioners, and students in further research
on the subject and the implementation of the techniques in real-life systems.

The term cloud computing has been used for a variety of distributed computing
environments including some traditional ones. For example, a computing infras-
tructure owned by the organization is often referred to as a “private cloud”, which
may or may not be any different from a traditional virtualized data center owned
by the organization. The distinction may come if multiple entities or departments
within the organization share the same infrastructure, but have their own privacy,
information sensitivity, and security concerns. In contrast, a “public cloud” refers
to a facility owned and operated by a separate entity and available for use by
any organization or individual. Ownership and operation models in between these
extremes are also possible, such as a cloud intended for use by enterprises that
provides more restrictive use policies, tighter security, higher availability, etc. than
public clouds. Such “community clouds” have domain specific characteristics,
capabilities, and vulnerabilities different from private or public clouds.

User access to the cloud infrastructure could be provided at varying levels
ranging from underlying physical infrastructure controlled directly by the user all
the way up to built-in software exposed to the users. Traditionally, three specific
levels have been identified: TaaS (Infrastructure as a Service), PaaS (Platform as a
Service), and SaaS (Software as a Service). The challenges in providing the required
security and privacy vary across the levels, with lower level access resulting in more
difficult challenges in protecting the resources from misuse and attacks.

In recent years, there have been numerous incidents of exposure of confidential
data either accidentally or as a result of hacker attacks. Although many of these
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incidents are not specific to cloud computing, the increasing adoption of cloud
computing by the government and businesses has raised the specter of perhaps even
more damaging information leaks in the future. For example, the Cloud Security
Alliance (CSA) has identified “The Notorious Nine” cloud computing threats for
2013 that are likely to persist in the future as well (see https://cloudsecurityalliance.
org/research/top-threats/). The most significant threats include: (a) exploitation of
side-channel information by VMs to extract sensitive information about other VMs,
including the cryptographic keys, (b) data loss due to accidents or physical hazards,
(c) illegal access to credentials or penetration of critical entities such as hypervisor
by hackers, (d) weak APIs and interfaces, (e) denial of service or other attacks
using the cloud infrastructure, (f) and insider attacks (including the service or
infrastructure providers). Significantly, a common theme identified in the list of
threats is the vulnerabilities brought about by the solutions themselves. This is
normally a result of increased complexity and hence vulnerabilities arising from
software bugs and additional configuration data. For example, the keys and other
parameters needed by cryptographic algorithms must themselves be managed and
protected against attacks and accidental loss.

A key attribute of cloud computing is the involvement of multiple parties
that provide or use the infrastructure or services. These parties could form a
natural hierarchy with physical infrastructure providers at the bottom and the end
users at the top. For example, a cloud computing service provider or a broker
may use physical infrastructure provided by one or more lower level entities,
and expose services or virtual infrastructures used by end users or application
service providers. The sharing of increasingly sophisticated and larger computing
infrastructures among multiple parties makes cloud computing security a very
challenging undertaking. The main reasons include:

1. Lack of trust between various parties up and down the hierarchy (e.g., between
the cloud service provider and the physical infrastructure provider if they
are different, or between service provider and the user) and across a level
(between service providers or users running on the same shared infrastructure).
The trust model drives the level of information access granted among parties
and protections implemented to avoid potential abuse. Some protections (e.g.,
encryption) may rule out certain operations within the cloud or make them very
expensive.

2. Complex privacy and anonymity requirements for information exchanges
between various parties. This drives mechanisms for obfuscating and restricting
access to information content, a careful control of association between different
pieces of information, and avoidance of attribution of information to specific
parties. These requirements may dictate what data can be kept where and where
the operations on the data take place.

3. Operational disruption, integrity violation, and information leaks caused by
attacks that may originate not only from malicious outsiders but also from
legitimate providers and users of the cloud. These aspects in turn drive the level
of protection that needs to be built at various layers including physical infras-
tructure, communication protocols, data storage and transmission, middleware,
etc.


https://cloudsecurityalliance.org/research/top-threats/
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The chapters in this book address recent advances in addressing some of these
security and privacy issues. Each chapter is intended to be self-contained, although
the reader is expected to have working knowledge of the security and privacy field.
It is hoped that the book will fill an important need in the rapidly emerging field of
cloud computing security.

Images can be viewed in color by visiting the book’s web page on SpringerLink
or downloading the eBook version.
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Cryptographic Key Management Issues
and Challenges in Cloud Services

Ramaswamy Chandramouli, Michaela Iorga, and Santosh Chokhani

Abstract To interact with various services in the cloud and to store the data
generated/processed by those services, several security capabilities are required.
Based on a core set of features in the three common cloud services — Infrastructure
as a Service (IaaS), Platform as a Service (PaaS) and Software as a Service (SaaS),
we identify a set of security capabilities needed to exercise those features and the
cryptographic operations they entail. An analysis of the common state of practice
of the cryptographic operations that provide those security capabilities reveals that
the management of cryptographic keys takes on an additional complexity in cloud
environments compared to enterprise IT environments due to: (a) difference in
ownership (between cloud Consumers and cloud Providers) and (b) control of
infrastructures on which both the Key Management System (KMS) and protected
resources are located. This document identifies the cryptographic key management
challenges in the context of architectural solutions that are commonly deployed to
perform those cryptographic operations.

1 Introduction

Encryption and access control are the two primary means for ensuring data
confidentiality in any IT environment. In situations where encryption is used as a
data confidentiality assurance measure, the management of cryptographic keys is a
critical and challenging security management function, especially in large enterprise
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data centers, due to sheer volume and data distribution (in different physical and
logical storage media), and the consequent number of cryptographic keys. This
function becomes more complex in the case of a cloud environment, where the
physical and logical control of resources (both computing and networking) is split
between cloud actors (e.g. Consumers, Providers and Brokers) (see Sect. 2.2 below
and NIST SP 500-292 for more details).

The objectives of this chapter are to identify:

(a) The cryptographic key management issues that arise due to the distributed
nature of IT resources, as well the distributed nature of their control, the latter
split among multiple cloud actors. Furthermore, the pattern of distribution
varies with the type of service offering — Infrastructure as a Service (IaaS),
Platform as a Service (PaaS) and Software as a Service (SaaS), and

(b) The special challenges involved in deploying cryptographic key management
functions that meet the security requirements of the cloud Consumers,
depending upon the nature of the service and the type of data gener-
ated/processed/stored by the service features.

In this chapter, we address the following topics:

. Section 1 provides an overview of cryptographic key management;

. Section 2 provides a summary of the cloud computing concepts, including a
reference architecture (cloud actors, cloud service types and deployment models)
as identified in NIST standards; and

3. Section 3 builds on the previous sections to identify a core set of features for the

three main cloud service types — IaaS, PaaS and SaaS: the security capabilities

(SC) required to exercise those features, architectural solutions available to meet

the security capabilities and the consequent key management challenges.

DN =

In order to ensure that cryptographic mechanisms provide the desired security,
the following criteria should be met with regards to their three main components —
Algorithms (and associated modes of operation), Protocols and Implementation:

1. The cryptographic algorithms and associated modes of operation deployed
should have been scrutinized, evaluated, and approved using a review process
that is open and includes a wide range of experts in the field. Examples of such
approved algorithms and modes are found in National Institute of Standards
and Technology’s Federal Information Processing Standards (FIPS) and Special
Publications (SPs), and in the Internet Engineering Task Force (IETF) Request
for Comment (RFC) documents. The specific NIST documents pertaining to
cryptographic algorithms and associated modes of operation are: FIPS 186-3
for Digital Signatures, FIPS 180-4 for Secure Hash, SP 800-38A for modes of
operation and SP 800-56A & SP 800-56B for key establishment.

2. The cryptographic protocols used should have been scrutinized, evaluated, and
approved using a review process that is open and includes a wide range of experts
in the field. IETF protocol specifications for Secure Shell (SSH) and Transport
Layer Security (TLS) are examples that meet these criteria.
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3. The implementation of a cryptographic algorithm or protocol should undergo a
widely recognized and reputable independent testing for verification of confor-
mance to underlying specifications. NIST’s Cryptographic Algorithm Validation
Program (CAVP) and Cryptographic Module Validation Program (CMVP) are
examples of such independent testing programs.

2  Cryptographic Key Management Overview

In this section, we review the two broad categories of cryptographic keys, list the
most commonly used key types, identify the key states and chart the resulting
transition diagram. We then proceed to describe the most important key management
functions (also referred to as key lifecycle operations) and list the generic security
requirements associated with these functions.

2.1 Key Types

Cryptographic keys fall into two broad categories:

1. Secret key: A key that is generally used to (1) perform encryption/decryption
using symmetric cryptographic algorithms; and/or (2) to provide data integrity
using message authentication codes (i.e., Hash based Message Authentication
Code or HMAC) or an encryption mode of operation that also provide data
integrity. A secret key is also called a symmetric key, since the same key is
required for encryption and decryption or for integrity value generation and
integrity verification.

2. Public/Private Key Pair: A pair of mathematically related keys used in asym-
metric cryptography for authentication, digital signature or key establishment. As
the name indicates, the private key is used by the owner of the key pair and kept
secret and should be protected at all times, while the public key can be published
and used be the relying party to complete the protocol or invert the operations
performed with the private key.

From these broad categories one can determine the most commonly used
key types in a cloud computing environment. This is not to say that a cloud
implementation may not have additional types of keys.

1. Public/Private Authentication Key Pair: This key pair is used by one party
(peer, client or server) to authenticate to the other party. Its typical use entails
combining a random challenge with the signer-generated random number and
signing the result for the benefit of the challenger who wishes to authenticate



R. Chandramouli et al.

the private-key holder. Examples of usage include client-authenticated Transport
Layer Security (TLS), Virtual Private Network (VPN) authentication, and smart
card-based logon. An authentication key pair is generally used in a network
environment and is generally used for long-term use (e.g., up to 3 years)

. Public/Private Signature Key Pair: This private key of the key pair is used by
one party to digitally sign a message/data, and the corresponding public key is
used to verify the signature. Examples of the usage of a signature key pair are
signed Secure/Multipart Internet Mail Extensions (S/MIME) messages, signed
electronic documents, and signed code. In some implementations, a key pair may
be used for both authentication and signature functions. A signature key pair is
generally used in a network environment and is generally used for long-term use
(e.g., up to 3 years). It may also be used to generate and verify signatures on
stored data.

. Public/Private Key Establishment Pair: This key pair is used to securely estab-
lish a key between parties. Examples of the use of a key pair for key establishment
are encrypting the symmetric key for S/MIME payload encryption/decryption
and encrypting the random secret to be sent from a TLS client to a server. It is
recommended that key establishment key pairs be distinct from authentication
and signature key pairs. However, it is recognized that some devices such as web
servers use the same key pair for key establishment and authentication. A key
establishment key pair is traditionally used in a network environment, but some
usage for stored data is also seen and can be envisioned. A key establishment key
pair is generally used for a pre-defined period for encryption (e.g., up to 3 years),
but is used for decryption for as long as the confidentiality of the data needs to
be protected.

. Symmetric Encryption/Decryption Key: A symmetric key is used to
encrypt and decrypt data or messages. For data-in-transit, a symmetric
encryption/decryption key may have a short life, typically for each message
(e.g., S’IMIME message) or for each session (for example a TLS session). For
stored data, the symmetric life of the encryption/decryption key tends to be as
long as the confidentiality of the data needs to be protected.

. Symmetric Message Authentication Code (MAC) Key: A symmetric key is
used to provide assurance for the integrity of data. There are three techniques
used to provide this assurance: (1) use a symmetric encryption algorithm and
a MAC mode of operation (e.g., CMAC using AES); (2) use a symmetric
encryption algorithm and an authenticated encryption mode of operation (e.g.,
GCM or CCM using AES); and (3) use a hash-based MAC (HMAC). For data-
in-transit, a symmetric MAC key has a short life, typically for a single message
or for a single session (for example a TLS session). For stored data, the life of
a symmetric MAC key tends to be for as long as the data needs to be protected.
Note that when authenticated encryption mode is used, the same key is used for
both the MAC and encryption/decryption, since both objectives are achieved by
invoking a single mode of operation.
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6. Symmetric Key Wrapping Key: A symmetric key is used to encrypt a

symmetric key or an asymmetric private key. A Key Wrapping Key is also called
a Key Encrypting Key.

2.2 Key States

A symmetric key or public/private key pair can undergo the following states. This
is not to say that a key management implementation may not have additional states.
Alternatively, a key management implementation may have a subset of these states.

Generation: A symmetric key or public/private key pair is generated when
required.

Activation: A symmetric key or private key is activated when it is required to be
used. A public key is activated when it is made available or on the date indicated
in its associated metadata (e.g., notBefore date in an X.509 public key certificate).
Deactivation: A symmetric key or private key is deactivated when it is no longer
required for applying cryptographic protection to data. Deactivation of these keys
may be followed by destruction or archival. A public key is not deactivated.
It may expire (e.g., at the notAfter date in an X.509 public key certificate), or
may be suspended (e.g., via certificate revocation list (CRL) [refer RFC 4949] in
X.509 standard) or revoked (e.g., via CRL in X.509 standard).

Suspension: A key may be suspended from use for a variety of reasons, such
as an unknown status of the key or due to the key owner being temporarily
away. In the case of the public key, suspension of the companion private key is
communicated to the relying parties. This may be communicated as an “On hold”
revocation reason code in a CRL and in an Online Certificate Status Protocol
(OCSP) response

Expiration: A key may expire due to the end of its crypto period [refer RFC
4949]. In the case of a public key, an expiration date is indicated in the associated
metadata (e.g., notAfter date in X.509 certificates).

Destruction: A key is destroyed when it is no longer needed.

Archival: A key may be archived when it is no longer required for normal use,
but may be needed after the key’s cryptoperiod. An example for secret or private
keys is the possible decryption of archived data. An example for public keys is
the verification of archived signed documents.

Revocation: A revocation is explicitly stated with respect to public keys;
however, the revocation also applies to the corresponding private key. Revocation
information is securely communicated to the relying parties, for example, as
CRLs or OCSP responses, in the case of X.509 public key certificates. Secret
keys are also “revoked”, often by including them on lists, such as a compromised
key list.

The following is the state diagram for the key states (Fig. 1).
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Generation

Revocation

Archival

Fig. 1 State diagram for the key states

2.3 Key Management Functions

The following are the important key management functions:

* Generate Key: The generation of good-quality keys is critical to security. Keys
for a cryptographic algorithm should be generated in cryptographic modules that
have been approved for the generation of keys for that algorithm.

* Generate Domain Parameters: Discrete Logarithm-based algorithms require
the generation of domain parameters prior to the generation of the keys; the
keys are generated using those domain parameters. The domain parameters for
an algorithm shall be generated in approved cryptographic modules that have
been approved for their generation. Since domain parameters can be common to
a broad community of users, key generation need not entail domain parameter
generation. For example, defining Suite B P-256 curve defines all the domain
parameters for the attendant ECDSA and ECDH algorithms.

* Bind Key and Metadata: A key may have associated data, such as the time
period of use, usage constraints (such as authentication, encryption, and/or key
establishment), domain parameters, and security services for which they are
used, such as source authentication, integrity, and confidentiality protection. This
function provides assurance that the key is associated with the correct metadata.
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* Bind a Key to an Individual: The identifier of the individual or other entity that
owns a key is considered as part of the key’s metadata, but this association is
sufficiently critical to be listed as a distinct function.

* Activate Key: This function transitions a key to the active state. It is often done
in conjunction with key generation.

* Deactivate Key: This function is generally done when a key is no longer needed
for applying cryptographic protection. For example, when a key has expired, or
is replaced by another key.

* Backup Key: A key is backed by the owner, the key management infrastructure
or a third party in order to reconstitute the key when it is accidentally destroyed
or otherwise unavailable. When a private or secret key is backed up by the key
management infrastructure or by a third party, the function is also referred to as
“key escrow”.

* Recover Key: This function is complementary to the key backup function and
is invoked when the key is unavailable for some reason and is required by the
authorized parties. Key backup and recovery generally applies to the symmetric
and private keys.

* Modify Metadata: This function is invoked when metadata bound to a key needs
to change. The renewal of a public key certificate is an example of this function
where the validity period for the public key is changed.

e Rekey: This function is used to replace the existing key with a new key.
Generally, the existing key (the key being replaced) plays a role in authentication
and authorization for replacement.

* Suspend a Key: This function is used to temporarily cease the use of a key. It is
akin to reversible revocation. This function may need to be invoked if the status
of a key is undetermined or if the key owner wishes to temporarily suspend its
use (e.g., for extended leave). For secret keys, this can also be accomplished via
key deactivation. For public keys and the companion private key, this is generally
done using suspension notification of the public key.

* Restore a Key: This function is used to restore a suspended key once its secure
status is ascertained. For secret keys, this can also be accomplished via key
activation. For public keys and the companion private keys, this is generally
done using a revocation notification where the revoked public key entry is deleted
implying the key is valid.

* Revoke a Key: This function is used to inform the relying parties to stop using a
public key. There may be a variety of reasons for this, including the compromise
of companion private key, and that the owner has stopped using the companion
private key.

* Archive a Key: This function is used to store a key in long-term storage after it
has been deactivated, expired, and/or compromised.

* Destroy a Key: This function is used to zeroize a key when it is no longer to be
used.

* Manage TA Store: This function is used by the relying party to determine what
trust anchors to trust for what purpose. A trust anchor is a public key and its
associated metadata that the relying party explicitly trusts and uses to establish
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trust in other public keys via transitive trust, such as a public-key certification
path that is a series of public key certificates where the digital signature in one
certificate can be used to verify the digital signature on the next certificate.

2.4 Key Management: Generic Security Requirements

The following are general key management security requirements:

1. Parties performing key management functions are properly authenticated and
their authorizations to perform the key management functions for a given key
are properly verified.

2. All key management commands and associated data are protected from spoofing,
i.e., source authentication is performed prior to executing a command.

3. All key management commands and associated data are protected from unde-
tected, unauthorized modifications, i.e., integrity protection is provided.

4. Secret and private keys are protected from unauthorized disclosure.

5. All keys and metadata are protected from spoofing, i.e., source authentication is
performed prior to accessing keys and metadata.

6. All keys and metadata are protected from undetected, unauthorized modifica-
tions, i.e., integrity protection is provided.

7. When cryptography is used as a protection mechanism for any of the above, the
security strength of the cryptographic mechanism used is at least as strong as the
security strength required for the keys being managed,

There are significant challenges to implement these key management security
requirements in cloud computing over unsecure public networks. In the next sections
we review the cloud computing reference architecture and identify, for the three
main cloud service types — [aaS, PaaS and SaaS, a core set of features, the security
capabilities (SC) required to exercise those features, architectural solutions available
to meet the security capabilities and the consequent key management challenges.

3 Cloud Computing Environment: Evolution
and State of Practice

3.1 Three Generations of Internet

The evolution of the internet can be divided into three generations: in the 1970s
the first generation was marked by expensive mainframe computers accessed from
terminals; the second generation was born in the late 1980s and early 1990s, and was
identified by the explosion of personal computers with Graphical User Interfaces
(GUIs); the first decade of the twenty-first century brought the third generation,
defined by mobile computing, the “internet of things” and cloud computing.
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In 1997, Professor Ramnath Chellappa of Emory University, defined cloud
computing for the first time while a faculty member at the University of South
California, as an important new “computing paradigm where the boundaries of
computing will be determined by economic rationale rather than technical limits
alone.” Even though the international IT literature and media have come forward
since then with a large number of definitions, models and architectures for cloud
computing, autonomic and utility computing were the foundations of what the
community commonly referred to as ‘“cloud computing”. In the early 2000s,
companies started rapidly adopting this concept upon the realization that cloud
computing could benefit both the Providers as well as the Consumers of services.
Businesses started delivering computing functionality via the Internet, enterprise-
level applications, web-based retail services, document-sharing capabilities and
fully-hosted IT platforms, to mention only a few cloud computing use cases
of the 2000s. The latest widespread adoption of virtualization and of service-
oriented architecture (SOA) promulgated cloud computing as a fundamental and
increasingly important part of any delivery and critical-mission strategy, enabling
existing and new products and services to be offered and consumed more efficiently,
conveniently and securely. Not surprisingly, cloud computing became one of the
hottest trends in the IT armory, with a unique and complementary set of properties,
such as elasticity, resiliency, rapid provisioning, and multi-tenancy.

3.2 Cloud Computing Definition (by NIST)

Cloud computing is a model for enabling convenient, on-demand network access
to a shared pool of configurable resources (e.g., networks, servers, storage, appli-
cations, and services) that can be rapidly provisioned and released with minimal
management efforts or service provider interaction. Enterprises can use these
resources to develop, host and run services and applications on demand in a
flexible manner in any devices, anytime, and anywhere. According to the U.S.
National Institute of Standards and Technology’s (NIST) definition published in the
NIST Special Publication SP 800-145, “cloud computing is a model for enabling
ubiquitous, convenient, on-demand network access to a shared pool of configurable
computing resources (e.g., networks, servers, storage, applications and services) that
can be rapidly provisioned and released with minimal management effort or service
provider interaction.” This definition is widely accepted as a valuable contribution
toward providing a clear understanding of cloud computing technologies and cloud
services and it has been submitted as the U.S. contribution for an International
standardization.'

The NIST definition also provides a unifying view of five essential characteristics
that all cloud services exhibit: on-demand self-service, broad network access,

Thttp://www.nist.gov/itl/csd/cloud-102511.cfm
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resource pooling, rapid elasticity, and measured service. Furthermore, NIST iden-
tifies a simple and unambiguous taxonomy of three “service models” available to
cloud Consumers (Infrastructure-as-a-Service (IaaS), Platform-as-a Service (PaaS),
Software-as-a-Service (SaaS)) and four “cloud deployment modes” (Public, Private,
Community and Hybrid) that together categorize ways to deliver cloud services.
Since the cloud service model is an important architectural factor when discussing
key managements aspects in a cloud environment, we are reproducing below the
definitions for the service models provided by NIST in SP 800-145, “The NIST
definition of Cloud Computing”:

1. Infrastructure as a Service (IaaS) — The capability provided to the Consumer
is to provision processing, storage, networks, and other fundamental computing
resources where the Consumer is able to deploy and run arbitrary software, which
can include operating systems and applications. The Consumer does not manage
or control the underlying cloud infrastructure, but has control over operating
systems, storage, deployed applications, and possibly limited control of select
networking components (e.g., host firewalls).

2. Platform as a Service (PaaS) — The capability provided to the Consumer is to
deploy Consumer-created or acquired applications onto the cloud infrastructure
that are created using programming languages and tools supported by the
Provider. The Consumer does not manage or control the underlying cloud
infrastructure, including network, servers, operating systems, or storage, but
has control over the deployed applications and possibly the application-hosting
environment configurations.

3. Software as a Service (SaaS) — The capability provided to the Consumer is to use
the Provider’s applications running on a cloud infrastructure. The applications
are accessible from various client devices through a thin client interface, such
as a web browser (e.g., web-based email). The Consumer does not manage or
control the underlying cloud infrastructure, including network, servers, operating
systems, storage, or even individual application capabilities, with the possible
exception of limited user-specific application-configuration settings.

TaaS allows cloud Consumers to run any operating systems and applications of
their choice on the hardware and resource abstraction layer (hypervisors) furnished
by the cloud Provider. A Consumer’s operating systems and applications can be
migrated to the cloud Provider’s hardware, potentially replacing a company’s data
center infrastructure.

PaaS allows Consumers to create their own cloud applications. Basically, the
cloud Provider renders a virtualized environment and a set of tools to allow the
creation of new web applications. The Cloud Provider also furnishes the hardware,
operating systems and commonly used system software and applications, such as
DBMS, Web Server, etc.

SaaS allows cloud Consumers to run online applications. Off-the-shelf applica-
tions are accessed over the Internet. The cloud Provider owns the applications, and
the Consumers are authorized to use them in accordance with a Service Agreement
signed between parties.
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Cloud computing provides a convenient, on-demand way to access a shared
pool of configurable resources (e.g., networks, servers, storage, applications, and
services), which enables users to develop, host and run services and applications
on demand in a flexible manner in any devices, anytime, and anywhere. Cloud
services are those services that are expressed, delivered and consumed over a
public network, a private network or in some combination (community or hybrid).
These services are usually delivered in one of the following service categories
identified by NIST: TaaS, PaaS and SaaS. Cloud Provider and Broker may also
identify other Categories of services (such as Network-as-a-Service, Storage-as-
a-Service, carrier-as-a-Service) that are practical components already embedded
in the service models identified by NIST, and are not stand-alone service models
that identify particular cloud architectures. Some cloud Providers might provide
abstracted hardware and software resources that may be offered as a service. This
allows customers and partners to develop and deploy new applications that can be
configured and used remotely. Leveraging cloud services that provide opportunities
to provision resources elastically enables enterprises to launch or change their
business quickly and easily as needed.

3.3 Cloud Computing Reference Architecture (from NIST)

In the Special Publication SP 500-292, NIST has published the NIST Cloud
Computing Reference Architecture? (RA). This architecture is a logical extension
of the NIST cloud computing definition. It is a generic high-level conceptual model
that is an effective tool for discussing the requirements, structures, and operations
of cloud computing. The model is not tied to any specific vendor products, services
or reference implementation, nor does it provide prescriptive solutions. The RA
defines a set of cloud Actors and their activities and functions that can be used
in the process of orchestrating a cloud Ecosystem. The Cloud Computing RA
relates to a companion cloud computing taxonomy and contains a set of views and
descriptions that are the basis for discussing the characteristics, uses and standards
for cloud computing. The Actor-based model is intended to serve the expectations
of the stakeholders by allowing them to understand the overall view of roles and
responsibilities in order to assess and manage the risk by implementing adequate
security controls.

The NIST Reference Architecture is intended to facilitate the understanding of
the operational intricacies in cloud computing. It does not represent the system
architecture of a specific cloud computing system; instead, it is a tool for describing,
discussing, and developing a system-specific architecture using a common frame-
work of reference.

Zhttp://collaborate.nist.gov/twiki-cloud-computing/pub/CloudComputing/
ReferenceArchitectureTaxonomy/NIST_SP_500-292_-_090611.pdf
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As shown in Fig. 2 this architecture outlines the five major cloud Actors;
Consumer, Provider, Broker, Carrier and Auditor.
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Fig. 2 NIST cloud computing security reference architecture approach (Courtesy of NIST, SP
500-292)

Each cloud Actor defined by the NIST RA is an entity (a person or an
organization) that participates in a transaction or process and/or performs tasks in
cloud computing. The definitions of the cloud Actors introduced by NIST in SP
500-292, NIST cloud Computing Reference Architecture, are reproduced below in
Table 1.

Table 1 Cloud actor definitions (Courtesy of NIST, SP 500-292)

Actor Definition

Cloud consumer A person or organization that maintains a business relationship with, and uses
service from, Cloud Providers

Cloud provider A person, organization, or entity responsible for making a service available to
interested parties

Cloud auditor A party that can conduct an independent assessment of cloud services,
information system operations, performance and security of the cloud
implementation

Cloud broker An entity that manages the use, performance and delivery of cloud services,
and negotiates relationships between Cloud Providers and Cloud
Consumers

Cloud carrier An intermediary that provides connectivity and transport of cloud services
from Cloud Providers to Cloud Consumers




Cryptographic Key Management Issues and Challenges in Cloud Services 13

In our latest work (draft documents and white papers), NIST identifies two types
of cloud Providers:

1. Primary Provider and
2. Intermediary Provider,

and two types of cloud Brokers:

1. Business Broker and
2. Technical Broker.

Figure 3, below, graphically depicts these two types of Providers and the two
types of Brokers. It is important to note that, in particular, cloud environments where
an Intermediary Provider partners with a Primary Provider in offering cloud ser-
vices, the key management functions that fall under the Provider’s responsibilities
might need to be divided among the two Providers, depending on the architectural
details of the offered cloud service. From the cloud Consumer’s perspective this
segregation is not visible.

A Primary Provider offers services hosted on an infrastructure that it owns. It may
make these services available to Consumers through a third party (such as a Broker
or Intermediary Provider), but the defining characteristic of a Primary Provider is
that it does not obtain the sources of its service offerings from other Providers.

An Intermediary Provider has the capability to interact with other cloud Providers
without offering visibility or transparency into the Primary Provider(s). An Interme-
diary Provider uses services offered by a Primary Provider as invisible components
of its own service, which it presents to the customer as an integrated offering. From
a security perspective, all security services and components required of a Primary
Provider are also required of an Intermediary Provider.

A Business Broker only provides business and relationship services, and does
not have any contact with the cloud Consumer’s data, operations, or artifacts (e.g.,
images, volumes, firewalls) in the cloud and, therefore, has no responsibilities in
implementing any key management functions, regardless of the cloud architecture.
Conversely, a Technical Broker does interact with a Consumer’s assets; the Tech-
nical Broker aggregates services from multiple cloud Providers and adds a layer
of technical functionality by addressing single-point-of-entry and interoperability
issues.

There are two key defining features of a cloud Technical Broker that are distinct
from an Intermediary Provider:

1. The ability to provide a single consistent interface (for business or technical
purposes) to multiple differing Providers, and

2. The transparent visibility that the Broker allows into who is providing the
services in the background — as opposed to Intermediary Providers that do not
offer such transparency.

Since the Technical Broker allows for this transparent visibility, the Consumer
is aware of which key management functions are implemented by each Actor. This
case is different from the case in which an Intermediary Provider is involved, since
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Composite Cloud Ecosystem Security Architecture
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Fig. 3 Composite cloud ecosystem security architecture (Courtesy of NIST)

Differences in Scope and Security Controls

the Intermediary Provider is opaque, and the Consumer is unaware of how the
key management functions are divided, when applicable, between the Intermediary
Provider and the Primary Provider.

The NIST RA diagram in Fig. 2 also depicts the three service models discussed
earlier: TaaS, PaaS and SaaS in the “inverted L” representations, highlighting the
stackable approach of building cloud service. Additionally, the NIST RA diagram
identifies, for each cloud Actor, their general activities in a cloud ecosystem. This
Reference Architecture is intended to facilitate the understanding of the operational
intricacies in cloud computing. It does not represent the system architecture of a
specific cloud computing system; instead, it is a tool for describing, discussing, and
developing a system-specific architecture using a common framework of reference
that we plan to leverage in our later discussion of key management issues in a cloud
environment.

Cloud computing provides enterprises with significant cost savings, both in terms
of capital expenses (CAPEX) and operational expenses (OPEX), and allows them
to leverage leading-edge technologies to meet their information processing needs.
In a cloud environment, security and privacy are a cross-cutting concern for all
cloud Actors, since both touch upon all layers of the cloud computing Reference
Architecture and impact many parts of a cloud service. Therefore, the security
management of the resources associated with cloud services is a critical aspect of
cloud computing. In a cloud environment, there are security threats and security
requirements that differ for different cloud deployment models, and the necessary
mitigations against such threats and cloud Actor responsibilities for implementing
security controls depend upon the service model chosen and the service categories
elected. Many of the security threats can be mitigated with the application of
traditional security processes and mechanisms, while others require cloud-specific
solutions. Since each layer of the cloud computing Reference Architecture may
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have different security vulnerabilities and may be exposed to different threats, the
architecture of a cloud-enabled service directly impacts its security posture and the
system’s key management aspects.

For each service model, Fig. 4 below uses a building-block approach to depict
a graphical representation of the cloud Consumer’s visibility and accessibility to
the “Security and Integration™ layer that hosts the key management in a cloud
environment. As the figure shows, the cloud Consumer has high visibility into
the “Security & Integration” layer and has control over the key management in
a laaS model, while the cloud Providers implement only the infrastructure-level
security functions (which are always opaque to Consumers). The Consumer has
limited visibility and limited key management control in a PaaS model, since the
cloud Provider implements the security functions in all lower layers except the
“Applications” layer. The cloud Consumer loses the visibility and the control in
a SaaS model, and in general, all key management functions are opaque to the cloud
Consumer, since the cloud Provider implements all security functions.

Infrastructure Platform Software
(as a Service) g (as a Service) (as a Service)
© —_
Runtimes 3

V

Ml Security & Integration

Databases

JOpUBA Aqvpaﬁeue

L
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Fig. 4 Cloud service models and data protection (Courtesy of CIO Research Council [CRC])

In the following Section, we will discuss, for each service model, the Key
Management challenges encountered by cloud Actors in different use cases.

4 Cryptographic Key Management Challenges in the Cloud

As stated in Sect. 2, the secure management of the resources associated with cloud
services is a critical aspect of cloud computing. Cryptographic operations form
one of the main tasks of secure management. Hence, while cloud services provide
ubiquitous computing, elastic capabilities and self-configurable resources at lower
costs, they also entail performing several cryptographic operations (from a cloud
Consumer perspective) for the following:
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* Secure Interaction of the Cloud Consumer with various services and
* Secure Storage of data generated/processed by those services.

The key management system (KMS) required to support cryptographic oper-
ations for the above functions can be complex, due to differences in ownership
and control of underlying infrastructures on which the KMS and the protected
resources are located. For example, though the ownership of data in cloud services
rests with the cloud Consumer, the data is physically resident on storage resources
controlled by the cloud Provider, and in many instances, the KMS required for
managing the cryptographic keys needed to protect that data have to be run on the
computing resources provided by the cloud Provider. This presents challenges to
a cloud Consumer seeking to obtain the necessary security assurance from those
cryptographic operations.

The driver for the set of cryptographic operations performed in the main cloud
service models (IaaS, PaaS and SaaS) depends upon the features that constitute those
services. Though there are slight variations in the feature set among different cloud
Providers, it is possible to identify a core set of features. Based on these core set
of features, we identify the security capabilities associated with the exercise of the
features, and from the state of practices using architectural solutions for achieving
those security capabilities, we derive the key management challenges for IaaS, PaaS
and SaaS service types in Sects. 3.1, 3.2, and 3.3, respectively. It must be noted
upfront that in all architectural solutions where cryptographic keys are stored in the
cloud, there is a limit to the degree of security assurance that the cloud Consumer
can expect to get, due to the fact that the logical and physical organization of the
storage resources are entirely under the control of the cloud Provider.

4.1 Challenges in Cryptographic Operations and Key
Management for laa$S

In the IaaS cloud type, the Consumer deploys its own computing resources in
the form of virtual machines (VMs) or leases them from the cloud Provider. The
leasing option involves checking out pre-built images offered by an IaaS cloud
Provider. The VM images that are checked out must be authenticated to ensure
that they are from authorized sources and have not been tampered with. After
a VM is configured, it has to be launched in the cloud Provider’s infrastructure
to become a running VM instance. The operation of launching the VM and the
subsequent lifecycle operations on the VM (such as Stop, Pause, Restart, Kill etc)
are performed by the IaaS cloud Consumer through access to the management
interface of the Hypervisor. Additionally, during operations or the use of cloud
services, the IaaS cloud Consumer has to interact with running VM instances
in a secure manner. These three operations — checking out a VM, performing
lifecycle operations (including launching) on a VM instance and secure interaction
with it — are performed by designated service-level administrators of the IaaS
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cloud Consumer. IaaS cloud service security capabilities (SC) that enable these
operations are:

» JaaS-SC1: The ability to authenticate pre-defined VM Image Templates made
available by a cloud Provider for building functional, customized VM instances
that meet a cloud Consumer’s needs,

* JaaS-SC2: The ability to authenticate the API calls sent by the cloud Consumer
to the VM Management interface of the cloud Provider’s Hypervisor environ-
ment, and

» JaaS-SC3: The ability to secure the communication while performing adminis-
trative operations on VM instances

For each of the three security capabilities identified above, possible architectural
solutions (AS) are presented below that are based on known secure functions or
protocols. The cryptographic key management challenges associated with these AS
are also described and discussed.

IaaS-SC1 The ability to authenticate pre-defined VM Image Templates made
available by a cloud Provider for building functional, customized VM instances that
meet a cloud Consumer’s needs (Server Authentication Mechanism).

Architectural Solution:

When leasing VMs from laaS Providers, cloud Consumers are concerned that the
VM image templates being checked out might not be authentic. To mitigate this
concern, the templates can be digitally signed by the cloud Provider. The private
key of a public/private key pair that is used to sign the VM image templates should
be securely stored by the Provider and protected while in use (e.g., using FIPS 140-
2 validated cryptographic module). The Provider needs to make the corresponding
public key available to the Consumer in an authenticated manner (e.g., using an out-
of-band means or using a public key certificate). Alternative means of assuring the
integrity of the VM are: (a) the use of a cryptographic hash function (secure hash
function), such as SHA-256 computed over the VM code, which Consumers should
re-compute and verify against the value obtained using an out-of-band means; (b)
the use of cryptographic message authentication code (MAC) mechanisms (i.e.,
HMAC or a block-cipher-based MAC) using a cryptographic algorithm and a secret
shared by the Provider and the Consumers.

Key Management Challenges:

The authentication of the VM templates using one of the cryptographic techniques
referred above (i.e., digital signature, cryptographic hash function, or message
authentication code) entails the bootstrapping problem and hence, requires a com-
prehensive security analysis, rather than just an examination of the key management
challenge. Appendix provides this analysis for the three possible cryptographic
techniques for achieving IaaS-SC1 and a possible solution.

IaaS-SC2 The ability to authenticate the API calls sent by the cloud Consumer to
the VM Management interface of the cloud Provider’s Hypervisor environment.
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Architectural Solution:

Although the responsibility for configuring the VMs lies with a cloud Consumer,
an laaS cloud Provider can implement functionality whereby the VM Management
Interface of the Hypervisor only accepts and executes authenticated API calls. Cloud
Consumers need to generate or possess a public/private key pair that will be used for
signing the calls submitted to the VM Management interface. The public key needs
to be bound to the Consumer’s identity in a public key certificate signed by a trusted
authority. The certificate is then made available to the VM Management Interface
of the Hypervisor to verify the signature of the calls submitted by the Consumer to
the VM instance. An alternative approach is to provide the capability for the cloud
Consumer to set up a secure session with the VM Management interface using either
SSH (refer IaaS-SC3) or TLS (refer IaaS-SC4).

Key Management Challenge:

Cloud Consumers need to secure the private key of the public/private key pair that
is used to sign the VM Management commands on their system (both at rest and
while in use).

IaaS-SC3 The ability to secure the communication while performing administra-
tive operations on VM instances.

Architectural Solution:

The service-level administrators of the IaaS Consumer need root/administrator
access to running VM instances deployed or leased by that Consumer. A typical
mechanism deployed to secure this access is Secure Shell (SSH) that provides a
framework for public/private (asymmetric) keys or password-based client authen-
tication techniques. A public/private key technique requires the cloud Consumer
to generate a public/private key pair and then associate the public key with the
Consumer’s account in the VM instance. The task of a VM recognizing the
Consumer as the owner of the companion private key is accomplished by appending
the public key to the authorized keys file in the VM instance that can support
SSH login through protocols such as File Transfer Protocol (ftp), Secure Copy
Protocol (scp), or console commands. Thus, SSH can be used to enable the VM
instance to authenticate the Consumer using cryptographic means. Further details
of the SSH protocol are described in Internet RFC 4253. This strong cryptographic
authentication prevents anonymous connection attempts to the VM instance, as well
as preventing authentication attacks (such as password guessing). Moreover, the
SSH protocol permits asymmetric keys to be used to perform an authenticated
ephemeral Diffie-Hellman (DH) key establishment. The symmetric session keys
calculated during this process are used to encrypt the payload and to generate
hash-based message authentication codes, thus providing both confidentiality and
integrity security services. When SSH is used, not only is the administrator
authenticated, but all the commands, responses, and payload are protected in
both directions (Consumer <—— VM) from eavesdropping and against undetected
modifications, and are cryptographically authenticated.
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Key Management Challenges:

Cloud Consumers need to secure the private key of the public/private key pair that
is used to authenticate themselves, using the best enterprise security mechanisms. It
is important to note that, the Diffie-Hellman keys and the derived session keys are
ephemeral and generated or calculated on-the-fly. Thus, these keys do not require
persistent storage, and hence, their key management is not an issue.

After the service-level administrator of the cloud Consumer authenticates pre-
defined VM Images provided by the cloud Provider and checks them out (using
capability IaaS-SC1), customizes them to its requirements, launches them securely
in the hypervisor environment (using IaaS-SC2) of cloud Provider and performs
configuration maintenance through secure interaction with the launched VM
instances (using capability IaaS-SC3), the application-level administrator of the
cloud Consumer installs and configures various servers (web servers, Database
Management servers, etc.), application execution environments (i.e., Java VMs,
Java run time modules, etc.) and application executables (and in some instances,
source codes, as well) on those VM instances. Although the application-level
administrators do not configure VM instances (such as allocation/resizing of virtual
memory, CPU cores or virtual disks, etc.), they do have the need to setup secure
sessions with VM instances prior to being authenticated. Hence, in most practical
situations, the same service-level administrators of the cloud Consumer play the
role of application-level administrators as well. The administrators use the same
SSH technique and keys for secure application-level administration.

After applications are up and running on their leased VMs, the application users
of an IaaS cloud Consumer would like to interact with these applications securely
(through setting up secure sessions and strong authentication) and exercise the
various application features — depending upon the set of assigned permissions or
by assuming their assigned roles (which provide the permissions). Finally, there is
the need for Data Storage services for all categories (service-level administrators,
application-level administrators and application users) of IaaS Consumers. The
data storage services required may span different types of data, such as: (a) Static
Data — application source codes, Reference data used by applications, Archived data
and Logs, and (b) Application data — those generated and used by applications.
The application data in turn could be either Structured (e.g., Database data) or
Unstructured (e.g., files from social feeds).

The challenges in the secure interaction of the application users (as opposed to
application-level administrators) of IaaS cloud Consumers with IaaS cloud services
(both main services, such as executing the applications on VM instances, as well as
auxiliary services such as data storage) are:

» JaaS-SC4: The ability to secure the communication with application instances
running on VM instances for application users during cloud-service usage,

» JaaS-SCS: The ability to securely store static application support data securely
(data not directly processed by applications),
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» JaaS-SCe: The ability to securely store application data in a structured form (e.g.,
relational form) securely using a Database Management System (DBMS),
» JaaS-SC7: The ability to securely store application data that is unstructured, and

IaaS-SC4 The ability to secure the communication with application instances
running on VM instances for application users during cloud service usage.

Architectural Solution:

Application users (clients) generally interact with services by setting up a secure
session (which can provide both confidentiality and integrity) with application
(service) instances (e.g., Web server or DBMS server instances). The most common
technology employed is the Transport Layer Security (TLS) protocol. TLS, just
like SSH described earlier, can be used to enable the service instance and client
to authenticate each other using a cryptographic means (as described in Internet
RFC 5246), as well as to set up secure session keys for encrypting/decrypting and
for generating message authentication codes.

Key Management Challenges:

The secure session requires the presence of an asymmetric key pair (private and
public keys) for a service instance and an optional key pair on the client side, as
well. The client-side private key can be managed by an enterprise key management
system, and the server-side private key has to be managed by a key management
system run by the IaaS cloud Provider.

IaaS-SCS The ability to securely store static application support data securely.

Architectural Solution:

To support applications running on leased VM instances, IaaS cloud Consumers
need secure storage services to store relatively static data such as application source
codes, reference data used by applications, preferred VM Images and archived
data and Logs. These types of data are different from data generated, processed
and stored directly by the application. To store the former type of data, the cloud
Providers offer a file-storage service.

Key Management Challenge:

The data that is not processed by or written to by applications can be encrypted at
the cloud Consumer site before being uploaded to the cloud Providers file storage
service. Hence, encryption keys (generally, symmetric keys) needed for encrypting
the data at the cloud Consumer site and are under its administrative control and can
thus be secured using enterprise key management solutions.

I1aaS-SC6 The ability to securely store application data in a structured form
securely: To store structured data generated by applications running on its VM
instances, the IaaS cloud Consumer needs to subscribe to a Database service
(generally a relational service offered by the Provider as an adjunct to its IaaS
offering). The cloud Consumer subscribing to this service is generally provided with
a DBMS instance with the ability to custom configure the instance to suit its business
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and security needs. The options available to provide confidentiality protection for
data managed by the DBMS instance and the associated key management challenge
are described below:

Architectural Solution-TDE: (Transparent/External Encryption):

Use the native encryption function that is provided as a feature within the DBMS
engine or use a third party tool. This feature is called Transparent Data Encryption
(TDE) and is a technique similar to storage-level encryption (the encryption engine
operates at the I/O level and encrypts data just prior to being written to disk).
The whole database is protected with a single Database Encryption Key (DEK)
that is itself protected by more complex means, including the possibility of using a
Hardware Security Module (HSM). Since TDE performs all cryptographic operation
at the I/O level within the database system, there is no need to modify the application
logic or the database schema.

Key Management Challenge:

Since the IaaS cloud Consumer has administrative control of the subscribed DBMS
instance, it has control over the DEK as well. Since encryption is taking place at the
I/0 level, the DEK has to reside close to the storage resources designated for storage
of the database data, and hence, the cloud Consumer has no other option other than
storing the DEK in the same cloud where the DBMS instance is running. Although
there are TDE implementations that offer column and table-level granularity for
encryption, the most common usage is for storage-level encryption, and hence, the
implementation cannot be configured to provide different set of encryption keys for
different users based on their permission set (or assigned role).

Architectural Solution-ULE: (Database Level Encryption or User-Level
Encryption)

Under this feature, users can choose to encrypt data at the column level, table level
or even a set of data files corresponding to multiple tables or indexes.

Key Management Challenge:

This solution requires the use of a different encryption key for different database
objects. An additional service is required (e.g., by a Security Server) that will map
the set of session permissions of the user (based on the roles assumed) to the set of
keys, and then make a call to a KMS to retrieve the required set of keys from key
storage. For better security, the security server, the KMS and (persistent) key storage
should be run in a cloud that is different than the DBMS instance or should be run
on-premise by the cloud Consumer. The security server and KMS perform the role-
to-key mapping and key retrieval functions, respectively, based on the authenticated
credentials of the DBMS user. However, during a user’s session (for key usage),
the keys remain in a cache of the memory space created for the user session in the
same cloud as the DBMS instance. The added challenge of retrieving the key from
the KMS and providing it securely to the application running in the cloud Provider
space also needs to be dealt with. One can argue that once the secure session with
the DBMS application in the cloud is established, this security challenge is trivial.
Alternatively, the cloud Consumer can run the security server and the KMS in the
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same cloud as the DBMS application. This latter approach leaves the sensitive data
vulnerable to access by the cloud Provider Administrators unless additional security
measures are taken.

I1aaS-SC7 The ability to store unstructured application data securely: This oper-
ation requires storage-level encryption similar to Transparent/External encryption
(Architectural Solution-1: (Transparent/External Encryption), and hence, the
same key management challenges apply.

4.2 Challenges in Cryptographic Operations and Key
Management for PaaS

The objective of a Platform as a Service (PaaS) offering is to provide a computa-
tional platform and the necessary set of application development tools to Consumers
for developing or deploying applications. Although the underlying OS platform on
which the development tools are hosted is known to the Consumer, the Consumer
does not have control over its configuration functions and thus the resulting
operating environment. Consumers interact with these tools (and associated data,
such as development libraries) to develop custom applications. Consumers may also
need a storage infrastructure to store both supporting data and application data for
testing the application functionality. PaaS cloud service security capabilities (SC)
that enable these operations are:

* PaaS-SC1: The ability to set up secure interaction with deployed applications
and/or development tool instances,

* PaaS-SC2: The ability to securely store static data (data not directly processed
by applications),

e PaaS-SC3: The ability to securely store application data in a structured form
(e.g., relational form) using a Database Management System (DBMS), and

« PaaS-SC4: The ability to securely store application data that is unstructured.

The operations involved in exercising the above capabilities (PaaS-SC1 through
PaaS-SC4) are identical to the operations involved in exercising capabilities IaaS-
SC4 through IaaS-SC7, respectively and hence, the same cryptographic key man-
agement challenges apply.

4.3 Challenges in Cryptographic Operations and Key
Management for SaaS

SaaS offerings provide access to applications hosted by the cloud Provider. An SaaS
cloud Consumer would like to interact with these application instances securely
(through setting up secure sessions and strong authentication) and exercise the
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various application features, depending upon the set of assigned permissions or
by assuming their assigned roles (which provide the permissions). In addition,
some SaaS Consumers would also like to store the data generated/processed by
those applications in an encrypted form because of the following reasons: (a) to
prevent exposure of their corporate data, due to loss of the media used by cloud
Providers; and (b) surreptitious viewing of their data by an SaaS co-tenant or by
a cloud Provider administrator. Though the former feature (secure interaction with
application) is provided by the SaaS Providers, the second feature (storing data in
an encrypted form) currently has to be provided entirely by the SaaS Consumer. The
typical set of security capabilities (whether provided by an SaaS service or not) are:

* SaaS-SC1: The ability to set up secure interaction with an application, and
* SaaS-SC2: The ability to store application data (structured or unstructured) in an
encrypted form.

The operations involved in exercising the SaaS-SC1 capability is identical to
the operations involved in exercising the IaaS-SC4 capability, and hence, the same
cryptographic key management challenges apply.

SaaS-SC2 The ability to store application data (structured or unstructured) in an
encrypted form.

There are two operational scenarios here. If all fields in the database need to be
encrypted, then the encryption capabilities have to reside with the cloud Provider
because of the sheer scale of operation (see Architectural Solution — DVE below for
description). On the other hand, if each cloud Consumer wants selective encryption
of some subset of fields, and since that subset varies with each Customer, all
encryption operations has to take place at the client (cloud Consumer) end (see
Architectural Solution — GTE). The key management challenges for each of the
two options are discussed below after a brief description of associated architectural
solution.

Architectural Solution-DVE (Encryption of Entire Database):

For efficient encryption and storage of application data, SaaS cloud Providers divide
the physical storage resources into logical storage chunks called disk volumes and
assign different encryption keys over sets of disk volumes (e.g., assign an encryption
key for two or three disk volumes).

Key Management Challenge:

Since all the encryption keys are under the control of the SaaS cloud Provider,
this architectural solution does not provide assurance to the Consumer against
the insider’ threat unless additional measures are taken. Secondly, it is possible
that data belonging to different Consumers reside on a single disk volume and is
protected by a common encryption key, providing no cryptographic separation of
the data belonging to different cloud Consumers. Furthermore, the sheer volume

3That is, cloud Provider Administrator.
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of data stored in large SaaS cloud offerings requires a large number of keys, thus
necessitating the need for the management of hundreds of symmetric encryption
keys, possibly using multiple key management servers. If the key management
function is carried out using an HSM, then it may require the creation and
maintenance of multiple HSM partitions.

Architectural Solution-GTE (Selective Encryption of Database Fields):

For selective encryption of certain set of fields chosen by the Consumer (the
selection of the set based on each Consumer’s business requirements), an encryption
gateway (generally running as an appliance) is usually employed inside the cloud
Consumer’s enterprise network. Architecturally, the gateway is located between
the SaaS client application and SaaS cloud application (hosted by cloud SaaS
Provider) and acts as a reverse proxy server that monitors all incoming and outgoing
application traffic (e.g., HTTP, SMTP, SOAP and REST). The outgoing payload
in this context will usually be the data that needs to be sent to the SaaS cloud
application for storage. The gateway being configured with rules for encrypting
different data items, encrypts or tokenizes the data in real time and forwards the
modified data to the SaaS cloud application. Similarly, encrypted or tokenized
data retrieved and returned by the SaaS cloud application is converted again, in
real time, into clear text prior to being displayed by the SaaS client application.
This encryption scheme thus requires no change either to the SaaS cloud Provider
application or to the SaaS cloud Consumer’s client application. Furthermore, all
application functionality can be exercised normally since the encryption/decryption
process performed by the encryption gateway is Format and Function-Preserving.
Thus, the encryption gateway is the solution adopted under the following scenario:

* The SaaS cloud Consumer needs selective encryption of certain fields and hence
all the processing (from the application functionality point of view) as well as
encryption of those fields occurs at the Consumer side and the DBMS instance
at the cloud is used just for storage (as opposed to computational processing) as
far as those fields are concerned.

* The values in fields marked for encryption thus are in encrypted form at all times
in the cloud (both during application processing in the cloud and storage in the
cloud)

* Data in clear text is visible only to authorized clients using SaaS client applica-
tion to interact with the SaaS cloud application through the encryption gateway

Key Management Challenge:

The encryption gateway may use a single key or different cryptographic keys for
encrypting/decrypting different selected fields of the application. Irrespective of the
number of cryptographic keys used, since the encryption gateway resides within
the enterprise network perimeter, all cryptographic keys are fully under the control
of the SaaS cloud Consumer and hence protected using in-house enterprise key
management policies and practices.
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Appendix A: Security Analysis of Cryptographic Techniques
for Authenticating VM Templates in the Cloud

When leasing VMs from cloud Providers, cloud Consumers are concerned that the
VM templates being checked out might not be authentic. To mitigate this concern,
the following are some possible techniques:

. A Digital Signature on the VM template,

. The use of a Cryptographic Hash function,

. The use of a Keyed Message Authentication Code, or

. The use of cloud Provider Environment Discretionary Access Control.

RS S

Each of these techniques is described and analyzed below. Note that there are
numerous variations for each technique and several other techniques, but these
techniques were chosen to illustrate how to go about performing security analysis.
Also note that, based on the cloud computing paradigm, it is assumed that the cloud
Consumer will not download the VM template for authentication in the Consumer’s
Enterprise environment. Rather, the authentication will be performed in the Provider
environment in which the VM is going to execute.

A.1 VM Template Authentication Using Digital Signature

As Fig. A.1, illustrates, the cloud Provider signs the VM template using the cloud
Provider’s private key once the VM template has been created. The signing function
needs to be performed only once when the VM template is created.

Every time that a cloud Consumer checks out a VM template, he can verify the
digital signature on the VM template using the public key of the cloud Provider. The
cloud Consumer supplies the public key to the verification engine as illustrated in
Fig. A.1.

This approach has the advantage that the cloud Provider is able to create and
modify multiple VM templates, and all cloud Consumers can verify the source
and integrity of the VM template via a digital signature verification. It also has
the advantage of simplified key management. All that is required are the following:
(a) the cloud Provider needs to create a single public/private signature key pair and
protect the private key from unauthorized use and from unauthorized disclosure, (b)
the cloud Provider needs to provide the public key in a trusted manner! to each
cloud Consumer; and (c) the cloud Consumer needs to protect the public key from
undetected, unauthorized modification.

The approach has some disadvantages as well. While on the surface, the approach
seems highly secure, there are several security concerns with it:

IThis can be easily accommodated using physical means during contract signing.
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Fig. A.1 VM template authentication using digital signatures

1. First of all, how does the cloud Consumer communicate securely with the
verification engine to provide the public key and to obtain the verification results.
Let us assume that the cloud Consumer can establish a secure session using TLS
or SSH.

2. Then the question becomes: how does the cloud Consumer trust the verification
engine running in the cloud Provider. If the cloud Consumer cannot trust or
authenticate the verification engine, it has no basis to trust the response from
the verification engine regarding the VM template signature verification.

3. Furthermore, whatever means the cloud Consumer uses to establish trust in the
verification engine, why not use the same means to trust the VM template and
forego the extra step of having to first establish trust in the verification engine?

A.2 VM Template Authentication Using Cryptographic
Hash Function

Another technique of assuring the integrity of the VM template is by using a
cryptographic hash function, such as SHA-256, to compute a hash value on the VM
template, and the Consumers obtaining the hash value using an out-of-band means
as illustrated in Fig. A.2.
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Fig. A.2 VM template authentication using cryptographic hash

The approach has the advantage of requiring no key management. However, the

hash value of the VM template needs to be provided to the consumers using means
that assure its integrity and source (e.g., physically). The cloud Consumer provides
this hash value for comparison during VM template authentication.

The approach has several disadvantages. Some of the disadvantages are common

to those for digital signatures:

1.

2.

This approach has the limitation that each time the VM template’ is modified, a
new hash value needs to be promulgated using a secure, out-of-band means.
The approach has the limitation that each VM template hash value needs to be
promulgated using secure, out-of-band means. One can assume that the cloud
will have multiple VM templates.

. Just like the digital signature, this approach does not solve the problem of the

cloud Consumer communicating securely with the verification engine to provide
the hash value and obtaining the verification results. Let us assume that the cloud
Consumer can establish a secure session using TLS or SSH.

. Then the question becomes: how does the cloud Consumer trust the verification

engine running in the cloud Provider. If the cloud Consumer cannot trust or
authenticate the verification engine, it has no basis to trust the response from
the verification engine regarding the VM template verification.

. Furthermore, whatever means the cloud Consumer uses to establish trust in the

verification engine, why not use the same means to trust the VM template and
forego the extra step of having to first establish trust in the verification engine?
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A.3 VM Template Authentication Using Message
Authentication Code (MAC)

As illustrated in Fig. A.3, another approach is to use a MAC. A MAC is calculated
using a cryptographic function, such as a keyed hash function or a mode of operation
for a symmetric block cipher algorithm, that produces a message authentication code
using a secret shared by the Provider and the Consumers.

The approach has the advantage of the cloud Provider being able to create and
modify multiple VM templates and all cloud Consumers being able to verify the
source and integrity of the VM template via MAC verification. It also has the
advantage of simplified key management. All that is required are the following:
(a) the cloud Provider needs to create a single secret key and protect it from
unauthorized use and from unauthorized disclosure; (b) the cloud Provider needs
to provide to each cloud Consumer with the secret key in a secure manner?; and (c)
the cloud Consumer needs to protect the secret key from unauthorized disclosure.

The approach has several disadvantages. Some of the disadvantages are common
to those for using digital signatures:

1. Unless the secret key is unique per Consumer, this approach is vulnerable to one
Consumer modifying a VM template to compromise another Consumer. Having
unique keys for each Consumer will increase a cloud Provider’s key management
challenge

Verification
Engine

*

VM, MAC

Cloud Consumer

Engine

Secret Key
Cloud Provider

Fig. A.3 VM template authentication using MAC

2This can be easily accommodated using physical means during contract signing.
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2. Just like the use of a digital signature, this approach does not solve the problem
of the cloud Consumer communicating securely with the verification engine to
provide the secret key and to obtain the verification results. Let us assume that
the cloud Consumer can establish a secure session using TLS or SSH.

3. Then the question becomes: how does the cloud Consumer trust the verification
engine running in the cloud Provider. If the cloud Consumer cannot trust or
authenticate the verification engine, it has no basis to trust the response from
the verification engine regarding the VM template authentication.

4. Furthermore, whatever means the cloud Consumer uses to establish trust in the
verification engine, why not use the same means to trust the VM template and
forego the extra step of having to first establish trust in the verification engine?

A.4 VM Template Authentication Based on Cloud Provider
Discretionary Access Control

Under this approach Consumers obtain the VM template from a location that can
be modified by the Provider only (i.e., the VM template is protected using discre-
tionary access controls). Though this form of authentication is not a cryptographic
technique, we have included this for completeness as a possible approach for VM
template authentication.

A.5 Conclusion

In conclusion, one can see from our higher-level security analysis of the possible
cryptographic techniques for authenticating VM templates, that none of them solve
the twin problem of establishing trust in the VM template, as well as in the verifica-
tion engine. Hence, our suggested solution for VM template authentication is:

1. The cloud Consumer should use SSL or SSH to establish a secure session with
the VM template integrity verification engine.

2. The application instance housing the VM integrity verification engine needs to
be configured to run as a secure appliance on a specially hardened VM. The
verification engine should also include appropriate public keys, secret keys,
and/or hash values, depending on the VM template authentication technique
chosen by the cloud Provider. Note that this approach obviates the need for a
secure, out-of-band channel between the cloud Provider and the cloud Consumer.
This approach also allows the cloud Provider to change keys, algorithms,
authentication method and/or a VM template without having a secure, out-of-
band channel with the cloud Consumer. Note that a cloud Provider may use
different cryptographic techniques (digital signatures, cryptographic hash, or
MAC) to protect different VM templates.
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3. The cloud Consumer should check out any VM template, and authenticate the

VM template and launch the VM.

The advantage of having a verification engine as opposed to having a VM

template under discretionary access control is the added flexibility for the cloud
Provider to only secure the verification engine using discretionary access control, as
opposed to a myriad of VM templates.
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Costs and Security in Clouds

Yao Chen and Radu Sion

Abstract Cloud computing has emerged as an important paradigm for deploying
services and applications for both enterprises and end-users. In this chapter, we
explore two important aspects of cloud computing — costs and security. We aim to
answer two questions: (1) Is cloud computing a cost effective endeavor? (2) How
much security can we afford in the cloud while maintaining the cost benefits of
outsourcing?

To answer these questions, we start by looking at the economics of computing
in general and clouds in particular. Specifically, we derive the end-to-end cost of a
CPU cycle in various environments and show that its cost lies between 0.5 picocents
in efficient clouds and nearly 27 picocents for small enterprises (1 picocent =
$1 x 10~'%), values validated against current cloud pricing. We show that cloud
computing makes sense only in scenarios when the clients distance can be offset by
a minimal application computation footprint. We then explore the cost of common
cryptography primitives as well as the viability of their deployment for cloud
security purposes. It turns out that securing outsourced data and computation against
untrusted clouds is often costlier than the associated savings, with outsourcing
mechanisms up to several orders of magnitudes costlier than their non-outsourced
locally run alternatives.

1 Introduction

As computing becomes embedded in the very fabric of our society, the exponential
growth and advances in cheap, high-speed communication allow for unprecedented
levels of global information exchange and interaction. As a result, new market forces
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emerge that propel toward a fundamental, cost-efficient paradigm shift in the way
computing is deployed and delivered: computing outsourcing.

Computing outsourcing provides great elasticity and scalability of resources.
It minimizes client-side management overheads and benefit from a service
provider’s global expertise consolidation and bulk pricing, and helps users avoid
the capital expense in acquiring computing resources. The past decades’ traditional
outsourcing paradigms have usually involved established service providers such as
IBM that manage or host clients’ machines in dedicated data centers. More recently,
first storage and then computation outsourcing has been commoditized through the
emergence of globally-sized enterprises such as Google, Yahoo, Amazon, and Sun
which started offering increasingly complex storage and computation outsourcing
“cloud” services. CPU cycles have become consumer merchandise.

So far, the end-to-end viability of cloud computing has mostly not been explored.
Is a remotely hosted computing cycle in a cloud indeed cheaper than performing it
locally when considering the end-to-end bottom-line? It seems the markets have
spoken and the increasing number of service providers can be viewed as testimony
that this indeed is the case. Yet by what margins? And what are the features of
suitable applications for cloud deployment? As the migration from in-house data
centers to the clouds is non-trivial and fraught with potentially large costs, asking
these questions is essential.

In this chapter, to understand the viability of clouds, we provide a cost model for
computing in different environments and derive the dollar cost of primitives such as
CPU cycles, storage and network transfers. Using the model, we then evaluate cloud
outsourcing end-to-end and derive a threshold principle defining when outsourcing
indeed is economically viable, i.e., when computing-related savings outweigh the
costs of networking. We then evaluate the footprints and types of applications most
suited for cloud deployment.

Despite the associated buzz, clouds have been somewhat less successful in
attracting medium to large size corporations. Such clients often fall under strict
regulatory compliance requirements for manipulating information or simply are
reluctant to place sensitive data and computation logic under the control of a remote,
third-party provider, without practical assurances of privacy and confidentiality in
which the provider is un-trusted. Significant challenges lie in the path of successful
large-scale adoption.

To address this, existing secure outsourcing research addressed several issues
including guaranteeing integrity, confidentiality and privacy of outsourced data to
secure querying on outsourced encrypted database. Such assurances will likely
require strong cryptography as part of elaborate intra- and client-cloud protocols.
Yet, strong crypto is expensive. Thus, it is important to ask: how much cryptography
can we afford in the cloud while maintaining the cost benefits of outsourcing?

Some believe the answer is simply none. For example, in an interview [56]
Whitfield Diffie argued that “current techniques would more than undo the
economy [of] outsourcing and show little sign of becoming practical.”

Here we set out to find out whether this holds and if so, by what margins. One
way to look at this is in terms of CPU cycles. For each desired un-secured client CPU
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cycle, how many additional cloud cycles can we spend on cryptography, before its
outsourcing becomes too expensive? We end up gaining the insight that today’s
secure data outsourcing primitives are often orders of magnitude more expensive
than local execution, mainly due to the fact that we do not know how to process
complex functions on encrypted data efficiently enough. And outsourcing simple
operations — such as existing research in querying encrypted data, keyword searches,
selections, projections, and simple aggregates — is simply not profitable. Thus,
while traditional security mechanisms allow the elegant handling of inter-client and
outside adversaries, today it is still too costly to secure against cloud insiders with

cryptography.

2 Cost Models

To reach the granularity of compute cycles we explore the cost of running
computing at different levels. We chose environments of increasing size: home,
small enterprises, mid-size enterprises and large size data centers. The boundaries
between these setups are often dynamic and the main reason we’re using them is to
help differentiate a set of key parameters.!

2.1 Levels

Home Users (H). We include this scenario as a baseline for a simple home setup
containing several computers. This could correspond to individuals with spare time
to maintain a small set of computers, or a very small home-based enterprise with
no staffing overheads. It is important to consider this scenario as it represents a
potentially large slice of the outsourcing market, especially through application
such as mail, document, media and personal blog/web hosting. Also this niche is
important as it features a set of peculiarities, including access to residential energy
pricing, negligible cooling, rental and management costs (as we will not factor
individuals’ time in).

Small Enterprises (S). We consider here any scenario involving an infrastructure
of up to 1,000 servers run in-house in a commercial enterprise. The cost structure
will start to feature most of the usual suspects, including commercial energy and
network pricing, cooling, space leases, staffing etc. Small enterprises however
can not afford custom hardware, efficient power-distribution, and cooling or ded-
icated buildings among others. More importantly, in addition to power distribution

'We note it is not the subject of our work to explore in-depth data center infrastructures. A plethora
of online sources discuss issues related to data centers, often focusing on power and overall
efficiency (most notably James Hamilton’s blog [27]).
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inefficiencies, due to their nature, small enterprises cannot be run at high utilization
as they would be usually under the incidence of business cycles and its associated
peak loads.

Mid-size Enterprises (M). We consider here setups of up to 10,000 servers, run
by a corporation, often in its own dedicated data center(s). Mid-size enterprises
might have some clout and access to better service deals for network service as
well as more efficient cooling and power distribution. They are not fully global,
yet could feature several centers across one or two time zones, allowing increased
independence from local load cycles as well as the ability to handle daily peaks
better by shifting loads across timezones. All the above results ultimately in
increased utilization (20-25 % est.) and overall efficiency.

Large Enterprises/Clouds (L). Clouds and large enterprises run over 10,000
servers, cross multiple time-zones, often literally at a global level, with large
data centers distributed across all continents and often in tens to hundreds of
countries. For example Google has built a 30-acre site in Dalles, Oregon, next to
a hydroelectric dam providing cheap power. The site is composed of 34,000 sqft
buildings [33]. Especially in cloud setups, high speed networks allow global-wide
distribution and integration of load from thousands of individual points of load. This
in turn flattens the 24-h overall load curve and allows for efficient peak handling
and comparably high utilization factors (50-60 % est. [28]). Cloud providers run the
most efficient infrastructures, and often are at the forefront of innovation. Moreover,
clouds have access to bulk-pricing for network service from large ISPs, often one
order of magnitude cheaper than mid-size enterprises.

2.2 Factors

We now consider the cost factors that come into play across all of the above levels.
These can be divided into a set of inter-dependent vectors, including: hardware
(servers, networking gear), building (floor space leasing), energy (running hardware
and cooling), service (administration, staffing, software maintenance), and network
service. Other breakdown layouts of these factors are possible.

Server Hardware. Hardware costs include servers, racks, power equipment, net-
work equipment, cooling equipment etc. We will discuss network equipment
later. Naturally, there are different choices for data centers to increase capacity.
Up-scaling — the purchase of a smaller number of more expensive off-the-shelf
multi-blade servers — is often considered in mid-size enterprises, and features
lower software and infrastructure cost advantages. Scaling out — deploying massive
numbers of low-cost, almost “expendable” custom-designed and often in-house built
multi-CPU server boards — is a strategy available to large, cloud-size providers such
as Google and Amazon. The advantages of this approach are low hardware costs,
low inter-failure correlation and high overall efficiency factors. Sometimes these
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two approaches can be combined; e.g., servers embedded with 4-8 CPUs can be
considered as scale-out architecture of scale-up nodes [25]. We note that these costs
drop with time, likely even by the time this goes to print. For example, while many
of the current documented mid-size deployments use single or multi-CPU System-
X blade servers at around $1-2,000 each [32], large data centers deploy custom
setups at about $3,000 for 4 CPUs, near-future developments could yield important
changes.> We will be conservative and empirically assume home PC prices of
around $750/CPU, small and mid-size enterprise costs of around $1,000/CPU (for
2 CPU blades) and cloud-level costs of no more than $500/CPU.

Energy. Energy in data centers does not only include power, computing and net-
working hardware but the entire support infrastructure, including cooling, physical
security, and overall facilities. With the increasing density of today’s rack structure,
temperature rises more rapidly than in old server rooms [7]. For example, any
additional 40 W/sqft can lead to a rise of 25°F in 10min. A simple rough way
to infer power costs is by estimating the Power Usage Efficiency (PUE) of the data
center. The PUE is a metric to evaluate the energy efficiency of a data center [24]
(PUE = Total Power Usage/IT Equipment Power Usage). PUE ranges from 1.13 to
1.21 for big providers as claimed by Google, Facebook and 1.22 for efficient data
center containers, to over 2 for typical data centers [44,51]. We will assume 1.2—1.5
PUE for large enterprises, 1.6-2 PUE for mid-size enterprises and 2-2.5 for small
enterprises [44]. Costs of electricity are relatively uniform and documented [23].

Service. Evaluating the staffing requirements for data centers is an extremely com-
plex endeavor as it involves a number of components such as software development
and management, hardware repair, maintenance of cooling, building, network and
power services.

Analytical approaches are challenged by the sparsity of available relevant
supporting data sets. We deployed a set of commonly accepted rule of thumb
values that have been empirically developed and validate well [29]: the server to
administrator ratio varies from 2:1 up to experimental 2,500:1 values due to different
degrees of automation and data management. In deployment, small to mid-size data
centers feature a ratio of 100—140:1 whereas cloud level centers can go up to 1,000:1
[23,28].

Network Hardware. To allow for analysis of network intensive protocols, we
chose to separate network transport service costs from the other factors of impact in
the bottom line for CPU cycle. Specifically, while the internal network infrastructure
costs will be factored in the data center costs, network service will not. We will
estimate separately the cost of transferring a bit reliably to/from the data center
intermediated by outside ISPs’ networks. Internal network infrastructure costs can
be estimated by evaluating the number of required switches and routers. The design

2In one documented instance, e.g., Amazon is working with Rackable Systems to deliver an under
$700 AMD-based 6 CPU board dubbed CEMS (Cooperative Expendable Micro-Slice Servers) V3.
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of scalable large economy network topology with high inter-node bandwidth for
data centers is an ever ongoing research problem [45]. We base our results on some
of the latest state of the art research, deploying fat tree interconnect structures. Fat
trees have been shown to offer significantly lower overall hardware costs with good
overall connectivity factors. For example inter-connecting a 27,648 node cluster
with Ethernet switching can be done for under $8.64 million [45], assuming $3,000
48-port GigE switches at the edge, aggregation and core layers.

Floor Space. Floor space costs vary wildly, by location and use. While office space
can be had for up to tens of dollars/sqft/month in Manhattan, data center space can
be had at much lower rates, being as low as $0.1/sqft/month [15,16,48]. While small
to mid-size enterprises usually have data centers near their location (thus sometimes
incurring office-level pricing), large companies such as Google and Microsoft tend
to build data centers on owned land, in less populated place where the per sqft price
can be brought down much lower, often amortized to zero over time.

We also note that floor surface is directly related to power consumption and
cooling with designs supporting anywhere from 40 to 250 W/sqft [21]. Thus, the
overall power requirements (driven by CPUs) impact directly the required floor
space.

3 Cost Primitives

Armed with knowledge of the above factors, we now estimate the cost of basic
computing primitives.

3.1 CPU Cycles

We start by evaluating the amortized dollar cost of a CPU cycle in Eq. (1). See
notations in Table 1 and various setups’ parameters in Table 2.

Table 1 Notations for

Eq. (1) Symbol Definition
Ng, N, Number of servers, switches
o administrator: server ratio
B W/sqft
sy A Server, switch price
Ap, Ay Personnel, floor cost per second
Ae Electricity price/(W-s)
u CPU utilization
\4 CPU frequency
Tsy Ty Servers, switches lifespan (5 years)

Wy, Wi Server power at peak, idle
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Table 2 Sample key parameters
Parameters Home Small Medium Large
CPU utilization 5-8 % 10-12 % 15-20 % 40-56 %
server:admin ratio N.A. 100-140 140-200 800-1k
Space (sqft/month) N.A. $0.5 $0.5 $0.25
PUE N.A. 2-2.5 1.6-2 1.2-1.5
Table 3 Current pric'ings of Provider Picocents
a CPU cycle from major
cloud providers Amazon EC2 0.93-2.36
Google AppEngine Up to 2.31
Microsoft Azure Up to 1.96

CycleCost =

Server + Energy + Service + Network + F loor

Total Cycles

AN/t (v i (1= 0) - PUE Rt B Ay Ay Ny T o Ay DR bR

u

'V'NS

6]

The results are depicted in Fig. 1, costs ranging from 0.45 picocents/cycle in very
large cloud settings all the way to (S), the costliest environment, where a cycle costs
up to 27 picocents (I US picocent = $1 x 10714,

Fig. 1 CPU cycle costs
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We validate our results by exploring the pricing of the main cloud providers
(Table 3). The prices lie surprisingly close to each other and to our estimates,
ranging from 0.93 to 2.36 picocents/cycle. The difference in cost is due to the fact
that these points include not only CPUs but also intra-cloud networking, instance-
specific disk storage and cloud providers’ profit.
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Table 4 Summarized network service costs [28,49]

H, S M L

Monthly $44.90 $200 $95 $13
Bandwidth (d / u) 15/5 Mbps per Mbps per Mbps
Dedicated No Yes Yes Yes
Picocent/bit 115/345 >7,000 3,665 500
Table 5 Per bit transfer costs Settings Cost (picocent)

(H, S) — Cloud 900

(M) — Cloud 4,500

3.2 Network Service

Published numbers place network service costs for large data centers at around
$13/Mbps/month and for mid-size setups at $95/Mbps/month [28] for guaran-
teed bandwidth. Home user and small enterprise pricing usually benefits from
economies of scale and numbers are readily available, e.g., Optimum Online
provides 15/5 Mbps internet connection for small business starting at $44.9/month.
We note however that the quoted bandwidth is not guaranteed and refers only to
the hop connecting the client to the provider. However, if home users or small
enterprises were to order guaranteed network service, the price is much higher
(around $200/Mbps/month as quoted to us by network providers.). In this work,
we mainly consider non-guaranteed network services for home users and small
enterprises. We summarize these costs in Table 4.

The end-to-end cost of network transfer includes the cost on both communicating
parties and the CPU overheads of transferring a bit from one application layer to
another (a minimum about 20 CPU cycles per 32 bit data). Moreover, for reliable
networking (e.g., TCP/IP) we need to also factor in the additional traffic and spent
CPU cycles (e.g., SYN, SYN/ACK, ACK, for connection establishment, ACKs for
sent data, window management, routing, re-transmissions, etc.). If we assume a 1 %
TCP re-transmission rate, 1 ACK packet for every two data packets, it costs more
than 900 picocents to transfer 1 bit reliably in the S — L scenario. We summarize
the per bit transfer cost in other scenarios in Table 5.

Moreover, if the applications are not optimized to fully utilize payloads these
costs could be much higher, e.g., if only a 32 bit value payload is sent, it would
incur upwards of 10,000 picocents per bit.

3.3 Storage

Simply storing bits on disks has become truly cheap. Increased hardware reliability
(with mean time between failures rated routinely above a million hours even for
consumer markets) and economies of scale resulted in extreme drops in the costs of
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disks. Table 6 shows the costs of ownership and operation of a representative sample
(by no means exhaustive) set of commonly available consumer-level disks (numbers
were obtained in November 2009 from numerous online sources, including the disk
vendors’ sites, price search engines and independent online hardware discussion
sites). Costs incorporate energy and amortized acquisition components. Energy
is dominating at 60-70 % of the total cost. We note that actual observed MTBF
are often up to about 3.4 times lower than advertised [53]. We considered this in
computing the values in Table 6.

In terms of amortized acquisition costs, the Seagate Barracuda provides the best
price/hardware/MTBF ratio at 7.67 picocents/bit/year. We observe that hardware
constitutes only a small percentage of the overall costs, e.g., for the Maxtor, the
amortized hardware acquisition being only 12.16 % of the overall ownership cost.
And it holds across all considered (H,S,M,L) levels due to the fact that the existence
of a critical mass of disk consumer level buyers results in economies of scale pricing
available for everybody.

This leads to the insight that, if storage power and maintenance has been already
factored in, then, for most scenarios direct storage hardware costs are very small
and can be mostly ignored when evaluating network and CPU intensive protocols.
Naturally this does not hold if the main costs include long-term data at rest with
little or no computation and networking. But, as soon as data gets transferred or
processed, direct storage costs become negligible.

4 To or Not To

The insights gained above in the costs of computation, network and storage enable
us to explore the viability of the outsourcing endeavor.

We start by noting that it is easy to find scenarios for which it does not make
sense to outsource to clouds from a strict cost-centric perspective. For example, the
CPU cycle costs in Fig. 1 immediately show that it is not profitable to outsource
personal workloads (H) to small (S) enterprises (we denote this H — S) as it would
naturally incur additional network bandwidth and CPU cycle costs are much higher
for (S).

Yet, what about the other options, {H - M, H - L,S—M,S— L, M — L}?

The answer in each of these cases is highly dependent on the type of applications
outsourced. Basically, there are three main services the cloud provides: storage,
networking and computation. The costs of these three primitives behave differently
across computing environments of different scale, thus their outsourcing costs are
different. Often the relation between these primitives in an application determines
its outsourcing saving. In the following, we explore applications of different types in
two outsourcing scenarios (single-client outsourcing and multi-client outsourcing).
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4.1 Single-Client Model

One of the simplest computation outsourcing scenarios involves clients shifting their
own CPU-intensive applications onto clouds, to save costs. Later these same clients
(or delegates thereof) will access these cloud-hosted applications for their own use.
An example of this are large corporations considering migrating in-house data
centers to clouds.

Naturally, this is feasible when the savings outweigh the outsourcing overhead
costs. In general, outsourcing a computation load from environment a to environ-
ment b is economically justified when

Savings = Cycles X ¢, — Cycles X ¢, — Trans,_, > 0

T
& Cycles > 2[AM%a b (2)
Cq—Cp

where Cycles is the number of CPU cycles needed per bit data, and c, denotes the
CPU cycle cost for environment X € {H,S,M,L}. We call this the first minimal
CPU-intensive requirement criterion (we will also call this the “first outsourcing
criterion”):

First outsourcing criterion:

For an application accessed mainly by clients in environment a, outsourcing it
from a to another environment b is economically justified iff. its computation
load exceeds % compute cycles per transferred input bit.

To illustrate, consider a 32 bit item in the § — L case. We know from
Sect. 3.2, that the cost of reliably transferring 32 bits can be anywhere 28,000 and
320,000 picocents depending on the nature of the connection and whether connec-
tion establishment costs are amortized across multiple sends. For consistency, we
disregard for now any application-specific costs, such as the existence of results and
their transfer costs. As a lower bound, we get

T
Cycles > ~52L ¢ (1,000, 12,000).
Cs —CL

In other words, if the task at hand requires anywhere less than 1,000 CPU cycles
(in the most optimized possible case) per 32 bits of input data, it is not profitable to
outsource from a home setting to a large cloud.

Moreover, 1,000 turns out to also be a lower bound across all outsourcing options
as can be seen in Fig.2. For H — L, we have anywhere between Cycles > 6,400
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Fig. 2 Cost savings of 1200 .
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and Cycles > 71,000. For M — L, due to the much higher network costs of (M),
32 bit transfers can cost anywhere between 144,000 and 1,615,000 picocents, which
results in anywhere between Cycles > 96,100 and Cycles > 1,070,000.

Applications which are well suited in such CPU-intensive outsourcing include
highly scientific computations [52], which usually consume large amounts of CPU.
We note that recently Mathworks seems to have tapped this niche, by adding a
parallel toolbox in Matlab which enables users to do parallel computing on the
Amazon Elastic Compute Cloud [3].

We note that the above minimal CPU-intensive requirement criterion specifically
refers to network costs that cannot be amortized over multiple transactions, hence
the wording “per transferred input bit”. Yet, often applications involve significant
amounts of already cloud-hosted data inputs, and in such cases, the criterion simply
refers to any data that is transferred to/from the cloud.

Simple Storage. Overall, the CPU-intensive requirement of the criterion suggests
that purely storage-centric applications are not good candidates for unified-client
outsourcing in the cloud. This indeed seems to hold for simple storage outsourcing
in which a single data customer places data remotely for future access. For the S — L
scenario, the amortized cost of storing a bit reliably either locally or remotely is
under 9 picocents/month (including power). Network transfer however, is at least
900 picocents per accessed bit, a cost that is not amortized and two orders of
magnitude higher than storing the data.

Thus, from a pure technological cost-centric point of view, it is simply not
effective to store data remotely. Depending on the application network footprint,
outsourced storage costs (incl. network transfer cost) can be upwards of 2+ orders
of magnitude higher than local storage. It’s worth noticing that cloud providers also
allow users to mail a portable storage device and upload the data to the cloud over
their local network [2]. Yet, as we discussed in Sect. 3.3, simple storage without
data processing has become truly cheap even for end users. Using clouds as remote
storage is not cost efficient.
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Searchable Storage and Databases. Scenarios where outsourcing of data
becomes viable include any data processing mechanisms that allow the amortization
of networked data transfer over multiple queries to the data set.

Consider for example a searchable outsourced database of size n which allows
queries of certain search selectivity s (search results are of size n* s S,, where
S, is the size of a single result) to be submitted. In this case, the intuition dictates
that outsourcing is profitable for a CPU-intensive search process (e.g., for a large
database size) and a high selectivity (very low s). For illustration, if searching
involves a binary index (O(logn) CPU cycles), and a comparison takes Ceompare = 3
cycles, we have

Savings =1ogn X Ceompare X (Ca — Cp)
Costyrans = nsS,Trans,_.p,
and, for cost viability, we want
logn x Ceompare X (€a — ¢p) > nsBTrans,_p

logn x Ccompare X (Ca - Cb)

=S
nS,Trans,_.p

In the S — L scenario, for a database of n = 10° keywords and S, = 32 bits, this
results in s < 8.3 x 10711, And s will be even lower when database size grows.

4.2 Multi-Client Model

Yet, paradoxically, despite the above conclusion, storage outsourcing seems to be
thriving. Just recently, Smugmug, a paid digital photo sharing website, announced
$1M savings a year by outsourcing storage to Amazon S3 [1].

This can be explained as follows. The core storage costs coupled with the lack of
an intense-enough CPU load, indeed do not justify outsourcing for a unified client
scenario. Yet, web-based enterprises such as Smugmug, by their very nature provide
services to third party clients and thus also require mechanisms to handle their
clients’ remote access, e.g., through often CPU-intensive web interfaces supported
by web servers running on actual CPUs. This can increase the per-bit CPU footprint
significantly. Moreover, network service pricing for mid-size enterprises can be up
to one order of magnitude higher than for clouds, as can be seen in Table 4 — and in
effect, clouds can afford to also operate as an efficient content distribution (CDN)
service.

Overall, the case for cloud feasibility becomes more complicated in multi-client
scenarios. The outsourcing criterion needs to be updated as a function also of
the different network service deals of the two environments. Then, outsourcing is
economically tenable when

Cycles x c; — Cycles X cp+ (Trans.—s, — Trans._) > 0 3)
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where c is the environment from which the majority of client accesses are coming to
the outsourced application (Fig. 3). Then, the outsourcing criterion can be rewritten
into a more complete (“second outsourcing criterion”) form as follows:

Second outsourcing criterion:

For an application that resides in environment a, whose accesses come mainly
from clients in environment ¢, outsourcing it from a to another environment b
is economically justified iff.
. . Trans._p—Transc—q
its computation load exceeds —a—=,  compute cycles per trans-
. . a
ferred input bit — for ¢, > ¢ and Trans.—,, ; TransCT_ﬂ,, or,
its computation footprint is lower than w compute cycles
. a
per transferred input bit — for ¢, < ¢, and Trans.—, > Trans._p

We can better understand Eq. (3) by detailing the following four cases:

(i) ¢4 > cpand Trans._,, > Trans._,p, in this case, savings are constantly positive,
yielding no CPU intensive requirement;
(i) ¢4 < ¢p and Trans.—, < Trans._,p, N0 savings can be achieved (constantly
negative);
(i) ¢4 > ¢p and Trans._,q < Trans._,p, then Cycles > %LTZMH‘
(iv) ¢4 < cp, and Trans._., > Trans._y, in this case, Cycles < %,
this unusual case corresponds to an upper bound on the amount of computation

an application can have before outsourcing becomes counter-productive;

We show in Fig. 3 the cost savings of S,M — L with different third party clients
and applications at different CPU intensive levels. The CPU intensive requirements
are much lower than in the single-client model. Note, given today’s cost points, M —
L is always profitable and falls into case (i). This may also explain the success of
Smugmug outsourcing to Amazon S3. Moreover, if S requires guaranteed network
service for the application (see numbers in Table 4), § — L also falls into case (i).

For completeness, the equation also covers cases when outsourcing occurs from
larger to smaller scale environments, as in (iv). One illustrative instance of this is a
large enterprise placing smaller data centers strategically closer to targeted clients.
Although CPU cycles will cost more in these smaller data centers, this kind of
outsourcing can effectively take advantage of its associated network proximity.

This illustrates another point of feasibility for clouds: content distribution for
applications with numerous (often geographically dispersed) clients. This is not only
profitable because of the better network service deals that clouds get from major
ISPs, but also due to their on-demand scalability promise etc., which is outside of
the scope of this chapter.

For multi-client applications such as content distribution or data processing,
it is important to consider also intra-cloud communication as well as the actual
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Table 7 Inter- and intra-cloud network transfer pricing (picocent)

Amazon Microsoft Google
Data-in 1,164 1,164 1,164
Data-out 1,979 1,746 1,396
First 10 TB/month
Next 40 TB/month 1,513 1,746 1,396
Next 100 TB/month 1,280 1,746 1,396
Next 150 TB/month 1,164 1,746 1,396
Intra-cloud/same region 0 0 0
Intra-cloud/inter-region 116 N/A N/A

profit-including pricing of bit transfers in/out of clouds. For example, at the time of
this writing, clouds charge 1,164 picocents per incoming bit, roughly double than
what they are paying to ISPs. Table 7 illustrates these pricing points.

5 Cryptography

So far we know that a CPU cycle will set us back 0.45-27 picocents, transferring
a bit costs at least 900 picocents, and storing it costs under 100 picocents/year. We
now explore the costs of basic crypto and modular arithmetic. All values are in
picocents. Note that CPU cycles needed in cryptographic operations often vary with
optimization algorithms and types of hardware used (e.g., specialized secure CPUs
and crypto accelerators with hardware RSA engines [4] are cheaper per cycle than
general-purpose CPUs).

Symmetric Key Crypto. We first evaluate the per-bit costs of AES-128, AES-
192, AES-256 and illustrate in Table 8. The evaluation is based on results from the
ECRYPT Benchmarking of Cryptographic Systems (eBACS) [9].
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Table 8 AES-128, AES-192, AES-256 costs (per byte) on 64-byte input

AES-128 AES-192 AES-256
S 1.42E + 03 1.48E +03 1.52E+ 03
L 2.37E 401 2.47E 401 2.53E4-01

Table 9 Cost of RSA encryption/decryption on 59-byte messages (pico-

cents)

1,024 bit 2,048 bit

Encrypt Decrypt Encrypt Decrypt
S 3.74E - 06 1.03E 408 8.99E +- 06 6.44E - 08
L 6.24E 4- 04 1.72E 4- 06 1.50E + 05 1.07E 4+ 07

Table 10 DSA on 59-byte messages. The 1,024-bit DSA uses 148-byte
secret key and 128-byte public key. The 2,048-bit DSA uses 276-byte
secret key and 256-byte public key

1,024 bit 2,048 bit

Sign Verify Sign Verify
S 5.73E407 6.94E + 07 1.89E + 08 2.30E+ 08
L 9.55E+05 1.16E 4 06 3.15E+ 06 3.84E 406

Table 11 Costs of ECDSA signatures on 59-byte messages (curve over a
field of size 2163, 2409 2571 respectively) (picocents)

ECDSA-163 ECDSA-409
KG/SGN Verify KG/SGN Verify
S 1.36E + 08 2.65E 408 9.60E + 08 1.91E+ 09
L 2.27E 406 4.41E+ 06 1.60E + 07 3.19E 407
ECDSA-571
KG/SGN Verify
S 2.09E - 09 4.18E+ 09
L 3.48E 407 6.96E +- 07

RSA. Numerous algorithms aim to improve the speed of RSA, mainly by reducing
the time to do modular multiplications. In Table 9, we illustrate the costs of RSA
encryption/decryption using benchmark results from [9].

PK Signatures. We illustrate costs of DSA, and ECDSA signatures based on NIST
elliptic curves [9] in Tables 10 and 11.

Cryptographic Hashes. We also show per byte cost of MD5 and SHA1 with varied
input sizes in Table 12.
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Table 12 Per-byte cost of MD5 and SHA1 (with 64- and 4,096-byte

input)

MD5 SHA1

4,096 64 4,096 64
S 1.52E +02 3.75E +02 2.14E+02 6.44E + 02
L 2.53E+00 6.25E 400 3.56E + 00 1.07E + 01

6 Secure Outsourcing

Thus armed with an understanding of computation, storage, network and crypto
costs, we now ask whether securing cloud computing against insiders is a viable
endeavor.

We start by exploring what security means in this context. Naturally, the
traditional usual suspects need to be handled in any outsourcing environment:
(mutual) authentication, logic certification, inter-client isolation, network security
as well as general physical security. Yet, all of these issues are addressed extensively
in existing infrastructures and are not the subject of this work.

Similarly, for conciseness, within this scope, we will isolate the analysis from
the additional costs of software patching, peak provisioning for reliability, network
defenses etc.

6.1 Trust

We are concerned cloud clients being often reluctant to place sensitive data and
logic onto remote servers without guarantees of compliance to their security policies
[19, 35]. This is especially important in view of recent sub-poenas and other
security incidents involving cloud-hosted data [13, 14, 42]. The viability of the
cloud computing paradigm thus hinges directly on the issue of clients’ trust and
of major concern are cloud insiders. Yet how “trusted” are today’s clouds from this
perspective? We identify a set of scenarios.

Trusted clouds. In a trusted cloud, in the absence of unpredictable failures, clients
are served correctly, in accordance to an agreed upon service contract and the cloud
provider’s policies. No insiders act maliciously.

Untrusted clouds. For untrusted clouds, we distinguish several cases depending
on the types of illicit incentives existing for the cloud and the client policies with
which these will directly conflict. We call a cloud data-curious if insiders thereof
have incentives to violate confidentiality policies (mainly) for (sensitive) client
data. Similarly, in an access-curious cloud, insiders will aim to infer client access
patterns to data or reverse-engineer and understand outsourced computation logic.
A malicious cloud will focus mainly on (data and computation) integrity policies
and alter data or perform incorrect computation.
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Reasonable cloud insiders are likely to factor in the potential illicit gains (the
incentives to violate the policy), the penalty for getting caught, as well as the
probability of detection. Thus for most practical scenarios, insiders will engage in
such behavior only if they can get away undetected with high probability, e.g., when
no (cryptographic?) safeguards are in place to enable the detection.

6.2 Secure Outsourcing

Yet, millions of users embrace free web apps in an untrusted provider model. This
shows that today’s (mostly personal) cloud clients are willing to trade their privacy
for (free) service. This is not necessarily a bad thing, especially at this critical-mass
building stage, yet raises questions of clouds’ viability for commercial, regulatory-
compliant deployment, involving sensitive data and logic. And, from a bottom-line
cost-perspective, is it worth even trying? This is what we aim to understand here.

In the following we will assess whether clouds are economically tenable if
their users do not trust them and therefore must employ cryptography and
other mechanisms to protect their data. A number of experimental systems
and research efforts address the problem of outsourcing data to untrusted service
providers, including issues ranging from searching in remote encrypted data to
guaranteeing integrity and confidentiality to querying of outsourced data. In favor
of cloud computing, we will set our analysis in the most favorable S — L scenario,
which yields most CPU cycle savings.

6.3 The Case for Basic Outsourcing

Before we tackle cloud security, let us look at the simplest computation outsourcing
scenario (where clients outsource data to the cloud, expect the cloud to process it,
and send the results back). In Chap. 1, we show that, to make (basic, unsecured)
outsourcing cost effective, the cost savings (mainly from cheaper CPU cycles) need
to outweigh the cloud’s distance from clients. In S — L, outsourced tasks should
perform at least 1,000 CPU cycles per every 32 bit data, otherwise it is not worth
outsourcing them.

6.4 Encrypted Data Storage with Integrity

With an understanding of the basic boundary condition defining the viability of
outsourcing we now turn our attention to one of the most basic outsourcing scenarios
in which a single data client places data remotely for simple storage purposes. In the
S — L scenario, the amortized cost of storing a bit reliably either locally or remotely
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is under 9 picocents/month (including power). Network transfer however, is of at
least 900 picocents per accessed bit, a cost that is not amortized and two orders of
magnitude higher.

From a technological cost-centric point of view it is simply not effective to
store data remotely: outsourced storage costs can be upwards of 2+ orders of
magnitude higher than local storage for the S — L scenario even in the absence
of security assurances.

Cost of Security. Yet, outsourced storage providers exist and thrive. This is likely
due to factors outside of our scope, such as the convenience of being able to have
access to the data from everywhere or collaborative application scenarios in which
multiple data users share single data stores (multi-client settings). Notwithstanding
the reason, since consumers have decided it is worth paying for outsourced storage,
the next question we ask is, how much more would security cost in this context? We
first survey some of the existing work.

Several existing systems encrypt data before storing it on potentially data-curious
servers [10, 12,43]. File systems such as IPES [34], GFS [22], and Checksummed
NCryptfs [54] perform online real-time integrity verification.

It can be seen that two main assurances are of concern here: integrity and
confidentiality. The cheapest integrity constructs deployed in most of the above
revolve around the use of hash-based MACs. As discussed above, SHA-1 based
keyed MAC constructs with 4,096-byte blocks would cost around 4 picocent/byte
on the server and 200 picocents/byte on the client side, leading to a total cost of
about 25 picocents/bit. This is at least four times lower than the cost of storing the
bit for a year and at least one order of magnitude lower than the costs incurred by
transferring the same bit (at 900+ picocents/bit). Thus, for outsourced storage,
integrity assurance overheads are negligible.

For publicly verifiable constructs, crypto-hash chains can help amortize their
costs over multiple blocks. In the extreme case, a single signature could authenticate
an entire file system, at the expense of increased I/O overheads for verification.
Usually, a chain only includes a set of blocks.

For an average of twenty 4,096 byte blocks® secured by a single hash-chain
signed using 1,024-bit RSA, would yield an amortized cost approximately 1 M pic-
ocents per 4,096-byte block (304 picocents/bit) for client read verification and
180+ picocents/bit for write/signatures. This is up to 8 times more expensive than
the MAC based case.

3Douceur et al. [20], show that file sizes can be modeled using a log-normal distribution. E.g, for
ué =8.46, o¢ = 2.4 and 20,000 files, the median file size would be 4 KB, mean 80 KB, along with
a small number of files with sizes exceeding 1 GB [5,20].
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6.5 Searches on Encrypted Data

Confidentiality alone can be achieved by encrypting the outsourced content before
outsourcing to potentially access-curious servers. Once encrypted however, it cannot
be easily processed by servers.

One of the first processing primitives that has been explored allows clients to
search directly in remote encrypted data [6, 8, 17]. In these efforts, clients either
linearly process the data using symmetric key encryption mechanisms, or, more
often, outsource additional secure (meta)data mostly of size linear in the order of the
original data set. This meta-data aids the server in searching through the encrypted
data set while revealing as little as possible.

But is remote searching worth it vs. local storage? We concluded above that
simply using a cloud as a remote file server is extremely non-profitable, up to several
orders of magnitude. Could the searching application possibly make a difference?
This would hold if either (i) the task of searching would be extremely CPU intensive
allowing the cloud savings to kick in and offset the large losses due to network
transfer, or (ii) the search is extremely selective and its results are a very small
subset of the outsourced data set — thus amortizing the initial transfer cost over
multiple searches.

We note that existing work does not support any complex search predicates
outside of simple keyword matching search. Thus the only hope there is that the
search-related CPU load (e.g., string comparison) will be enough cheaper in the
cloud to offset the initial and result transfer costs.

Keyword searching can be done in asymptotically constant time, given enough
storage or logarithmic if B-trees are used. While the client could maintain indexes
and only deploy the cloud as a file server, we already discovered that this is not
going to be profitable. Thus if we are to have any chance to benefit here, the index
structures need to also be stored on the server.

In this case, the search cost includes the CPU cycle costs in reading the B-tree
and performing binary searches within B-tree nodes. As an example, consider 32 bit
search keys (e.g., as they can be read in one cycle from RAM), and a 1 TB database.
One to three CPU cycles are needed to initiate the disk DMA per reading, and
each comparison in the binary search requires another 1-3 cycles (for executing
a comparison conditional jump operation). A B-tree with 16 KB nodes will have
approximately a 1,000 fanout and a height of 4-5, so performing a search on
this B-tree index requires about 100-300 CPU cycles. Thus in this simple remote
search, S — L outsourcing would result in CPU-related savings of around 2,500—
8,000 picocents per access. Transferring 32 bits from S — L costs upwards of
900 picocents. Outsourced searching becomes thus more expensive for any results
upwards of 36 bytes per query.
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6.6 Insights into Secure Query Processing

By now we start to suspect that similar insights hold also for outsourced query
processing. This is because we now know that (i) the tasks to be outsourced
should be CPU-intensive enough to offset the network overhead — in other words,
outsourcing peanut counting will never be profitable, and (ii) existing confidentiality
(e.g., homomorphisms) and integrity (e.g., hash trees, aggregated signatures, hash
chains) mechanisms can “secure” only very simple basic arithmetic (addition,
multiplication) or data retrieval (selection, projection) which would cost under a few
of cycles per word if done in an unsecured manner. In other words, we do not know
yet how to secure anything more complex than peanut counting. And outsourcing of
peanut counting is counter productive in the first place. Ergo our suspicion.

We start by surveying existing mechanisms. Hacigumus et al. [26] propose a
method to execute SQL queries over partly obfuscated outsourced data to protect
data confidentiality against a data-curious server. The main functionality relies on
(i) partly obfuscating the outsourced data by dividing it into a set of partitions, (ii)
query rewriting of original queries into querying referencing partitions instead of
individual tuples, and (iii) client-side pruning of (necessarily coarse grained) results.
The information leaked to the server is balancing a trade-off between client-side
and server-side processing, as a function of the data segment size. Hore et al. [30]
explores optimal bucket sizes for certain range queries.

Ge et al. [55] discuss executing aggregation queries with confidentiality on an
untrusted server. Unfortunately, due to the use of extremely expensive homomor-
phisms this scheme leads to large processing times for any reasonably security
parameter settings (e.g., for 1,024 bit fields, 124 days per query are required).

Other researchers have explored the issue of correctness in settings with
potentially malicious servers. In a publisher-subscriber model, Devanbu et al.
deployed Merkle trees to authenticate data published at a third party’s site [18], and
then explored a general model for authenticating data structures [39,40]. In [46,47]
as well as in [37], mechanisms for efficient integrity and origin authentication for
selection predicate query results are introduced. Different signature schemes (DSA,
RSA, Merkle trees [41] and BGLS [11]) are explored as potential alternatives for
data authentication primitives. In [36, 50] verification objects VO are deployed
to authenticate data retrieval in “edge computing” In [31, 38] Merkle tree and
cryptographic hashing constructs are deployed to authenticate range query results.

To summarize, existing secure outsourced query mechanisms deploy (i)
partitioning-based schemes and symmetric key encryption for (“statistical” only)
confidentiality, (i) homomorphisms for oblivious aggregation (SUM, COUNT)
queries (simply too slow to be practical), (iii) hash trees/chains and (iv) signature
chaining and aggregation to ensure correctness of selection/range queries and
projection operators. SUM, COUNT, and projection usually behave linearly in the
database size. Selection and range queries may be performed in constant time,
logarithmic time or linear time depending on the queried attribute (e.g., whether it
is a primary key) and the type of index used.
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For illustration purposes, w.l.o.g., consider a scenario most favorable to out-
sourcing, i.e., assuming the operations behave linearly and are extremely selective,
only incurring two 32-bit data transfers between the client and the cloud (one for
the instruction and one for the result). Informally, to offset the network cost of
900 x 32 x 2 = 57,600 picocents, only traversing a database of size at least 10°
will generate enough CPU cycle cost savings. Thus it seems that with very selective
queries (returning very little data) over large enough databases, outsourcing can
break even.

Cost of Security. In the absence of security constructs, we were able to build a
scenario for which outsourcing is viable. But what about a general scenario? What
are the overheads of security there? It is important to understand whether the cost
savings will be enough to offset them. While detailing individual secure query
protocols is out of scope here, it is possible to reason generally and gain an insight
into the associated order of magnitudes.

Existing integrity mechanisms deploy hash trees, hash chains and signatures to
secure simple selection, projection or range queries. Security overheads would then
include ar least the (client-side) hash tree proof re-construction (O(logn) crypto-
hashes) and subsequent signature verification of the tree’s root. The hash tree
proofs are often used to authenticate range boundaries. The returned element set
is then authenticated often through either a hash chain (in the case of range joins,
at least 30 picocents per byte) or aggregated signature constructs (e.g., roughly
60,000 picocents each, for selects or projections). This involves either modular
arithmetic or crypto-hashing of the order of the result data set. For illustration
purposes, we will again favor the case for outsourcing, and assume only crypto-
hashing and a linear operation are applied.

Consider a database that has n = 10° tuples of 64 bits each. In that case (binary)
hash tree nodes need to be at least 240 bits (80 + 160 bits = 2 pointers + hash value)
long. If we assume 3 CPU cycles are needed per data item, the boundary condition
results in selectivity s < 0.00037 before outsourcing starts to make economical
sense. In a more typical scenario of s = 0.001 (queries are returning 0.1 % of the
tuples), a per-query loss of over 0.3 US cents will be incurred.

The above holds only for the S — L scenario in which hash trees are deployed. In
the case of signature aggregation [38,47], the break-even selectivity would be even
lower due to the higher computation overheads.

7 Conclusions

In this chapter, we mused on the dollar cost and security in cloud computing. We
started by giving a cost model for computation, storage and networking in different
environments. We saw that CPU cycles cost no less than 0.45 picocents, a bit cannot
be transferred without paying at least 900 picocents, and stored a year without a
pocket setback of at least 100 picocents. We validated the cost model with today’s
pricing points of clouds.



Costs and Security in Clouds 53

We determine two ‘“outsourcing criteria”’, defining the boundary condition of
cloud migration viability. The “first outsourcing criterion” considers unified client
applications and postulates that, from a technological cost-centric perspective,
outsourcing them is profitable for computation intensive tasks, specifically, when
its (mostly computation-related) cost savings are sufficient to offset client-cloud
network distances. This happens today for unified client applications requiring no
less than 1,000 CPU cycles per each 32 bits of client-cloud transferred input.

In the case of applications with third-party clients, the feasibility equation
changes dramatically. The “second outsourcing criterion” postulates that, for today’s
pricing points, for mid-size enterprises, it always makes sense to outsource to
cloud. For small enterprises, to make outsourcing profitable, the CPU intensive
requirement is much lower than in the single-client model (410 CPU cycles per
32 bit data) or even no CPU intensive requirement if they require guaranteed
network service. This is mainly because of the dominating costs of networking, and
the fact that in the single-client model, the comparison baseline would not include
any networking costs (as the data would be accessed locally).

We also explored whether cryptography can be deployed to secure cloud comput-
ing against insiders. We estimated common cryptography costs (AES, MD5, SHA-1,
RSA, DSA, and ECDSA) and finally explored outsourcing of data and computation
to untrusted clouds. We showed that deploying the cloud as a simple remote
encrypted file system is extremely unfeasible if considering only core technology
costs. We also concluded that existing secure outsourced data query mechanisms are
mostly cost-unfeasible because today’s cryptography simply lacks the expressive
power to efficiently support outsourcing to untrusted clouds. Hope is not lost
however. We found borderline cases where outsourcing of simple range queries
can break even when compared with local execution. These scenarios involve large
amounts of outsourced data (e.g., 10° tuples) and extremely selective queries which
return only an infinitesimal fraction of the original data (e.g., 0.00037 %).
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Hardware-Enhanced Security for Cloud
Computing

Jakub Szefer and Ruby B. Lee

Abstract Cloud computing has ushered in an era where cloud customers are able to
rapidly access on-demand computing resources made available by third party cloud
providers. The cloud providers who maintain these computing resources and lease
them out to customers leverage economies of scale and sharing of resources to be
able to provide these resources to customers at favorable prices. Cloud computing
and this sharing of resources, however, introduces a number of security concerns.
These concerns include other, potentially malicious, customers who are co-located
on the same system as the customer; or even untrusted system software running
on the remote systems where a customer’s code and data execute or reside. To
tackle these security concerns, we explore how secure hardware architectures can
provide more protections to a customer’s code and data in a cloud computing setting.
In particular, we want to show that with hardware enhancements we can make
computing in the cloud as secure as in your own dedicated facilities.

1 Introduction

Figure 1 shows the IaaS cloud computing model. Other cloud computing models,
such as Platform-as-a-Service (PaaS) or Software-as-a-Service (SaaS), can be built
on top of the IaaS model and could leverage the hardware security enhancements
we present for the IaaS scenario. Before switching to using cloud computing, users
may have run applications and an operating system (OS) on their own hardware.
Now, these cloud customers use resources and remote servers of the cloud provider.
Rather than have a physical machine, they now have a virtual machine (VM) that
runs alongside other customers’ VMs. The cloud provider runs a hypervisor, or a
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virtual machine monitor, that virtualizes the system and orchestrates the sharing of
the physical resources so that it can support many VMs on one physical system.
This way, many customers’ VMs can run on one server, consolidating resources
and allowing the cloud provider to lease out the VMs to the customers at favorable
prices. The cloud provider maintains many servers where customers’ code and
data are executed or stored. They also have management infrastructure including
dedicated cloud management servers. This infrastructure is in place so that the
customer’s can easily provision and release computing resources. Customers often
use the VMs to run some service (e.g., a web site) that is accessed by end users.

1.1 Security Concerns

While cloud computing provides many economic benefits, there are a number of
new security concerns that need to be addressed. There are two main differences
when using a virtual machine, versus executing or storing code and data on your
own physical machine. First, there are the other customers’ VMs that are running
on the same system. These VMs should be properly isolated when running on top
of a trusted hypervisor. Unfortunately, current hypervisors are susceptible to various
vulnerabilities and bugs. A malicious cloud computing customer who is co-located
on the same system as his or her competitor may attack the virtualization layer.
Once the virtualization layer is compromised, its privilege level can be used to
examine or obstruct other VMs. The second difference is the virtualization layer
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Fig. 1 The IaaS cloud computing model
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itself, running underneath all the VMs. It is a privileged software layer which has
access to all the resources of the system. It can affect confidentiality, integrity or
availability of the different VMs. Normally, the hypervisor is trusted and is used
to provide security for the rest of the system. If customers used virtualization on
their own systems, they would know exactly the version and type of hypervisor
used. In a cloud computing setting, however, customers have no control over the
hypervisor. While the hypervisors are designed by reputable commercial vendors
(e.g. VMWare [2]) or open-source projects (e.g. Xen [3]), they are still susceptible
to bugs and vulnerabilities. Unlike in your own facilities, where you will not likely
attack yourself, in a cloud computing setting one of the co-located VMs may belong
to a different customer who may have incentive to compromise the hypervisor.
Moreover, some cloud providers may be coerced to install a malicious hypervisor to
spy on certain victim customers’ VMs.

1.2 Approaches to Securing Cloud Computing

These security issues have been recognized by various researchers and many have
worked on different approaches to securing cloud computing. Since the hypervisor
is the key virtualization technology needed for cloud computing, most have focused
on securing the hypervisor. Researchers have looked at minimizing the hypervisor
code size [15, 17], as the number of bugs or vulnerabilities is often correlated to
the code size. Others have explored re-writing the hypervisor to harden it against
potential attacks [26]. Work has also been done on protecting different parts of the
hypervisor, such as protecting the core hypervisor from the management OS [11].
A key duty of the hypervisor is to isolate the different VMs and research has been
done on improving the isolation [8, 14]. Some researchers have also attempted to
come ahead of the threats, and analyze or introspect the VMs to try to find attacks
before they actually happen [9, 13, 16, 27]. While these approaches improve the
security of the system, they still require a trusted hypervisor to be present for correct
secure operation of the system. These are all software-based approaches, so far.

Hardware security approaches have also been explored. One example is the
Trusted Platform Module (TPM) [22], which is a co-processor used for security-
related functionality such as measurement and attestation of the software stack. The
TPM can help measure the software at load time, but not actively protect it during
runtime. More powerful co-processors [7] provide physical tamper prevention and
a secure execution environment inside the co-processor. Such co-processors allow
for secure execution of applications, but not entire VMs. Commercial processors
have also included new extensions inside the main processor, mainly to support
the extra software layer, i.e., the hypervisor. This, however, assumes a trusted
all-powerful system software which runs in this new privileged mode. Academic
projects have also looked at hardware-enhancements to improve security. A number
of architectures have been proposed [5, 6, 10, 12, 18], many of these architectures
focus on protecting software modules.
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Rather than protecting software modules in an application, below we will
describe how new hardware architecture can be used to enhance system security
by protecting an entire virtual machine in a cloud computing setting — against
the hypervisor as an adversary. Unlike software, hardware is mostly immutable.
Any security features introduced in hardware chips are thus very difficult, if not
impossible, to alter after the chip is manufactured. Also, hardware is logically the
lowest layer in the system. For example, a security feature implemented in an OS
running inside a VM can be bypassed by a malicious or compromised hypervisor
(which is logically below the VM); there is not a layer below the hardware that
can bypass security features implemented in hardware. Unlike other hardware
approaches, we focus on protecting the entire VM, and consider the aggressive new
threat model of a malicious or compromised hypervisor.

In particular, we describe our proposed concept of hypervisor-secure virtualiza-
tion [19-21]. Architectures implementing hypervisor-secure virtualization include
new hardware for protecting the confidentiality and integrity of a VM’s memory,
even from the (previously) all-powerful hypervisor. Hypervisor-secure virtualiza-
tion architectures allow for a hypervisor to manage many VMs per system, share
processor cores among different VMs, or even oversubscribe memory resources.
These are all the features that can be done today, but the key difference is that
thanks to the new hardware additions, the hypervisor can be untrusted. Using such
architectures brings customers closer to the goal of being able to run their virtual
machines remotely, and be as secure as if they were running the OS and applications
locally on their own physical machine.

2 Hardware-Enhanced Security with HyperWall

We have realized hypervisor-secure virtualization in our HyperWall architecture
[19-21]. The architecture uses resource isolation (focusing on the memory of the
virtual machines), as opposed to cryptographic isolation, to implement hypervisor-
secure virtualization. The architecture enhances today’s multi-core server archi-
tectures by introducing new hardware additions. These additions enable selected
portions of a virtual machine’s memory to be isolated from the hypervisor,
from DMA (direct memory access) by peripheral devices, and from other virtual
machines. HyperWall’s target usage scenario is the Infrastructure-as-a-Service
(IaaS) cloud computing model, presented in the introduction, but the other cloud
computing models can be built on top of it as well.

With HyperWall, cloud customers can run their virtual machines on the hosted
infrastructure. Simultaneously, the infrastructure provider can host many other
customers’ virtual machines and run a hypervisor that the customer need not trust for
the confidentiality and integrity of his or her code and data, because of our hardware
enhancements. To enable the customer to protect a VM’s code and data, the cloud
customers are given the means to provide some specification of the confidentiality
and integrity protection they want for the data and code that will run inside the VM.
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Given the VM image and the requested protections, a HyperWall-enabled server
can start and measure the VM and the protections. The attestation of the initialized
VM and protections is communicated to the customer, and once they verify that the
correct VM and protections indeed started, they can establish a secure channel with
the VM. Any sensitive code or data can now be sent to the VM through the secure
channel and executed remotely. When the VM is finished, the hardware properly
cleans up the protected memory. The architecture and the various stages of the
operation are discussed below, after the threat model.

2.1 Threat Model

The goal of HyperWall is to protect against confidentiality and integrity attacks by
a malicious or compromised hypervisor. We want to retain an active hypervisor so
that most of the features of today’s cloud computing offerings can be supported
(e.g., VM sharing processor cores or memory oversubscripiton). Thanks to the
new, trusted hardware we can provide these protections. However, we do not
consider attacks on availability, side-channels or physical attacks. In particular,
a cloud provider needs a way to turn off VMs if customers stop paying or
misbehave, so availability can not be guaranteed for customers. Side-channels are
a separate research topic that has been explored [24, 25]. Hardware side-channel
protections can be integrated with architectures such as HyperWall. We also expect
a non-malicious infrastructure provider and secure facilities so that physical attack
protection is not needed.

The protections focus on protecting entire VMs. The OS and applications inside
a VM are assumed to be trusted by the customer. The customer is also assumed to
know which memory regions inside the VM (in terms of guest physical pages) need
protection, and the OS will not allocate sensitive code or data to the unprotected
memory regions.

2.2 Memory Protection

With HyperWall, we opt for an isolation-based approach to memory protection
where individual guest physical memory regions (e.g. consisting of multiple
memory pages) are assigned to a virtual machine and the hardware enforces that
only the owner virtual machine can access these pages. Memory isolation is not a
new concept, but in today’s commodity systems, the hypervisor software is relied
on to provide and enforce the isolation. A powerful attack by the hypervisor is
to give itself (directly, via a colluding VM, or via a device and direct memory
access) the ability to snoop on some target VM’s memory. To counter this, our
hardware can enforce the memory isolation between the VMs and the hypervisor.
Because hardware is logically below the hypervisor software, it can store protection
specification data and contain security functionality which cannot be altered by the
hypervisor.
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Figure 2 shows the different memory regions in a HyperWall system. DRAM
represents the machine memory. That memory is allocated to different VMs. In
Fig. 2 we highlight different memory regions relevant to a protected VM.

First, there are the page table specifying address translation from guest physical
pages (managed by the OS inside the VM) to the machine pages (managed by the
hypervisor). This page table mapping is set by the hypervisor when it allocates
memory for the VM. It is locked and protected by our new hardware when the VM
is launched — thus preventing the hypervisor from updating the memory mapping
without intervention by our new hardware. Memory update is discussed later in the
chapter.

Second, there are the actual memory pages allocated to the VM and which
have been loaded with the VM image (i.e., the code and data that makes up the
OS and applications). These memory regions are defined by the page tables. The
hardware uses the page tables to locate these pages and protect them according to
the customer’s specification.

Third, the customer’s requested protections for the VM are a final part of memory
which need to be protected. When the hypervisor loads the VM, it loads the VM
images as well as these requested protections. The hardware needs to lock and
protect these memory pages so that the hypervisor can not alter the requested
protection data as the VM runs.

- Unassigned
- Assigned unprotected
) - Assigned, no hypervisor access CIP
A machine - Assigned, no DMA access Tabl
memory page - Assigned, no hypervisor or DMA access able
E
=
7 J
GPA — MA Guest VM's VM's Protections
Page Tables Memory Pages (pre-CIP)

Fig. 2 The Confidentiality and Integrity Protection (CIP) table and the different protected memory
regions

2.3 Confidentiality and Integrity Protection Table

A new feature introduced in HyperWall is the Confidentiality and Integrity Pro-
tection table (CIP table). The CIP table, shown on the right of Fig.2, store
the protection information for all machine memory pages, for all the VMs. An
interesting aspect of the CIP table, is that it is actually stored in DRAM (as shown
on the right side of Fig. 3).
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We re-use existing DRAM to store the CIP protection data, which eliminates the
need for special memory structures inside the processor or other parts of the system.
That portion of DRAM is made hardware-only accessible, and is off limits to the
hypervisor, the VMs, and the devices. During system boot up, our new hardware
locks part of the DRAM so no software can access it. This is a very flexible approach
as, for example, the memory can be updated — just install more DRAM — and when
the system is rebooted the hardware will allocate a proportionally sized portion to be
hardware-only accessible and to store the CIP table. Now hardware has an exclusive
memory storage region where it can keep protection information.

A customer’s specified protections come from the requested protection informa-
tion (also called pre-CIP). Given a guest physical address (from the page tables), the
pre-CIP data can be looked up to check the protections needed for the corresponding
page. The guest physical to machine address translation from the page tables can be
used to obtain the machine address where the guest physical page is mapped into.
This information can be combined and is stored in the CIP table.

MA GPA
Addr. | Addr. | VID [In-use| Prot.
MA | — | 123 1 |ADIDD
GPA MA GPA
Addr. | Addr. Addr. | Prot. MA, [GPAL| 123 | 1 | HD
{GPAC MA | GPA.| HD MAm| — | 123 | 1_|HDIDD
; f > L.
: -~ 0} o [, eemm———
K )
£ g CIP [
\ J o S g
Y
GPA Y, MA Guest VM's VM's Protections “"'osx,...
Page Tables memory pages (pre-CIP)

Fig. 3 Different tables and memory regions utilized by the HyperWall architecture: hypervisor-
assigned page table is protected so the hardware knows the current memory mapping of the VM;
the VM’s memory itself is protected; the pre-CIP table is protected so the hypervisor cannot modify
the requested protections. The CIP table stores the information about these three memory regions,
and is stored in the hardware-only accessible memory. HD means Hypervisor Deny and DD means
DMA Deny

Figure 3 shows more details of the different tables stored in the memory, along
with sample guest physical addresses (GPA) and machine addresses (MA). The
figure also shows a signing key, SKj,, that is unique to each processor supporting
HyperWall architecture. Initialization and the use of the different memory regions,
and the key, is discussed below.
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2.4 Protecting Confidentiality and Integrity of VMs
Under an Untrusted Hypervisor

There are three phases of the VM’s execution during which memory needs to be
protected by our new hardware to ensure the VM’s confidentiality and integrity.
First, the VM is initialized. Second, the VM runs. Finally, the VM is terminated.

VM Initialization

We have already discussed different memory regions relevant to a VM, shown
in Fig.2. These memory regions are loaded by the hypervisor before the VM is
actually started. When the VM is launched, e.g., through the vmlaunch instruction,
the new HyperWall hardware is triggered. The first duty of the hardware is to
protect the memory regions by writing appropriate entries in the CIP table. The
hardware assigns a VID (this VID is different from the VM identification assigned
by the hypervisor, the hardware controls VIDs so the hypervisor cannot spoof them).
The CIP table entries, as shown in Fig. 3 identify the owner VM of each machine
memory page. For each page, the hardware first checks that the page is not in use
(by using the machine address to index the CIP table and ensure that the page is
free). If the page is free, the hardware assigns it to the VM. It writes the VID and
marks the page as in-use. It also writes the protection information for this page, e.g.,
deny hypervisor accesses (HD) or deny DMA accesses from devices (DD). For the
memory holding the page table and the requested protections, the memory is made
inaccessible to the hypervisor and DMA.! For the memory pages of the VM, the
hardware reads the page table entries and the requested protections information to
see what protections were requested for the corresponding machine pages. If there
is an error at any time, the VM launch is aborted.

Once all the memory pages are protected, and before the VM actually begins
execution, the hardware calculates a cryptographic hash of the VM image and the
requested protections. This is done because the (untrusted) hypervisor may have
modified either of these before launching the VM. Once the memory pages are
protected, the hypervisor cannot modify them and the contents of these pages can be
measured. The measurements done by HyperWall are sent back to the customer. The
measurements are cryptographically signed with the processor’s signing key (shown
as SKj,, in Fig. 3). The processor also has a digital certificate from the manufacturer.
A customer, given reference measurements of the known good VM image and
protections, signature of initialized VM’s measurements, a hardware certificate and
the hardware manufacturer’s certificate can validate the received measurements. The
measurement can be sent by the (untrusted) hypervisor and cloud infrastructure
to the customer. We assume strong cryptography and that without access to the

Note that the hardware checks that the page is not in use, so it is automatically not accessible to
other VMs.
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private portion of the cryptographic key, the signatures can not be forged. To ensure
freshness and prevent replay attacks, the customer sends a nonce when requesting
the VM, and that nonce is included in the measurements that are sent back to the
customer.

VM Runtime

Once a VM is launched and running, the customer can start utilizing the protected
environment offered by the HyperWall architecture. The first step is to establish a
secure channel with the remote VM. Recall that the customer has already verified
that his VM image and requested protections were started properly; or found out
that they were not and stopped using that VM. Now the customer has the hardware
certificate for the remote machine where their VM is running and the VID of their
VM. We assume that the VM image originally contained no sensitive information,
but only stock OS and common applications and libraries, e.g., OpenSSL library for
cryptographic operations.

Establishing Secure Channel between Customer and VM Figure 4 shows how
a VM running on a HyperWall system can establish a secure channel with the
customer. The key to the secure communication is the VM’s protected memory.
Once the VM is launched and the memory is protected, it can generate a public-
private key pair (EK,n, DK,,). The hypervisor has no access to the protected
memory, so it can not see these newly generated keys. Next, the VM can use
HyperWall’s new sign_bytes instruction to sign the EK,,, key. The signature also
includes the VID and a nonce that the customer sends. It is made with the hardware’s
signing key. A hypervisor or another VM can not spoof the signature as they
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Fig. 4 Establishment of a secure communication channel with the VM

do not have access to the hardware signing key, SKj,,, and the VID is included
automatically by hardware so other VMs cannot invoke the instruction and pretend
to be a different VM. The key, EK,,,, and the signature are sent back to the customer.
Once he or she verifies the signature, he or she can use the key to send sensitive code
or data back to the VM (e.g., use it as part of a modified SSL protocol to establish a
secure channel).
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The code or data to be protected should be stored by the OS in the protected
memory regions. Now, the code and data can execute, with the HyperWall hardware
protecting the memory according to the customer’s specification. Even a malicious
or compromised hypervisor is not able to see into this memory.

Sharing Processor Cores Among VMs One of the features which makes cloud
computing appealing is that many VMs can share the same system. Often, this
requires scheduling more VMs than there are physical resources available, and
switching between the VMs as they run. One key resource needed by VMs is the
allocation of processor cores where the code actually executes. Scheduling many
VMs on the same physical cores requires suspending them (when the hypervisor
reads and saves processor state) and resuming them (when the hypervisor replaces
saved state and triggers the VM to run again). It is critical to protect the VM when
it is being suspended and resumed. The memory is already protected through the
CIP table, even if the VM is suspended as the CIP table entries remain in the CIP
until VM termination. The needed protections for suspending a VM are: protect
the VM’s virtual cores’ state so that it is correctly resumed later, and protect the
general-purpose registers which hold some of the code or data of the VM.

Figure 5 shows how a hypervisor could access contents of memory indirectly
when it is reading the registers of a processor core. It could not only read the
contents, but also modify them. To counter this, HyperWall encrypts general purpose
registers” and generates a hash over the register state. When the VM is resumed, the
hash is checked and the registers decrypted, if the hash verification succeeds.

Registers accessed
by hypervisor on Trust Evidence and
Configuration

(TEC) tables

3

. J

VM's memory Hypel:visor"s merﬁory

Fig. 5 Memory contents, copied to processor registers when the code executes, could be read
or modified by the hypervisor as it suspends a VM and copies registers to its own memory.
HyperWall protects register state on VM suspend and resume with the help of the Trust Evidence
and Configuration (TEC) table, which hold one entry for each VM

The original HyperWall architecture [21] has been improved to prevent certain
types of replay attacks during VM suspend and resume [19]. In our improved design,
a new set of Trust Evidence and Configuration (TEC) table is introduced, which
is also stored in the hardware-only accessible memory. These TEC table are used
to keep some attestation and configuration related information about each VM.
In particular, for each VM (as identified by its VID, which is the same VID as

2If the VM suspend reason is a hypercall then the registers are not encrypted as they are used to
pass arguments to the hypercall.
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used in the CIP table), the TEC table store a counter of the number of times the
VM has been suspended. Each time the VM is suspended, and before hypervisor
code gets to run and read the registers, the counter is incremented. This counter
value is also used in a cryptographic keyed-hash generated by the hardware. When
the hypervisor gets to execute, all the general purpose registers are encrypted, if it
is not a hypercall, and a special new register holds the hash value of the general
registers’ contents concatenated back-to-back. These can be stored anywhere by the
hypervisor.

When the VM is to be resumed, the hypervisor writes the register values and
the hash value into processor registers. Before VM code starts to run, the hardware
checks the values. If the hypervisor were to try to modify the register values or
the hash, the hardware can detect it when it regenerates the hash and compares the
values. Also, the hypervisor can not modify the suspend count stored in the TEC
table, thus it cannot replay an old set of register values.

Memory Oversubscription In addition to being able to share processor cores,
memory oversubscription is another key feature of many cloud computing deploy-
ments which our architecture supports. Memory ballooning [23] is a technique
for dynamically changing the allocation of memory of a guest virtual machine,
while the machine is running. Ballooning depends on the hypervisor’s ability to
dynamically change the guest physical to machine memory mapping of a VM as
it runs.

Figure 6 shows conceptually the idea of memory ballooning. As an example,
suppose a system has a total of 6 GB of memory, however, the administrator
oversubscribes memory by allocating to each of two customers up to 4 GB of
memory each for their VMs. In Fig. 6a we see that each VM initially has only 3 GB
of memory allocated and a “balloon” taking up 1 GB of memory. At runtime, the
hypervisor can cooperate with a “balloon driver” inside each VM, to change the
memory allocation. If the first VM requires more memory, the hypervisor can take
some memory pages away from the other VM (inflate its ballon) and give these
pages to the first VM (deflate its balloon). This is shown in Fig. 6b. The reverse is
shown in Fig. 6¢c. By adjusting the memory allocation as needed, many more VMs
can run on the system than there are actual resources.

The key operation which allows memory ballooning is the ability of the
hypervisor to change the memory allocation during a VM’s runtime, i.e., change
the page tables mapping guest physical addresses (GPA) to machine addresses
(MA). The hypervisor can change the mapping and remove pages (i.e., inflate the
balloon) or add new pages (i.e., deflate the balloon). The problem, however, is
that a malicious hypervisor may try to read the contents of the memory pages it
just removed from a VM, potentially leaking the VM’s code or data. Alternatively,
a hypervisor may try to add memory mappings such that two VMs would share
some memory pages, thus again potentially leaking code or data. The HyperWall
hardware tightly controls the type of memory update that could be performed by the
hypervisor while still allowing the hypervisor to change the guest physical address
(GPA) to machine address (MA) mapping.
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Three security requirements needed to ensure a VM’s confidentiality and
integrity protection during memory update are:

* Scrubbing of memory pages: a machine memory page that is to be freed should be
scrubbed before it becomes free and can be allocated to another VM (to prevent
leaks leading to confidentiality breaches),

* No adding of in-use pages: a VM should not be allocated machine memory pages
already in use by another VM (to prevent another VM from compromising the
confidentiality or integrity of a victim VM’s memory), and

* No swapping of pages within a VM: during the memory update, a VM’s guest
physical to machine memory page mappings should not be swapped (to prevent
integrity breaches, and potential confidentiality breaches, where the hypervisor
can swap memory contents).

To perform the memory update in HyperWall, the hypervisor specifies a new
page table mapping. It then suspends a VM, and writes a pointer to the new page
table mapping. On VM resume, the hardware can compare the page table pointer
to recognize the changed value. This triggers the memory update. Now, hardware
checks the new page tables and compares them to the contents of the CIP table.

The hardware can use the CIP table to recognize if a machine page is already
in use. The VID in the CIP table entry is used to recognize the owner VM. If a
hypervisor creates a new mapping, and assigns a new page to the VM, the hardware
can check the VID in the CIP entry for this page — if the VID is not null, then the
page is already in use and cannot be added. The update must abort. If there is no
error, the hardware can read the requested protections data for the new page, and set
the protections in the CIP table accordingly.

Example initial memory allocation to two VMs
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Fig. 6 Memory ballooning example

For pages that are to be deleted, we introduce a new “to-be deleted” bit in the
page tables; the hypervisor marks pages to be deleted with this bit and the hardware
can easily recognize which pages to delete. The hardware can compare the VIDs
to make sure the page is indeed currently in use by the VM, then it can scrub the
machine memory page and clear the CIP table entry to mark the page as free.
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Memory swapping attempts can be recognized by comparing the guest physical
page address (GPA) from the page tables, to the guest physical page address in
the CIP table. If the page is present in the page tables (not a new added page) the
hardware can read the CIP table entry to make sure that the machine page in the CIP
table is for the guest physical page. If this reverse mapping does not match, then
there is an attempt to swap pages and the update must be aborted.

VM Terminate

When the VM is terminated, its memory needs to be reclaimed. This can be done
by the hypervisor by issuing the new vmterminate instruction with the VID being
the identification of the VM that is to be terminated. The HyperWall state machine
intercepts this instruction and begins VM termination. The HyperWall hardware
traverses the page tables mapping to find all pages used by the VM. After each
protected page is zeroed out by hardware, its entry in the CIP table is cleared so
that this memory page can be freely accessed again. Once all the memory pages
are removed from being protected, the memory holding the protection data needs
to be unprotected. Then, the memory holding the page table mappings needs to be
unprotected as well. Finally, all the entries for the VM in the TEC table are cleared.
This clears and returns the memory as well as makes the VID number available
for another VM to use. If a hypervisor fails to issue the vmterminate instruction or
otherwise misbehaves, it remains locked out of the protected memory — this is a loss
of availability of these memory pages, but no code or data is leaked.

3 HyperWall Architecture Summary

Figure 7 shows the hardware and software modifications required to implement the
HyperWall architecture and to support the operations described above. Also, Table 1
lists the new or modified instructions used by HyperWall. The new instructions
(A), e.g. vmterminate, were introduced along with new registers (B), e.g. the
VM_suspend_hash register. A cryptographic engine (C) is needed for performing
encryption, decryption, hashing and signing (using the SKj,, key). A hardware
random number generator (D) is added to support the new frng instruction used in
secure channel establishment. The bulk of the HyperWall logic is in a state machine
(E) which is responsible for updating the CIP and TEC tables when a VM is created,
updated or terminated. In particular, the state machine ensures the protections are
maintained when the memory mapping for a guest VM is updated. This is done by
the hardware mediating updates to the guest physical address to machine address
page table mappings. The TLB logic (F) is expanded to consult the CIP table
before inserting an address translation into the TLBs. To improve performance,
the access checks are done when the address translation is performed during the
handling of a TLB miss. If there is no violation, the address is cached in the TLB
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Table 1 Summary of new or modified instructions in HyperWall architecture

Instruction (Inputs) Description

generate_trust_evidence ( VMID ) Request current trust evidence of VM with VID
to be copied into processor registers

sign_bytes ( Addr, Size ) Use hardware’s private key to sign specified data

trng () Access true random number generator to
retrieve 64 bits of randomness

vmterminate ( VID ) For a VID, signal hardware to scrub the VM’s
memory and terminate the VM

vmlaunch () Existing instruction, modified to trigger our

HyperWall mechanisms on VM launch

and the CIP table check can be avoided in the future, for a TLB hit. To prevent
stale mappings, however, the TLBs need to be flushed whenever the CIP table are
updated. The memory controller (G) is updated with configuration registers and CIP
control logic to walk the CIP table on a hypervisor or DMA access. Similarly to the
address translation in the main processor, the I/O MMU (H) needs to have extra
logic to consult the CIP table. We re-use a portion of DRAM (I), the hardware-only
accessible memory, to store the CIP and TEC tables.

While HyperWall is a hardware architecture, the software needs to be modified to
interact with the new modified hardware. The hypervisor (J), as the entity in charge
of the platform, needs to interact with our new hardware architecture. It needs to
save and restore the new registers when VMs are interrupted and resumed (as it does
already with other state today). It needs to use a modified procedure for updating
the memory mapping during VM runtime (i.e., specify a new page table mapping,
rather than modify individual entries in the old page table mapping). During a VM’s
runtime, it needs to issue our new generate_trust_evidence instruction to read the
trust evidence data and return it to the customer when requested. When terminating
the VM, it needs to issue our new vmterminate instruction.

The guest VM (K) needs small modifications to use the #rng instruction for
obtaining randomness (rather than from other means, such as from interrupts, that
could be controlled by the hypervisor). It also needs to use the sign_bytes instruction
to get information, e.g. an attestation report, signed by the hardware before sending
it to the customer. The OS should properly load code and data so that sensitive code
or data are never placed in the unprotected guest physical memory regions.

4 Trust Evidence

An interesting new feature introduced in HyperWall is the trust evidence it collects
and can provide to the customer. We already discussed how at VM launch,
the HyperWall hardware measures the VM image and the requested protections.
This information is digitally signed and can be sent back to the customer for
verification. More interestingly, however, HyperWall also performs measurements
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at VM runtime. In particular, we introduced new counters, akin to performance
counters, which keep track of attempts to violate memory protections. For each
VM, there is a set of trust evidence counters (VCNT and VMAD, described below),
stored in the Trust Evidence and Configuration table (TEC table).

As the VM runs, the hardware protects its memory from hypervisor and/or DMA
accesses (Direct Memory Access from/to I/O devices). From Fig. 8, we can see that
the hypervisor or DMA could attempt to access the VM’s memory. The hardware
intercepts and blocks such accesses (if the memory is specified to be protected in
the CIP table). Moreover, when such a malicious (or erroneous) access is detected,
the hardware counters associated with the VM are incremented. There is the VCNT
counter which keeps track of the number of attempted violations. There is also the
VMAD register, which keeps track of the last memory address where an attempted
memory access violation occurred.

These measurements are digitally signed by the hardware, again using the SKj,,
key and can be sent back to the customer, upon the customer’s request. The customer
can then use this information to examine the state of the system. While the hardware
protects the VMs, if there is a large number of attempted violations, the customer
may choose to stop utilizing that VM, as something suspicious is happening on the
remote system.

VMs during Runtime

Attempts to access
protected memory by
hypervisor or DMA

Digitally-signed
measurements Per-VM Violation Violation i
can be reported Attempt Count Address

VM's Ié'rotected

<——— | vecNT | “vMAD Memory

Fig. 8 New trust evidence mechanisms keep track of attempts to violate memory protections.
These attestation measurements are digitally signed by the hardware and can be reported to the
customer for checking

5 Further Research Directions

HyperWall provides a significant step towards making computing in the cloud as
secure as in your own dedicated facilities. But many research challenges remain. In
particular, can computing in the cloud be made even more secure than on your own
machine?



Hardware-Enhanced Security for Cloud Computing 73

There are many other interesting and relevant threat models, where research in
hardware-enahanced security architectures could yield significant improvements in
system security. Figure 9 shows a few of these different threat models. On the left
in Fig.9a we show a conventional trust chain, where each level of the software
stack must be trusted by the level above. This is the case today, where the hardware
is assumed trusted, the hypervisor is assumed trusted, and the OS is also trusted,
in order to run trusted software applications securely. Architectures built on this
threat model require trust in all the different software components, in addition to the
hardware. TPM [22] or ARM’s TrustZone [1] assume this threat model.

Moving to the right, Fig. 9b shows a threat model where the hypervisor is trusted,
but the OS is untrusted. A cloud provider can run a trusted hypervisor as the
virtualization layer, and try to provide protection for its customers’ applications.
But the cloud provider may not want to have to trust today’s bloated, commodity
OSes which are vulnerable to bugs. Bastion [4, 5] architecture is one example
of a hardware-software security architecture which assumes this threat model.
Bastion’s strategy is to combine software flexibility (it uses a trusted hypervisor
to protect and manage the TSMs) with hardware immutability and performance (to
protect the hypervisor). For example, Bastion’s hardware offers mechanisms for
the secure launch of the hypervisor, as well as for protecting the hypervisor during
runtime. Bastion’s trusted hypervisor in turn protects the Trusted Software Modules
(TSMs); it can securely launch TSMs during runtime, perform secure memory
management, provide secure inter-module control flow, and provide secure storage,
in addition to providing runtime memory integrity and confidentiality protection
against physical attacks. One of the key features of Bastion is its tailored attestation.
Unlike HyperWall’s trust evidence which gives information about an entire VM,
Bastion’s attestation can provide information about individual TSMs. Future work

a b c

Guest OS

Hardware
Trusted HV, Trusted HV, Untrusted HV
Trusted OS Untrusted OS

O Trusted O Untrusted

Fig. 9 Figure showing different threat models, dark-gray components are trusted; HV is the
hypervisor, OS is the operating system, TSM is a Trusted Software Module

could look at how to partition the applications into the TSMs (something that is

currently done manually and in an ad-hoc manner today), as just one example.
Another threat model relevant to cloud computing is shown in Fig. 9c. Here the

guest OS is assumed trusted (by the customer of the virtual machine in which
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it runs), but the hypervisor may be untrusted or compromisable. This is a likely
situation for a customer who has fully tested his own trusted applications and
trusted OS, but is hoping to run this in a virtual machine to benefit from the
lower cost and flexibility of cloud computing, where he has no control of the
hypervisor. We described HyperWall as one example of an architecture which fits
this threat model. Future work could explore how to do even more layer-skipping of
untrusted software layers — yet still have a secure trust chain, by using new hardware
security mechanisms. Prior to cloud computing, hardware security architectures
explored protection of applications by hardware, but did not consider cases that
involve a hypervisor [6,10,12,18]. Also, ideas of Bastion’s tailored attestation could
be combined with HyperWall’s trust evidence to provide even better attestation
mechanisms.

In addition to providing secure cloud servers, future research should also address
security in the client devices that use cloud computing resources. Mobile devices
like smartphones and tablets are the portals into cloud computing, and can access
all kinds of important and sensitive information though the cloud. Hence, security in
client devices is an important research direction, and very relevant to secure cloud
computing.

As important as designing new hardware-enhanced security architectures is the
security testing and verification of these new architectures and new hardware-
software mechanisms. Security testing with known attacks is invaluable, but it
can only show the presence of certain security vulnerabilities — not the absence
of all exploitable vulnerabilities. Security verification tries to show that security
properties hold, or will not be violated. While it may be able to leverage some
tools from functional verification, security verification has additional requirements.
Hence, research towards a systematic methodology and tools that enable security
verification at design time can go a long way to providing better security in
tomorrow’s computing systems.

6 Summary and Further Readings

We have defined hypervisor-secure virtualization architectures and described our
HyperWall architecture as an example. HyperWall uses new hardware features to
protect the confidentiality and integrity of a VM’s memory from an untrusted or
malicious hypervisor. With HyperWall, a hypervisor, while untrusted with respect to
the confidentiality and integrity of the VMs’ memory, is still able to run and perform
management duties, such as sharing processor cores among VMs or performing
runtime memory reallocation. Having an untrusted hypervisor is an aggressive new
threat model, not previously tackled by other architectures, which almost always
assume a trusted hypervisor. Our new CIP (Confidentiality and Integrity Protection)
table and new hardware mechanisms ensure that the memory of the VMs is protected
and the untrusted hypervisor cannot maliciously alter these protections. Hence we
can allow an untrusted, commodity hypervisor to run, thus providing rich runtime
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functionality for the VMs. We also introduced the concept of the hardware-only
accessible DRAM memory, which is used to store the CIP table and the TEC (Trust
Evidence and Configuration) table for the VMs.

Interested readers are encouraged to read the original paper describing
hypervisor-secure virtualization [20]. Details of the HyperWall architecture are
available in a conference paper [21]. Improvements and updates, as well as
full details of the architecture, are available in [19]. Other hardware-enhanced
approaches to security are also discussed in [4-7, 10, 12, 18,22,24,25].
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Cloud Computing Security: What Changes
with Software-Defined Networking?

Mauricio Tsugawa, Andréa Matsunaga, and José A.B. Fortes

Abstract Broadly construed, Software-Defined Networking (SDN) refers to the
use of a standards-based open architecture and its supporting open source and open
interfaces technologies to enable the deployment, management, and operation of
networks. While traditional network management relies on vendor-specific hard-
ware, protocols, and software, SDN systems are architected to have well-defined
control and data planes offering flexible management interfaces. The enhanced
control enabled by SDN opens opportunities for better cloud security engineering.
At the same time, new vulnerabilities are potentially exposed as new technologies
are introduced. This chapter discusses how SDN impacts cloud security, and
potential risks that need to be addressed when SDN is deployed within and across
clouds.

1 Introduction

The Open Networking Foundation (ONF), a non-profit consortium that promotes
Software-Defined Networking (SDN), defines SDN as an architecture that enables
direct programmability of networks [23]. According to [17], SDN is an approach
that enables applications to converse with and manipulate the control software
of network devices and resources. Even though the SDN functionality is present
in “closed” form (as opposed to using an open architecture) in today’s network
infrastructure, the programmability of traditional network hardware is highly tied to
particular implementations by different vendors, making it difficult to realize an end-
to-end SDN. Much flexibility, compared to proprietary vendor-specific interfaces
(i.e., software packages, scripts, and APIs), is needed to unleash the full potential
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of SDN. This flexibility can be accomplished by separating the control plane of
network hardware (e.g., switches) from the data plane as depicted in Fig. 1. As
illustrated by the OpenFlow approach [15, 21], the basic idea is to let a control
entity (software), which is physically separated from the data plane, to define how
data flows (i.e., how network messages/packets are forwarded and routed), instead of
instructing and configuring multiple independent controllers (integrated and running
in each individual network hardware — e.g., switch, router, firewall, and intrusion
detection system) as in traditional networks.

a b Northbound Interface
SDN Controller PC
Management Interface Control Plane
Open SDN Management APls and
Traditional Switch Protocols
Contoliiane - SDN Controller
CLI/GUI/SNMP + Collect info [MAC, IF, port)
* Make forwarding decisions
Controller * Security (Access control, virus throttling, ACL)
* Collect info (MAC, IP, port) 3
* Make forwarding decisions SDN switch Southbound Interface

* Security (Access control, virus throttling, ACL) (e.g., OpenFlow)
-

ASIC Interface Data Plane ;
Data Plane Open SDN APIs and Protocols
Forwarding Store & Forwarding Store &
Table Forward Table Forward
Port 0 8w PortN Port 0 . % # Port N

Fig. 1 Control and data plane separation in SDN (b) when compared to a traditional all-in-one
switch (a) — control is performed external to the store-and-forward hardware as opposed to an
integrated solution in traditional switches. Both control and data planes export programming APIs
(northbound and southbound, respectively), which are being standardized

In this chapter, SDN refers to the emerging network architecture that allows
flexible and vendor-independent management and operation of networks. The
needed standards and open specifications are being developed by organizations
and consortiums (e.g., Internet Engineering Task Force [10], and ONF [23]) with
participation of industry and research communities. The most popular specification,
adopted by many SDN developers, is OpenFlow [15,21].

The enhanced control offered by SDN aligns well with cloud computing
networking needs. Due to the scale and dynamic nature of resources (physi-
cal and virtual) and users, cloud infrastructure and applications require efficient
mechanisms to rapidly change how networks operate according to how users and
applications come and go. Without SDN, cloud operators rely on a combination
of vendor-provided and in-house software to control cloud networking. Cloud
security, related to networking, is accomplished by (1) trusting the complex net-
work configuration generated manually by network administrators or management
software; and (2) isolating network management traffic from regular data, so only
cloud administrators can interact with network hardware. As SDN shifts network
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management from network configuration to network “programming”, an important
question arises: from a security stand point, how do SDN-based clouds compare
to traditional (i.e., pre-SDN) clouds? Can SDN address security vulnerabilities
of traditional architecture? Do new SDN technologies expose vulnerabilities not
present in the traditional architecture? What are the mechanisms that need to be
developed or reused to secure SDN-enabled clouds?

In order to answer the above questions, this chapter discusses different aspects
of cloud security and how SDN impacts them when used in lieu of traditional
networking architectures.

2 Introduction to SDN: What Is Changing?

Today’s networking infrastructure is very complex, with a variety of vendor-
dependent mechanisms to address different problems, and inflexible (i.e., difficult
to accommodate innovations without fully upgrading hardware and software). This
fact is best illustrated by the difficulty to widely adopt the Internet Protocol version
6 (IPv6). IPv6 was developed in late 1990s, and it was meant to replace IP version 4
(IPv4) to deal with the address space exhaustion problem. However, as of 2013,
IPv6 traffic share is only around 1% [5]. OpenFlow was initially proposed as
an academic research project, led by Nick McKeown (Stanford University) with
the goal of enabling scientists to run network experiments in real world campus
networks. As depicted in Fig. 1, the idea is to achieve vendor-independent flexibility
by clearly separating the control plane (software system that makes decisions about
where traffic is sent) and the data plane (hardware that can forward traffic at line
rate to the destination selected by the control plane). OpenFlow was developed to
be an open interface so that the communication between the control and data planes
(Southbound Interface in Fig. 1) could be standardized. With standard interfaces,
vendors would be able to implement switches that support OpenFlow without
exposing details of the internal data plane. By enabling programmability of the
network, many software engineering techniques can be applied, and the hope is
that exposing the right abstraction on upper layers (Northbound Interface in Fig. 1),
it will be possible to achieve simplicity. Interestingly, the term Software-Defined
Networking was coined by Kate Greene, a science and technology journalist,
while working on an article describing the research of Nick McKeown’s team on
OpenFlow [6]. Understandably, OpenFlow is closely related to SDN, and plays
an important role defining the Southbound Interface. An OpenFlow-enabled switch
implements a flow table, illustrated in Fig. 2, and OpenFlow protocol to access the
flow table. Each entry in flow table specifies rules to match a packet (based on
MAC address, IP address, TCP/UDP port, VLAN, and switch port) and the action
to be taken upon a match (forward the packet to particular switch port(s), drop
the packet, forward to the controller, and/or send to normal processing pipeline).
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This functionality opens a wide range of opportunities to the controller: it is possible
to implement a broadcasting hub, learning switch, multicast, and firewall all with
line rate performance.

Rule  Action | Statistics '

Packet + byte counters

Forward actions to port(s)
Encapsulate and forward to controller
Drop packet

Send to normal processing pipeline

Switch | MAC | MAC Eth VLAN IP IP P Prot TCP TCP
Port | Source | Destn | Type 1D Source | Destn Sport | Dport

n g B

Fig. 2 OpenFlow version 1.0 flow table entry [14]. An OpenFlow-enabled switch can take actions
based on L2, L3, and transport layer headers flowing through the data plane

This clean and flexible architecture offered by SDN is extremely appealing for
managing networks in a cloud environment. For example, VLAN technology [12],
used in many cloud systems to keep multiple tenants isolated from each other,
requires reconfiguration of network hardware every time a VM is instantiated or
shutdown. Manual configuration by network administrators logging in to every
affected switch is impractical in a very dynamic cloud environment. Automation
requires understanding well command-line/web interfaces exposed by vendors and
writing programs/scripts to parse such interfaces, which are different for each
vendor and can change after a firmware upgrade. An open and standardized
Northbound interface illustrated in Fig. 3 will significantly simplify the integration
of network functions in cloud middleware: (1) the cloud middleware consults its
database to check which VMs (VM1, VM2, and VM3) belong to a particular tenant
(Tenant_A), and where those VMs are running (physical host and/or SDN switch
that each VM is connected); (2) the cloud middleware invokes a SDN Northbound
API to create a VLAN (VLAN_A) and connect the tenant’s VM on the new
VLAN; (3) the SDN controller computes the necessary Southbound instructions and
contacts the affected SDN switches. Moreover, using SDN mechanisms it would be
possible to implement VLAN-like functionality without the 4096 ID limit of IEEE
802.1Q standard: for example, isolation can be enabled by allowing communication
only among media access control (MAC) addresses of a particular tenant (this would
entail the SDN controller to compute rules based on MAC addresses to be placed
on switches).

SDN has attracted interest from both industry and academia, leading to the
release of many controllers, and OpenFlow-enabled hardware/software. Many
believe that SDN is applicable not only for campus networks (as initially designed),
but everywhere. While studies and deployments of SDN across wide-area networks
(WAN) exist [9, 11, 28], there is currently low interest in applying the technology
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Fig. 3 Example of how cloud middleware uses SDN interfaces to control the network. The figure
illustrates that VLAN management can be achieved by simply invoking a Northbound API exposed
by a SDN controller. Southbound instructions to achieve the desired functionality are computed and
transmitted by the SDN controller

in the Internet core. As further discussed in the next sections, security aspects
(especially user authentication and access control) are not yet defined for SDN,
and in the Internet core where multiple providers/administrative domains are
traditionally organized as “independent” autonomous systems (AS), the open access
and logically centralized view of the network will require further development to
deal with multiple potentially conflicting interests. As illustrated in Fig.4, SDN
deployments concentrate on the edge of the Internet within a single administrative
domain. The majority of deployments are within a private LAN, with SDN replacing
the traditional network management/operation and offering agile reconfiguration
mechanisms to deal with and implement policies for the Bring Your Own Device
(BYOD) movement. In larger deployments (in a datacenter, campus or enterprise
networks), different network services such as firewalls (higher performance as rules
are distributed among switches and processed at line rate, instead of concentrating
on a single appliance with potential packet processing speed limitations) and
quality-of-service differentiation (offer different network paths favoring bandwidth
or latency) are cleanly implemented. WAN deployments require dedicated links
across sites and are typically under a single administrative domain. A typical
application in this scenario is to best utilize the network infrastructure and provide
resiliency given the deterministic knowledge offered by the SDN logical central
controller.
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Fig. 4 SDN deployment domains

3 Cloud Security with SDN: Opportunities
and Vulnerabilities

SDN and OpenFlow development has mainly focused on improving network
functionality (e.g., by adding network programmability). An increase in functions
or features represents a larger surface area where exploitable weakness can exist
(less security), and also a system that is more difficult to use since users will need
to understand and learn a larger set of functions (less useable) — this fact is well
illustrated in the Security/Functionality/Ease-of-use triad as in Fig.5 [34]. From a
networking perspective, the most secure system is the one that is not connected —
i.e., zero functionality and completely unusable. Too much security will make the
system very difficult to use, and too much functionality will make it difficult to
track all potential vulnerabilities (this is well exemplified by the high number of
vulnerabilities in computer operating systems). Readers should consider two points
going through the next subsections discussing cloud security with SDN: (1) every
aspect, including the ones intuitively unrelated, affects security; and (2) given the
trade-off, a compromise needs to be found for an acceptable level of security.

Security

Fig. 5 Security/

Functionality/ Ease-of-use \ .
triad Y Functlonallty Ease of Use
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3.1 Network Management Complexity and Change
in Personnel

Without SDN, network administrators are forced to use non-standardized APIs and
develop in-house software and scripts to configure the network. Writing such pro-
gram is an error-prone activity, which reflects the complexity of today’s networks.
SDN will not reduce the complexity of networks — i.e., the large number of devices
to manage, and the large number of protocols to support will remain unchanged
or keep growing — and SDN programming is expected to be equally error-prone.
However, with the adoption of standardized interfaces (such as OpenFlow, which
one can view as “network” instruction set), network “programs” should become
more readable to a larger number of developers/administrators, which will help
the debugging process and trustworthiness of network management codes. This is
particularly important when change in personnel takes place. Typically, a network
administrator that inherits a network decides to develop management tools and
scripts from scratch. The main reasons are: (1) the inherited configuration is not
well documented, and (2) previous administrators may have left back doors that
would compromise security.

It is expected that new abstractions will be created (through the Northbound
interfaces) so that users will not need to deal with the complex low-level Southbound
interfaces. Many researchers advocate that applying software engineering and
creating the correct abstractions will lead to a simpler system, enabling easier
debugging [8] and use of formal verification techniques [32].

3.2 Autonomous Systems Versus Logically
Centralized Management

SDN advocates a logically centralized management of networks (i.e., global
network view), in which a controller (or a collaborating set of controllers) operates
and defines the flow of data. With Autonomous Systems (AS), an administrator of
a particular domain can focus in protecting its own site, with little interaction with
a limited number of neighboring AS. The global network view approach of SDN
raises obvious scalability concerns, but researchers believe that scalability is not
going to be a problem since while the data plane operates at line rate (Gbps), the
control plane exchanges messages at a much lower rate. The global view, however,
requires a well-defined model for collaboration and federation — how network
resources are programmed, what can be programmed, and who can program. In
a scenario where multiple users/cloud tenants share the network infrastructure, the
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boundaries of what each user of network programs can do need to be well defined.
Creating a hierarchical structure where the SDN domain can delegate limited
functionality to its tenants is a possible evolution when dealing with the logical
central control. This issue is closely related to intercloud security as discussed in [2].

3.3 Restricted Management Access Versus
Open Management Access

Management networks are traditionally isolated, often times physically, from
regular network traffic. Even if access to configuration of network devices is done
through insecure mechanisms, the infrastructure would be protected from attackers
since only network administrators have access to the management network. SDN
can be deployed in a similar way so that only network administrators have access
to programming interfaces. Security in this case depends on how well network
administrators can operate the infrastructure, and it is independent whether or not
SDN is used. However, the SDN vision is to allow applications and end users
interact directly with the network, the same way they interact with compute and
storage resources. Thus, mechanisms to control access to programming interfaces
and coordinate the use of network resources become necessary. Currently, the
majority of deployments consider the SDN to be isolated from the data network.
Much research and development are still needed, but some features can be seen
in network operating systems (e.g., NOX [7,20]) and network “hypervisors” (e.g.,
FlowVisor [29, 30]).

3.4 Isolation Among Users/Tenants

Cloud providers make use of several techniques to achieve maximum isolation
among users (or tenants), including firewall configurations and use of VLANS. For
example, in the advanced networking model of CloudStack [1] (an open-source
Infrastructure-as-a-Service cloud middleware), each user is assigned an independent
VLAN. VLAN technology [12] allows multiple isolated broadcast domains to co-
exist in a LAN, and a specific VLAN header (tag) is processed by switches. SDN
can make the complex management of VLANSs more controllable (i.e., through the
use of standard interfaces), or alternatively, achieve tenant isolation using SDN
programming. SDN controllers can implement firewall rules since they control how
packets/frames flow through the data plane. The level of isolation will depend on
how well SDN programs are written.

From a performance perspective, cloud resource sharing is susceptible to denial-
of-service attacks by exhaustion. An attacker can potentially deny CPU or disk I/O
to other users by putting an extremely high load on shared resources. Similarly, an
attacker can try to congest the network sending unnecessary messages, or attack the
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machine running the SDN controller. There are two arguments that support SDN
to better handle such attacks: (1) it is possible to quickly detect such patterns and
isolate the traffic so regular users are unharmed; and (2) modern switches can handle
line rates (1 Gbps or 10 Gbps) per port, and SDN can group flows or traffic per port.

3.5 Response to Attacks

SDN has two main advantages over traditional networks in regards to detection
and response to attacks: (1) the (logically) centralized management model of SDN
allows administrators to quickly isolate or block attack traffic patterns without
the need to access and reconfigure several heterogeneous hardware (switches,
routers, firewalls, and intrusion detection systems); (2) detection of attacks can
be made a distributed task among switches (SDN controllers can define rules on
switches to generate events when flows considered malicious are detected), rather
than depending on expensive intrusion detection systems. SDN can also be used
to control how traffic is directed to network monitoring devices (e.g., intrusion
detection systems) as proposed in [31]. Quick response is particularly important in
highly dynamic cloud environments. Traditional intrusion detection systems (IDS)
mainly focus on detecting suspicious activities and are limited to simple actions such
as disabling a switch port or notifying (sending email) to a system administrator.
SDN opens the possibility of taking complex actions such as changing the path of
suspicious activities in order to isolate them from known trusted communication.
Research will focus on how to recast existing IDS mechanisms and algorithms
in SDN contexts, and development of new algorithms to take full advantage of
multiple points of action. For example, as each switch can be used to detect and act
on attacks, [16] has shown the improvement of different traffic anomaly detection
algorithms (Threshold Random Walk with Credit Based rate limiting, Maximum
Entropy, network traffic anomaly detection based on packet bytes, and rate limiting)
using Openflow and NOX by placing detectors closer to the edge of the network
(home or small business networks instead of the ISP) while maintaining the line
rate performance.

3.6 Network Statistics Monitoring

While mechanisms to access network statistics data from switches and routers are
available (e.g., using Simple Network Management Protocol — SNMP [4]), such
data are rarely made available to end users. SDN switches are designed to match
flows (based on MAC, IP, switch port, VLAN, etc.) and process the flows according
to rules defined by a controller. The hardware used to match flows has built-in
performance counters, which are also exposed through programming interfaces.
These counters can be used to define matching rules based on either statistics
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or fine-grain monitored network data. By leveraging this feature, service level
agreements (SLA) between cloud providers and users can be made easier to manage.
With a reliable source of statistics data, cloud providers and users can both verify
when and how a network-related SLA has been violated.

3.7 Data Confidentiality

Confidentiality is very challenging to achieve at the network level. First, the
network always knows the source and destination of packets (otherwise it would
not know how to route messages), and second, if encryption is implemented
at the network level, users would need to trust the network devices. True end-
to-end data confidentiality can be only accomplished if secrets (i.e., encryption
keys) are only known to the source and destination parties. SDN is unlikely to
offer confidentiality or encrypted communication since there are many validated
application level protocols that ensure data confidentiality. Applications could (and
should) continue to rely on traditional methods when processing sensitive data.

3.8 VM Migration

The use of VM migration intra- and inter-clouds has been actively investigated
due to its potential to offer better cloud resource management. Complex network
reconfigurations (in traditional networks), or programs (in SDN) are needed when a
VM moves from one server to another —i.e., to keep the same VLAN configuration,
access, and firewall policies unchanged. The complexity increases depending on
the migration distance, i.e., in increasing order: within a rack (same switch), across
racks, across server rooms, across buildings, and across WAN. Realizing a SDN-
based WAN requires further research, as already exemplified by the RouteFlow [18]
SDN switch-based architecture. As SDN evolves and gets deployed, more network
programs and interfaces supporting VM migration will be made available. SDN
mechanisms could be used to isolate the traffic related to VM migrations, potentially
leading to improved security. However, attackers may also take advantage of SDN
mechanisms to reroute and gain access to VM migration traffic, thus, the VM
migration process itself will still need to use appropriate and secure application-
layer protocols.

3.9 Reliability

With traditional network switches, failure in any component would affect only a
partial part of the entire network. In particular, failure of a management server,
which is used to communicate with switches and routers when configuration
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changes are needed, minimally affects the operation of the network since it will only
prevent new configurations to be propagated. In a cloud, it could prevent accepting
new users (if a VLAN needs to be created), but running systems will continue to
work. Failure of a SDN controller can potentially have catastrophic consequences —
in the worst case, the network can completely shutdown.

3.10 Opportunities for Attackers

SDN exposes new interfaces to control and operate the network, which can be
potential source of security risks. If communication between control plane and data
plane is not properly secured (e.g., physically isolated communication channels,
or use of secure channels and protocols), security of the entire network can be
easily compromised. Moreover, as discussed above, a compromised controller can
affect the security of the entire network, so SDN controllers and their access control
policies need to be carefully designed and implemented. As low level network
functions and services are exposed to more users, attacks that are difficult or
impractical for regular users may become possible once SDN is available (e.g.,
while in traditional networks interception of packets to perform man-in-the-middle
attacks would require privileged access to network devices, with SDN it can be
potentially achieved through interactions with the controller). SDN controllers run
on traditional computers that are known to have exploits. Securing properly these
points of entry will be essential for maintaining the security currently dependent on
network configurations.

4 SDN/OpenFlow Security Research

SDN research has been centered on the development and unveiling of a new
networking paradigm, the definition of flexible management/programming inter-
faces, and the implementation of prototypes and simulators to attract the interest
of network hardware vendors. The success of these activities is well illustrated in
presentations and tutorials from Open Networking Summit events [24], and while
security aspects of SDN have not yet received full attention, an increasing body of
research work is becoming available. A snapshot of this work, at the time of writing
of this chapter, is discussed below.

Researchers from SRI International and Texas A&M University maintain the
OpenFlowSec website [22], where solutions to SDN security challenges are made
available through reference implementations, papers, presentations and demon-
strations. The group has developed tools that can help experts to study different
aspects of OpenFlow security. FORT-NOX [26] extends the NOX OpenFlow
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controller platform [7] implementing a security kernel that mediates OpenFlow rule
insertion requests by applications. The FORT-NOX security policy enforcement
kernel implements a rule-conflict detection engine that, in conjunction with a
role-based authorization mechanism, decides whether OpenFlow rule insertions or
deletions should be accepted or not. FRESCO is a security application development
framework for OpenFlow-based SDN. The FRESCO scripting language makes it
possible to write security applications with fewer lines of source code compared
to writing OpenFlow applications from scratch, enabling developers to focus on
security aspects of OpenFlow applications.

Tools to develop OpenFlow or OpenFlow-based security applications, closely
related to OpenFlowSec, have also been studied by different researchers. Flow Visor
[29] uses network slicing to create multiple logical networks, and evaluates
OpenFlow rule conflicts between the logical networks. The Resonance architecture
[19] recognizes the need for fine-grained security policies that can be changed
dynamically in response to network monitoring, and implements a security system
that tracks different states of each host to apply security policies accordingly.
Researchers in [27] propose the development of network programming language
abstractions to help guarantee the consistency of rules in SDNs.

Research on how to recast existing security mechanisms using the SDN paradigm
has also been conducted. The work in [33] is the most relevant to this article as it
touches two services offered by Amazon Elastic Compute Cloud (EC2): elastic IP
and security groups. An elastic IP is a static IPv4 address leased by Amazon to a
particular cloud user that can be programmatically mapped to an instance (a VM).
Security groups are groups of EC2 instances (an instance can belong to one or more
security groups) to which users can assign firewall rules. Authors show in [33] how
these two services can be implemented using OpenFlow mechanisms, and also how
they can be integrated into existing open source cloud middleware.

Authors in [35] propose the use of OpenFlow mechanisms to improve the
security of guest WiFi services, more specifically the separation of authentication,
access, and accounting. A prototype of OpenWiFi is implemented using off-
the-shelf WiFi access points (APs) with modified firmware in order to make
them OpenFlow-enabled APs. The OpenFlow ability to collect flow statistics is
highlighted in this work for improved accounting.

An interesting approach to uncover and mitigate cyberthreats is the use of
“Big Data Security” [25]. The key idea is to treat the entire network traffic of
an organization as Big Data (i.e., a very large and complex data set from which
traditional analysis tools are unable to efficiently extract useful information), and
use Big Data mechanisms to implement security solutions. Piper [25] introduces
security intelligence and analytics (SIA), by Solera Networks, as a potential
solution. SIA captures every packet and flow that traverses a network, and can
potentially detect threats that would be impossible using traditional solutions. It
is expected that SDN can further improve the performance and functionality of Big
Data security solutions such as SIA.
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5 Needed SDN Research and Development
for Cloud Security

As SDN moves from configuration of network devices to the notion of programming
the network, and the idea of a “network™ instruction set can be conceptualized.
OpenFlow specification mainly focuses on this layer, defining what and how the
control plane interacts with the data plane. Similar to computer architecture where
stand-alone applications directly access the hardware without operating system
control, it is possible to directly use the network instructions to implement stand-
alone SDN controllers — which are the majority of OpenFlow controllers currently
available, and sufficient for small deployments (Fig. 6). Even with this simple setup
many SDN aspects can be studied: how the controller should be protected against
external attacks, how to properly isolate the control messages from the data plane,
what is the right set of “network instructions” to be exposed, how many switches
a single controller can handle, how to implement a distributed controller, among
others.

Application/ Control Plane
Controller

“Network” Instructions Set

{

.'J__._"# P I Data Plane

Hosts

Fig. 6 Stand-alone SDN controller

In a cloud environment, it is likely that multiple controllers will be needed
to accommodate the different, and often conflicting, needs among providers,
system administrators, and end users. A network operating system (NOS) that can
coordinate multiple applications and resolve potential conflicts (e.g., as proposed in
[26]) is then needed (Fig. 7). Security studies should then focus on the NOS layer:
what is the appropriate set of interfaces exported by a NOS, does a function expose
vulnerabilities, how well each application is isolated from each other. Lessons
learned from years of computer operating systems development should be leveraged.

Further, network hypervisors that are able to coordinate the action of multiple
network operating systems (e.g., FlowVisor [29]) would enable maximum flexibility
in network programming. Similar to computer systems, every layer needs security
considerations (Fig. 8).
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Fig. 7 Network operating system

SDN is a step forward to realize the vision of fully virtualized datacenters,
campus-based networking test beds and networked sandboxes offering missing net-
work virtualization services to clouds. As an emerging technology, much research
and development are needed to understand its security implications. Making
an analogy with machine virtualization, virtual networking services, as needed
by cloud providers, users, and middleware, can be developed using a layered
architecture as illustrated in Fig. 8. The data plane/network instruction set needs
to be able to securely accept and execute commands/instructions from the control
plane. Substantial effort has been spent in making open specifications for the data
and control planes interface, with much focus on flexibility and less on security.
Many argue that this interface needs to be physically isolated and secured, and only
accessed by trusted controller, network OS, or hypervisor.

Application L Application
------ t——-—--——-- ----—-——-—--—-————--1—————- - ------ Northbound Interface
Single Logical Controller
Network OS Network OS

(controller) East-West Interface | (controller)

! Control Plane
“Network” Hypervisor
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LEES SSS.. -
: Data Plane
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| e s S e DN it Data Traffic

Fig. 8 Network virtualization using SDN
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In the control plane, sophisticated authentication and access control are needed.
In deployed clouds there already exists a user base, with well defined mapping
between resources and users. For example, in an [aaS cloud, the mapping between
a given user and running VMs is clear. Network hypervisors will need to restrict
the actions of a controller to a particular set of VMs. This task becomes much
more complex when multiple clouds are involved [3, 13], and solutions to cloud
federation/collaboration should be leveraged.

6 Conclusions

This chapter discusses software-defined networking and its impact on cloud com-
puting security. As SDN changes network management from device configuration to
network programming, it exposes a large amount of interfaces with potential secu-
rity vulnerabilities. If SDN is just used as a better technology to operate networks
and interfaces are physically restricted to system and network administrators, sub-
stantial changes to cloud network management security are not expected. Assuming
that SDN programming is properly done, security of network management will
remain the same with similar vulnerabilities and threats. Many deployments will
follow the administrators-only network management model, at least in the initial
phases of SDN deployment. As SDN matures, mechanisms to securely expose SDN
programmability to a wider range of users will be needed, and increasingly complex
security considerations will be incorporated into SDN design. The security topics
discussed in this paper, while not exhaustive, are the ones that the authors feel in
need of immediate attention.

Configuration and operation of networks is a complex and error-prone activity
with or without SDN. Unintended security vulnerabilities will continue to exist
and even increase in certain scenarios since SDN promotes a larger community
to be involved in interacting with the network control plane. At the same time,
the flexibility in manipulating low level network components offered by SDN will
enable the development of new ways of improving security not possible before.
Security highly depends on how network programs are implemented. Similar to
computer programs, high quality secure programs and badly implemented and
insecure programs will co-exist.

A layered approach similar to computer systems can be used to coordinate the
sharing of network programming responsibilities among multiple users, admin-
istrators, and middleware. The programming interfaces in the data plane can be
considered a “network” instruction set, with network hypervisors coordinating
multiple network operating systems, which in turn offer services to multiple
applications. Each layer will need to be appropriately secured.

Still, access to network services will need to be well controlled and coordinated,
so that applications do not interfere with each other. Therefore, a complex control
of users is needed, and federation and interoperation challenges similar to the ones
faced by clouds emerge. SDN should be included in the intercloud discussion,
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it can take advantage of the sophisticated authentication and authorization

mechanisms, and in turn, offer a flexible networking environment for improved and
secure cloud experiences.
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Proof of Isolation for Cloud Storage

Zhan Wang, Kun Sun, Sushil Jajodia, and Jiwu Jing

Abstract Cloud services help users reduce operational costs by sharing the hard-
ware resources across multiple tenants. However, due to the shared physical
resources, malicious users can build covert channels to leak sensitive information
(e.g., encryption keys) between co-resident tenants. Cloud service providers have
proposed to mitigate these concerns by offering physically isolated resources;
however, cloud users have no ways to verify the actual configuration and level of
the resource isolation. To increase the observability of disk storage isolation, we
introduce two Proof of Isolation (Pol) schemes that enable cloud users to verify
separated disk storage and dedicated disk storage, respectively. Our experimental
results show that our Pol schemes are practical in both private and public cloud
environments.

1 Introduction

As the cloud service becomes more popular to help users reduce operational costs
and simplify technical management, it gains greater adoption across enterprises,
government agencies, and individuals. Gartner’s report [27] indicates that global
spending on public cloud services is expected to grow 18.6 % in 2012 to $110.3 bil-
lion, and the total market is expected to grow to $210 billion in 2016. Cloud
providers deliver their services in a scalable way by sharing the infrastructures,
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platforms, and applications across multiple tenants. Meanwhile, the vulnerability of
shared technology is among the top nine critical threats to cloud security according
to a Cloud Security Alliance (CSA) report [17]. Sensitive information could be
compromised through the covert channels built upon the shared CPU cache [49],
memory bus [47], and hard disks [34, 43] in the cloud. For instance, a malicious
virtual machine (VM) is capable of retrieving the encryption keys from a victim
VM hosted on the same physical machine [53].

To ease the security concerns on co-resident data, cloud service providers (CSPs)
are motivated to offer physically isolated resources to certain users who have high
security requirements. Nowadays a correct deployment of isolation configuration
solely relies on the Service Level Agreements (SLAs) signed between a CSP and
its users. If the CSP violates the commitments in the SLAs either accidentally or
intentionally, the users may not detect those violations until actual economic loss
has occurred. Therefore, it is critical to investigate technical approaches that enable
the users to verify the commitments in the SLAs.

Two factors enormously increase the difficulties on verifying the SLAs in the
cloud. First, the CSP has no motivation to provide sufficient supports for its users
to verify its SLA commitments. Therefore, the users may have to perform the SLA
verification independently against untrusted and/or uncooperative CSPs. Second,
the cloud users merely have a logical view of their resources in the cloud due to
the abstraction layer or the business model of cloud computing [31]. Researchers
have proposed a number of techniques on verifying SLA commitments such as fault
tolerance [11], geographical replication [8, 46], confidentiality [22], integrity [5],
and VM isolation [52]. However, the research on verifying the disk storage isolation
remains an open problem in the cloud.

In this chapter, we introduce two Proof of Isolation (Pol) schemes for cloud users
to verify the actual implementation of storage isolation without any cooperation
from CSPs. We first formalize two storage isolation requirements, separation and
dedication. Separation requires that the data owned by two users with conflict
of interests should be physically isolated on different storage devices (e.g., hard
disks). Note that access control policies (e.g., Chinese Wall Security Policy [13])
cannot guarantee a complete isolation due to the covert channels on disk storages.
Dedication requires that a physical storage device can only be used to save the data
for one user, who does not want to share the underlying storage device with any
other users.

We propose two Pol schemes for separation verification and dedication verifi-
cation. The basic idea of the separation verification scheme [43] is to measure the
time for simultaneously accessing the conflicting files. When the conflicting files
are stored on the same hard drive, the reading time is longer than that when they are
on different hard drives, mainly due to the contentions of I/O resources. We propose
TerraCheck [44], a dedication verification scheme, to help cloud users verify if the
unallocated disk space on a hard disk has been occupied by undesired users. It places
shadow data on the unallocated disk space and verifies the dedication by detecting
the changes to the shadow information.
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The rest of this chapter is organized as follows. Section 2 discusses the threat
model. We formalize the isolation requirements on cloud disk storage in Sect. 3.
Sections 4 and 5 present the two proof of isolation schemes on separation and
dedication, respectively. Section 6 discusses the related work on remote verification
in the cloud. Section 7 concludes this chapter.

2 Threat Model

Covert channels against the shared disk can be effectively prevented by storing
the two conflict-of-interest files on two separated or dedicated hard disks. Both
separation and dedication requirements on cloud storage can be enforced by the
commitment terms in SLAs. However, a misbehaved cloud provider may fail to
meet such requirements due to economic considerations or accidental configuration
errors. For instance, even if two conflicting files are required to be put onto two hard
disks, the cloud provider may instead store them on the same hard disk.

We consider the misbehaved cloud service providers as honest-but-greedy.
Honest means that the CSPs are not motivated to corrupt user’s data or violate the
data privacy with respect to the business reputation. However, the CSPs may be
greedy for either storing conflicting data on the same storage disk or allocating the
storage not in use by the dedicated user to other users. Consequently, the security
and privacy of the existing user’s data may be threatened by the co-resident users
through exploiting covert channels to retrieve encryption keys [53], obtain other
sensitive information [34], or violate the access control policy [43].

3 Cloud Storage and Storage Isolation Requirements

A cloud infrastructure includes two basic types of storage: direct attached storage
and network based remote storage. As shown in Fig. 1, the direct attached storage is
the storage media attached to each virtual machine, and the remote storage devices
can be accessed by users through Internet (dashed arrow) or by the VMs through
the internal network (solid arrow) within the cloud datacenter.

For both types of storage, the resources of cloud storage service can be viewed as
a large set of physical storage devices S. The number of storage devices is |S|, and
2 (S) is the power set of S. Suppose one user u stores n files D, = {d},d?,...,d"}
to |S| devices, where n > 0. Storage placement for user u can be characterized by a
function f : D, — &2 (§) that maps the set of files D, into the set of physical storage
devices S. Note one file may be mapped to more than one storage devices.

Separation: To remove the covert channels, the conflict-of-interest datasets should
by physically separated on different storage devices, and we call this requirement as
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Separcmon Suppose user u has a conflicting file set C,, with user v, where C,, =
{(d, d})| d\, hasconflictswith d{, d, € D,, d} € D,}, separation requires that

Vd, € D,V dj € D,,(d}, d]) € Cuy = f(d})[)f(d]) (1)

Cloud User

&‘)‘

VM Remote Storage
Provisioning Provisioning

Remote Storage

Direct Attached Storage Direct Attached Storage

Cloud Storage Infrastructure

I
i

Fig. 1 Architecture of a cloud storage infrastructure

Dedication: Cloud service provides support dedicated storage [3] where one tenant
will never share the underlying physical storage devices with any other tenants.
Given a user u’s storage placement f(D,), the set of disks used by u is S, =
U™, f(d}). For all the users in the user set U, dedication requirement by user u
can be satisfied if

WeU,v#u,S,)S=2. (2)

4 Separation Verification

Storage separation verification helps the cloud users to verify if the conflict-of-
interest files are placed separately by the CSP and cannot be accessed from the
same hard disk.

The basic idea is to measure the time when accessing the conflicting files at
the same time. If the two files are stored on the same hard drive, the reading time
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is longer than that when they are on different hard drives due to the contentions
of the I/O resources. However, several factors, such as sequential read or random
read, affect the file access time and may impact the accuracy of the separation
verification. We study such factors for both direct attached storage access and
remote cloud storage access, and then introduce effective countermeasures to
mitigate the influence of these factors.

4.1 Hard Disk I/0 Contention

We take advantage of the contention of I/O resources to detect the file co-residency
and verify the storage separation. Three features of hard disk, namely disk head
contention, I/0 request blocking, and disk cache miss, have obvious impacts on the
response time for accessing two co-resident files.

Disk Head Contention. Disk access speed is determined by both transfer rate and
access time. The transfer rate is the rate at which data flows between the drive and
the host, and it is a relative constant for a given hard disk in a computer. The access
time consists of two parts. The seek time measures the time for the disk arm to
move the disk heads to the cylinder containing the desired sector, and the rotational
latency is the time to rotate the platter and position the desired sector under the disk
head [36]. Therefore, when we simultaneously read two files stored on the same
hard disk, disk head has to move between at least two storage areas on the disk
platter. It causes a large amount of disk movements and results in longer access time.
Howeyver, if the two files are stored on different hard disks, no disk head contention
exists.

I/0 Request Blocking. 1/0 scheduler maintains a request queue that lists all the I/O
requests from different processes and dispatches the shared I/O resource for each
request in an optimal order. From the earliest Elevator I/O scheduler to the recent
Complete Fair Scheduler (CFS) which is configured as the default I/O scheduler in
current Linux Kernel [10], they provide a better prevention against the starvation
and improve the overall I/O throughput. The I/O scheduler assigns incoming 1/O
requests to specific queues based on the process originating the I/O requests and
then serves a configurable number of requests (by default, 4 in CFS) for each queue
before continuing onto the next. However, if two 1/O requests on two different files
are issued to the same hard drive around the same time, when one process seizes the
disk I/0O, the other has to wait. If the two files are stored on different disks, it has
less impact since 1/0 requests will be served by two devices at the same time.

Disk Cache Miss. Modern hard disk drives provide caching and prefetching
mechanism with their on-chip CPU and memory unit. When an operating system
issues a request to read a block from the hard drive, if the data of that block
is found in the disk cache memory, the read request can be served without any
disk mechanical movement. This makes hard disk drives have faster response time
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overall, especially for sequential access time. To improve the overall throughput of
hard disk, a common strategy is not to start any prefetch if there are I/O requests
waiting to be served. Furthermore, another common strategy is to preempt or
terminate any ongoing prefetch as soon as a new I/O request arrives [30]. Therefore,
when we read two files on the same disk at the same time, the access time won’t
be significantly reduced by disk cache prefetch. In contrast, if two files are stored
on different disks, when we read the two files at the same time, disk cache prefetch
may help reduce the access time.

4.2 Verification of Direct Attached Storage

In the cloud, each VM has certain amount of attached storage for loading OS images
or serving as regular purpose storage. Accessing this form of cloud storage is similar
to accessing the local file system since the customers can decide the file systems and
can fully control the associated operating system. Since all the I/O requests should
go through the hypervisor or VM monitor, the I/O scheduling deployed by the
hypervisor may affect the disk access time. However, the functionality of hypervisor
I/0 scheduling aims to guarantee that all the VM can fairly access I/O resources.
Therefore, it will not affect our verification process significantly. When we design a
verification scheme for direct attached storage, we must consider two major factors,
query mode and OS page cache, that affect the accuracy of the verification.

Query Mode. The query mode includes the query size, query pattern and query
range. We need to find the query modes that generate more disk head contentions
and thus enlarge the access time of co-resident files. Bowers et al. [11] identified
that the seek time dominates the reading time for smaller blocks, such as 256 KB.
Actual file access time, however, is highly dependent on the pattern of disk head
movement. For instance, only one seek is required to read sequential file blocks
on one hard disk. In contrast, random block accesses incur a highly varying seek
time. Therefore, random read helps to enlarge the access time of co-resident files.
Additionally, the size of the file determines the minimum range that the disk head
has to move around. When the disk head needs to move within a larger space on
the disk platter, it takes more seek time. Therefore, randomly fetching small blocks
from a large area on disk would cause the greatest disk contention.

OS Page Cache. Modern operation system borrows the available physical mem-
ory for the disk caching in order to reduce the low-speed disk accesses (e.g.,
kmem_cache facility in Linux kernel [10]). Read-ahead is another important feature
of memory cache management. The default read-ahead size in Linux is 32 pages
(4 KB per page), which can be scaled up and down by the read-ahead algorithm.
If the operating system detects that current disk accessing is sequentially reading,
the size of read-ahead will be increased automatically. When the operating system
detects that the current disk access is random, it will decrease the size of read-ahead.
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A simple way to remove the impact of OS memory cache is disabling the memory
cache in the operating system. This operation works well in local environment.
Sometimes, this operation is impossible to be executed, for example, in a cloud
provider controlled environment where storage server is invisible to the customers.
Alternatively, randomly reading proper size of blocks from the disk may minimize
such impact.

Therefore, we find that the optical query pattern will enlarge the disk contention,
and meanwhile minimize the impact of OS page cache. In section “Local Isolation
Checking”, we will identify the practical query pattern for storage verification.

4.3 Verification of Network Based Cloud Storage

In the cloud, large amount of storage are fabric network based, such as Amazon
S3 [3]. Besides the factors in local disk access, we need to consider more factors that
may introduce uncertainties when measuring the access time from a cloud storage.
In this case, the following factors should be considered.

Network Variability. When the cloud storage is network based, the network
variability should be mitigated for accurately measuring the file access time. Bowers
et al. [11] has done excellent work to evaluate the network delay. We can further
reduce the network latency and variability during the verification by using the
computing resources located in the same datacenter.

Multi-tenant Contention. Due to the unique feature of multi-tenant in the cloud,
I/O request contention from co-located tenants always exists; however, cloud
providers have done considerable work to minimize the service latency. Thus, such
contention is relatively small even when a large number of simultaneous disk I/O
access are requested from different storage devices. Another way to mitigate such
variability is to launch the verification at different time of a day.

Cloud Storage Layout. Different cloud storage providers may have various imple-
mentations of the storage layouts, which are important for selecting the appropriate
parameters for file co-residency verification. Three aspects of cloud storage layout
should be considered.

Disk Model Diversity. Most cloud storage infrastructures are established upon
the commodity hardware with less I/O throughput rather than high-end enterprise
facilities. The disk features such as seek time and cache algorithms vary from
different disk models. We assume that hard drives within one datacenter have similar
specification.

Data Partition. Cloud storage typically splits a big file into small chunks and each
chunk is entirely stored on one hard disk. There is little public information about the
exact chunk size adopted by each public cloud storage provider. Microsoft Azure
announced that the chunk and the replica unit is 100 MB in their Azure storage
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architecture article [15]; Google File System [28] adopts 64 MB as its chunk size.
We believe that the chunk size is on the order of tens of megabytes in public cloud
storage.

Data Replication. In a cloud environment, all the data are stored with redundancy
for the purposes of both fault tolerance and load balance. Each query may be
answered by any replica that resides on the healthy and less busy storage device.
Amazon S3 introduces two data redundant storage options. The standard storage can
sustain the concurrent loss of data in two facilities, and the Reduced Redundancy
Storage (RRS) can only sustain the loss of data in a single facility [2]. The scheduler
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Fig. 2 Local disk contention

of cloud storage provider determines a replica to serve certain query. Our scheme
verifies that the conflict-of-interest files are accessed from different storage devices
at any time even if some of their replicas are physically stored on the same storage
device.

4.4 Experiments

We conduct experiments on both direct attached cloud storage and network based
cloud storage and test our mechanism of separation storage verification.
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Local Isolation Checking

Localisolation checking aims to verify if two conflicts files are stored separately in
the attach based cloud storage. We set up a virtualization environment to simulate
the attach based cloud storage. The host machine has an Intel Core i5 CPU 3.10 GHz
and 4 GB RAM. Two Seagate ST3500418AS hard disks attached with the local
computer have the same capacity (500 GB), disk cache' size (16 MB), average seek
time (less than 8.5 ms), latency (4.16 ms) and rotation speed (7,200 rpm). To reduce
the disk activities triggered by the operating system (OS), we turn off all possible
background processes in Ubuntu 12.04 (64-bit) operating system and keep the CPU
utilization lower than 1 % such that the disk contentions from other processes can
be minimized. Xen [7] virtualization platform is installed on the host machine. The
management domain DomO is located at the first hard disk sda. Each guest VM can
be launched on any hard disks-sda and sdb.

Disk Contention Benchmark. The isolation verification on single file is conducted
on a guest VM that is installed on sda. One logical volume on sdb is attached to the
guest VM. The activities of both DomO and guest VM OS have minimal impacts
on the disk access. We generate random files with sizes from 16 MB to 4 GB on
the disk.

Four factors will affect the block reading time from different parts of a single
file. They are the block size for each read, the reading pattern (sequential/random),
file size, and OS page cache (enable/disable). We test the impacts of all above
factors and determine the query mode for verifying the isolation of two conflict files.
Generally, the seek time dominates the reading time for small blocks. The blocks
with the size smaller than 64 KB tend to have the same reading time regardless the
disk manufacturers [11]. To have more accurate controls on the disk head movement
and create sufficient disk contention, we read small blocks with sizes from 64 KB
to 1 MB.

For the sequential reading, we select 50 sequential blocks from one 1 GB file that
is stored on one disk. For random reading, we randomly select 50 blocks from an
individual file with the sizes from 16 MB to 4 GB, respectively. Each test is repeated
200 times with different files in order to mitigate the file layout variability on the
hard disk. Between each test, we clean both OS page cache and disk cache. The
experimental results are shown in Fig. 2.

Figure 2 (1) shows that random reading creates more considerable disk con-
tention than sequential reading regardless of the status of OS page cache, especially
when the block size is relatively small. There are two reasons. First, disk head has
to move further for random read than the movements for sequential read. Second,
random read cannot take full advantage of the read-ahead mechanism provided by
the OS page cache. The results also show that enabled OS page cache dramatically
reduces the reading time for smaller blocks. When the block size is small, the

n this paper, we call the memory on the disk drive as disk cache. The physical memory used as
disk buffer is referred as page cache.
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sequential reading has significant advantage since the seek time dominates the
access time. When the block size increases to 1 MB, the data transfer time is
dominant in both random and sequential pattern. Therefore, reading random small
blocks enlarges disk contention.

Figure 2 (2) and (3) represent the random reading time of different block sizes
from different files with OS page cache enabled and disabled, respectively. When
OS page cache is enabled, the random reading time is affected by the file sizes.
When the file is small, the page cache greatly benefits the random reading. We
also observe that reading the same number of blocks from a larger file takes longer
since the disk head has to move across a larger range on the disk platter surface.
We compare the impact of OS page cache on different sizes of blocks as shown in
Fig. 2(4). When the block size is 256 KB, the status of OS page cache has minimal
affect on the average reading time. Therefore, we choose randomly reading 256 KB
as the query pattern for verifying the isolation of two files so that the impact of the
OS page cache is minimal; meanwhile the disk contention is considerable.

In-House Cloud Experiments. We exploit the above observations to check if two
conflicting files are stored on the same hard disk. The separation verification on
conflicting file pairs is conducted on different pairs of guest VMs. The virtualization
platform has done lots of work to fairly assign CPU time to each VM so that the
CPU contention between VMs is negligible. We create three pairs of guest VMs as
follows:

e Pair I. Each VM is attached by the disk volume from different disks.

e Pair II. Both VMs are attached by the disk volume from the same disk. The
distances of two volume on the disk is 10 GB.

e Pair I1l. Both VMs are attached by the disk volume from the same disk. The
distances of two volume on the disk is 20 GB.

As we show in the analysis in Sect. 4.3, the common practice of data partition
is less than 100 MB. We generate random files on each VM with sizes of 16, 32,
64, and 128 MB. We compare the average random reading time from different pairs
of VMs. We read 50 blocks (256 KB each) from each file with different sizes. The
results are shown in Fig. 3. For small files, such as 16 MB, the difference between
reading from one disk and two disks is small. The reason is that the small co-resident
files cannot cause enough disk movements to increase the reading time. However,
when the file size is no less than 32 MB, the time difference becomes larger than
40 %. When the disk space attached to a pair of VMs is larger, the access time is
slightly increased since the disk head has to move in a larger area on the disk platter.
However, such difference is small since the disk seek time is in the range of 2—10 ms.

Public Cloud Experiments. We launch a #/.micro EC2 instance in Amazon cloud
with a 160 GB hard disk. We compare the 256 KB block reading time. As shown
in Fig. 4, reading two files from one disk takes double longer than reading one file
from an individual disk. Therefore, our mechanism is practical in public clouds.
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Remote Separation Checking

Remote separation checking aims to verify whether or not two conflicts files are
stored separately in the network based cloud storage. We conduct the experiments
on both in-house cloud and public cloud. We store the conflicting files on the
network based storage services, Walrus on Eucalyptus [25] and §3 on Amazon cloud
[3]. Both are widely used network based cloud storage nowadays. We discuss the
exploitation of our verification mechanism in public cloud.

In-House Cloud Experiments. We deploy the open source cloud platform Euca-
lyptus 3.1 and its object based storage service Walrus on our host machine to
evaluate the isolation verification of remote conflicting files. The interface of
Eucalyptus is completely compatible with Amazon cloud [3]. Two hard disks



106 Z. Wang et al.

serve the Walrus service. We upload different sizes of files on each hard disk.
We randomly read 256 KB blocks from file pairs stored either on the same disk or
separately. The experimental results are shown in Fig. 5. From Fig. 5(1), we observe
that reading from a single disk takes more than two times longer than reading from
two different disks. We randomly read 100 pairs of files on the same disk and another
100 pairs of file on different disk. Each pair of files have randomly different sizes.
The average reading time of each 256 KB files are shown in Fig. 5(2). With 0.02 s as
the threshold, we can successfully distinguish the isolated storage and co-resident
storage.

Public Cloud Experiments. We also evaluate our storage isolation checking
method in Amazon cloud, one of the most popular cloud platforms. Amazon S3
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Fig. 5 Eucalyptus experiment

organizes the data by buckets and objects. Each bucket can contain unlimited num-
ber of objects. The object is like the file in common PC. In S3, all the buckets share
a unique name space. However, Amazon rarely discloses the implementation details
such as data partition and replication. We get the following clues majorly from the
officially published S3 best practice [20], S3 patent [1], and our observations.

* Network Variability: According to Amazon’s website [3], making GET requests
against Amazon S3 from within Amazon EC2 instances can minimize network
variability.

* Bucket Separation: Multiple buckets that start with different alphanumeric
characters will ensure a degree of partitioning from the start [20]. It implicates
that objects logically in the buckets with different initial letters must not reside
on the same disk.

* Object Layout: [20] also mentions that performing GETs in any sorted order can
increase the throughput. The smaller the objects, the more significant impact on
the overall throughput. For files with small size, sequential reading may benefit
from the disk cache and prefetch. We infer that a number of sequentially uploaded
small files should be stored on the same disk.

* Data Replication: For simplicity, we adopt RRS for all the experimental data.
With RRS, all the objects have two replicas in Amazon Cloud.
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Based on the limited Amazon S3 storage implementation details, we read the
pairs of files in three modes:

* Two Buckets with Different Initials: Reading two files from two buckets with the
same initial letter in the same region.

* Two Buckets with Same Initial: Reading two files from two buckets with different
initial letters in the same region.

* One Bucket: Reading two files from one bucket.

We launch two EC2 ml.medium instances with the same configuration in US
east region to execute the three reading modes. We create S3 buckets with different
initial letters located in the same region with the EC2 instances. For each bucket, we
upload 100 different 1 MB files with the RRS option. Most of these 100 small files
should be stored on the same storage device according to the analysis above. We
issue the GET requests from two EC2 instances at the same time. We evaluate the
correlation coefficient of reading time recorded by two VMs. The result is shown
in Fig. 6. We conduct the experiment at different time of a day and repeated during
2 weeks. We can observe that the reading time from the same bucket or from two
buckets with the same initial name has an order larger correlation coefficient than
reading from buckets with different initial letters. Therefore, our storage separation
verification method can be extended to distinguish accessing the same hard disk
from accessing different hard disks in real cloud environment.
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Fig. 6 Co-residency checking in cloud

5 Dedication Verification

We propose TerraCheck [44] to help cloud users verify if their dedicated storage
devices have been misused to store other users’ data. TerraCheck detects the
malicious occupation of the dedicated device by monitoring the change of the
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shadow data that are residual bits intentionally left on the disk and are invisible
by the file system. When the cloud providers share the dedicated disk with other
users, such misuses can be detected since the shadow data will be overwritten and
become irretrievable. We describe the theoretical framework of TerraCheck and
show experimentally that it works well in practice.

5.1 System Model

We assume the usage of the dedicated storage is well-planned by one user. For
example, the user allocates a determined amount of dedicated disk space to each
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Fig. 7 Overview of TerraCheck

VM. This is a common practice [31] for resource management in the cloud. When
the user launches a small number of VMs, only part of the dedicated storage is
allocated. The rest of the dedicated storage should be protected from being exploited
by other users due to both security and performance reasons. We refer to this part of
the disk space as attested area. The disk space being used by the dedicated user
is called occupied area. Additionally, the attested area may scale up and down
based on the occupation of the dedicated disk. TerraCheck requires a small amount
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of trusted disk space for storing verification metadata on the occupied area. We
assume the occupied area is trusted, since an honest-but-greedy cloud provider is
trustworthy for managing user data.

Suppose a user C pays and possesses a dedicated disk with the capacity of s
in the cloud. The dedicated disk is divided into two areas as shown in Fig.7. The
occupied area with the capacity of s, disk space has been allocated by C for storing
the data. The attested area with the capacity of s, disk space remains unallocated
where s, = s —s,. When C needs more disk space and increases the size of occupied
area, the size of attested area will shrink accordingly. The goal of TerraCheck is to
verify if the attested area has been misused by other users or the cloud provider.

TerraCheck consists of four major procedures, as shown in Fig. 7. First, it places
shadow chunks in the attested area of the target disk. The shadow chunks are
deleted files which cannot be accessed from the file system. Shadow chunks can be
recovered by disk forensics technique as long as they have not been overwritten.
Second, it generates metadata, such as the hash value of the shadow chunks,
for monitoring the alternation of shadow chunks. The metadata is stored on the
occupied area. Third, TerraCheck challenges the shadow chunks by using disk
forensic techniques to recover them. Lastly, it compares the forensics results with
the verification metadata. If any shadow chunk has been altered and cannot be
recovered, a violation of dedication requirement is detected.

Verification Requirements

A solution for verifying the dedicated storage should satisfy the following technical
requirements.

e Trustworthy. The verification mechanism should provide the users high con-
fidence in the result of the verification. When the cloud provider has to pay
higher storage overhead to defeat our verification mechanism, we can ensure our
checking capability from the economic consideration.

* Efficiency. The verification procedure should be fast, without obviously inter-
rupting the disk activities against the allocated part of the disk. Moreover, The
metadata used for verification should be small; otherwise, it is unacceptable to
use the same amount or more disk space to store the original shadow data on the
local disk.

* Scalability. When the dedicated user occupies or releases more disk space, for
example, for running more VMs or shutting down existing VMs, the disk area to
be attested varies. When the customer needs to scale the disk space up or down,
the affected shadow chunks should be as few as possible.

System Operations
TerraCheck consists of five basic operations. ChunkGen generates the shadow

chunks and places them on the attested area. MetaGen generates the verification
metadata and stores them on the occupied area. ChalGen generates the information
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Table 1 Summary of operation parameters

Variable Meaning

C The cloud user who possesses the dedicated device and
executes dedication verification

n The number of shadow chunks placed on attested disk area

Ik Length of each shadow chunk

th Header tag of each chunk

ty Footer tag of each chunk

K The set of shadow chunks

Su Size of unallocated disk space

idy, ID of shadow chunk i

F The set of files for generating shadow chunks

imgaa Disk image of attested area

metapp File for storing verification metadata

b; Starting disk address of chunk i on attested area

e Ending disk address of chunk i on attested area

idag, ID of attested region x

metagi TER File for storing Bloom filter

of challenged chunks. Retrieve executes the forensics of challenged chunks and
calculates their hash values. Verify operation compares the result of Retrieve with
the verification metadata recorded in MetaGen and performs dedication verification.
Table 1 summarizes all the variables used in the rest of this chapter.

* ChunkGen(n, Iy, ty,1)—K = {ki,ka,... k, }: TerraCheck fills attested area with
a set of chunks K = {ky,kz,...,k,} and n* [, = s,. Each chunk k; has a header tag
t;, and a footer tag 5 to represent the start and the end of a chunk, respectively.
The total length of the header and the footer /;, +/;, is less than /. This algorithm
takes the number of chunks, the length of each chunk, the header #, the footer 5
as inputs and generates n temporary files F = {f1, f>,..., fu} first. Each file f; in
F starts with #;, ends with 77 and the rest of it is filled by random bits. Each file
fi has the same length as I;. All the files in F are stored on attested area and then
deleted from the file system. The bits left on attested area associated with each
file f; are the set of chunks K = {ky,k»,...,k,}. Each chunk contains three parts
— the header, the footer, and a random body.

* MetaGen(n, ty, ty, imgaa, h)—{metapp, 1 }: It takes the number of chunks, the
header, footer tag information, the disk image of attested area and a hash function
as inputs, returns the verification metadata or abortion. 4 : {0,1}* — {0,1}™
denotes a fixed hash function that outputs m bits hash value. The MetaGen algo-
rithm retrieves the chunks from imga4 by matching the 7, and ¢; and calculates the
hash value of each chunk. The results of verification metadata metappg are stored
on occupied area. metapp = {(idy,,bi,ei,h(k;))|i € {1,2...n},k; € K} lists the
ID of a chunk and the boundary of each chunk on the disk, such as the start block
number b; and the end block number ¢; of chunk %;, and the hash value of each
chunk A(k;). Each chunk can be retrieved from the raw disk based on the start
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and end block number without the help of the file system. Let |metapg| be the
number of items in metapg. If |metapgp| # n, it indicates that some chunks cannot
be recovered from the disk image of attested area or there is a mismatched header
(or footer) among the chunks. In this case, MetaGen fails and outputs abortion
symbol L.

ChalGen(metapg, idy,)—+chal: This algorithm generates a challenge chal based
on metapg and the ID of the queried chunk. chal = (idy,,b;,e;,h(k;)) € metapp
is the chunk to be examined.

Retrieve(chal, h)—result: 1t takes the challenge and the hash function as inputs
and calculates the hash value after retrieving the chunk based on the information
specified in chal. It returns the hash value of the chunk in chal.

Verify(result, chal)—{*success”, “failure’}: The Verify algorithm takes result
and chal as inputs and compares the hash value in result with that in chal. If the
two hash values match, it outputs “success” and otherwise outputs “failure”.

5.2 Basic Scheme

Our goal is to make sure that the attested area hasn’t been allocated to other users.
The basic TerraCheck scheme consists of four phases.

Initial. In the initial phase, the attested area is filled with all zeros. This operation
prevents the existing content on the disk from affecting our placement results.
Placement. We place the shadow chunks on the attested area by using the
ChunckGen and MetaGen algorithms. If MetaGen — 1, a failure occurs,
TerraCheck should be restarted from the initial phase. Otherwise, MetaGen
generates valid verification metadata metapp.

Verification. It is a procedure to patrol on the dedicated storage device and
collect the evidence for the undesired occupation by calling Challenge, Retrieve
and Verify algorithms until each shadow chunk placed in the attested area has
been checked. The Verification phase would be stopped once Verify algorithm
returns a “failure” for any chunk. The dedication property is preserved if all the
chunks passed the examination.

Update. It will be executed when the size of attested area is subject to changes.
It is difficult to predict the set of affected chunks since the allocation of disk
space depends on the disk scheduling. Therefore, both the shadow chunks and
their associated verification metadata become useless and subject to deletion. The
initial phase and placement phase should be restarted with the new attested area.

The basic TerraCheck scheme can successfully check the dedication requirement

with high accuracy. However, it has two major limitations:

Computational Cost. The verification phase has to read through the whole
attested area and calculate the hash value for each shadow chunk.
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* Update Operation. When the size of attested area has been changed, TerraCheck
should be restarted from the initial phase against the new attested area.

5.3 Advanced Scheme

To mitigate the limitations of the basic TerraCheck scheme, we propose a proba-
bilistic based TerraCheck scheme. To reduce the computational cost, we randomly
sample the chunks during the Verification procedure. Moreover, to provide a more
efficient update operation, we introduce multiple regions called attested region
within the attested area. The attested region is the smallest unit for C to scale up
the size of the occupied area. For example, C plans to attach a certain size of disk
space to a newly launched VM. When the size of the occupied area is shrunk due
to the termination of a VM, a new attested region will be created. Each attested
region contains multiple shadow chunks. The shadow chunk is the smallest unit for
challenge and verification. In addition, we use Bloom filter to reduce the storage for
saving the verification metadata.

—4— 099 —8—0.95 —0—0.9

729

243

81

27

# of Challenged Chunks

0% 5% 10% 15% 20% 25% 30%

Percentage of Corrupted Chunks on Attested Area

Fig. 8 Probabilistic framework of advanced TerraCheck

Attested Region

We introduce attested region for conveniently scaling up and down the size of
attested area. The attested area is divided into multiple attested regions. The size
of attested region depends on how a user uses the dedicated disk. For example, if it
uses the disk as the attached secondary storage for running VMs, and each VM is
attached by a fixed amount of disk space, such amount is an optimal size for each
attested region. When an attested region should be deleted, the related verification
metadata are deleted and excluded from the TerraCheck procedure.
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Probabilistic Verification

Chunk sampling can greatly reduce the computational cost, while still achieving a
high detection probability. Suppose a user probes p chunks during the Challenge
phase and ¢ chunks have been tampered and become unrecoverable. If the total
number of chunks is n, the probability that at least one of the probed chunks matches
at least one of the tampered chunks is p = 1 — 2=t . 2=l nptll Since

n o n—1 2 Ta—ptl
ntd > ol g follows that p > 1 — (24P

When t 1s a fract10n of the chunks, the user can detect misbehaviors by asking for
a constant amount of chunks, independently on the total number of file blocks. As
shown in Fig. 8, if t = 1% of n, then TerraCheck asks for 459 chunks, 300 chunks
and 230 chunks in order to achieve the probability of at least 99, 95 and 90 %,
respectively. When the number of corrupted chunks goes up to 10 % of the total
chunks, the violation can be detected with 95 % probability, by only challenging
29 chunks. As the number of corrupted chunks increases, the number of chunks
required to be checked is decreased. The sampling is overwhelmingly better than
scanning all chunks in the basic TerraCheck scheme. Therefore, we can challenge
a fixed number of chunks to achieve certain accuracy. The size of each chunk will
determine the computation cost. When the size of each chunk is small, the overhead
for retrieving all challenged chunks from dedicated disk is low.

Advanced Operations

Our advanced TerraCheck scheme consists of the same phases as the basic
TerraCheck. We need to refine both the MetaGen and ChalGen algorithms in the
advanced scheme. Also, the update phase should be modified.

MetaGen( n, t;, tf, imgaa, h)— {metapp, L }. The results of verification metadata
metapp = {(idARx,idki,b,‘,e,‘,h(k,'))ﬁ S {1,2...”},/(,‘ € K} It lists the ID of the
located attested region, the ID of a chunk and the boundary of each chunk on the
disk, such as the start block number b; and the end block number ¢; of chunk k;, and
the hash value of each chunk %(k;). Each chunk can be retrieved from the raw disk
based on the start and end block number and the ID of the attested region without
the help of the file system.

ChalGen (metapp)— chal. It randomly generates a challenge chal based on
metapg. chal = (idag, ,id, ,br,er,h(k;)) € metapp is the chunk to be examined.

Update. Since the attested area is further divided into attested regions, when a user
needs to extend or shrink the disk space for occupied area, only limited number
of attested regions are deleted or added so that the TerraCheck against the rest of
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chunks remains valid. When the occupied area scales up, the metadata related to
the erased attested region will be deleted. The rest of metadata is still available for
TerraCheck.

Reducing Metadata Storage

In the basic TerraCheck scheme, the size of metapp for storing the verification
metadata is linear to the number of shadow chunks. The number of chunks could be
very large if the user wants to achieve a lower computational cost, as we discussed
in the probabilistic verification. Therefore, we use Bloom filter to reduce the amount
of storage for verification metadata in TerraCheck.

Bloom filter [9] is a space-efficient data structure for representing a set in order to
support membership queries. Bloom filter is suitable to the place where one might
like to keep or send a list for verification, but a complete list requires too much
space. We use Bloom filter to represent a set S = {x,x,...,%,} of n elements as
an array of m counters, initially all set to 0. It uses k independent hash functions
hi,hy, ... h with range [1, m]. For mathematical convenience, we make the natural
assumption that these hash functions map each item in the universe to a random
number over the range {1,...,m}. For each element x € S, the bits /;(x) are set to 1
for 1 <i < k. A location can be set as 1 multiple times. To check if an item y is a
member of S, we check whether all /;(y) are 1. If not, then clearly y is not a member
of S.If all h;(y) are 1, we assume that y is in S.

Bloom filter may yield a false positive, where it suggests that an element x is in S
even though it is not. The probability of a false positive for an element not in the set,
or the false positive rate, can be estimated, given our assumption that hash functions

are perfectly random. After all the elements of S are hashed into the Bloom filter, the

probability that a specific bit is still 0 is PRyero = 1 — 1 ~ e~ . The probability of

m
a false positive is (1 — PRM(,)" . A Bloom filter with an optimal value for the number
of hash functions can improve storage efficiency.
We modify our TerraCheck model for utilizing Bloom filter to reduce the storage

cost of the verification metadata.

* BF-MetaGen(ty, tr, imgaa, h)— {metarrer, L} The algorithm takes the header
and footer tag information, the disk image of atfested area and a hash function as
inputs, returns the verification metadata or an abortion. metaryreg is a Bloom
filter which involves the hash value of each shadow chunk.

e BF-Verify(result, metarreg)—{“success”, “failure”}: It takes result and
metapTER as inputs and checks if the hash value in result is valid and associates
with any chunks. If the hash value can be found from metar; rEg, the algorithm
outputs “success” and otherwise “failure”.
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5.4 Experiments

We implement and evaluate both basic TerraCheck scheme and advanced Ter-
raCheck scheme. All experiments are conducted on a Dell PowerEdge460 server
with Intel Core i5 CPU running at 3.10 GHz, and with 4,096 MB of RAM. The
system runs Ubuntu 12.04 (LST) that is configured with Xen Hypervisor. The
dedicated storage device is a WestDigital SATA 7,200rpm hard disk with 1 TB
capacity and 64 MB cache. For evaluation purpose, we used SHA-1 as the hash
function h. The random values used for challenging the chunks in the advanced
TerraCheck are generated using the function proposed by Shoup [21]. All data
represent the mean of 20 trials.

We implement a large attested area in basic TerraCheck and implement an
attested region in advanced TerraCheck as a logical volume. The occupied area may
involve multiple logical volumes. LVM (Logical Volume Management) technology
is exploited to automate the update operation when the size of the occupied disk
space varies. We rely on the retrievability of the shadow chunks on each logical
volume to check the dedication property. We utilize Scalpel [29], an open source
file recovery utility with an emphasis on speed and memory efficiency, to retrieve
the shadow chunks based on their header tag and footer tag. To perform file recovery,
Scalpel makes two sequential passes over each disk image. The first pass reads
the entire disk image and searches for the headers, footers and a database of the
locations of these headers. The second pass retrieves the files from the disk image
based on the location information of the header and footer. Scalpel is file system-
independent and will carve files from FATx, NTFS, ext2 and ext3, or raw partitions.

We evaluate the computation overhead and storage cost during each phase of
TerraCheck.

Initial Phase. During the initial phase, the attested area is filled with all zeros. The
time for this phase is determined by, and linear to the size of attested area s,,. It
takes about 10 s for cleaning 1 GB of the attested area. Both basic TerraCheck and
advanced TerraCheck have the same performance at this phase.

Placement Phase. There are two steps for placing the chunks. The first step is
to generate and store the chunks to the attested area. The cost of this operation is
determined by the chunk size and the size of the attested area. On our testbed, it
takes 12s to store 100 MB of shadow chunks. The second step is to generate the
metadata. It takes 8.198 s for Scalpel to scan 1 GB of the attested area in the first
pass and store the location information.

Verification Phase. The basic TerraCheck examines all the chunks based on the
verification metadata recorded in metapp. Therefore, the time for generating the
challenge can be ignored. The advanced TerraCheck randomly challenges the
chunks. The generation of random number takes less than 0.1 ms. The challenged
chunks are retrieved from the atfested area based on the start and end location
recorded as the verification metadata. Therefore, the performance is determined by
the disk access time. Table 2 shows the disk access time in our experiment.



116 Z. Wang et al.

Table 2 Time for retrieving chunks

Chunk size 512KB IMB 2MB 4MB 8MB 16MB

Retrieve time 13 ms 15ms 20ms 29ms 48ms 86ms

After retrieving the challenged chunks, TerraCheck compares the hash value
of the retrieved chunk with the verification information. In basic TerraCheck,
all the chunks residing on the attested area should be checked, which uses the
time for calculating the hash value of all the chunks. The advanced TerraCheck
scheme randomly challenges the chunks to achieve the detection of undesired disk
occupation. We simulate the behaviors that a proportion of attested area is altered.
For instance, if arandom 1 % of an attested area with 10,000 chunks are altered, such
a situation could be detected with a 90 % probability by challenging 217 chunks on
average, which is close to the theoretical result.

Update Phase. For the basic TerraCheck scheme, the performance of the update
is same as the overhead of executing the initial and placement phases. The
performance of the advanced TerraCheck scheme depends on the change of the size
of the attested area. When the occupied area is extended, the advanced TerraCheck
scheme only needs to update the metapp by deleting the items of affected chunks.
When the occupied area is shrunk, more attested regions should be created on the
attested area. The generation of each attested region takes about 400 ms regardless
the size of the attested region.

Reducing Metadata Storage. apgbmf [4] is originally used to manage Bloom
filter for restricting password generation in APG password generation software [37].
We use apgbmf version 2.2.3 as a standalone bloom filter management tool.

—&A— Without Bloom Filter —@— With Bloom Filter
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Fig. 9 Comparison of the storage cost with/without Bloom filter (%1 fault positive rate allowed)
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We consider each hash value of the shadow chunk as an item of password dictio-
nary in the context of apgbmf. We create a Bloom filter for such hash value dictio-
nary. During the verification phase of TerraCheck, if a recovered chunk is unaltered,
its hash value will pass the Bloom filter, i.e., the hash value is one of the hash values
which associates with an original shadow chunk with a high probability. When we
allow a 1 % fault positive rate, the storage cost with Bloom filter is reduced 5.5
times as shown in Fig. 9. When the number of chunks is more than 10 million, the
metadata only requires 36 MB as compared to 200 MB without using Bloom filter.

6 Related Work

Enforcement and verification are two research directions for securing and protecting
the data stored in the cloud. Virtualization technology [6, 14, 26, 33, 42, 51] and
cryptographic approaches [38,39, 50] have been exploited to enforce the authorized
access to the data and secure the search and computation against the encrypted data
[18, 40]. However, enforcement based methods usually require a large amount of
operations and supports from data owners. To reduce such burden, more researches
on remote verification of security properties have been emerging to increase
visibility on the correct operations of cloud.

Reliability. Data redundancy is the key to preventing data loss and achieving fault
tolerance in cloud storages. Bowers et al. [11] proposed RAFT which allows users
verify that a file is stored with sufficient redundancy by measuring the response time
for accessing “well-collected” file blocks. Wang et al. [45] proposed a layout-free
scheme to verify the redundancy level deployed by the cloud provider within one
datacenter. Some other works [8, 16, 46] proposed mechanisms to verify that the
cloud storage provider replicates the data in multiple geo-locations by measuring
the network latency.

Integrity. Ateniese et al. [5] proposed PDP (Provable Data Possession) to verify the
integrity of the data stored in the cloud. PDP lowers the computational overhead by
sampling and applying HVT (Homomorphic Verifiable Tags) to the data. Some other
works improved PDP scheme by supporting the integrity verification of dynamic
data [24,41] and multiple replication data [19], and by protecting the privacy [35]
of the verified data. PoR (Proof of Retrievability) [23] proves that the data stored
in the cloud is intact and retrievable. PoR enables verification of an entire data
collection without first retrieving it from the cloud. Later, Bowers et al. [12] and
Juels and Oprea [32] integrated PoR scheme into an auditing framework HAIL
(High-Auvailability and Integrity Layer) to detect and recovery from data corruption.

Confidentiality. To strongly protect against unauthorized access or disclosure of
the data stored in the cloud, some cloud providers promise to encrypt user data
at rest. In order to provide the transparency to tenants, Dijk et al. [22] proposed
Hourglass scheme to ensure the implementation of the encryption by the cloud
provider. Hourglass proves the correct handling of cloud-managed data encryption
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by imposing a resource requirement (e.g., time, storage or computation) on the
process of translating files from the plain-text to the cipher-text.

Isolation. Recent researches [34,47,48] have indicated that side channels in shared
hardware may enable attackers to exfiltrate sensitive data (e.g., encryption keys [53])
across virtual machines (VMs). In view of such risks, cloud providers may promise
physically isolated resources to select tenants, but a challenge remains: tenants still
need to be able to verify physical isolation of their VMs, storage and network. Zhang
etal. [52] detects the co-resident VMs by monitoring the activities in the CPU cache.
Our work focuses on verifying the isolation of disk storage [43,44].

7 Conclusion and Future Work

In this chapter, we present the requirements of storage isolation in the cloud from the
perspective of cloud users. Next, we introduce two Proof of Isolation (Pol) schemes
to allow cloud users technically verify the implementation of storage isolation
without any cooperation from cloud providers. Pol schemes provide cloud users
more observability of the cloud-managed isolation. In the future, we will extend our
isolation schemes to work on more diverse storage media, such as SSD (Solid State
Drive) and RAID, and study their performance.
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Selective and Fine-Grained Access to Data
in the Cloud

Sabrina De Capitani di Vimercati, Sara Foresti, and Pierangela Samarati

Abstract This chapter surveys some of the research results related to the protection
and efficient access to data stored and managed by external cloud servers. We
first provide an overview of the security and privacy problems and challenges that
need to be considered, and then illustrate emerging approaches for protecting data
externally stored, and for enforcing fine-grained (queries) and selective (access
control) accesses on them. Finally, we show how the combined application of
the solutions discussed may introduce privacy problems that should be carefully
considered.

1 Introduction

Emerging paradigms like data outsourcing and cloud computing have attracted the
attention of the research and industrial communities thanks to their advantages in
terms of reduced costs for IT resources, increased storage, flexibility in resource
management, and higher scalability. These advantages however do not come for
free. In fact, these emerging paradigms also introduce a number of privacy and
security risks that may represent a serious obstacle for their wide development and
for their acceptance by users and companies. Security and privacy may relate to
different aspects, including resources, data and network isolation, attacks to the
cloud servers, compliance with laws and regulations, reliability of applications and
services, protection of the confidentiality and integrity of data, and data availability
(e.g.,[11,19,38,39,44]). In this chapter, we will provide an overview of the problems
and solutions related to the proper protection of the confidentiality of the data
and to the efficient access to them. These problems become quite complex in a

S. De Capitani di Vimercati * S. Foresti ® P. Samarati (0<)
Universita degli Studi di Milano — Dipartimento di Informatica
Via Bramante 65, 26013 Crema, Italy

e-mail: pierangela.samarati @unimi.it

S. Jajodia et al. (eds.), Secure Cloud Computing, DOI 10.1007/978-1-4614-9278-8_6, 123
© Springer Science+Business Media New York 2014


mailto:pierangela.samarati@unimi.it

124 S. De Capitani di Vimercati et al.

cloud scenario since users release and store their data on external servers that are
outside their control. Also, the advances in the Information and Communication
Technologies (ICTs), including the possibility of combining and analyzing more
information from several data sources, intensify the data protection problem.

The protection of potentially sensitive data stored and managed by external cloud
servers poses interesting challenges. In fact, cloud servers can be characterized
by different levels of trust, ranging from honest-but-curious servers, meaning that
they are trusted for the management of the data but cannot know (access) the data
they store, to servers that may intentionally behave improperly in the storing and
processing of the data. Data are therefore encrypted by the data owner before their
storage in the cloud. Since cloud servers cannot decrypt data, there is the problem
of defining techniques (e.g., indexes) for enforcing fine-grained retrieval of the data
without compromising their privacy. However, techniques that support effective and
efficient accesses to the outsourced data are not enough. In fact, if the server (or a
generic observer) monitors the accesses by users, it may be able to draw inferences
on which data have been accessed. Also, the presence of multiple users who rely on
external storage for making their data available to others, introduces the problem of
enforcing selective (read and write) access to the outsourced data.

In this chapter, after a brief overview of the different security and privacy
problems that can arise in a cloud computing scenario, we survey and discuss
research results related to the protection of the privacy of outsourced data, and on
the fine-grained and selective retrieval of data. We also show that the combination of
techniques addressing a specific problem can cause privacy breaches. The remainder
of the chapter is organized as follows. Section 2 provides an overview of the
main security and privacy risks in a cloud scenario. Section 3 illustrates some
approaches and open issues related to the protection of data confidentiality, indexing
for query support, and selective access. Section 4 describes how the combination of
indexes for query support and fragments for data confidentiality can cause leakage
of confidential information. Section 5 describes how the combination of indexes
and selective encryption may allow unauthorized users to infer (or reduce their
uncertainty on) information that they are not authorized to access. Finally, Sect. 6
provides our conclusions.

2 Security and Privacy in the Cloud

The security and privacy problems that arise when data are stored at external
servers have been the subject of many studies (e.g., [22, 31, 37]). Depending on
the considered aspect, the security and privacy problems can be related to: (i) the
privacy of users; (ii) the privacy and integrity of data storage; (iii) the privacy and
integrity of queries; and (iv) the secure and private data computations involving
multiple providers. Figure 1 illustrates the reference cloud scenario where users
interact with external cloud servers for accessing data and services, and different
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Users Cloud servers

data storage

Privacy of users

Fig. 1 Reference cloud scenario

cloud servers collaborate for offering a service or responding to a query. In the
remainder of this section, we provide a description of each of the four categories of
security and privacy problems mentioned above.

Privacy of users. Cloud services allow users to access applications and data on
demand every-time they need. To successfully complete the required access, users
may be asked to provide some information while however wishing to protect their
identities for privacy reasons. For instance, a user can be interested in querying a
cloud server for collecting information about a given illness without revealing her
identity to avoid possible correlations between the illness and herself or a person
close to her. The techniques developed for supporting anonymous communication
between parties and attribute-based access control can be helpful in protecting the
privacy of the users. In fact, anonymous communication techniques allow users to
communicate on the Internet without revealing their identities [9], meaning that an
observer cannot trace who is communicating with whom, or who is interacting with
which server or searching for which data. Attribute-based access control solutions
allow users to access resources or data without reveling their identities [13]. The
idea is that, instead of declaring their identities, users prove that they satisfy the
conditions needed for the access. To this purpose, a user can disclose a credential (a
set thereof) certifying the information necessary for the access. The server verifies
whether the credential is valid and whether the information it certifies satisfies the
policy regulating access to the resource. The research community has also devoted
considerable attention to the use of anonymous credentials [16] for access control
(e.g., [4]). An anonymous credential allows a user to make statements about attribute
values, maintaining the values private. For instance, anonymous credentials permit
to selectively release a subset of the properties in a credential or to prove that
they satisfy some conditions, without revealing any information about their values.
Anonymous credentials can be at the basis of a new generation of access control
policy languages that can be particularly suited to open and dynamic scenarios like
the cloud.
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Recently, some proposals have started to address the problem of regulating the
release of users’ personal information according to privacy preferences expressed
by the users themselves. These proposals have introduced models relying on user
preferences that permit to associate a higher or lower sensitivity with the combined
release of a set of properties/credentials (e.g., [5-7,40,53]). For instance, a user may
consider the joint release of her name and credit card number more sensitive than
the release of each information singularly taken. Although these solutions represent
a first step towards the definition of a comprehensive approach for the protection of
users’ privacy, there are still several open issues: the development of user-friendly
approaches for expressing privacy preferences; the ability of defining privacy
preferences that depend on the context; and the integration of these approaches with
server-side solutions supporting fine-grained policy disclosure, which permit the
server to obfuscate the portions of its policies considered sensitive, while providing
the user with enough information for releasing the information necessary to possibly
gain access (e.g., [8]).

Privacy and integrity of data storage. When data are outsourced to an external
server that is outside the control of the data owner, the protection of the confi-
dentiality and of the integrity of the data, as well as the efficient access to them
become clearly of paramount importance. In this context, the research community
has been very active and produced advancements in several areas: solutions for
protecting data confidentiality (e.g., encryption and fragmentation [1, 21, 37]);
indexes for supporting queries (e.g., [17, 37]), solutions for supporting selective
access to outsourced data (e.g., [24]), solutions for ensuring data integrity (e.g.,
signatures [14, 35, 43]). These approaches typically consider a scenario where a
data owner outsources her data to an external server that can be trusted to properly
manage the data, making them available to requesting users, but it is not trusted to
read the content of the data it stores (i.e., honest-but-curious server). The outsourced
data can be of any type, including files and relational tables. In the remainder
of this chapter, for simplicity and without loss of generality, we will assume that
the outsourced data are organized in a single relation r, stored in a (distributed)
relational database. Relation r is defined over relational schema R(ay,...,ay), with
attribute a; defined over domain D;, i = 1,...,n. The presentation of solutions and
issues related to the protection of the privacy of outsourced data will be the subject
of the following sections.

Privacy and integrity of queries. Accessing information from external cloud
servers and performing queries over outsourced data introduce several privacy
and integrity issues. Existing data management architectures typically assume that
the data obtained from distributed parties have not been tampered with, and are
available only to authorized parties. Such assumptions do not apply anymore in
cloud scenarios, where multi-tenant infrastructures orchestrate different services.
Assurances on the fact that the privacy of the queries is preserved and that
computations on data are processed in the expected way (integrity and verifiability)
are becoming more and more important. In fact, there is an increasing need for novel
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techniques that support not only data privacy, but also the privacy of the accesses
that users make on such data. This problem has been traditionally addressed by
Private Information Retrieval (PIR) proposals (e.g., [18]), which provide protocols
for querying a database that prevent the external server from inferring which data
are being accessed. PIR solutions however have high computational complexity,
and alternative approaches have been proposed. These novel approaches rely on
the Oblivious RAM structure (e.g., [33,47,48]) or on the definition of specific tree-
based data structures combined with a dynamic allocation of the data (e.g., [29,30]).
The goal is to support the access to a collection of encrypted data while preserving
access and pattern confidentiality, meaning that an observer can infer neither what
data are accessed nor whether two accesses aim to the same data. Besides protecting
access and pattern confidentiality, it is also necessary to design mechanisms for
protecting the integrity and authenticity of the computations, that is, to guarantee
the correctness, completeness, and freshness of query results. Most of the techniques
that can be adopted for verifying the integrity of query results operate on a single
relation and are based on the idea of complementing the data with additional data
structures (e.g., Merkle trees) or of introducing in the data collection fake tuples that
can be efficiently checked to detect incorrect or incomplete results (e.g., [41,46,50—
52]). Interesting aspects that need further analysis are related to the design of
efficient techniques able to verify the completeness and correctness of the results
of complex queries (e.g., join operations among multiple relations, possibly stored
and managed by different cloud servers with different levels of trust).

Secure and private data computations. More and more emerging scenarios
require different cloud servers to cooperate to the aim of sharing information and/or
performing distributed computations. This sharing process can be clearly selective,
meaning that different servers may have different access privileges. Recently, a
significant amount of research has addressed the problem of processing distributed
queries under protection requirements (e.g., [2, 15, 26]). Some proposals are based
on the concept of access pattern, a profile associated with each relation/view [15].
For each attribute of the relation/view, the access pattern includes a value that may
be either i for input or o for output. When accessing a relation, the values for all
i attributes must be supplied to obtain the corresponding values of o attributes.
Sovereign joins [2] are an alternative solution for securely processing joins. This
solution is based on a secure coprocessor, which is involved in query execution, and
exploits cryptography. Other approaches propose an authorization model to regulate
the view that each server can have on the data, ensuring that query computation
exposes to each server only the data that the server can view [26]. The idea is that
a relation (base or resulting from the evaluation of a query) can be released to a
server whenever the information it carries (either directly or indirectly when the
relation has been obtained as the result of a query) is visible from the receiving
party. The proposed authorization model operates at the schema level and supports
the definition of generic view patterns, thus nicely meeting both expressiveness and
simplicity requirements.
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Security and privacy in the cloud

Privacy of users Privacy and integrity of Privacy and integrity of Secure and private
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preferences encryption structures for integrity
Digital
signatures

Fig. 2 Summary of security and privacy issues and corresponding solutions

Figure 2 summarizes the main categories of security and privacy issues discussed
above (gray boxes) along with some of the corresponding solutions (white boxes).
Note that this classification does not aim to be complete but only to provide a quick
overview of the solutions mentioned.

3 Privacy of Data Storage

The problem of protecting outsourced data while enjoying effective and efficient
data management and retrieval operations has attracted the attention of many
researches, and several investigations have been carried out. The problem is quite
complex and involves several aspects, including basic techniques for protecting
data at rest (Sect. 3.1), techniques for efficiently accessing encrypted data without
compromising their confidentiality (Sect.3.2), and data-centric techniques for
supporting selective access to the outsourced data without relying on the data owner
and/or on the honest-but-curious server storing the data (Sect. 3.3). We now describe
more in details these aspects.

3.1 Encryption and Fragmentation

The problem of protecting the confidentiality of outsourced data has been one of
the first issues investigated in the data outsourcing and cloud scenarios. In fact, the
risk that unauthorized parties (or even the external server itself) can access sensitive
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a PATIENTS b

[ SSN  [Name [YoB [Job | Disease | ¢y = {ssN}
1, [123456789 [Alice 1980 [Clerk |Asthma ¢, = {Name, Disease}
1,1234567891 |Bob  [1980 |Doctor |Asthma ¢, = {Name, Job}
151345678912 |Carol 1970 [Nurse |Asthma ¢;= {Job, Disease}

1,456789123 |David | 1970 |Lawyer |Bronchitis
15567891234 |Eva 1970 |Doctor |Bronchitis
1, (678912345 |Frank {1960 |Doctor |Gastritis
;789123456 |Gary |1960 |Teacher |Gastritis
14 (891234567 |Hilary | 1960 |Nurse |Diabetes

Fig. 3 An example of plaintext relation (a) and of a set of confidentiality constraints over it (b)

information is one of the main factors for which users (and not only) are often
reluctant to adopt the cloud for storing their data. The solutions proposed to protect
data confidentiality are based on encryption and fragmentation, which can be used
either singularly or in combination.

Encryption consists in wrapping a protective layer of encryption around data
before storing them at an external server (e.g., [17,34,37,44]). Since the encryption
key is known only to the data owner and to authorized users, this technique
protects the data against both external (malicious) parties, and the server itself.
While effective, this approach is based on the conservative assumption that all the
outsourced data are equally sensitive and must therefore be protected. However,
as first observed in [1, 20, 21], often data are not sensitive per se but what is
sensitive is their association with other data. As an example, the list of the names
of hospitalized patients and the list of diseases cured in a hospital are not sensitive.
On the contrary, the association of patients’ names with the illness they suffer from
is highly sensitive and should therefore be kept confidential. Data confidentiality
can then be achieved by properly protecting sensitive associations. Given a relation
r over relation schema R(ay,...,a,), both sensitive attribute values and sensitive
associations among them can be modeled through confidentiality constraints [1]. A
confidentiality constraint ¢ over R is a subset of the attributes in R (i.e., ¢CR),
modeling a sensitive association on the values of the attributes in c. Constraint
c states that, for each tuple ¢ in r: (i) value t[a] is considered sensitive per se,
if ¢ is a singleton constraint (i.e., ¢ ={a}); (ii) the joint visibility of the values
of the attributes in ¢ is considered sensitive, if ¢ is an association constraint (i.e.,
c={a,...,a;}). For instance, Fig. 3b illustrates a set of confidentiality constraints
over relation PATIENTS in Fig.3a. Singleton constraint cq states that the list of
Social Security Numbers is considered sensitive per se. The remaining association
constraints state that the association of: patients’ name with the disease they suffer
from (cy), patients’ names with their job ( ¢p), and patients’ job with their disease
(c3) are considered sensitive, respectively.

Given a relation r and a set C of confidentiality constraints over it, the goal is
to combine fragmentation and encryption techniques to guarantee that sensitive
values and sensitive associations are properly obfuscated. Intuitively, singleton
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constraints are enforced by encrypting the attribute values before outsourcing or by
not outsourcing the attribute values at all. Association constraints are enforced by
partitioning the attributes in R in different subsets (fragments), or by not releasing
(in clear form) at least one of the attributes in the constraint. A fragmentation
correctly enforces the confidentiality constraints if no fragment stored at the external
server represents all the attributes in a constraint in clear form, and fragments cannot
be joined by unauthorized users.

The approaches that rely on fragmentation and encryption for enforcing confi-
dentiality constraints differ in how they guarantee that fragments cannot be joined,
and in how they protect attribute values considered sensitive per se. Based on these
differences, existing techniques can be classified as follows.

* Non-communicating pair of servers [1]. The data owner partitions relation R in
two fragments, F| and Fj, stored at two non-communicating servers. Those
attributes that cannot be stored at any of the two servers without violating
confidentiality constraints are encoded and the result is stored at the two servers
(e.g., the attribute values are encrypted via one-time-pad, and the result of
encryption is stored at one server, while the key is stored at the other one).
Only users who can access both the versions of an encoded attribute can
reconstruct its plaintext values. Figure 4 illustrates an example of fragmentation
for relation PATIENTS in Fig. 3a that satisfies the confidentiality constraints in
Fig. 3b. It is composed of fragments F| = {t id, Name, YoB, SSNf, Disease’}
and F, = {tid, Job, SSNX, Diseasef}. Attribute tid is a tuple identifier
introduced in the two fragments to permit authorized users to correctly join F
and F to reconstruct the original content of relation PATIENTS. Attributes SSN*
and Diseasef represent the encoded version of attributes SSN and Disease,

respectively.
* Multiple fragments [21]. The data owner partitions relation R in an arbitrary
set of fragments, {Fy,...,F,,}, possibly stored at the same server. Fragments

are disjoint, meaning that no attribute is represented in clear form in more than
one fragment. All the attributes in R that are not represented in clear form in
a fragment are however represented in encrypted form in the fragment (i.e.,
each fragment is complete). Figure 4 illustrates an example of fragmentation
for relation PATIENTS in Fig. 3a that satisfies the confidentiality constraints in
Fig.3b. It is composed of three fragments: F| = {salt, enc, Name, YoB},
F,={salt, enc, Job}, and F3={salt, enc, Disease}. Attribute
salt is a randomly chosen value, different for each tuple in each fragment.
Attribute enc is the result of the encryption of the attributes in the original
relation that are not represented in clear form in the fragment, concatenated with
salt. For readability, in all our examples tuples in fragments are in the same
order as in the original relation, even if the order in which tuples are stored in
fragments is independent from the order in which they appear in the original
relation. Note that the possibility of using an arbitrary number of fragments has
the advantage that all attributes that are not involved in singleton constraints can
be represented in clear form in a fragment (in the worst case, we can have a
fragment for each attribute), as it is visible from the example above.
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F )
[tid[Name | YoB [SSN* [Disease" | tid[Job  [SSN* [Disease®|
1 |Alice [1980][jdkis [hyaf4k Clerk |uwq8hd [jsd7ql
2 |Bob [1980|u9hs9 [j97;qx Doctor (j-0.dl;  [0],nid
3 |Carol |1970{j9und (9jp‘md Nurse |8ojqdkf [j-0/n
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5 |Eva |1970|8nn[ [|0-mw-n Doctor |mj[9;’s [j0982e
6
7
8
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01N W B W=

Non-communicating pair of servers (two can keep a secret) [1]

Fy £ £
salt|enc Name | YoB salt|enc Job salt|enc Disease
s11 |Bd6!3  [Alice [1980 521 [8de6TO |Clerk s31 [ew3)V! [Asthma
s12 [Oj3X. |Bob [1980 522 [X’mIE3 |Doctor 532 |LKEd69 | Asthma
s13 |9KEf6? [Carol [1970 523 [wq.vy0 |Nurse 533 |[W8vd66 | Asthma
s14 |ker5/2  |David|1970 s24 [nh=I3a |Lawyer s34 |1”qPdd | Bronchitis|
s15 |C:mE91 [Eva [1970 525 [hh%kj) |Doctor 535 [(mn2eW | Bronchitis|
s16 [4IDwqz |Frank|1960 s26 [;vfSeS  |Doctor 536 | WD}x1X| Gastritis
s17 |me3,op |Gary |1960 527 [e4+Y Up|Teacher]| 537 |0opEl | Gastritis
s1s [zZWfdg> |Hilary| 1960 528 [pgt6eC |Nurse 538 | SwW@Fez| Diabetes

Multiple fragments [21]

£, L8
[G[SSN_ Tiob [oiease |
1 [123456789|Clerk [Asthma 1 [Alice |1980
2 1234567891| Doctor | Asthma 2 [Bob |1980
3 (345678912 Nurse |Asthma 3 |Carol [ 1970
4 1456789123| Lawyer | Bronchitis 4 |David|1970
5 [567891234| Doctor | Bronchitis| 5 |Eva [1970
6 |678912345| Doctor | Gastritis 6 |Frank|1960
7 1789123456| Teacher| Gastritis 7 |Gary |1960
8 (891234567 Nurse |Diabetes 8 |Hilary| 1960

Departing from encryption (keep a few) [20]

Fig. 4 An example of fragmentation of relation PATIENTS in Fig.3a according to the non-
communication pair of servers, multiple fragments, and departing from encryption scenarios

* Departing from encryption [20]. The data owner partitions relation R in two
fragments, F, and F, and locally stores one of them (F,), while the other is
outsourced to an external server (Fs). Since only authorized users can access
F,, neither the server nor unauthorized users can join F, and F; to possibly
reconstruct sensitive associations. Note that fragment F, can both include
attributes considered sensitive per se and sensitive associations. This solution
completely departs from encryption, but it requires the data owner to locally store
a portion of her data and to cooperate with the external server in query evaluation.
Figure 4 illustrates an example of fragmentation for relation PATIENTS in Fig. 3a
that satisfies the confidentiality constraints in Fig. 3b. It is composed of fragment
F,={tid, SSN, Job, Disease} stored at the data owner side, and fragment
Fy={tid, Name, YoB} stored at the external server side.
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Fig. 5 An example of encrypted and indexed version of relation PATIENTS in Fig. 3a

Encryption, fragmentation, and their combinations are powerful mechanisms for
protecting data confidentiality. However, there are still several open issues that need
to be further investigated. In fact, fragmentation and encryption break associations
among attribute values that could be considered of interest for final recipients, thus
compromising the utility of released data. Alternative solutions that protect data
while preserving a certain utility are therefore needed [25]. Also, confidentiality
constraints are defined over relation schemas, while they could be extended to
operate at the instance level (i.e., at the attribute values level). We also observe that
encryption and fragmentation work under the assumption that the data collection
never changes. Techniques supporting updates to the outsourced data collection
without compromising confidentiality still need to be designed.

3.2 Indexes

The adoption of encryption for protecting data confidentiality makes query exe-
cution difficult. In fact, confidentiality demands that data decryption must be
possible only at the user side. Solutions have been then developed to enable cloud
servers to execute queries directly on encrypted data. These solutions complement
the outsourced relation with a set of indexes, which are metadata information
built on the plaintext values of the attributes [44]. Formally, a relation r, defined
over schema R(ai,...,a,), is represented at the server side through an encrypted
relation % over schema R¥(tid, enc, I;,...,I;;). Attribute tid is a numerical
attribute added to the original relation and acting as a primary key. Attribute
enc represents the encrypted tuple. Attribute /;,, [ = 1,...,j, is the index defined
over attribute a;, in R. Each tuple ¢ in r is represented by an encrypted tuple
#* in * where t*[enc]=Ei(t), with E a symmetric encryption function with
key k, and *[ I;,1=1(t[a;]), with 1 an index function defined over D;,. Note that
RF has an index only for those attributes in R on which conditions need to be
evaluated. Figure 5 illustrates an example of encrypted and indexed version of
relation PATIENTS in Fig.3a, with indexes over attributes Name (/,), YoB (1),
Job (I;), and Disease (Iy).
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Different indexing techniques have been proposed in the literature to support
different kinds of conditions. Most of these indexing techniques can be classified in
the following three classes, depending on how the corresponding index function t
maps the original values to the corresponding index values.

* Direct index. Index function 1 maps each plaintext value to a different index
value and vice versa. An example of direct index is represented by encryption-
based indexes (e.g., [22]). For each tuple ¢€r, the value of index /, defined over
attribute a, is computed as t(¢t[a]) = Ex( t[a]). For instance, index I, in relation
PATIENTSF in Fig. 5 represents an example of direct index over attribute YoB of
relation PATIENTS in Fig. 3a.

* Bucket-based index. Index function 1 maps different plaintext values to the
same index value, generating collisions. Each plaintext value is however mapped
to only one index value. An example of bucket-based index is represented
by partition-based indexes, which partition the domain D of attribute a into
non-overlapping subsets of contiguous values, and associate a label with each
partition (e.g., [37]). For each tuple t&r, the value of index /, defined over
attribute a, corresponds to the label of the unique partition to which value ¢[a]
belongs. For instance, index I, in relation PATIENTS® in Fig.5 represents an
example of partition-based index over attribute Name of relation PATIENTS in
Fig.3a. The domain of attribute Name has been partitioned in four intervals
depending on the initial of the name, with labels:  for names with initial in
the range [A,B], p for names with initial in the range [C,D], o for names
with initial in the range [E,F], and 7 for names with initial in the range [G,H].
Another example of bucket-based index is represented by the hash-based indexes
(e.g., [17]). For each tuple r€r, the value of index I, defined over attribute
a, is computed as i(t[a]) = h(t[a]), where h is a secure hash function that
generates collisions. For instance, index /; in relation PATIENTSK in Fig.5
represents an example of hash-based index over attribute Job of relation
PATIENTS in Fig.3a. The hash function adopted generates collisions and, in
particular, is defined as follows: h(Clerk) = A(Nurse) =8, h(Doctor) =¢€, and
h(Lawyer) = h(Teacher) = .

» Flattened index. Index function 1 maps each plaintext value to a set of index
values to guarantee that all index values have the same number of occurrences
(flattening). Each index value represents one plaintext value only. The index can
be obtained by applying an encryption function to the plaintext values of the
attribute and a post processing that flattens the distribution of the index values
(e.g., [45]). For instance, index I; in relation PATIENTS in Fig.5 represents
an example of flattened index over attribute Disease of relation PATIENTS in
Fig. 3a, where each index value has exactly one occurrence.

These indexing techniques support the partial evaluation at the server-side of
SQL queries. Given a query g, it is translated into a query g executed at the server
side on the encrypted relation, and a query g. executed at the client side on the
decrypted result of g;. Query g, includes all conditions that cannot be evaluated
by the server and aims at eventually discarding all spurious tuples returned by
gs, that is, all tuples that do not satisfy the original query submitted by the user.
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The translation of query ¢ into query g5 and g, depends both on the kind of indexes
defined for the attributes involved in the query and on the kind of query. As an
example, consider query g = “SELECT Aff FROM R WHERE Cond”, where AftCR
and Cond is a set of equality conditions of the form a =v, with a€R and v a
constant value in the domain D of a. Each equality condition a =v is translated
into an equivalent condition / IN 1(v), with / the index defined over a and 1 the
corresponding index function. Query ¢ is then translated into query g; = “SELECT
enc FROM R¥ WHERE Cond*”, where Cond" includes, for each equality condition
a =v, the equivalent condition / IN t(v). The client will decrypt the result of g;
computed by the server, and will execute query g, that eliminates spurious tuples,
evaluates conditions that cannot be performed at the server side, and projects only
the attributes in A#f to obtain the result of g. For instance, query ¢ = SELECT Name
FROM PATIENTS WHERE Job = ‘Nurse’ AND Disease = ‘Asthma’ is translated
into query gy = SELECT enc FROM PATIENTS® WHERE I;=0 AND I;€{n,0,0},
which returns the first and third tuples in Fig.5. The client then filters spurious
tuples from the result of g, by evaluating query g. = SELECT Name FROM Dj(Res*)
WHERE Job = ‘Nurse’, where Res® is the encrypted result returned by the server
and D the symmetric decryption function with key k. Query g, returns the value of
attribute Name of tuple #; in Fig. 3a, which corresponds to the result of the original
query g formulated by the user.

Indexing techniques specifically aimed at supporting the efficient evaluation of
range conditions are based on order preserving encryption schemas (e.g., [3, 45]).
Indexes that support aggregate functions and the basic arithmetic operators (i.e.,
+,—,x) rely on homomorphic encryption techniques (e.g., [32, 36]). Additional
indexing techniques, which cannot be classified as mentioned above, are based,
for example, on the definition of data structures (e.g., B+-tree) coupled with the
encrypted relation and stored at the server [22].

The definition of indexes over outsourced relations must balance precision in
query evaluation and privacy of the data [17]. In fact, more precise indexes provide
more efficient query execution, at the price of a greater exposure to possible privacy
violations. Also, the number of indexes complementing an outsourced relation
should be carefully tuned, since each additional index may cause a rapid growth
to the risk of privacy violations.

3.3 Selective Encryption

In many real-world systems, different users may have different privileges on the
outsourced data. Traditional access control architectures are based on the presence
of a trusted component, called reference monitor, that is in charge of enforcing
the access control policy defined by the data owner. In a cloud scenario, however,
neither the data owner (for efficiency reasons) nor the cloud server storing the data
(for privacy reasons) can enforce the access control policy. An interesting solution
addressing this issue consists in adopting selective encryption [24], meaning that
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Fig. 6 An example of access matrix regulating access to relation PATIENTS in Fig. 3a

different keys are used for encrypting different data. The encryption keys are
then (directly or indirectly) released only to the users authorized to access the
corresponding data. The idea of using different keys for enforcing access control
is not new and has been first introduced in other contexts. For instance, in [42]
the authors propose to store encrypted XML documents on (potentially insecure
and vulnerable) Web servers. The decisions about access rights to different portions
of an XML document can be made by the document creator and are immediately
applied to the XML document by using different encryption keys for different
portions of the same XML document. To enforce access restrictions, users then
obtain only the keys associated with the portions of XML documents for which they
have an access right. Other proposals put forward the idea of using hierarchical-
based access control in the context of distributed environments and broadcast pay
tv content (e.g., [12,49]). In the remainder of this section, we describe the main
characteristics of the selective encryption approach in [24], specifically designed
for the cloud scenario.

Given a set U of users and a relation r, the authorization policy regulating access
to tuples in 7 is represented by an access matrix M, with a row for each user ucU
and a column for each tuple t&r. Cell M[u,t] is equal to 1 (0, respectively), if user
u can (cannot, respectively) access tuple ¢. For each tuple #, acl(r) denotes the set
of users who can access it (i.e., its access control list). For instance, Fig. 6 illustrates
an example of access matrix regulating access to the tuples of relation PATIENTS in
Fig.3abyasetU ={A,B,C,D,E} of users.

The authorization policy defined by the data owner is translated into an equiva-
lent encryption policy. The encryption policy regulates keys used to encrypt tuples
as well as key distribution to users and must be equivalent to the access control
policy defined by the data owner, that is, each user can decrypt all and only the
tuples she is authorized to access.

The translation of an authorization policy into an equivalent encryption policy
is driven by two requirements: (i) each user must manage at most one key, and (ii)
each tuple must be encrypted at most once (i.e., no replication). To satisfy these two
desiderata, the approach in [24] adopts a key derivation technique based on public
tokens, which permit to compute the value of an encryption key starting from the
knowledge of another key and a piece of publicly available information [10]. Each
key k; is associated with a public label /; and, given keys k; and k;, token foken; ;
is computed as k;Dh( k;,l;), with @ the bitwise xor operator, and & a deterministic
cryptographic function. Token foken; ; permits to derive key k; from k; and public
label ;. Key derivation techniques are based on the definition of a key derivation
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Fig. 7 An example of encryption policy equivalent to the access control policy in Fig.6,
considering the subset {A,B,C,D} of users

graph, specifying which keys can be derived from other keys. A key derivation
graph is a directed acyclic graph whose vertices represent keys, and whose edges
represent tokens. The existence of a path from key k; to key k; in the key derivation
graph denotes the fact that k; can be (directly or indirectly, via a chain of tokens)
derived from k;. A key derivation graph correctly enforces an authorization policy
M if each user u;€U can derive, starting from the key she knows, the keys used
to encrypt all and only the tuples ¢;€r that she can access (i.e., with M[u;,t;] = 1).
To define such a graph, the idea is to exploit the set containment relationship C
over U. A key derivation graph induced by C over U has a vertex for each subset
of users in U and a path from vertex v; to vertex v; if v; represents a subset of the
users represented by v;. The correct enforcement of the policy is guaranteed if each
user knows the key of the vertex representing herself in the graph, and each tuple
is encrypted with the key of the vertex representing its acl. For instance, consider
the portion of the access matrix in Fig. 6 defined for the subset {A,B,C,D} of users.
The encryption policy in Fig. 7 is equivalent to the access control policy represented
by the first four rows in Fig. 6. For readability, each vertex in the graph of Fig.7 is
labeled with the set of users it represents. As an example, user A can decrypt tuples
11, 4, tg, and t7 since she can derive, starting from vertex labeled A, the keys with
which these tuples are encrypted.

Although effective for enforcing the authorization policy, the solution above
defines more keys and tokens than necessary. Since the number of tokens in the
system influences the access time, the proposal in [24] reduces the number of
tokens by removing from the key derivation graph the vertices and edges that are
not necessary to enforce M. The problem of minimizing the number of edges in a
key derivation graph is however NP-hard. In [24] the authors propose an heuristic
approach, which has been proved to obtain good results, based on two observations:
(i) the vertices needed for correctly enforcing an authorization policy are those
representing singleton sets of users and the acls of tuples in r; (ii)) when two or
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more vertices have more than two common direct ancestors, the insertion of a
vertex representing the set of users corresponding to these ancestors reduces the
total number of tokens. Figure 8a illustrates an example of key derivation graph
obtained adopting the approach in [24] over the access matrix in Fig. 6. As it is
visible from the figure, the graph includes a vertex for each user and for each acl of
a tuple in the system. It also includes an additional vertex (i.e., ABC), introduced to
limit the number of tokens in the system. Clearly, the encryption policy in Fig. 8 is
more convenient than the one in Fig. 7, as it reduces both the number of keys and
the number of tokens in the system, while managing an additional user.

a b c

user [key| |tuple[key |

A Tk, t |ky

B kg t |kppe

C |k¢ t; |kp

D |kp iy |kapcp

E |kg Is |KppE
ts |kapcpE
t7 |kapcE
I3 |kc

Fig. 8 An example of encryption policy equivalent to the access control policy in Fig. 6

Since the keys used to encrypt tuples depend on their access control lists,
whenever the authorization policy changes, the tuples involved in the policy update
may need to be re-encrypted to guarantee the equivalence of the encryption policy.
For instance, assume that user E is revoked the privilege to read tuple . Such a tuple
should be first decrypted using key kapcpe, and then encrypted using key kapcp.-
However, re-encryption requires the direct involvement of the data owner and can
be computationally expensive. The number of re-encryption operations are therefore
minimized by adopting two layers of encryption that allow the server to manage
policy update operations [24]. The Base Encryption Layer (BEL) is applied by the
data owner before transmitting the relation to the server and consists in encrypting
the tuples according to the authorization policy existing at initialization time. The
Surface Encryption Layer (SEL) is performed by the server over the tuples already
encrypted by the data owner. It enforces the dynamic changes over the policy. The
basic idea consists in over-encrypting the tuples so that a user can access a tuple
only if she knows or can derive the key used for encrypting the tuples at both levels.

The solution in [24] enforces read privileges only and has been complemented
with another technique that allows the management of write operations [23]. This
work associates each tuple with a write fag. The write tag is a random value chosen
by the data owner independently from the tuple content, and is encrypted with a key
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known only to users who can modify the tuple and to the external server. The server
will then enforce a write operation on a tuple only if the requesting user proves to
know the write tag of the tuple. The proposal in [23] extends the key derivation
graph with a key for the server and the keys necessary for protecting write tags. For
instance, consider the read privileges in Fig. 6 over relation PATIENTS in Fig. 3a, and
assume that: tuples 1, #4, and #7 can be modified by user A only; tuples #, and 7
can be modified by B, D, and E; tuples #3 and 75 can be modified by D; and tuple g
can be modified by C. Figure 9 illustrates the encryption policy in Fig. 8, extended
to properly enforce write privileges. In the figure, we denote the external server as S.

a b c
[user [key] [tuple [read key [write key |
A |k, 1 |ky kys
B |kp o |kppE kppEs
C |ky 13 |kp kps
D kp 4 |kqpep  |kas
E |kg s |kppe  |kps
s |kapcpe |KBpES
7 |kapce |kas
1y k¢ ks

Fig. 9 Encryption policy in Fig. 8, extended to enforce write authorizations

Open issues that still need to be addressed are related to the expressive power
of the supported access control policy, especially considering the ever-increasing
bring-your-own-device (BYOD) trend. In fact, it would be interesting to develop
solutions that will allow the specification of fine-grained restrictions, based on the
users’ context and on the specific device adopted for accessing data.

4 Indexes and Fragmentation

The fragmentation works illustrated in Sect.3.1 permit to delegate to the server
the evaluation of any condition over attributes appearing plaintext in a fragment.
However, the client still needs to evaluate those queries that operate on encrypted
attributes, or that involve attributes that are not represented in plaintext in the same
fragment. For instance, consider the fragmentation in Fig. 4 obtained in the multiple
fragments scenario of relation PATIENTS in Fig. 3a. Query ¢ = SELECT Name FROM
PATIENTS WHERE YoB = 1980 AND Disease = ‘Asthma’ cannot be evaluated
by the server, since attributes YoB and Disease do not appear in the clear in the
same fragment and the server can neither decrypt attribute enc nor join | and F3.
Hence, one of the two conditions in ¢ must be evaluated by the client. To mitigate
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the client’s overhead in query evaluation, fragments can be complemented with
indexes over encrypted attributes. Figure 10 illustrates three versions of fragment
Fy in Fig.4, complemented with index I; over attribute Disease, which has
been computed using each of the three kinds of indexes illustrated in Sect.3.2.
The presence of indexes in a fragment could however cause unintended leakage
of sensitive information [28]. The exposure to leakage varies depending on the
knowledge that a curious observer (e.g., the external server) can exploit and the kind
of indexes. In particular, the following two kinds of knowledge can be exploited for

breaching data confidentiality.
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Fig. 10 Fragment F in Fig. 4 complemented with a direct index (a), a bucket-based index (b), and

a flattened index (c) over attribute Disease

Disease
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Fig. 11 An example of vertical (a) and horizontal (b) knowledge by an observer

Fig. 11a).

* Horizontal knowledge is the knowledge of the presence of a tuple ¢ (or a set
thereof) in r, and is due to external knowledge by an observer. For instance, an

observer may know that Alice suffers from Asthma (see Fig. 11b).

Vertical knowledge is the knowledge of the projection of attribute a over relation
r, and is due to the presence of attribute a in the clear in one fragment and
indexed in other fragments. Vertical knowledge does not require any additional
external information for an observer since, apart from the case where the attribute
appears in a singleton constraint, it refers to information immediately present in
other accessible fragments. For instance, fragment F'3 in Fig. 4 makes visible the
plaintext values (and their number of occurrences) of attribute Disease (see
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Let us now examine the exposure risk of indexed fragments under the assump-
tions of horizontal and vertical knowledge and of the presence of indexes belonging
to the three categories discussed in Sect. 3.2 [28].

* Direct index. Index function 1 preserves the frequency distribution of plaintext
values, which can be exploited to reconstruct the value-index association by an
observer with vertical and/or horizontal knowledge. Vertical knowledge permits
to precisely reconstruct the value-index association for values characterized by
a unique number of occurrences (outliers). For instance, consider the indexed
fragment in Fig. 10a and the vertical knowledge in Fig. 11a. It is immediate to
see that 1(Asthma)= o and t1(Diabetes) =6 since these are the only plaintext
and index values with 3 occurrences and 1 occurrence, respectively. Hence,
an observer can infer that Alice, Bob, and Carol have Asthma and Hilary has
Diabetes. Horizontal knowledge permits to precisely reconstruct the value-index
association for the plaintext value v=t[a] known by the observer, exposing
all the tuples in r with value v for attribute a. For instance, in the example
above, knowing that Alice suffers from Asthma permits an observer to infer that
1(Asthma) = o and then that also Bob and Carol suffer from the same illness.

* Bucket-based index. Index function t does not preserve the frequency distribution
of plaintext values. However, the index value corresponding to plaintext value
v will have a frequency equal to or higher than (in case of collisions) the
frequency of v. Values with a high number of occurrences (outliers) are then
still exposed. Vertical knowledge permits to identify the index values associated
with frequent plaintext values, and then to reconstruct the value-index association
for such values with a known probability of error. For instance, consider the
indexed fragment in Fig. 10b and the vertical knowledge in Fig. 11a. Clearly,
1(Asthma) = € since this is the only index value with at least 3 occurrences. Also,
t(Diabetes) = € since Diabetes is the only plaintext value with 1 occurrence.
An observer can then infer that three patients among Alice, Bob, Carol, and
Hilary has Asthma (each with probability 0.75) and one has Diabetes (each
with probability 0.25). Horizontal knowledge permits to identify the index
value representing the known plaintext value v=t[a]. This index value may
however correspond also to other plaintext values, limiting the observer’s ability
to precisely reconstruct value-index associations. For instance, in the example
above, knowing that Alice suffers from Asthma permits an observer to infer
that 1(Asthma) = €. However, nothing can be said about Bob, Carol, and Hilary
since € could also represent other plaintext values (different from Asthma). By
combining horizontal with vertical knowledge, however, she can infer that two
among Bob, Carol, and Hilary suffer from Asthma (each with probability 0.66)
and one suffers from Diabetes (each with probability 0.33).

» Flattened index. Index function 1 flattens the frequency distribution of index val-
ues. Vertical knowledge does not help in establishing correspondences between
plaintext values and index values. Horizontal knowledge permits to identify one
of the index values representing the known plaintext value v =t[a], exposing
only the tuples associated with this index value (in contrast to the possibly larger
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Fig. 12 Fragment F; in Fig. 4 complemented with a flattened index with collisions over attribute
Disease

set of tuples with value v for a). For instance, consider the indexed fragment in
Fig. 10c and the horizontal knowledge in Fig. 11b. An observer can only learn
that 1(Asthma) = x. However, no other association is exposed, because x has
only one occurrence in F (although Asthma has frequency 3 in F3).

An index function t that flattens the frequency distribution of index values and
that generates collisions provides protection against both horizontal and vertical
knowledge. In fact, as illustrated above, inference attacks caused by vertical
knowledge can be counteracted by flattening the frequency distribution of index
values. Inference attacks caused by horizontal knowledge are mitigated by index
functions that map different plaintext values to the same index value, generating
collisions. For instance, Fig. 12 illustrates fragment F'; in Fig. 4 complemented with
a flattened index with collisions over attribute Disease. This indexed fragment is
protected against both vertical and horizontal knowledge in Fig. 11. Indeed, vertical
knowledge cannot be exploited for frequency-based attacks (all the index values
have two occurrences). Horizontal knowledge permits to infer that 1(Asthma) = o
but, since 1 generates collisions, the observer cannot say anything about the disease
from which Bob suffers. Although the proposal in [28] is focused on the adoption
of one index, the discussion can easily be extended to the case where fragments
are complemented with multiple indexes. In fact, flattening and collisions provide
adequate protection in different scenarios (e.g., multiple indexes in one fragment,
a same attribute indexed in different fragments, two attributes appearing one in
plaintext and the other indexed in one fragment and reversed in another fragment).

Although effective to protect data at rest, a flattened index function with
collisions has the disadvantage of reducing the performance in query evaluation.
In fact, flattening requires to retrieve different index values when searching for one
plaintext value, and collisions require a post-processing at the client side to remove
spurious tuples in the query result computed by the server. As an example, consider
fragment F'| in Fig. 12, condition Disease = ‘Asthma’ translates into condition 14
IN {o,0}. The evaluation of this condition would however return a tuple with value
Diabetes for attribute Disease (i.e., tuple tg), since Asthma and Diabetes are both
mapped to value §. Also, flattened indexes with collisions remain still vulnerable
to dynamic observations (i.e., to adversaries who can observe users’ queries). In
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Fig. 13 Knowledge of user A over relation PATIENTS (b) and PATIENTS* (c)

fact, by observing a long enough sequence of queries, an observer can easily infer
the index values to which each plaintext value has been mapped, since they always
appear together in query conditions. With reference to the example above, every
query including condition Di sease = ‘Asthma’ is translated into a query including
condition 7; IN {o,8}. An observer can then easily infer that ¢ and 6 represent the
same plaintext value (Asthma, in our example). The protection against dynamic
observations represents an open issue that still needs to be addressed, along with
the problem of defining an efficient index function that provides both flattening and
collisions.

5 Indexes and Selective Encryption

Selective encryption approaches illustrated in Sect.3.3 enforce access control
restrictions over outsourced data by guaranteeing that each user can decrypt all and
only the tuples she is authorized to access. However, when data are made selectively
available, the combination of selective encryption with indexes used for enabling
efficient query execution on encrypted data may open the door to inferences. In fact,
users may have visibility of indexes even of tuples they are not allowed to access.
Such visibility, together with their ability to view data for which they are authorized,
can allow them to possibly infer plaintext values of tuples they should not be able
to read. In the following, for clarity in the exposition but without loss of generality,
we will refer the discussion to one attribute a only.

The knowledge that a user u# can exploit for inferences can be summarized as
follows: (i) index function t used to define index I over attribute a (necessary to
translate user’ queries into queries that operate at the server side); (ii) plaintext
tuples that the user can access (i.e., ¢ such that ucacl(t)); (iii) all the encrypted tuples
in 7*. For instance, consider relation PATIENTS in Fig.3a and the authorization
policy in Fig. 6 (which is also summarized in Fig. 13a for the reader’s convenience),
Fig. 13b,c illustrate the knowledge of user A over the plaintext and encrypted
relation. Gray cells denote values that A is not authorized to read.

The information that a user with this knowledge can infer depends on the kind of
index adopted (see Sect. 3.2), as illustrated in the following [27].
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Fig. 14 Knowledge inferred by user A over relation PATIENTS

Direct index. Index function 1 is a bijective function that maps each plaintext
value to one index value (and vice versa). It then exposes all the tuples with
the same plaintext value for attribute a of a tuple that the user is authorized to
access. For instance, index I, over attribute YoB in Fig. 13c has been computed
using a direct index function. Since user A can access tuple ¢, she knows that
1(1980) = cx. She can then infer that 7,[YoB] = 1980, even if she is not authorized
to access tuple #,. In a similar way, A can also infer that 1(1970) = 3 and that
1(1960) =7 (i.e., she knows the plaintext value of attribute YoB of each tuple
in PATIENTS). The user also knows index function 1. Hence, she can compute
the index value 1(v) associated with each value v in the domain of attribute a,
and possibly reconstruct the value that attribute a assumes in each tuple ¢ of the
outsourced relation, independently from her access privileges over ¢.
Bucket-based index. Index function 1 is a surjective function that maps multiple
plaintext values to one index value. The inference risks described for direct
indexes are mitigated by collisions. In fact, multiple occurrences of a same index
value may correspond to different plaintext values. The user’s knowledge of
index function t could however reduce the uncertainty over the value assumed
by attribute a in a tuple ¢ that she is not authorized to access. For instance, index
I; over attribute Job in Fig. 13c has been computed using a bucket-based index
function. Since user A can access tuple 71, she knows that 1(Clerk) = 6. However,
she does not know with certainty whether #3[Job] = Clerk and tg[Job] = Clerk
since function 1 may generate collisions and map different plaintext values to
index value 0.

Flattened index. Index function 1 is an injective function that maps a plaintext
value to multiple index values, guaranteeing a flat distribution of the number of
occurrences of index values. Like direct indexes, flattened indexes expose all the
tuples with the same plaintext value for attribute a of a tuple that the user is autho-
rized to access. In fact, when decrypting a tuple ¢ that she can access, the user
knows one of the index values representing value v =t[a]. By computing 1(v),
she exactly knows which tuples in 7 have value v for attribute a. For instance,
index I over attribute Disease in Fig. 13c has been computed using a flattened
index function. Since user A can access tuple ¢, she knows that 1(Asthma) =7
and, since she can compute t1(v) for any v in the domain of attribute Disease,
she can compute the set of index values representing Asthma, that is, {1,0,0}.
She can then infer that #,[Disease] =t3[Disease] = Asthma.



144 S. De Capitani di Vimercati et al.
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Fig. 15 An example of encrypted and indexed version of relation PATIENTS with index I, over
YoB computed using a user-dependent function (a) and a salted user-dependent function (b)

Inferences by user A over relation PATIENTS are summarized in Fig. 14, where
light-gray cells represent values, reported in italic, that A is not authorized to access
but that she can infer from her knowledge.

From the observations above, we note that inference is mainly caused by the
presence of the same index value associated with tuples characterized by different
authorizations. In [27] the authors proposed a solution, which is focused on direct
indexes since they represent the worst case scenario, based on the principle that
different occurrences of the same index value must be mapped to different index
values when they should be visible to different subsets of users. The index value to
which t[a] should be mapped therefore depends, not only on value v = f[a], but also
on acl(t). To this purpose, each user u has its own index function t ;,, which depends
on a private piece of information that she shares with the data owner. Given a tuple
t, the data owner computes a different index value 1 ( t[a]) for each ucacl(t). Each
user will then use her index function 1, to formulate queries to be evaluated by the
external server over indexes. For instance, Fig. 15a illustrates relation PATIENTSH,
where the index over attribute YoB has been computed adopting a user-dependent
function. In the figure, for simplicity, we indicate with a sub-script the user whose
index function generated the value (i.e., v, is a value generated by 1;;). Note that
Vi, 7 Vu;-

Since all the index values associated with a specific plaintext value of attribute
a are visible to all the users in the system, the adoption of user-dependent index
functions is not sufficient to block all the inferences. In fact, tuples sharing the
same value for attribute a that are characterized by different but overlapping acls,
called conflicting tuples, are exposed to inferences by users who can access at least
one of these tuples. For instance, with reference to relation PATIENTS in Fig. 15a,
user A cannot exploit her knowledge of tuple #; to infer the value of #[YoB].
However, by observing that Sp appears in tuples #4 together with B4, A can infer
that Bp represents value 1970 and hence that 73[YoB] = t4[YoB] = 15[ YoB] = 1970.
To block this inference channel, conflicting tuples must be associated with disjoint
sets of index values. To impose diversity of indexes, the value computed by index
function 1, is differentiated by applying different randomly generated salts to
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conflicting tuples. For instance, Fig. 15a illustrates relation PATIENTS, where the
index over attribute YoB has been computed adopting a salted user-dependent
function. In the figure, we denote salted versions of value v as v/ and v".

While effective, the solution illustrated above presents similar privacy risks to the
one described in Sect. 4. More precisely, this indexing technique remains vulnerable
to dynamic observations, since monitoring a sufficient number of queries would
permit an observer to reconstruct which (salted) index values represent the same
plaintext value. Furthermore, collusion between authorized users and the external
server may put data confidentiality at risk. The protection against these threats still
remains an open issue.

6 Conclusions

Cloud computing offers a variety of new opportunities to users and companies,
and many efforts have been therefore dedicated to the design of cloud-based ser-
vices, applications, and infrastructures. While appealing, cloud computing however
introduces new security and privacy issues. In this chapter, we analyzed the data
protection issues, and described approaches for the protection of data confidentiality,
and for the efficient and selective access to data. We also illustrated open problems
arising from the combined application of such solutions and highlighted possible
directions to address them.
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Enabling Collaborative Data Authorization
Between Enterprise Clouds

Meixing Le, Krishna Kant, and Sushil Jajodia

Abstract We consider a collaborative enterprise computing environment where a
group of enterprises or parties maintain their own relational databases to which
they allow restricted access to other parties. The access is regulated by means of
a set of authorization rules that may be defined using relational calculus, including
joins over relations from multiple parties. In this chapter, we provide an overview
of the issues that arise in such an environment and some solutions. In particular,
since individual parties are likely to formulate the rules in a somewhat piecemeal
manner, the rules may be mutually inconsistent or inadequate to answer the desired
queries. We address the issues of detecting inconsistencies and methods for fixing
them. We also discuss the question of enforceability (or adequacy) of the rules.
When rules, as given, are not enforceable, we can either augment the access rights
or employ trusted third parties to perform unenforceable operations. We also address
the issue of handling dynamic changes to rules. Finally, we consider the problem of
generating efficient query plans in this environment.

1 Introduction

Enterprises increasingly need to collaborate to provide rich business services to
clients and with minimal manual intervention. This requires the enterprises involved
in the service path to share data in an orderly manner. For instance, an automated
determination of patient coverage and costs requires that a hospital and insurance
company be able to make certain queries against each others’ databases. Similarly,
to arrange for automated shipping of merchandise and to enable automated status
checking, the e-commerce vendor and shipping company should be able to exchange
relevant information, perhaps in form of database queries. To achieve collaborative
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computation, data owners need to provide access to their data to other parties based
on the needs of the allowable queries. It is also important not to release more
information than necessary. For example, an insurance company may wish to access
patient data at hospital for the individuals that it insures. However, it would be highly
undesirable for the hospital to release information about patients that are not the
clients of the said insurance company. In relational terms, this means that the access
granted to the insurance company is over the join of its client table and hospital’s
patient table projected over the desired columns. With multiple parties involved,
each with their own data sharing and protection requirements, the picture could get
rather complicated, thereby leading to the problems such as conflicts between rules
or insufficient access to answer the desired queries. These are the issues of primary
concern in this chapter. In the rest of the chapter, we introduce the cooperative
data access model and problems in Sect.2. We discuss the mechanisms to solve
the various problems in Sect. 3. In Sect. 4, we discuss use of trusted third parties for
collaboration and handling of authorization rule changes. At last, we conclude our
discussion and list interesting future directions for research in Sect. 5.

2 Cooperative Data Access Model

Without loss of generality, we assume each collaborative party or enterprise
maintains its own data in its private cloud. Such a party may have its own data
center running the private cloud or possibly running the cloud on infrastructures
rented from a provider. We assume here that all data is stored in relational form
and structured in a standard form such as BCNF. The latter property allows for
lossless joins over keys. It may be possible to extend the analysis to more general
data models, but that aspect is beyond the scope of this chapter.

As the enterprises need to collaborate with one another to fulfill the desired
business requirements, they will negotiate among themselves suitable access rights.
For instance, an insurance company may request access to some hospital data,
perhaps in exchange for providing some of its data to the hospital. We define the data
access privileges using a set of authorization rules. Since we are dealing with the
relational model, the authorization rules are made over the original tables belonging
to enterprises or over the lossless joins (P<) over two or more relational tables.
The join operations, coupled with appropriate projection and selection operations
define the access restrictions. In order to enable working with only the schemas, in
this chapter, we do not consider the selection operation. We use the join operation
over the relations because it can implicitly constrain the tuples being released to
the authorized party and it meets the requirement of cooperative data access. For
example, if the hospital thinks the insurance company should be able to obtain
the patient information but only these patients who have plans with this insurance
company, then the authorization given to the insurance company is defined only on
the join result of hospital and insurance tables.
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We assume that the authorization rules themselves are not considered sensitive
and are visible to all parties. In cases where this is not desirable, all the rules could
be managed by a trusted third party but this only affects where the algorithms
considered in this chapter can run. In either case, we assume that all rules are
available in a central place for manipulations. The purpose of cooperative data
access is for parties to run queries against one-another’s databases. Thus, we first
need to check if the information requested by the querier (or client) is authorized,
and if so build a query execution plan to retrieve the desired data. The query
execution plan must follow the given authorization rules at every step. Figure 1
shows a possible architecture for this environment. As a client initiates a query, it is
first handled by the query planner which checks authorizations and generates a safe
query plan.

Safe query plan
: query p Cloud Cloud
Client ) Query results 7 | N
Qubry Safe query plan metadata

Authorization check and
server assignment

Catalog

Authorization

rules

Query planning

Distributed query planner

Fig. 1 Centralized authorization rule control

For simplicity, we assume simple select-project-join queries (e.g., no cyclic join
schemas or queries). In general, the join operation cannot be done on any two
arbitrary attributes, and the possible joins between different relations are usually
limited. We assume that the join schema is given —i.e., all the possible join attributes
between relations are known. Each join in the schema is assumed to be lossless so
that a join attribute is always a key attribute of some relations. We also assume
that the collaborating parties are non-malicious and strictly follow the given rules.
Finally, we assume that there is only one authorization rule over each distinct join
operation.

2.1 Notations and Definitions

We first introduce our authorization model. An authorization rule 7 is a triple
[A;, J;, P], where J; is called the join path of the rule, A, is the authorized attribute
set, and P; is the party authorized to access the data.
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Definition 1. A join path is the result of a series of join operations over a set of
relations Ry, R; ... R, with the specified equi-join predicates (A;1,A,1), (An2,A4,2) ...
(Ajn,Arm) among them, where (A;,A,;) are the join attributes from the two relations.
We use JR; to indicate the set of relations in a join path J;. The length of a join path
is the cardinality of JR;.

We can consider a join path as the result of join operations with all the attributes
intact. Then A, can be interpreted as set of attributes projected on the join path
accessible to party P;. Table 1 shows an example set of rules given to the cooperative
parties. The first column is the rule number, the second column gives the attribute
set of the rules, the third column is the join path, and the last column shows the
authorized parties of the rule. Only one rule can be given to a party on a given join
path. We assume that each authorization rule includes all of the key attributes of the
relations that appear in the join path. In other words, a rule has all the join attributes
on its join path. We believe that this is a reasonable assumption as in most cases
when the information is released, it is released along with the key attributes.

Table 1 corresponds to our running example throughout this chapter. It concerns
an e-commerce scenario with four parties (or Enterprises): (a) E-commerce, denoted
as E, is a company that sells products online, (b) Customer_Service, denoted C,
that provides customer service functions (potentially for more than one company),
(c) Shipping, denoted S, provides shipping services (again, potentially to multiple
companies), and finally (d) Warehouse, denoted W, is the party that provides storage
services. To keep the example simple, we assume that each party has but one relation
described as follows:

Table 1 Authorization rules for e-commerce cooperative data access

Rule no.  Authorized attribute set Join path Party
1 {pid, location} w Py
2 {oid, pid} E Py
3 {oid, pid, location} Ev<pig W By
4 {oid, pid, total} E Pg
5 {oid, pid, total, issue} E >ia C Fg
6 {oid, pid, total, issue, address } S Dpig E Dpig C Pg
7 {oid, pid, location, total, address} S >pia E >Xpig W Pr
8 {oid, pid, issue, assistant, total, address, delivery} S >dyg E >pjg C><pig W Pg
9 {oid, address, delivery} S Ps
10 {oid, pid, total} E Ps
11 {oid, pid, total, address, delivery} E >iq S Pg
12 {oid, pid, total, location} E g W I
13 {oid, location, pid, total, address, delivery} S >piag E >Xpig W Ps
14 {oid, pid} E Fe
15 {oid, issue, assistant} C Fe
16 {oid, pid, issue, assistant} E 1, C Fe
17 {oid, pid, issue, assistant, total, address, location} 8 >yg C>yig E<pig W Fc
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. E-commerce (order_id, product_id, total) as E

. Customer_Service (order_id, issue, assistant) as C
. Shipping (order_id, address, delivery_type) as S

. Warehouse (product_id, location) as W

RIS S

In the following, we use oid to denote order_id for short, pid stands for
product_id, and delivery stands for delivery_type. The possible join schema is also
given in Fig. 2. Relations E, C, S can join over their common attribute oid; relation
E can join with W over the attribute pid. The relations are in BCNF, and the only FD
(Functional Dependency) in each relation is the underlined key attribute determines

the non-key attributes.
E (oid, pid, total)

Fig. 2 The given join

schema for the example G (aid, issue, assistanth [
l 0“ O
T/ I

(S (oid, address, d_typeD W (pid, location)

When a query is given, it should be answered by one of the parties that have the
authorization. Since our authorization model is based on attributes, any attribute
appearing in the Selection predicate in an SQL query is treated as a Projection
attribute. In other words, the authorization of a PSJ query is transformed into an
equivalent Projection-Join query authorization. Thus, a query g can be represented
by a pair [A,,J,], where A, is the set of attributes appearing in the Selection and
Projection predicates, and the query join path J; is the FROM clause of an SQL
query. For instance, there is an SQL query:

“Select oid,total,address From E Join § On E.oid = S.oid Where delivery =
‘ground’”

The query can be represented as the pair [A,,J,], where A, is the set {oid, total,
address,delivery}; J, is the join path E ><,;4 S. In fact, each join path defines a new
relation/view, and we say two join paths J; and J; are equivalent, noted as J; = J;,
if any tuple in J; appears in J; and vice versa. As information release is explicitly
defined by the rules, an authorized query must have a matching rule to allow the
access.

Definition 2. A query g is authorized if there exists a rule 7, such that J; = J, and
Ay CA,.

The rule and the authorized query must have the equivalent join paths. Otherwise,
the relation/view defined by the rule will have fewer or more tuples than the query
asks for. Here we don’t consider the situation where the projections on two different
join paths get the same result (e.g., by joining on foreign keys) since data coming
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from different parties usually does not have foreign key constraints. For instance, the
example query Q; is authorized by ry1, but it cannot be authorized by r;3. Although
all the required attributes are authorized by 3, their join paths are not equivalent.

2.2 Issues in Collaborative Data Access

The data authorization rules are supposed to satisfy the requirements laid down
by each enterprise, but without a careful analysis of interactions between them,
we may find that the rules are either mutually inconsistent or inadequate to allow
desired queries. For example, a hospital may choose to release data to an insurance
company without realizing what additional information the insurance company can
get from other parties such as a credit card company. If the data that the insurance
receives from hospital and credit card company is joinable, it can perform the join
and thereby effectively have access to data that is not authorized for it by any
explicitly stated rule. In other words, we now have an authorization rule that was
perhaps not intended to be granted. For example, the insurance company can now
deduce credit score of the patients at the hospital in question. We say such a rule
is inconsistent relative to the set of intended authorizations. Rule inconsistency
is obviously undesirable since it amounts to information leakage without explicit
knowledge of the parties involved.

Another problem is inadequacy of the given rules, which may cause a query to
be authorized but not implementable. The simplest way to illustrate this problem
is by considering the following situation: a rule specifies access to R > S (where R
and S are relations owned by two different parties); however, no party has access to
both R and S individually and thus no party is able to do the join operation! In such
case, a query requesting the data on the join result of R and S is authorized by the
rule, but the query cannot be answered. We say that a rule can be enforced among
the cooperative parties if there exists a series of operations among the cooperative
parties that is allowed by the rule permissions and the final result is exactly the
information conveyed by the rule.

One way to enforce a rule is to introduce a trusted third party that is given enough
accesses in order to compute and supply the missing information. In the above
example, if there is a trusted third party trusted by owners of R and S, they can supply
it with relations R and S so that the third party can generate the missing R < S. We
shall discuss different third party models to enforce the rules and answer queries.
A third party may either act as an opaque service provider that does not retain
any data, or provide richer functionality such as caching of data or query results.
Multiple third parties may be needed to provide data isolation, handle trust issues,
or to simply improve performance. In any case, it may be desirable to minimize
third party involvement due to risk of data exposure (in transit or due to hacking),
data transfer costs/delays, or the money charged by third parties.
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If a query is authorized and the corresponding rule(s) can be enforced, we still
need a safe query execution plan to answer the query. In spite of vast literature on
query planning, the problem here requires a new approach because of the access
restrictions and involvement of multiple parties.

2.3 Related Work

The problem of controlled data release among collaborating parties has been studied
in [14]. The basic model in this paper is identical to ours and provides the motivation
for our work. Its main contribution is an algorithm to check if a query with a given
query plan tree can be safely executed. However, it does not address the problem
of rule enforceability. Without a trusted third party, the unenforceable rules are
inaccurate configurations and need to be revised, and we address that in our work.
In another work [13], the same authors evaluate whether the information release
the query entails is allowed by all the authorization rules given to a particular user,
which considers the possible combinations of rules and assumes that the rules are
defined in an implicit way. In our work, we assume authorizations are explicitly
given, and data release is prohibited if there is no explicit authorization. While they
focus on the problem of query authorization, we emphasize the executability of the
authorized queries.

Processing distributed queries under protection requirements has been studied
in [6, 18]. In these works, data access is constrained by a limited access pattern
called binding pattern, and the goal is to identify the classes of queries that a
given set of access patterns can support. These works with access patterns only
considers two subjects, the owner of the data and a single user accessing it, whereas
the authorization model considered in this work involves independent parties who
may cooperate in the execution of a query. There are also classical works on
distributed query processing [5, 17]. Most of these techniques aim to improve
performance of query processing in the distributed environments, and minimize
the data transmission among the different sites. In our scenario, authorization rules
made by the data owners put constraints on data access privilege. When processing
the queries, we should not only optimize for performance but also make sure no
security constraint is violated.

Answering queries using views [16] is close to our work also since each rule
can be thought as a view over basic relations. Answering queries using views
can be used for query optimization [15], maintaining physical data independence
and data integration [8]. Different methods can be applied, materialized views can
be treated as new options and put into the conventional query plan enumeration
to find better query plan, queries can also be rewritten using given views with
query rewriting techniques, and sometimes conjunctive queries are used to evaluate
the query equivalence and information containment. However, these works do not
consider the collaboration relationships among different parties, which make our
problem different from them.
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In the area of outsourced database services, some works [1, 7] discuss how to
secure the data in such environments, and there are also services like Sovereign
joins [2]. Such a service receives encrypted relations from the participating data
providers, and sends the encrypted results to the recipients. These methods are
useful to enforce our authorization rules. For instance, we can use Sovereign
joins [2] as a join service in our trusted third party model. The given authorization
rules is also similar to the firewall rules, which indicates what types of queries can
go through. As firewall rules are need to be enforceable and accurate [4, 12], we
have the same requirements in our situation.

This chapter is mostly based on our previous works [9-11,20]. Authorization
rule consistency problem is address in [9], and [10] discusses the authorization
rule enforcement checking problem. The mechanism to generate safe query plans
is discussed in [20], and [11] deals with the problem of using trusted third parties in
a minimal way.

3 Enabling Cooperative Data Access

In this section, we discuss the mechanisms to solve various problems in cooperative
data access environment. These problems include achieving authorization rule con-
sistency, checking rule enforcement and generating safe query plans for authorized
queries.

3.1 Rule Consistency

Rules can be specified in two styles. An implicit specification means any valid
compositions of the given rules are also considered as valid rules. In contrast, an
explicit specification lists out all the allowed accesses and any access not included
in the list is not allowed. In general, if a party obtains two joinable relations, say R
and S according to two different explicit rules, it is free to join them to obtain R S.
With implicit specification, such a composition is, by definition, allowed and the
parties involved must accept the risks of additional information leakage. However,
with explicit specification, the composition is clearly not intended and we need to
resolve the inconsistency. This can be done in two basic ways: (a) addition of the
derived authorization such as R > S to the rules, or (b) additional restrictions to
disallow access to the composition.

In this work, we focus only on (a) and rely on the enterprises to expand their
rules suitably so that access to compositions is explicitly included in the rules. This
is a reasonable approach since it is not possible to prevent private computation by a
party without restricting the component information itself. Approach (a) effectively
implies that we generate a closure of the given set of rules. Formally, if rules r;, r; of
party P can be joined losslessly according to the given join schema, and the resulting
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information [A;{JA,J; >1J;] is also authorized by another rule ry of party P, then
we say the two rules are ‘“‘upwards closed”. For a set of rules, if any two rules that
can be joined losslessly are “upwards closed”, we say the set of rules is consistent,
and the rules form a consistent closure. In the following, we shall consider how to
systematically and efficiently generate the consistent closure of given set of rules.

Although approach (a) is straightforward, there are many instances where
approach (b) is highly desirable. This happens when the association of two pieces of
information is more sensitive than the individual pieces of information. For example,
a hospital may not want the insurance company to be able to correlate medical
diagnosis of its patients with their insurance claim histories, even though it does
want to convey diagnosis information to the insurance company. The only way to
restrict composition ability is to deny unrestricted access to one of the two basic
relations involved in the composition. For example, if it is problematic to allow
party P, to have access to R > S, we must ensure that P, can access either R or S
but not both. In particular, , may be given unrestricted access to R, but for any
queries involving S, it needs to go through a third party that controls the amount
of data transferred. Thus, P, cannot reliably construct the full R >< S. (As usual, it is
necessary to assume that £ cannot accumulate up to date version of the entire S over
time via a series of small queries. Without such an assumption, giving any access to
tuples of a relation would amount to allowing access to the entire relation.)

Returning to approach (a), it is expected that the original authorization rules
specified by the participating enterprises will usually be inconsistent and we need
to identify the missing compositions that would remove the inconsistency. In the
following we consider the consistency problem from the perspective of an individual
party, but the same procedure needs to be repeated for every party.

We start by introducing the notion of key attribute hierarchy, which is useful
for iterative construction of the closure. Consider two relations R and S with key
attributes R.K and S.K respectively. If these relations can join losslessly, then the
joining attribute must be the key attribute in at least one of them [3]. That is, either
the join is performed on R.K, S.K, or R.K is the same attribute as S.K. In either case,
one key attribute from a basic relation is also the key attribute of the join result of the
two relations. If the join is performed over the attribute S.K (R.K # S.K), then the
attribute R.K can functionally determine the relation S. In such case, we say R.K is
at a higher level than S.K, denoted R.K — S.K. If R.K = S.K, there is no hierarchy,
and such key attribute of R and S is also the key attribute of the join result. For a
given valid join path, the key attribute of the join path is always a key attribute from
a basic relation. We call the key attribute of the join path in an authorization rule as
key of the rule. Also, the join attributes in the join paths are always key attributes
of some basic relations and these join attributes form the hierarchal relationship.
For instance, in the given example rules, the key attribute oid is at the top level and
oid — pid — sid.

Now for each key attribute of the basic relation, we create a group for the rules,
called join group that takes this attribute as its key attribute. Since the rules within
this group share the same key attribute, any two of them can join over their key
attributes. More formally, a join group is a group of authorization rules associated
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with a key (join) attribute, where all the attributes in these rules functionally depend
on this attribute. If a join group is consistent, then it is called a consistent join
group.

Since some rules can be the result of private computation over other rules with
respect to join paths, the rules themselves have relationships. Given a rule r; with
join path J;, we call a join path as a sub-join path of J; if it is a join path that
contains a proper subset of relations of JR;. We say a rule defined on a sub-join
path of J; is a relevant rule to r;. A rule 7, can be generated only by combining the
information from its relevant rules, since any other combination will contain extra
information from relations not in J;. Thus we can organize the rules into a relevance
graph where each node is a rule marked by its join path and the nodes are connected
by the relevance relationship. For instance, Fig. 3 shows a relevance graph. Here Js5
is a sub-path of Jg, and r; is a relevant rule to r¢, the rules are connected in the graph.
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Fig. 3 Graph structure built for the example

It is now possible to outline the closure algorithm, although for brevity we refer
the reader to [9] for details. The algorithm first divides rules into join groups and
generates consistent join groups. Next, based on the join attribute hierarchy, each
join attribute is considered for deriving further rules, and any such rules are added
to the rule closure. When this procedure terminates, we have the entire consistent
closure.

3.2 Rule Enforcement

In Sect.2.1, we introduced the concept of query authorization. However, “autho-
rized” is only a necessary condition for a query to be answered but not sufficient.
To perform the required join operations to answer the query, we need to find
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appropriate parties that have the sufficient privileges to do these joins. Therefore,
at least one legitimate query execution plan is required to answer a given query.
A query execution plan or “query plan” for short, includes several ordered
steps of operations over authorized and obtainable information and provides the
composed results to a party. A query plan generates relational results, which can
also be represented with the triple [A,;,J,;,Py]. All the operations executed and
the final results produced by a valid query plan should be authorized by some
given authorization rules. A query plan pl answers a query g, if the final generated
relational result of the plan satisfies J,; = J, = J;, Ay = A, C A and Py = F. An
authorization rule defines the maximal set of attributes that a query on the specified
join path can retrieve. Thus, each rule can also be treated as a query. We call the
query plan to enforce a rule as an enforcement plan or “plan” for short in the
following.

Definition 3. A rule r; can be totally enforced, if there exists a plan pl such that J; =
Jpis At = Ap, P = Pyy. 11 is partially enforceable, if it is not totally enforceable and
there is a plan pl that J; = J,,;, A; D Ay, B = Py Otherwise, 7; is not enforceable.
A join path J; is enforceable if there is a plan pl that J; = J ;.

If a rule can be correctly enforced, there should be at least one valid enforcement
plan for it. To enforce a rule with a long join path, we need to access the
information from its underlying relations. Hence, whether a long join path can be
enforced depends on the enforceability of the shorter join paths relevant to it. An
rule enforcement plan with a long join path also uses the results of enforcement
plans with shorter join paths. To that end, the enforcement plan building process
requires a systematic walk through the rules with increasing join path length. At the
beginning, the rules involving the basic relations (i.e., access rights of an enterprise
to its own data) are trivially known to be totally enforceable. In the next step, we
consider enforcement of rules with join path length of 2, and so on. In considering
enforcement of a rule involving join of data from two distinct parties, we may need
transmission of attributes from an owner party to another one that has access to it but
does not own it. We call a plan as joinable plan if it contains all the key attributes
of the basic relations in its join path. In some cases, a rule does not have a total
enforcement plan. However, there are plans whose results implement subsets of the
rule attribute set. We say that an attribute set is a maximal enforceable attribute
set for a rule, if it is the result of a valid plan, and there is no other plan of the same
rule that can implement a superset of these attributes. If a rule is totally enforceable,
its maximal enforceable attribute set is the rule attribute set. Each rule has only one
maximal enforceable attribute set.

It is obvious that not all the rules are enforceable. Whether an enforcement
plan exists depends on whether pieces of enforceable information on shorter join
paths are available and whether they can be joined losslessly at some place. In a
cooperative environment, the enforceable information on remote cooperative parties
may also be helpful to construct an enforcement plan. We do need a mechanism
to check rule enforcement so as to tell which rules can be enforced and what are
their maximal enforceable attribute sets. We address the rule enforcement checking
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problem in two steps. First, we examine the enforceability of each authorization
rule in a constructive bottom-up manner, and build a relevance graph that captures
the relationships and the enforceability among the rules. Second, we deal with the
unenforceable information in the examined rules.

Unenforceable rules can be handled in two ways. The first choice is that we keep
only the found enforceable rules with their maximal enforceable attribute sets, and
rules that are not enforceable as well as the unenforceable attributes are removed
from the rule definitions. In other words, the algorithm finds all the information that
can be safely retrieved according to the given set of rules, and all inaccurate and
unenforceable definitions are removed. This solution can be thought as a conserva-
tive one since it prohibits some authorized information to be released because of the
enforceability. The second choice is to modify the rules as needed. For this, we take
the view that all the information regulated by the rules is authorized, and authorized
information should be retrievable. Whenever any information in the defined rules
cannot be enforced, we change the rule configurations by granting more privileges
so as to make this information enforceable. Since there are different ways to modify
the rules, we prefer to find the way that has minimum impact on the existing rules.
That is, we try to find the minimum amount of additional information to release. We
have developed algorithms of both flavors and the details can be found in [10].

3.3 Query Planning

Once the enforceability of a query — or rather a rule satisfying the query — is
known, we need a mechanism to generate the detailed query plan. A query plan
is generated top-down by considering operations over sub-plans until the sub-plans
refer to basic relations. The possible operations on plans are projection, join and
data transmission. For instance, there is an enforcement plan for 3 in Table 1, and
such a plan contains a join over two sub-plans on the data authorized by r| and r,
respectively. Py owns the information authorized by r;, and the sub-plan for it is an
access plan reading the table W. The sub plan for r, includes an access plan reading
table S at Pg, and another operation transmitting the data from Ps to P,,. The example
plan authorized by r3 has the J,; = E t<,;4 W, and A, = {oid, pid,location}. We
say a rule r; authorizes (=) a plan pl, if J,,; = J;, P,; = F;, and A,; C A;.

Definition 4. An operation in a query plan is consistent with the given rules R, if
for the operation, there exist rules that authorize access to the input tuples of the
operation and to the resulting output tuples.

For the three types of operations in our scenario, we give the corresponding
conditions for consistent operation.

1. For a projection (7) to be consistent with the rules, there must be a rule r,
authorizes (>) the input information.
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2. Join () involves two input subplans pl;; and plj; to generate the resulting plan
pl, = pli; > pljp. For a join operation to be consistent with R, all the three plans
need to be authorized by rules. Since join is performed at a single party, and rules
are upwards closed, if the input plans are authorized by rules, the join operation
is consistent.

3. Data transmission (—) is an operation that involves two parties. The input is a
plan pl; on a party P;, and the outputis a plan pl, for a party P,, where pl, = pl; —
P,. As each join path defines a different relation, the receiving party must have
a rule that is defined on the equivalent join path as the information being sent.
Otherwise, the transmission is not safe. Therefore, a data transmission operation
to be consistent with R, if Ir;,r, € R,J; =2 J,,P; # P, and r; = pl;,r, = pl,. If P; is
sending information with attributes not in A,, P; should do a projection operation
ma, (pl;) first.

In the example, rg authorizes Pg to get information on (S > E > C > W). If Py
sends the information of ry; to Pg, it will not be allowed. Although the attribute
set of ry is contained by rg, there is no rule for Pg to get data on the join path of
(E > S), and the data transmission is disallowed.

Definition 5. A query execution plan pl is consistent with the given rules R, if for
each step of operation in the plan is consistent with the given rule set R.

Let us now consider the basic query planning problem: given a set of authoriza-
tion rules R and an incoming query g against enforceable information, generate a
consistent query plan pl that is optimal and satisfies all the rules.

Due to the difficulties in enumerating all possible ways of answering a query,
we consider a greedy algorithm based on the relevance graph [20]. To generate a
consistent query plan, we need to make sure all the join operations in a join path
can be safely implemented. In other words, we need to find a way of enforcing
the query join path and retrieve all the attributes for the query. To find an efficient
consistent query plan, we always choose the optimal join path enforcement plan
first, and then apply the greedy mechanism to obtain required relevant rules. The
problem of covering all the required attributes is similar to the classical weighted set
covering problem, and hence the greedy algorithm also follows a similar approach.

The optimal enforcement plan for a join path on a specified party can be pre-
computed by extending the rule enforcement checking algorithm using a dynamic
programming approach. Such a plan only enforces the join operations in query
and usually results in missing attributes. To retrieve missing attributes, we traverse
the graph structure again to decompose the target rule into a set of relevant rules
that can provide these attributes. We record the required operations among these
rules, and then recursively find ways to enforce these relevant rules to generate a
query plan. With the greedy heuristic, we always try to decompose a rule into a
minimal number of relevant rules. As we recursively look for the plans to enforce
the relevant rules, we try to use the intermediate results as much as possible to
improve the performance. The details of the algorithm and proofs of correctness
can be found in [20].
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The time complexity of the proposed greedy algorithm is O(N3), where N is the
total number of rules. In addition, we evaluated the generated query plans of the
algorithm. Since the optimal plan cannot be found in general, we cannot compare
the resulting query plans with the optimal ones. Thus, we use simple case studies,
where manually finding the optimal plans becomes possible, and we compare the
results on these cases. The results show that the greedy query planning algorithm is
effective in finding a good query plan for an authorized query. In most of the cases,
it generated the optimal plans, and it gave close to optimal plans in the remaining
cases.

4 Other Authorization Issues

We discuss several other issues in this section. The first problem is using a trusted
third party in a minimal way to enforce rules that are not enforceable among existing
collaborating parties. The second problem is maintaining the rule consistency
property in the case of rule changes.

4.1 Rule Enforcement with Trusted Third Parties

As discussed earlier, the enforcement checking may reveal that no party is capable
of performing certain operations. One way to handle such a case is by introducing
trusted third parties that provided required data accesses in order to enforce
unenforceable rules. However, third parties may be expensive to use and the data
given to them could be at greater risk of exposure than the data maintained by
original parties. Therefore, we focus on the problem of using third parties minimally
in order to deliver the information regulated by the given authorization rules. We
model the cost of using third party by communication and computing costs. It is not
surprising that finding the minimal cost with third party to implement a given rule
is NP-hard, and thus a greedy algorithm becomes essential.

We assume that a trusted third party (7 P) is not among the existing cooperative
parties and can receive information from any cooperative party. We assume that the
TP always performs required operations honestly, and does not leak information
to any other party. The simplest third party model is one of memoryless service
provider. That is, each time we want to enforce a rule, we need to send all relevant
information to the third party. The third party does its job, returns the results and then
completely cleans up its storage space (i.e., no retention of data between successive
requests). With the existence of a third party, we can always enforce a rule by
sending relevant information from cooperative parties to 7'P.

Since each rule defines a relational table, we can quantify the amount of
information represented by a rule. This can be exploited in minimizing the amount
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of information used by third parties. All the selected rules must be relevant to the
target rule r; that is to be enforced. If a relevant rule of r; is not relevant to any other
relevant rules of r; with longer join paths on the same party, we call it a Candidate
Rule. We only choose from candidate rules to decide the data that needs to be sent
to the TP. Sending minimal information to the third party can minimize not only
communication cost but also computation costs. However, estimating computation
costs precisely can be challenging.

Suppose that we have a set of cooperative parties {Py, P, ... P,} together with a
set of rules R = {ry,r,...r,} and a target rule r, to be enforced at the third party
TP. The amount of the information is quantified by sum of the number of attributes
picked from each rule multiplied by the number of tuples in that selected rule. Thus,
we want to minimize the communication cost Cost = Y*_ m(r;) * card(r;), where
ri is a selected rule, k is the number of selected rules, and 7(r;) is the number
of attributes selected to be sent, and card(r;) is the number of tuples in r;. More
specifically, the communication cost can be defined as follows:
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In Eq. (1), the function key(S;) gives the key attribute of candidate rule r;. In
general, this can depend on the number of attributes selected by the rule r;. To
illustrate, suppose that we have a rule {oid, total, pid,location},(E,W) — Party E.
Even though oid is the key of the entire rule, if we only need location in this rule,
pid can be the key of the selected rule. In such a case, if 0id is covered by previous
selected rules but pid is not, then using pid as the key can reduce the overall cost.
However, due to the complexity of these situations, we assume function key(S;)
always gives the key of r;, which is oid. We can think w(S;) is the per attribute cost
for the rule r; which is mostly determined by card(r;). In fact, the number of tuples
in a relation/join path depends on the length of the join paths and the join selectivity
among the different relations. Join selectivity [17] is the ratio of tuples that agree on
the join attributes between different relations, and it can be well estimated using the
historical and statistical data of these relations in many cases.

The “computing cost” is defined as the cost of CPU usage and disk I/O. These
costs are incurred as the third party fetches data from storage devices, performs join
operations, and writes out the join results. (The I/O cost of receiving the incoming
data from cooperative parties and relaying results to them is counted as part of
communication cost and not included in the computation cost.) The computing cost
is difficult to estimate because of the different access methods for relations (e.g.,
index scan or sequential scan), and different join methods (e.g., nested loop, sort-
merge, hash-join, etc.) Moreover, the order of joins and the size of the input data
and join results also influence the computing cost. We assume the sizes (in terms of
number of tuples) of the basic relations and results of joins are known. We denote
the cost of a resulting relation on join path J; as w(J;), which can be estimated as
discussed above. We also assume all the joins are done with nested loop method,
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and given 7 rules, the third party always does n — 1 sequential join operations. We
assume the relations have indices on the join attributes. For a nested loop join with
two input relations, the cost can be estimated as: Access(Outer) + (Card(Outer) *
Access(Inner)), where Access(R) is the cost of access the relation R, and Card(R)
is the number of tuples in R. Obviously, we always prefer using the smaller input
relation as the outer relation. In addition, as we need to perform n — 1 joins, we
keep the intermediate join results of the previous joins. The result of a join can
be estimated as Access(Result) = Access(Out * Inner * SelectivityFactor), where
SelectivityFactor is the estimate of what fraction of input tuples will be in the result.
Therefore, the total cost of n — 1 join operations is:

n—1
CompCost = Access(Ry) + 2 (Card(JR;) xCard(Rit1) * Attr(Riy1) * SFyRiR;, )
i=1

In the above equation, R; is the selected rule with least cost w(J;), and
Access(R) = Card(R) * Attr(R), whereArtr(R) is the number of attributes of R.
JR; is the join results of the rules from Ry to R;, and SFyg;g,,, is the selectivity
factor for each join operations. To minimize CompCost, it is preferred to have
fewer operations, and for each operation, one with smaller cardinality should be
used as the Outer relation. Given a set of selected relevant rules generated by the
previous algorithms, we calculate the computing cost using the above model. Our
experiments indicate that the communication cost and computing cost are generally
closely related in practice (even though counterexamples are easy to construct). For
the detailed algorithms and the comparisons with brute force algorithms, please
refer to [11].

4.2 Handling Rule Changes

Until now, we have assumed the rules to be static. In practice, the rules may change
with varying frequencies. One potential reason is simply a change in business
policies, which is expected to occur only occasionally. The other case is where the
interaction might involve multiple phases or stages with different (or somewhat dif-
ferent) rules in each phase. Other intermediate situations are also possible — such as
when access rights are couple with some kind of reputation system. In the following
we briefly consider the issues that may arise due to changes in access rules.

In general, a change of authorization rule that meets the new requirement and also
has minimal impact on the remaining authorization rules is the optimal solution. In
the algorithm considered here, we simply minimize the number of rules that need
to be modified; however, in general, several other considerations may apply. For
instance, some authorization rules may be more important than the others, and this
aspect may need to be considered in minimizing the change. Similarly, some parties
may collaborate more intimately or be more trustworthy than the others, and the
changes should consider this gradation as well.
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As rules are being changed, usually we need to modify a set of rules to maintain
the rule consistency property. There are basically two types of rule changes. The first
type of rule change is granting or revoking non-key attributes (non-join attributes)
to an existing rule. In such scenarios, we can take advantage of the relevance graph
to maintain the rule consistency. In case of rule grant, we search upwards in the
relevance graph starting from the rule being modified, and this can be done with
a depth first search. If the rule being inspected does not have the newly granted
attributes, then the algorithm adds these attributes to the rule. If the rule being
inspected already has these attributes, the search along this path will stop and
another path will be picked. Consequently, the added attributes will be propagated
to all the related rules that are at a higher level from the rule being changed. In the
case of revocation, we search the relevance graph downwards, and the process is
similar.

There is another type of rule change, where a rule with a new join path is granted
to a party or an existing rule is completely revoked. We first discuss the new rule
grant. In such a case, we need to check if this rule can join with existing rules to
generate legitimate new rules. The mechanism is similar to the previous approach
for generating the consistent closure. As the newly added rule has a new join path,
we first obtain the key attribute of it, and then the rule is put into its corresponding
join group. Within this group, as a new rule is added, the algorithm recomputes the
consistent join group. This can be done efficiently since these rules all can join over
their key attributes. The new rule is inserted into the graph of the join group. The
algorithm will not check all its relevant rules in the graph since their composition
will not create new join paths. All the other rules are checked and the new rule
can join with each of them to form another new rule and be put into the consistent
join group. In the next step, each of the added rules is iterated to see what are the
other rules that can be generated based on it. By iterating the key attributes and the
consistent join groups associated with them, the algorithm adds all the generated
rules into the rule set so as to complete it as a consistent closure.

If an existing rule is completely revoked, we need to make sure that such a join
path can no longer be generated from the remaining relevant rules. Therefore, each
possible ways to enforce the join path need to be obtained and the possible pairs
should be taken out. To achieve that, we use an algorithm taking advantage of the
relevance graph as well. In the graph, only the direct relevant rules of the revoked
rule denoted as r, are examined. The direct relevant rules of r, are the relevant ones
in the graph that directly connect with », with one edge. For each of the directly
connected rule ry, the algorithm computes its matching rule r,, if it exists. Given
the join schema and relevance graph, r,, can be efficiently determined, and (74, 7)
forms a pair which means a join over them can enforce the join path of rule r,.

For each found pair of rules, the algorithm needs to remove one rule from it so
as to make the join path no longer enforceable. If a rule in the pair is not locally
enforceable, we prefer to remove it since it does not cause cascade revocations. In
contrast, if a rule in the pair is locally enforceable, by removing this rule, we need
to make sure all the rules that can compose this one are taken out. Thus, a cascade
of revocations will occur. As this is a recursive process, we want to revoke minimal
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number of rules so that the impact is minimal. Hence, when iterating each pair of
rules, the algorithm also records the number of appearances of the rules. The rule
with most appearances is preferred to be removed since removing one such rule can
break several pairs. In the worst case, half of the existing rules need to be removed
from the rule set. The detailed algorithms for this are available in [9].

5 Conclusions and Future Work

In this chapter, we considered scenarios that require different parties and enterprises
to cooperate with one another to perform computations to satisfy business require-
ments. Each of these enterprises owns and manages its data independently using
a private cloud, and these parties need to selectively share some information with
one another. We considered an authorization model where authorization rules are
used to constrain the access privileges based on the results of join operations over
relational data.

In such an environment, we identified the problems of rule consistency and rule
enforcement. For a query requesting enforceable information, consistent query plans
are required so as to answer the query. We introduced the notion of consistent query
plan and a mechanism to generate such plans. For the authorization rules that cannot
be enforced among the cooperative parties, we proposed to use a trusted third party
to perform the required join operations. We defined cost models to minimize the
interactions between cooperative parties and third parties. Finally, we discussed how
to maintain the rule consistency when some rules are modified.

We assumed that the collaborating parties first make the rules via negotiations,
and then check whether a query is authorized and the safe ways to answer the query.
It is possible to consider reversing the process. That is, we may want to figure out
the complete set of queries that should be answered to meet business requirements,
and after that we design authorization rules for cooperative parties so that only these
wanted queries can be answered. However, due to the local computation, we may
authorize extra information when granting privileges for this set of queries. Thereby,
the problem becomes to find the best way of making rules so that minimal amount
of extra information will be released together with the rules. To achieve that, we
may also need a limited number of third parties are given, and there is a problem of
finding the optimal solution under such a scenario.

We studied the rule consistency problem with infrequent rule changes. In a
military or workflow scenario, the permissions as well as the data may change on
a per mission basis so that an authorization rule given to a party applies only for a
short period of time. Since the relevant data also changes frequently in this case, it
will become useless after some time. In such environments, the authorization rule
can be granted dynamically based on the demands. For instance, for each step in
a query, we can grant permissions to authorize the operation on the fly. Once such
a step is executed, the authorizations are revoked. This is similar to the workflow
scenario. By granting privileges for a short time period, the extra information
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that is obtainable via local computation can be limited. The challenging problem
becomes finding a way to schedule the queries as well as the time points to grant the
authorizations so that minimal amount of extra information is released.

In our current model, access privileges are specified at the attribute level. Once
a party can access an attribute, it can get all the tuples projected on that attribute.
Since certain tuples can be more sensitive than others, restrictions on the tuple level
are also necessary to prevent undesired data release. Thus if would interesting to
consider simplified forms of selection operations that can be handled by the same
framework. In addition, it is also interesting to consider the write permissions. Our
current models assume that only the data owners may change their data and other
parties just read the data from these owners. In some situations, it is desirable that
a collaborating party can also modify the data owned by others. In addition to the
synchronization problems, there is also the challenging problem of organizing the
privileges and correctly granting and revoking write privileges to certain parties.

Our current model does not assume any malicious insiders and all the parties are
expected to strictly follow the given authorization rules. In practice, a party may
not behave honestly during the collaboration. For instance, a party may obtain some
authorized information from a data owner, and then leak it to some unauthorized
parties. As another example, a party that receives data from the data owner and
sends it to another party according to the generated query plan may change some
of the data. Thus, it is required to have a mechanism that can verify the integrity
of the received data. One possibility is to use the existing mechanisms such as hash
values, Merkle trees, and signatures to ensure the data integrity [22,23]. Considering
the properties in the collaboration environment, it may be possible to check the
data integrity through collaboration. In cooperative data access, there may exist
more than one legitimate data transmission path beginning from the data owner
to the authorized party. Therefore, parties can exchange the information they have.
By doing that, if the number of misbehaving parties is limited, it is possible to
detect them. It is also possible to define rules in such a way that each query be
answered in at least k ways (for some k), and misbehaviors can be detected if only
fewer than k/2 ways behave irregularly. Furthermore, existing mechanisms such as
reputation systems [19] and trust management [21] can be considered to ensure the
data integrity in the cooperative data access environments.

Our third party model has been rather simplistic. It is possible to consider more
sophisticated models where the third party can store data and even the intermediate
results for more efficient enforcement. Because of the limited availability of storage,
and the varying potential of reuse of stored data, one needs to design caching
policies carefully. The optimal cache policy of the third party can be different from
the file cache and process cache because the relational data is structured and we
can cache the data on a per tuple or column basis. Since the business data of the
cooperative parties may be changing dynamically, caching also introduces the tricky
problem of maintaining synchronization between original data and its copies.

To build a private cloud, different parties may rent the cloud infrastructure from
the same service provider. It is also possible for an enterprise to build a hybrid
cloud where the data owner manages the sensitive data locally, but the data for
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sharing is put in a public cloud. These emerging trends create new challenges and
opportunities for secure cooperative data access. If cooperative parties use the same
cloud provider, then the cloud provider could be used as a partially trusted third
party to help enforce the security policies. In addition, it may be possible to perform
privacy preserving join operations in such an environment. The expected mechanism
can be a hybrid of using a trusted third party and the secure multiparty computation.
Also, the cost model should also be revised under such situations.
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Making Query Execution Over Encrypted
Data Practical

Ken Smith, M. David Allen, Hongying Lan, and Andrew Sillers

Abstract The benefits of data outsourcing continue to grow, however owners of
sensitive data cannot take full advantage due to its risk profile. Encrypted query
processing promises to change this situation and allow data owners to securely
outsource their sensitive data: data is encrypted, installed in a database on a
remote (e.g., cloud) server, and standard queries are processed against the remote
encrypted data. Correct query answers are returned without ever exposing plaintexts
or decryption keys at the server. This chapter addresses three key challenges to
realizing, as a practical option, the promise of encrypted query processing: handling
query operations which cannot execute in ciphertext, implementing a working
system, and achieving acceptable query performance.

1 Background: Clouds and Outsourcing

The trend to outsource data to third party clouds continues to grow, however for
owners of sensitive data, clouds hold both great promise and vexing problems.

1.1 Outsourcing Data Management: The Promise

Renting a computing infrastructure frequently makes much better sense than owning
and running one. Outsourcing the management of computing assets allows an
organization to focus personnel, training, and hiring on their core business. It also
offers unprecedented agility, such as near instant expansion and contraction of the
organization’s IT footprint as software development cycles and seasonal business
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demands require, and takes advantage of the cost efficiencies of a volume provider
of computing services, which have been compared to the efficiencies of household
gas, water, and electric utilities. Especially in the era of big data, the cost of
servers, disks, space, power, and cooling can far exceed the budget. Once purchased,
computing assets must be actively patched, repaired, and upgraded; such costs can
be avoided by renting.

In addition, outsourcing providers now offer a continually growing array of
services that its customers could not afford to develop themselves. For example,
Amazon Web Services offers rentable services such as inexpensive data archival,
on-demand map reduce clusters, and subnets with private IP addresses [18].

This combination of rentable computing infrastructure and novel computing
services makes widely available modes of computation which were previously
impossible, or out of reach due to cost. Consider a medical experiment which
generates and analyzes huge genetic datasets. The research funding to rent storage
and computing on an as needed basis is far less than that required to purchase these
and to pay professional staff to manage them. Using an outsourced infrastructure,
novel studies can be proposed which might not otherwise be feasible under research
funding.

1.2 Outsourcing Data Management: The Problem

Owners of sensitive datasets however, can be caught between the promise of
outsourcing and the problem of losing control of part of the computing stack (Fig. 1).
For an infrastructure as a service (IaaS) cloud, these stack layers include: hardware,
virtualization, fabric, and customer-installed software applications (e.g., DBMS,
web server, GUI); customers only control the final layer. Even with full confidence
in cloud-supplied layers (e.g., the customer does not expect hypervisors to ever
be compromised), cloud security engineering requires careful teamwork between

Fig. 1 Cloud security: the
challenge of letting go
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the outsourcing vendor and the customer. The security features of vendor-supplied
layers and customer-supplied layers must mesh without a flaw when they are used
to implement a solution together. In this case, the utility analogy breaks down,
because consumers rarely interact with their household and gas utilities beyond
simply paying bills and turning service on and off.

Owners of sensitive datasets must also worry about the other participants in
a cloud ecosystem. Unlike a self-managed infrastructure, the cloud ecosystem
includes cloud neighbors, who typically belong to unknown organizations. In
several published attacks, the attacker becomes a cloud neighbor of their target to
stage the attack. For example, [22] illustrates a side-channel attack on a physically
collocated virtual machine (i.e., one sharing the same physical host as the attacker’s
virtual machine), enabling the attacker to steal a cryptographic key in the target
virtual machine by examining shared hardware resources.

The cloud ecosystem also includes vendor-supplied cloud administrators, who
are typically assumed to be “honest but curious” [11]. However, this is not always
the case. Recently, German citizens hiding their money in Swiss bank accounts to
evade high national taxation rates were identified because the German government
bribed the bank’s database administrator [17]. Owners of sensitive government data
cringe at the thought that a foreign government could influence a cloud administrator
to do something like this.

In addition, in the advanced persistent threat (APT) attacker model [21], cited for
the exfiltration of significant amounts of intellectual property, any person’s online
identity can be compromised (e.g., via a phishing attack) allowing the APT attacker
to masquerade with the full privileges of the compromised identity. Therefore, any
member of a cloud ecosystem could potentially become an attacker.

Due to such problems, owners of sensitive data are currently conflicted with
respect obtaining the agility, services, division of labor, and efficiencies clouds can
offer.

2 Using Data Encryption

A potentially game-changing strategy is the use of encryption to protect sensitive
data in clouds. Encrypted data is mathematically transformed so only the possessor
of a decryption key can reconstitute the original plaintext data without A pro-
hibitively expensive computational effort. Thus, if sensitive cloud data is encrypted,
an exfiltration attack does not truly succeed unless the attacker can additionally
obtain the decryption key, or successfully attack the cryptosystem. This is true
regardless of the stack layer the attack originates from, or the cloud denizen who
executes it.
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2.1 Pre-transmission Dataset Encryption

A simple strategy having these benefits is to encrypt each dataset prior to its
transmission to the cloud, and to only decrypt it upon retrieval from the cloud.
The downside of this strategy is that cloud applications cannot operate over these
encrypted datasets, they must be downloaded before use. Consider the query “What
is the location of helicopter 217”. In a normal cloud database deployment, the
database would look up helicopter 21, and return a very small result relative to the
size of the entire data set. For monolithic encrypted files and datasets, there is no
way for the server to look up helicopter 21. Instead of returning a small answer, the
entire database would need to be retrieved. With “big data” era terabyte and larger
datasets, downloading the entire dataset before use is simply impractical.

2.2 Data-at-Rest Encryption

Data at rest encryption protects sensitive data in a storage system, can be used with
cloud-based data, and allows computation over that data. Data is encrypted when
stored on any cloud storage device, and decrypted when requested by an application.
Data at rest encryption is used for many types of sensitive data, including personal
health data covered by HIPAA, and sensitive but unclassified military information.
Data at rest encryption is especially useful against physical attacks, such as a
stolen laptop or disk drive, and mature products exist in which the user need not
be an expert cryptographer or make large performance sacrifices. For example,
Oracle’s Transparent Database Encryption product (TDE) [14] now provides at
rest encryption for Oracle DBMS’s, exploiting new hardware encrypt/decrypt
instructions [10].

Unfortunately, data at rest encryption does not protect data in use. It requires
a decryption key to be available in the cloud so data can be decrypted and used
by applications. As mentioned earlier, many attacks are aimed exactly at obtaining
the decryption key. Furthermore, the moment a query hits a cloud application (e.g.,
a TDE encrypted database), data is decrypted and brought into cloud memory as
plaintext. Thus, attackers do not actually need to obtain the key to defeat data at
rest encryption, they simply need to exfiltrate plaintexts from cloud memory. Note
that performing data in use encryption has not been added to standard security
requirements simply because useful commercial solutions do not exist at this time.

2.3 Homomorphic Encryption and Computing Over
Ciphertexts

Homomorphic cryptosystems promise the best of both worlds:

1. The ability to expose neither plaintext data nor decryption keys in clouds.
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2. The ability for applications to nonetheless compute over encrypted data while it
resides in the remote cloud.

Cryptosystems are valued primarily for their ability to secure information.
As a side-effect, however, operations on their corresponding ciphertexts in some
cryptosystems correspond to useful operations on plaintexts, which is called a
homomorphism [5].

For example, in the Paillier [15] cryptosystem, the modular multiplication of
two ciphertexts corresponds to the addition of their plaintexts. Thus, for two
plaintext numbers m; and my, given only E(m;) and E(my) (the encryptions
of m; and my respectively), and the public encryption key, it is possible to
compute E(m; 4+ m;) without access to the corresponding plaintexts. Other pairs
of ciphertext and plaintext operations, although not strictly homomorphic provide
identical utility. For example, in any deterministic cryptosystem, equality tests on
ciphertexts correspond to equality tests on plaintexts. Thus, through the use of such
cryptosystem properties, it is possible to perform useful operations on data without
ever decrypting it.

Paillier is additively homomorphic because its homomorphism implements
addition over plaintexts. Other cryptosystems (e.g., RSA) are multiplicatively
homomorphic. The question naturally arises as to whether any cryptosystem is fully
homomorphic, enabling any computable operation over plaintexts to be performed
using ciphertext datasets.

Since being posed in 1979, the fully homomorphic encryption (FHE) problem
remained open for over 30 years. It was recently solved by Craig Gentry [6], for
which he won the 2009 ACM Dissertation award. Although Gentry’s cryptosystem
is fully homomorphic, and semantically secure, its performance degrades sharply
with its security parameter. For a practical degree of security, performance of
Gentry’s original algorithm has been estimated to be as bad as 10 orders of
magnitude worse than the corresponding plaintext operations [4], such that a one
second computation would take over three centuries. To address this disparity, in
2011 DARPA initiated the PROCEED program [4]; research on the optimization of
FHE is now very active, with several orders of magnitude improvement realized for
various portions of FHE (e.g., key generation) [7, 19]; portions of this research have
also been released as open source code [9]. However, for the foreseeable future, FHE
remains computationally impractical. In addition, an efficient FHE implementation
would not immediately enable users to execute conventional queries in a cloud-
based PBMS. As the entire DBMS would have to be rewritten as a homomorphic
function, a massively complex undertaking. Thus, in the following, we focus on the
use of homomorphisms within the context of an existing DBMS.

2.4 Making Practical Tradeoffs

The FHE algorithms in Gentry’s thesis illustrate a general principle regarding
homomorphic computing. As illustrated in Fig.2, a three-dimensional space of
desirable features exists for homomorphic encryption: functionality, security, and
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efficiency. Gentry’s FHE algorithms provide full computational functionality over
plaintext, a very high level of security (i.e., semantic security), but very poor
efficiency with respect to the equivalent operations over plaintext.

A cryptosystem with ideal qualities on all three axes does not exist, however,
other useful points in this space make tradeoffs differently than Gentry’s FHE.
The Paillier cryptosystem has similar security to FHE, provides only partial
homomorphic functionality (i.e., addition), but is much more efficient than FHE
(within two orders of magnitude of plaintext addition. Microsoft researchers have
recently developed a partially homomorphic cryptosystem [13] which can add
integers in about 200us per addition (versus 15us in Paillier), however, their
partially homomorphic functionality is much greater, enabling the computation of
statistics like the variance over ciphertexts.

The key insight is that it is not necessary to realize fully homomorphic function-
ality to to provide practical benefits for users today who want to use sensitive data in
clouds. It is sufficient to securely and efficiently achieve the functionality required to
implement a useful cloud application. For example, most computations in the SQL
language can be implemented without requiring full Turing-complete functionality.

2.5 The Database as a Service Architecture

In a groundbreaking 2002 paper [8], Hacigilimiis et al. proposed a software
architecture for implementing practical (i.e., sufficiently efficient, secure, and
functional) SQL computations over a remote encrypted database server (e.g.,
hosted in an outsourced cloud infrastructure). Instead of relying on a single fully
homomorphic cryptosystem, this architecture can utilize a carefully-chosen set of
partially homomorphic cryptosystems. In other words, this architecture can be used
to exploit the individual strengths of multiple points in the space of Fig. 2. Plaintext

Functionality
z

Gentry's
Thesis
b3
Efficiency
Fig. 2 A three dimensional
tradeoff space for
Security

homomorphic encryption
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SQL operations are translated into the appropriate homomorphic operations, similar
to how a compiler translates programming language constructs into the appropriate
machine codes.

As shown in Fig.3, the user’s original plaintext SQL query (bottom center)
is translated into a query over encrypted data within a trusted client (left side).
The correctness of the encrypted query is ensured by translation algorithms which
substitute plaintext SQL operations for equivalent homomorphic operations.

The encrypted query is then sent off to a standard relational DBMS at the
untrusted server (right side). While the table names, column names, and constants
of encrypted query are ciphertext, the query itself remains a syntactically correct
SQL query. The untrusted server DBMS thus naively executes it, and produces a
set of encrypted results, which are then returned to the client (the temporary results
area) and decrypted. In the final step, as discussed in the following section, the query
executor applies any necessary post-processing to the decrypted results to generate
the final correct plaintext answer, which is then returned to the user.

Thus, even though the database is fully encrypted and neither plaintexts nor
decryption keys are ever exposed to the server, the end user issues the same SQL
query and receives the same answer as if the database were standard plaintext.

2.6 Current Status and Prototypes

The vision of this paper has grown more compelling with time, as cloud architec-
tures and their need for security has increased in importance, leading to its receipt
of the 2012 ACM SIGMOD 10 year Test of Time award [1]. A large literature has
also resulted from this initial paper, exploring suitable cryptosystems (e.g., varieties
of order preserving encryption [2, 3]) and “bucketization” strategies which enable
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a tradeoff between the security and efficiency dimensions of the space in Fig.2.
However, as cited in the Test of Time award, no practical, commercially available,
product which executes queries over encrypted data is available at this time.

Three notable prototyping projects exist, however, which provide valuable
insights into the requirements for the practical realization of this technology. The
first was developed as part of Haciglimiis’ dissertation, and includes a general
planner for encrypted query execution and introduced the bucketization strategy.
The second, CryptDB [16] was developed as part of Raluca Popa’s dissertation at
MIT. CryptDB introduced features like onion encryption, and implemented several
novel cryptosystems (e.g., a cryptosystem supporting dynamic joins between tables
whose join keys were not previously encrypted with a congruent encryption key,
along with algorithms for query processing time re-encryption of join keys). The
third system is the MITRE DataStorm project [20], which contributed the IDEA
system for generating the encrypted schema, a more detailed system architecture,
and whose general focus is identifying and addressing the major barriers to practical
computation over encrypted data.

3 Overview of Remainder of Chapter

These projects have yielded valuable insights. In the remaining sections we address
three important challenges to the practical realization of this vision of executing
database queries over encrypted data:

1. Unexecutable query operations: how do we execute query operations which
cannot be executed over encrypted data? (Sect. 3),

2. System implementation: How do we mitigate the complexity of selecting an
appropriate set of cryptosystems to apply to a specific user’s query workload,
using them to create an encrypted database on the server, and setting up a client-
server system to service user queries over encrypted data? For this technology to
be practical, a user should not be required to have a good understanding of fields
like cryptography and query planning. (Sect.5),

3. Ciphertext query performance: In addition to encryption and decryption, homo-
morphic operations over ciphertexts may be slower than their plaintext versions,
and ciphertext expansion of plaintext may result in network delays. Where are
the “sweet spots” for the performance of encrypted queries? (Sect. 6).

In each section, we describe the challenge, discuss how it can be addressed, and
discuss the prospects for a practical solution. We draw heavily on the experiences
of the DataStorm project due to its practical direction, however we also bring in
lessons from the other two projects as well. Finally, in Sect. 7, we discuss general
prospects for the future.
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4 Unexecutable Query Operations

The first challenge is that some user queries may contain operations which, for
several different reasons, cannot be executed over a ciphertext database. From the
perspective of relational query optimization, we typically desire to push selections
deeper in the query execution tree, but sometimes cannot. Analogously, here we
desire to push operations in the plaintext query into an encrypted execution at the
remote cloud server, but for the reasons given below, we cannot.

4.1 Reasons Operations Cannot Be Executed Over Ciphertext

While fully homomorphic encryption (FHE) is a reality, it is not a practical option
for cloud users due to its current performance profile. Without the availability
of a secure fully homomorphic cipher, we seek to compose a set of partially
homomorphic ciphers which will cover the needs of database query operations.
So far, we have presented the Paillier cryptosystem as a running example of a
partially (additively) homomorphic cipher, but there are many other possibilities.
For example, unpadded RSA and ElGamal [12] are multiplicatively homomorphic,
and the Goldwasser-Micali cryptosystem is homomorphic with respect to the
exclusive-or operation. However, at the present time, the set of operations in SQL is
greater than the set for which we have direct translations into partially homomorphic
cryptosystems. This is one reason for unexecutable query operations.

Furthermore, ciphers are of course not created equal with respect to their strength
and security; in some situations (such as the use of unpadded RSA, which loses
semantic security) although a partially homomorphic cipher may provide the desired
operation, it not be a reasonable choice because it does not meet the security
requirements of an application.

A third type of operation which cannot be executed in ciphertext is one that
results in what we call an “encryption type mismatch”, an issue first identified
in [16]. Consider the < operation in the query segment WHERE age < (SELECT
SUM (years) FROM employee). If the input to the SUM () operation (an
encryption of the integer year) is a Paillier ciphertext to enable the computation of
a summation over ciphertexts, the output will also be a Paillier ciphertext. However,
Paillier ciphertexts cannot be used in the ensuing order test, because Paillier is not an
order-preserving cryptosystem. Although plaintext operands must only agree with
their operator in datatype (e.g., string, integer), ciphertext operands must agree not
only in datatype but also in encryption type. In this example, the < order test cannot
be executed in ciphertext because its second operand is of the wrong encryption
type.

So to summarize, there are three key reasons preventing operations in plaintext
queries from being translated into operations which can be executed over ciphertext
(i.e., pushed to a cloud).
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1. No available homomorphic operation. The plaintext operation (e.g. string con-
catenation, cube roots) simply lacks an appropriate homomorphic ciphertext
operation.

2. Insufficiently secure homomorphic operation. Although homomorphic ciphertext
operations exist, none have a security profile which meets the requirements of a
local security policy. For example, an order test in plaintext queries (e.g., WHERE
age < 21) is directly and efficiently implemented via an order preserving
cryptosystem. However, such a cryptosystem reveals the order of the encrypted
plaintexts. If this is the only ciphertext implementation of an order test, and it
violates local security policy, order tests cannot be executed over ciphertext.

3. Encryption type mismatches. A plaintext operation cannot be translated into a
homomorphic operation whose operands have the required ciphertext type.

If a plaintext query, or a coherent plaintext query workload, contains any
unexecutable operations, encrypted query execution is unavailable without way to
address these operations. In the following we discuss the use of a post-processing
architecture to enable the execution of queries and query workloads which contain
unexecutable operations.

4.2 Post-processing

Post-processing is illustrated by the architecture in Fig.4 (which is representative
of the Hacigiimiis and DataStorm prototypes). The data owner initially encrypts
their schema and database instances and installs these on the outsourced server
as the Encrypted DB. During query processing, the user or application submits
a plaintext query Q to a middleware application (developed to enable encrypted
query execution) within its trusted client. The middleware’s planner rewrites Q into
a set of queries represented by Q' and Q" in Fig. 4 which execute: (a) at the server
in the encrypted database, and (b) (for any query components with unexecutable
operations) at the client in the middleware post-processor, over decrypted plaintext
results returned from the encrypted server. A correct plan produces the same results
as running Q against the original plaintext database.

Consider query Q in Fig.5. O’s WHERE clause contains two parts, one which
is executable over ciphertext and one which is not (due to the SQL LIKE clause).
The planner generates query Q' for execution at the encrypted server. Note that table
names, column names, and constants are all encrypted in Q', however it remains a
well-formed SQL query. The encrypted database sends the results of Q' back to the
middleware where they are decrypted. In the middleware post-processor, query Q"
is executed (in an in-memory DBMS) over the decrypted results, applying the final
portion of the query and returning the final correct answer.

Post-processing thus makes it possible to execute queries containing opera-
tions which are unexecutable over ciphertext (e.g., LIKE, cos(), encryption type
mismatches).
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4.3 Planning

Query planning can be simple in many cases. If the query contains no unexecutable
operations, all execution occurs at the server and the post-processing step is skipped.
For many more queries, for example Q in Fig. 5, a relatively simple “U-shaped” plan
is the best choice (i.e., it is correct and no more efficient plan can be found).

However, some queries require a more sophisticated plan. Consider a query to
retrieve all 30 year old employees who make less than the average salary:

SELECT % FROM emp
WHERE emp.age = 30 AND emp.salary <
SELECT AVG(emp.salary) FROM emp

SQL )
o o Final
Query Application e

Q
o Middleware
! i
1Y Post-proc !
! Query Q” 1
)
1| Planner Query Post-| |
i Processor | |
1
\ A J
Encrypted
Query

5
Results
Fig. 4 Post processing Encrypted DB |—
architecture

Original Query (Q):
SELECT Name, Salary
FROM Employee
WHERE Salary < 100,000
AND Loc LIKE ‘“%McLean%’

Encrypted DB Query (Q’):

SELECT e(Name), e(Salary)
FROM e(Employee)
WHERE e(Salary) < e(100,000)

Post-processing Query (Q”):
SELECT coli1, col2
FROM Result

Fig. 5 Query rewriting WHERE col3 LIKE ‘%McLean%’
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Note that the average contains a division. If we encrypt salary with the Paillier
cryptosystem, we can compute the sum (and count) at the server over ciphertext, but
not the final division, which must be computed back at the client after decryption.
However, to execute a simple “U-shaped” execution plan would require us to bring
back the entire emp table across the network as well to compute the rest of the query,
which could be extremely costly for a large table.

A maximal push (MP) heuristic, which constructs a better performing plan, is
shown in Fig. 6. Starting with a baseline plan that returns everything to the client
for post-processing, a maximal push plan is constructed by pushing every possible
operation to the server. This heuristic is presented in the original Hacigiimiis et al.
paper: “we would attempt to rewrite the query tree, such that most of the effort
of evaluating the query occurs at the server, and the client does the least amount
of work [8].” Not only can the MP plan minimize the server result set size (and
the resulting network traffic), pushing every possible operation to the server also
exploits the query optimizer, any indices, and likely much more powerful computing
resources available at the DBMS server.

Note, however, that an MP plan is not always optimal: it would be cheaper
to return the operands of a cross product and compute the cross product at the
client, than to compute the cross product at the server and return the entire result!
Thus, straightforward heuristics like the U-shaped plan, and the maximal push
plan, cover a great deal of practical cases. However, a very general query planner
for encrypted query processing must be sufficiently sophisticated to generate and
evaluate alternative query execution plans. The requirements for a given scenario
depend on the type of queries being executed, the size of data tables, and (as the
next section demonstrates) local security requirements.

5 System Implementation

A working client-server system which can execute query plans over encrypted data
can be a practical challenge to implement, due to:

1. Query diversity: The plan for one query might require cryptosystems which are:
additively homomorphic, order preserving, and deterministic, whereas the plan
for another query might require none of these. And a query might have operations
which cannot be executed by any currently available partially homomorphic
cryptosystem. Thus, some type of automated query planning is needed.

2. User scenario diversity: Interactions with users have shown dramatically differ-
ent requirements. For example, some users will not use a cryptosystem unless it
is on an approved list. Others, realizing they are exposing plaintexts, welcome the
use of novel forms of encryption. User priorities may change as well, for example
if threat levels are very high. Thus, although a planner is needed, it is difficult
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to automatically determine an encrypted query execution plan; unlike standard
query optimization with its single focus on optimizing query performance, some
user feedback about priorities is necessary to guide the generation of a good plan.
3. Cryptosystem diversity: Each partially homomorphic cryptosystem has a distinc-
tive and complex profile of security, functionality, and efficiency features. There
are frequently multiple cryptosystems of a given type (e.g., order preserving),
and more are being published every day. Thus, the job of creating the encrypted
database which will be installed on the server is a significant challenge.

Ordinary business users who simply want to execute their queries more security
cannot be required to possess depth in both cryptography and database performance,
or the promise of this technology will never be realized.

Given a plaintext database, and a query workload over it, users need to somehow
generate a ciphertext database (involving various cryptosystems) and a set of query
plans to execute their query workload over that database. To mitigate the complexity
of system implementation, the DataStorm architecture, shown in Fig. 7, includes an
intuitive multi-step workflow by which non-specialist users can accomplish these
tasks. The first two steps (design and migration) help the user create an appropriate
encrypted database. The third step (execution) enables the user to generate and
execute query plans in a client-server architecture. These steps are discussed in more
detail in the following.

1. Design Time. The interactive database encryption advisor (IDEA) automatically
generates an encryption map, a mapping from plaintext columns to encrypted
columns based on: (a) the original plaintext schema, (b) the user’s plaintext
query workload, and (c) the cryptosystems available in the encryption library.
IDEA’s initial mapping is based on generation of MP plans for each query.
Users may interactively override IDEA’s encryption recommendations (e.g., due
to local security policy constraints), causing IDEA to suggest a new encryption
map. IDEA uses a lattice-based visualization of encryption types to simplify
interaction for those unfamiliar with cryptosystems, as described in [20].

2. Migration. Based on the final encryption map and the plaintext database, the
migration tool creates the encrypted database on the server.

3. Execution. The planner takes a user’s plaintext query as an input, and builds an
execution plan, as described in Sect. 4.3. The plan object produced consists of (a)
a set of queries executed at the server, (b) a set of queries executed at the client,
and (c) operations to transform, decrypt, and encrypt data. The execution engine
traverses the plan tree, sending queries to the client and/or server as appropriate,
and assembles the final result.

Although DataStorm’s architecture does not consist of commercial grade tools,
their use has nonetheless made setting up a working client-server query system
much easier.
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6 Ciphertext Query Performance

A basic question potential users of encrypted database queries must ask is: how
much does it cost in performance to execute a query over ciphertext, with respect to
executing the same query over plaintext?

At a coarse level, there are three major categories of costs to consider:

1. Client processing: query planning, decryption of results, and post-processing.
2. Network: all transfers, especially returning ciphertext answers to the server.
3. Server processing: answering the ciphertext query.

Client processing times can vary widely, and are highly optimizable. For
example, Paillier decryptions take a very slow 44 ms per integer. However, opti-
mizations like hardware decryption (e.g., most new chips include AES decryption
in their instruction set), and client-side ciphertext caching can speed decryption up
significantly.

Network times are heavily impacted by the answer size. Note that this is true
for plaintext queries at a remote server as well, however ciphertext expansion (the
factor by which a ciphertext is larger than its corresponding plaintext) compounds
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this cost. Network times are also impacted by the network’s overall speed and by
competition for network bandwidth, but often not in a predictable fashion due to
network protocols which dynamically allocate bandwidth.

Despite hard-to-quantify variability, however, for both client processing and
network transfers smaller answer sizes are strongly correlated with better overall
query performance. This is ideal for a simple and common query like “Find the
location of Helicopter 21”. Even on a database of many terabytes, the answer size
remains small, thus little client processing or network transfer cost is incurred.

In the following, we focus solely on a direct comparison of server processing
speeds for plaintexts and ciphertexts. In Fig. 8, we compare a basic equality test
query (like the Helicopter 21 query) on an indexed field. Identical server databases
were set up in three sizes (10, 100, 1,000K tuples), one in plaintext and one in
ciphertext at each size. The ciphertext database used AES encryption (deterministic
AES was used for the indexed field). Both query plans are identical, use the index,
and return 4 % of the server database as the answer. To eliminate network variability,
both databases were run on localhost using a standard Intel laptop with 3.5 GB of
RAM running Postgres 9.1.4. After cache warmup, timings were computed as the
average of 10 runs.

Fig. 8 Tests on equality

query; times in ms PT total CT total CT/PT ratio
10K 0.6286115 1.0018130 1.59
100K 3.2718125 7.1076260 2.17
1000K 220.8141110  369.9193835 1.67

Figure 8 shows a stable ratio of ciphertext to plaintext execution times (between
1.59 and 2.17); ciphertext being around twice as slow. Decryption and query
planning are a negligible fraction of these times. Much of this slowdown is
attributable to the increased size of ciphertexts, resulting in more data pages
being touched for the same query and data. A two-fold slowdown at the server is
acceptable in many cases, especially for queries with a small fixed size answer (e.g.,
for web queries which populate forms) whose overall cost is dominated by the delay
of communicating with a remote server over a network.

Figure 9 shows a similar experiment for a summation query; Paillier encryption
was used for the field being summed. The database performed the homomorphic
operation, a modular multiplication of ciphertexts, via a user defined aggregate
function (UDAF) written in C in about 15 ps. In this case, working with ciphertexts
is 67-82 times worse than plaintexts (still much faster than current fully homomor-
phic encryption algorithms). Note, however, that summation is an “embarrassingly
parallel” operation, and commercial clouds make it possible to rent groups of
compute servers for parallel computations. Paillier summations are thus an ideal
candidate for speedup via cloud parallelism, and this ratio could be substantially
reduced, even to unity. In addition, summation is a dramatically data reducing
operation: terabytes operands can be reduced to a single answer, which incurs little
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network delay. Thus, massive summations and the queries that rely on them (e.g.,
averages, business intelligence aggregates) are promising candidates for encrypted
query execution as well.

Fig. 9 Tests on summation

query; times in ms PT server  CTserver CT/PT ratio

10K 1.498111111 111.9696768 74.74
100K 14.01076768 1153.161051 82.31
1000K 169.0187677 11356.59457 67.19

7 Conclusions

In conclusion, challenges to query execution over encrypted data do exist, including
individual query operations which cannot be executed over ciphertext, imple-
menting a working client-server query execution system, and the performance
of queries executed over ciphertext. However, as discussed in this chapter, these
are well addressed by query planning, tools which assist the user with system
implementation, and aiming for performance sweet spots, such as queries retrieving
small objects and parallel summation queries.

As new cryptosystems are continually being developed and cloud services (e.g.,
parallelism on demand) grow, the future of encrypted query processing for cloud
security is promising. Synergy between the information management and cryptog-
raphy research communities, with their differing focus and priorities, is improving
and has recently resulted in beneficial research. As that dialogue continues to grow,
it will benefit this developing area. Further work is needed to develop commercial
grade query planners/optimizers and system implementation tools, and efficient and
secure cryptosystems with the partially homomorphic functionality to enable more
types of queries to be processed at the server instead of post-processing.
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Privacy-Preserving Keyword Search Over
Encrypted Data in Cloud Computing

Wenhai Sun, Wenjing Lou, Y. Thomas Hou, and Hui Li

Abstract Search over encrypted data is a technique of great interest in the cloud
computing era, because many believe that sensitive data has to be encrypted before
outsourcing to the cloud servers in order to ensure user data privacy. Devising an
efficient and secure search scheme over encrypted data involves techniques from
multiple domains — information retrieval for index representation, algorithms for
search efficiency, and proper design of cryptographic protocols to ensure the security
and privacy of the overall system. This chapter provides a basic introduction to
the problem definition, system model, and reviews the state-of-the-art mechanisms
for implementing privacy-preserving keyword search over encrypted data. We also
present one integrated solution, which hopefully offer more insights into this
important problem.

1 Introduction

We are in such an information-explosion era that constantly purchasing new hard-
ware, software and training I'T personnel is becoming a nightmare for almost every
IT practitioner. Fortunately, we are witnessing an enterprise IT architecture shift
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to a centralized, more powerful computing paradigm — Cloud Computing, in which
enterprise’s or individual’s databases and applications are moved to the servers in the
large data centers (i.e. the cloud) managed by the third-party cloud service providers
(CSPs) in the Internet. Cloud computing has been gradually recognized as the most
significant turning point in the development of information technology during the
past few years. People are fascinated by the benefits it offers, such as ubiquitous and
flexible access, on-demand computing resources configuration, considerable capital
expenditure savings, etc. Indeed, many companies, organizations, and individual
users have adopted the cloud platform to facilitate their business operations,
research, or everyday needs [35].

Despite the tremendous business and technical advantages, what we shall always
keep in mind is that cloud computing would not be our wonderland until users’
outsourced sensitive data could hide from the prying eyes. Privacy concern is one of
the primary hurdles that prevent the widespread adoption of the cloud by potential
users, especially if the private data of users used to reside in the local storage are
to be outsourced to and computed in the cloud. Imagine that CSPs host the services
looking into your personal emails, financial and medical records, and social network
profiles. Although these sensitive data could be protected by deploying intrusion
detection systems, firewalls, or even segmenting data in a virtualized environment,
CSP possesses full control of the cloud infrastructure including the system hardware
and lower levels of software stack. Privacy breach is still likely to occur owing to
the existence of disgruntled, profiteered or curious employees from CSP [25, 37].
Encrypting-then-outsourcing [28,48] provides us strong guarantee that no one could
mine any useful information from the ciphertext of users’ data. Many people argue
that sensitive data has to be encrypted before outsourcing in order to provide user
data privacy against the cloud service providers. However, encrypted data makes
data utilization a very challenging task. One example is keyword search functions
on the documents stored in the cloud. Without those usable data services, the cloud
will become merely a remote storage which provides limited value to all parties.

Computation over encrypted data is a challenging task and has drawn significant
attention due to the encrypting-then-outsourcing paradigm in cloud computing. It
will be remiss if we don’t mention fully homomorphic encryption [16], which
is considered the Holy Grail of cryptography. Fully homomorphic encryption
scheme will allow us to operate directly over ciphertext and generate results
matching the computation over plaintext. A theoretical break-through on fully
homomorphic encryption took place a few years ago [16]. However, the efficiency
of the construction is still far from being practical. Much research work has been
focusing on special classes of computation [2,3,19,44]. Search over encrypted data
is a fundamental and common form of data utilization service, enabling users to
quickly sort out information of interest from huge amount of data, and thus has
become a topic of great interest recently. Both public key cryptography (PKC) and
symmetric key cryptography (SKC) can be used to build encrypted data search
schemes. Generally speaking, PKC-based schemes [7,9,18,20] are more expressive,
support more flexible search functions, but more computationally intensive, while
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SKC-based schemes [11,15,17,42] are more efficient in searching, but less flexible
in the types of search criteria supported.

This chapter aims to provide a general overview of search techniques over
encrypted data and their security and privacy objectives, and then elaborate on
a scheme that can achieve privacy-preserving multi-keyword search supporting
similarity-based ranking, based on [10] and [39]. The chapter is organized as
follows. In Sect.2, we will introduce the encrypted data search problem in terms
of its problem formulation and review related works. We will delve into multi-
keyword ranked search in Sect. 3, and further improve search result accuracy and
search efficiency in Sect. 4. We will conclude this chapter in Sect. 5.
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Fig. 1 Architecture of encrypted data search problem (From [10])

2 Overview of Search Over Encrypted Data
2.1 Problem Formulation

In this subsection, we will briefly introduce the general system model of the
encrypted data search problem, its threat model and search privacy related require-
ments in the following.

System Model

The typical participants of a secure search system in the cloud involve the cloud
server, the data owner, and the data user, as shown in Fig. 1. The data owner
outsources the encrypted dataset and the corresponding secure indexes to the cloud
server, where data can be encrypted using any secure encryption technique, such as
Advanced Encryption Standard (AES), while the secure index is generated by some
particular search-enabled encryption techniques. When a data user wants to query
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the outsourced dataset hosted on the cloud server, he/she first either generates a
trapdoor with the keyword of interest (applied to most PKC-based search schemes),
or requests such trapdoor by sending a set of intended keywords to the data owner
(in the case of SKC-based search schemes). In the latter case, upon receiving the
trapdoor generation request, the data owner constructs the trapdoor, and return it
to the user. Then the data user submits the trapdoor to the cloud server. The cloud
server will execute the search program with the trapdoor as the input, the search
results will be sent back to the user. Note that here we assume there is pre-existing
security context between each user and the data owner thus authentication between
user and data owner is already in place. The trapdoors can be requested and returned
through a secure channel. The management of the decryption keys of the returned
files is an orthogonal problem and has been studied separately [28, 48]. Search
can be based on certain search criteria and the results be ranked based on certain
ranking criteria so that the server returns all the matching documents or only the
top-k most relevant ones to the user so as to realise effective and efficient data
retrieval functionality, and mitigate the corresponding communication overhead,
where k could be predefined by the user at the trapdoor submission time.

Threat Model

The typical threat model that most secure search schemes adopt [6, 10,27, 39,43]
is to consider the cloud server to be “honest-but-curious”, that is the cloud server
“honestly” follows the designated protocol specification, but it is “curious” to infer
and analyze data (including indexes) in its storage and message flows received
during the protocol in order to learn additional information.

Search Privacy

In the literature, many privacy requirements are defined for PKC-based and SKC-
based search schemes. We briefly introduce these search privacy requirements as
follows.

1. Keyword Privacy: One of the major privacy concerns is how to protect the
keywords of interest in a user’s trapdoor against the cloud server. In other words,
cloud server is not able to infer what the data user is searching. This fundamental
privacy requirement should be satisfied for any valid encrypted data search
scheme. Although trapdoor generation can be performed in a cryptographic way
to protect the query keywords, the cloud server could identify the searched
keywords by other side channel attacks, such as frequency analysis attack [39,
40, 43, 49]. Given the keyword-specific document frequency information (the
number of documents containing the keyword) or the keyword frequency (the
occurrence count of a keyword in a document) distribution information in a
particular dataset, it is sufficient for an attacker to reverse-engineer the keyword
in a trapdoor. Notice that this privacy requirement is referred to as predicate
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privacy in the PKC-based search scenario and it cannot be protected inherently
for any asymmetric secure search scheme [34].

2. Trapdoor Unlinkability: It is required that the trapdoor should be generated in
a random manner. Otherwise, given any two trapdoors, the attacker can easily
determine the relationship of them, such as whether they contain the same set
of keywords. Therefore, sufficient nondeterminacy should be introduced into the
trapdoor generation algorithm. It is worth noting that violation of this privacy
requirement can further compromise the keyword privacy in that it allows the
cloud server to accumulate frequencies of different search requests with respect
to different keyword(s).

3. Access Pattern: It is defined to be the sequence of returned documents. Note that
protecting access pattern by using private information retrieval technique [12,21]
is extremely expensive since the algorithm has to “touch” the whole dataset
outsourced on the cloud server which is inefficient in the large scale cloud
system. Thus for efficiency concerns, most of the search over encrypted data
schemes do not aim to protect it.

2.2 PKC-Based Search vs. SKC-Based Search

In PKC-based search schemes, different keys are used to generate index and
trapdoor, such that a data user is usually free to produce a trapdoor by his/her
keywords of interest without interacting with a data owner. Thus, this technique
is much more suitable for some dynamic environment, e.g., when multiple data
contributors and multiple data users exist in one search system. Otherwise, in SKC-
based search, to search datasets from multiple data owners, a data user has to
obtain these trapdoors from each individual data owner. This communication cost
is definitely cumbersome to the user in such a multi-user and multi-data-contributor
scenario. In addition, PKC-based search schemes can achieve more flexible and
expressive queries compared with SKC-based schemes in general. For example,
range query, subset query, etc., can be easily realised by PKC-based search schemes.
In symmetric setting, how to generate trapdoors with similar functionalities is still
a challenging problem.

It is worth noting that multi-keyword search can be achieved in both symmetric
and asymmetric settings. By incorporating some ranking criteria, a data user is able
to enjoy ranked search results by the relevance of documents to the query. Although
conjunctive keyword search over encrypted data schemes in public-key setting
also provide multi-keyword search function, it often lacks ranking functionality.
Moreover, another unparalleled advantage of SKC-based search over PKC-based
one is that the overall search process is much more efficient, since asymmetric
search usually incurs a lot of time-consumed paring operations. Thus, there has
been significant interest in developing efficient SKC-based encrypted data search
mechanisms.
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In what follows, we review some important related works built from either PKC
or SKC technique.

PKC-Based Search

Inspired by identity-based encryption [8], Boneh et al. [7] propose the first PKC-
based keyword search scheme with single keyword query, where anyone with public
key can write to the data stored on server but only data users with private key
can search. Following this work, a lot of PKC-based search schemes have been
proposed to enrich the search functionalities. The scheme from [18] supports search
queries with conjunctive keywords by explicitly indicating the number of encrypted
keywords in an index, that is each keyword within a document is transformed to be
a part of the index for this document. When doing query, the server should know
which randomized keywords in the index need to be used for match evaluation.
This information leakage may raise some privacy concerns. The authors in [20]
also present a conjunctive keyword search over encrypted data scheme. They group
the queried keywords together in an index to mitigate keyword privacy breach. But
this is not flexible, since the data owner has to generate all the possible keyword
combinations in one index. In addition, they extend the proposed secure keyword
search to multi-user setting, where an encrypted index can be searched by various
users holding different private keys. Predicate encryption (PE) [4,9,23,36] is another
promising technique to fulfill the expressive search functionality over encrypted
data. For example, the proposed scheme in [9] supports conjunctive, subset and
range queries, and disjunctions, polynomial equations, and inner products could be
realised in [23]. Li et al. [27] use the hierarchical predicate encryption technique
to build an authorized keyword search scheme in the cloud. In their design, only
authorized data users can be granted search capability, and unauthorized users
are not allowed to search the dataset on the cloud server. Nevertheless, these PE-
based secure search schemes are generally too computationally intensive to be
implemented for practical use.

SKC-Based Search

Curtmola et al. design a symmetric secure search scheme supporting single keyword
queries with security guarantees under rigorous definitions [15]. Owing to the
adoption of inverted index [31] as the underlying index structure in their scheme, the
search process can be extremely efficient. In [40,43,49], the order-preserving tech-
niques are utilized to protect the rank order. By incorporating keyword frequency
information and inverted index structure, they can achieve accurate and efficient
search at the same time, but only single keyword query is supported. In addition,
Kamara et al. [22] propose a dynamic version of [15] with the ability to add and
delete files efficiently. In multi-user setting [6,47], the authors separately present an
encrypted data search schemes in the enterprise environment. Specifically, the data
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user must be authorized before he/she can search the dataset, where authorization
is enforced by a user list stored and managed by enterprise servers. Note that
they differ from the PKC-based work [20] in terms of the allowed number of
data contributors. Under the symmetric-key setting, merely one data contributor
(enterprise) is allowed in their designs. In [17], the author formulates an IND-
CKA security model for indexes, i.e., indistinguishability against chosen keyword
attack, and a stronger model IND2-CKA. He also exploits pseudo-random functions
and bloom filter to generate a secure index for each file, and its search time is
proportional to the number of files in the dataset. The main problem of this scheme is
that the final search results inevitably contain false positive due to bloom filter being
the underlying index construction technique. Chang et al. [11] present a similar
security model to IND2-CKA, and propose a secure search scheme with the index
built from pseudo-random functions. Cao et al. [10] propose the first SKC-based
encrypted data search scheme supporting multi-keyword ranked search where an
index is generated using secure inner product technique. The ranking is realised by
similarity measure of coordinate matching. Later, Sun et al. [39] present another
secure multi-keyword search scheme in the cloud enabling more accurate search
result ranking by using the state-of-the-art similarity measure, i.e., cosine measure
in the vector space model, and design a search algorithm over the proposed tree-
based index structure to fulfill more efficient search complexity in practice.

2.3 Exact Keyword Search vs. Fuzzy Keyword Search

Unlike the exact keyword search schemes above, it is common that keywords may
be entered by a user which contain typos, but the search engine (e.g., Google search)
is still capable of tolerating them and returning what the user intends. Thus, fuzzy
keyword search technique is often used to rectify the mistakes. For the search
algorithm to better understand the difference between a correct keyword and its
typo, we need a similarity measurement to be supported in the underlying encrypted
data search scheme, such that the matching files will be returned when the user’s
search request exactly matches the keyword in the index or the difference is within
some predefined tolerance range.

Li et al. [26] propose a fuzzy keyword search over encrypted data scheme in the
cloud. For each keyword, they first construct a wildcard keyword set containing all
the variants of the keyword. Upon receipt of the trapdoor, they exploit edit distance
to quantify keyword similarity. If the intended keyword is within the fuzzy keyword
set, it will be considered a keyword match. By the similar techniques, Liu et al. [29]
present another fuzzy keyword search scheme with a size-reduced index. In [13],
the authors use a B-tree [14] based index structure to construct a fuzzy keyword
search scheme, where although they claim the support of multiple keyword search
capability, they only group several keywords together to form a phrase. This is
analog to some conjunctive keyword search schemes [20] in public-key setting,
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which is apparently not flexible in the sense that a data user is not able to query
any combination of keywords of his/her choice if this keyword combination is not
considered by the data owner at the index generation phase.

2.4 Secure Index-Based Search

Since Song et al.’s seminal work [38], searchable encryption has drawn a lot of
attention. Their work enables in-line text search within an encrypted document.
Specifically, their scheme encrypts each document word by word and performs
full-domain search such that it takes linear operations to cover all the documents.
Later, to improve the search efficiency, many secure search schemes have been
proposed, where queries can be executed over encrypted indexes (rather than
encrypted data themselves) by users who possess proper “trapdoors”. This applies to
all the encrypted data search schemes mentioned above. To design a keyword search
over encrypted data scheme, a series of important factors should be considered as
follows.

Index Structure

In general, there are three kinds of index structures often used to construct encrypted
data search schemes:

* Index organized by keywords: Such index data structure is usually called
inverted index, or inverted file [31]. In this data structure, each keyword is
followed by a file list which consists of all the files in the dataset containing this
keyword. The advantage of this index structure is to allow significantly efficient
text search instead of the full domain text search. But when a file is added to
the dataset, it needs increased processing since all the indexes containing the
keywords in this file have to be updated. This kind of index structure is widely
used in encrypted data search schemes [15,22,40,43,49] due to its extremely fast
search process. Note that search schemes with this keyword-based index structure
can only realise single keyword query.

* Index constructed per document: Another popular index structure adopted by
many secure search schemes [10, 11, 17,20] is to construct an index for each file
in the dataset such that one file update usually affects only one corresponding
index. The index structure is specific to each document and is generated by all
the keywords contained in the target document.

* Tree-based index structure: Index structure can also be constructed based on
some well-developed tree structures, such as B-tree [14], MDB-tree [33], etc. A
few existing works [30,39] exploit tree-based structures to design efficient secure
search schemes in different scenarios.
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Secure Search Algorithm

According to different data structures, search over encrypted data schemes may
use different secure search algorithm to do the match. The inverted index structure
allows fast direct intended file retrieval, so the search complexity is constant there.
For example, the indexed keywords can be hashed and then store the associated file
list at a table with its address being the hash value . When a user wants to search a
keyword of interest, he/she first hashes it and submits the hash value to the server.
Therefore, the server is able to find out the intended files efficiently.

For schemes with index built from each document, the most efficient search
algorithm merely enables linear search, i.e., the time for search is linear to the
number of documents in the dataset, since the returned search results could not
be determined until the search process goes through all the indexes within the
document set. This is not desirable when a huge amount of data are present on
the server.

By utilizing tree-based structures to construct indexes for encrypted data search
schemes, the corresponding secure search algorithm could be devised to achieve
more efficient search than the linear search schemes. At the meantime, the same
expressive queries as the schemes with index built per document could be realised
under this index structure, such as range queries in database scenario [30] and multi-
keyword text search with similarity-based ranking [39].

Similarity-Based Ranking

To enhance user searching experience and meet more effective data retrieval need,
two fundamental aspects have to be considered when designing a practical encrypted
data search scheme. On one hand, most of today’s search engines on the Internet
(e.g., Google search) allow users to query multiple keywords in one search request
instead of only one as the indicator of their search interest. Compared with single
keyword query, the main advantage of this multi-keyword search is that it can
yield more relevant search results efficiently. On the other hand, ranked search
functionality is preferable in the “pay-as-you-go” cloud paradigm. The reason is
that cloud server could conduct relevance ranking operation for data user and return
the most relevant set of files, rather than directly sending back the undifferentiated
search results to data user. As such, the network traffic between cloud server and
data user could be dramatically reduced.

By securely incorporating advanced similarity measures into the design of
encrypted data search schemes, ranking functionality could be realised during
search process with a multi-keyword trapdoor. These adopted similarity measures
are borrowed from plaintext information retrieval community, such as coordinate
matching, cosine measure in the vector space model [45]. As a result, the con-
structed encrypted data search schemes enjoys the same flexibility and search result
accuracy as the existing multi-keyword search over plaintext.
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3 Privacy-Preserving Multi-keyword Ranked Search

Cao et al. [10], for the first time, explore the problem of multi-keyword ranked
search over encrypted cloud data (MRSE), and establish a set of strict privacy
requirements for such a secure cloud data utilization system. They propose two
MRSE schemes based on the similarity measure of coordinate matching while
meeting different privacy requirements in two different threat models. One is known
ciphertext model, where the cloud server is supposed to only know encrypted
dataset and searchable index, both of which are outsourced from the data owner.
The other is known background model, in which the cloud server could possess
more knowledge than what can be accessed in the known ciphertext model, such as
document frequency information. At the meantime, they execute thorough security
analysis and experiment evaluation on the real world dataset to demonstrate the
privacy and efficiency guarantees of their proposed schemes. In the remaining of
this section, we will discuss this work.

3.1 Technical Overview for MRSE

Coordinate Matching

To support multi-keyword ranked search, the similarity measure, coordinate match-
ing [45], is incorporated into the MRSE schemes. This similarity measure counts
the number of query keywords appearing in the documents to quantify the relevance
of that document to the query. The more query keywords that appear in a document,
the more relevant the document to the query. This similarity measure is thought of
as a hybrid intermediate between conjunctive and disjunctive search. Any document
with all or partial keywords matching is considered a part of the search results.
To formalize such similarity measure in practice, they use inner products of the
query vector and a set of document index vectors to reflect the predilection of
the data user for documents. For example, assume that a dictionary is defined as
{search,cloud, privacy,network, security}. There are two documents A,B in the
dataset. Therefore, set the index vector as a binary vector D4 = (1,0,0,1,1) for
document A if it only contains keywords {search,network,security}, where 1 is
used to indicate the existence of some keyword in the document and 0 otherwise. If
the keywords {search, cloud, security} appears in the document B, the binary index
vector Dp is defined to be (1,1,0,0,1). Suppose that the data user has a query with
the intended keywords {seach,cloud, privacy}. Thus the binary query vector Q is
represented as (1,1,1,0,0). We can calculate the inner products of the query vector
Q and the index vectors Dy, Dp as the similarity scores of documents A and B:

SimilarityScores = Q-Djy = (1,1,1,0,0)-(1,0,0,1,1) =1,
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and
SimilarityScoreg = Q-Dg = (1,1,1,0,0) - (1,1,0,0,1) =2.

Therefore, we can deduce that the data user would prefer document B to document
A since the similarity score of B is greater than that of A. Also, it yields a ranking
B>A.

By using the coordinate matching similarity measure, effective multi-keyword
ranked search functionality could be realised. Nevertheless, such measure is orig-
inally designed for plaintext information retrieval purpose. How to apply it to
the encrypted data search without breaching search privacy is a very challenging
problem.

Search with Secure Inner Product Evaluation

To use the above mentioned similarity measure in a privacy-preserving way, index
vector D; for each document d, query vector Q and their inner product D, - Q
should not be exposed to the cloud server. In MRSE, the authors propose a secure
inner product scheme which is adapted from a secure k-nearest neighbor (kNN)
technique [46] to hide these sensitive information.

In database scenario, secure kNN technique can be exploited to select k nearest
database records to the query by comparing the Euclidean distance between them.
Specifically, each record in the database and the query can be represented by an
n-dimensional vectors p; and g respectively. The secret key consists of one (n+ 1)-
dimensional vector S and two (n+ 1) x (n+ 1) invertible matrices M and M,. Then
after vector extension, a new p; is set as (p;,—0.5||p7||) and a new query vector ¢
is (rq,r), where r > 0 is a random number. As per the splitting indicator S, p; is
split into two vectors as {p}, p!} and g is also split into two vectors {¢’,¢"} such
that p; and ¢ can be recovered given S, {p/, p!'} and {¢’,¢"}. Eventually, the vector
pairs {pf,p{} and {¢',q"} are encrypted as {M{ p,M; p} and {Mflq/aMglq//}
respectively. At the database search phase, the product of encrypted record vector
pair and encrypted query vector pair, i.e., —0.57(||pi||* — 2pi - q), is serving as the
indicator of Euclidean distance (||p;||* —2p;-g+||g]|?) to select k nearest neighbors.
Without prior knowledge of secret key, neither record vector nor query vector,
after such a series of processes, can be recovered by analyzing their corresponding
ciphertext.

Cao et al. modify this secure kNN technique to measure the inner product
similarity instead of the Euclidean distance. In particular, trapdoor vector Q is
extended to be (rQ, r,t), where r,7 are two random numbers and r > 0, such that it is
difficult for the cloud server to infer the relationship among the received trapdoors.
To obfuscate the document frequency and diminish the chances for re-identifying
the keywords, the final similarity scores should be further randomized. Thus some
randomness €&; is introduced into the index vector D,, and D, is extended into
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(D4, €4,1). The encrypted index vector pair I; = {MTD/,,MID,"} and trapdoor
vector pair T = {M; 'Q/,M; ' Q"} are generated after applying the vector splitting

and matrix multiplication. The final similarity score for document d to the query
vector would be:

lo T = {M{ Dy, M3 Dg} - {M ' Q' M; ' Q"}
=D,-0'+Dj-0"
= (Da,&4,1)- (rQ,r1)
= r(Dd'Q+8d)+l.
By using this equation, the ranked search result can be produced.
This vector encryption method has been proved to be secure in the known

ciphertext model [46]. As long as the secret key is kept confidential, the underlying
plaintext information in the index vector and trapdoor vector cannot be revealed.
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Fig. 2 Tradeoff between (a) precision, and (b) rank privacy by selecting different standard
deviation ¢ (From [10])

Note that, let &, follow a Normal distribution N (i, 62), where the standard deviation
o functions as a flexible trade-off parameter between search accuracy and security.
To protect keyword privacy, a large o is selected to introduce more obfuscation
into the final similarity score, from which it is difficult for the cloud server to
gain statistical information about the original similarity score, but the search result
could be less accurate. Thus from the viewpoint of the effective search, small o is
preferable. This is shown in Fig.2.! Due to the splitting process and the random

IPrecision is defined to be the fraction of returned top-k documents that are included in the real top-

k list, while rank privacy measures the rank order variation between the returned top-k documents
and real top-k documents.
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numbers r,t, the trapdoor generation algorithm can output two different trapdoors
even for the same search request to guarantee trapdoor unlinkability.

To further protect search privacy in the known background model, an enhanced
MRSE scheme is proposed. The main modification is to insert more dummy
keywords Y &; instead of only one fixed &; into the index vector for each document.
The level of search accuracy remains the same with the previous basic MRSE
scheme if let Y &; follow a Normal distribution as well.

Cao et al. for the first time, define and solve the problem of multi-keyword
ranked search over encrypted cloud data by combining the efficient similarity
measure “coordinate matching” with the adapted secure inner product technique.
The proposed schemes can meet various stringent privacy requirements while
retaining effective search functionalities.

4 Improvement on Search Accuracy and Efficiency

4.1 Background

Although MRSE can achieve multi-keyword ranked search, there exists a gap
between MRSE and the state-of-the-art plaintext information retrieval techniques in
terms of search accuracy and search efficiency. On one hand, the similarity measure
“coordinate matching” in MRSE has some drawbacks when used to evaluate the
document ranking order. First, it takes no account of term” frequency such that any
keyword appearing in a document will present in the index vector as binary value
1 for that document, irrespective of the number of its appearance. Obviously, it
fails to reflect the importance of a frequently appeared keyword to the document.
Second, it takes no account of term scarcity. Usually a keyword appearing in only
one document is more important than a keyword appearing in several ones. In
addition, long documents with many terms will be favored by the ranking process
because they are likely to contain more terms than short documents. Hence, due to
these limitations, the heuristic ranking function, “coordinate matching”, is not able
to produce more accurate search results. More advanced similarity measure should
be adopted from plaintext information retrieval community, such as cosine measure
in the vector space model [45]. On the other hand, the search complexity of MRSE
is linear to the number of documents in the dataset, which becomes undesirable and
inefficient when a huge amount of documents are present, while many efficient index
structures exist in the plaintext information retrieval techniques, e.g., B-tree [14],
inverted index [31], etc.

Sun et al. [39] present a privacy-preserving multi-keyword text search (MTS)
scheme in the cloud supporting similarity-based ranking to address the challenge of

2We do not differentiate term and keyword hereafter.
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constructing more accurate, practically efficient and flexible encrypted data search
functionalities. Specifically, the index vector for each document is generated based
on the cosine measure in the vector space model to support multi-keyword query
and search result ranking functionality, and utilize the “term frequency (TF) X
inverse document frequency (IDF)” weight to achieve high search result accuracy.
By incorporating the state-of-the-art information retrieval technique, the proposed
MTS schemes enjoy the same flexibility and search result accuracy as the existing
state-of-the-art multi-keyword ranked search over plaintext. In order to improve
the search efficiency, they propose a tree-based index structure, where each value
in a node is a vector of term frequency related information. Furthermore, an
efficient search algorithm is presented to realise more efficient search functionality
compared with [10]. To satisfy various search privacy requirements, two secure
index schemes for multi-keyword text search with similarity-based ranking are
devised. The basic scheme (BMTYS) is secure under the known ciphertext model,
and the other enhanced secure index scheme (EMTS) is constructed against sensitive
frequency information leakage to meet more stringent privacy requirements under
the stronger threat model, i.e., known background model.

Secure index free Search request

Encrypted documents Top k ranked result

Cloud server

(3

'\@,\_}x <+—— Search control (encrypted queries) ——

Data owner € Access control (data decryption keys) ——> Data user

Fig. 3 Framework of MTS (From [39])

4.2 Technical Overview of MTS

The system framework in [39] is analog to [10] as shown in Fig. 3, wherein three
participants, i.e., the data owner, the data user and the cloud server, are defined. Note
that the index vectors are organized as a secure index tree instead of each individual
vector before outsourced to the cloud server. Assume the cloud server still acts in an
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“honest-but-curious” manner. Since the term frequency information is incorporated
into the ranking function, in the known background model the attacker may extract
such statistical information from a known comparable dataset of the similar nature to
the target dataset, e.g., the TF distribution information of a specific keyword. Given
such statistical information, the cloud server is able to launch statistical attack to
deduce/identify particular keywords in the query [40,43,49].

Vector Space Model

Vector space model is one of the most popular similarity measures in the plain-
text information retrieval community, supporting both conjunctive and disjunctive
search. The ranking order for a particular document set is determined by comparing
the deviation of angles, i.e., cosine values, between each document vector and the
query vector. The cosine measure allows accurate ranking due to the “TFxIDF
rule”, where TF denotes the occurrence count of a term within a document,? and
IDF is obtained by dividing the total number of documents in the collection by the
number of documents containing the term.* Thus, unlike the coordinate matching,
each dimension of an index vector in MTS is a TF weight w,;, and a query vector is
comprised of IDF weights w,;, where d,t denote a specific document in the dataset
and a term in the dictionary respectively. The ranked search functionality can be
achieved by the following similarity function:

Cos(Dg, ,
OS( d Q Wqu teQXﬁthWdz Wq.t

where Wy =/ Yiconp, wfm, Wq = \/Zicorp, wg,t. Thus, the index vector D; and

query vector Q are both unit vectors.

= 01858 Tree-based 00012
k} 1 q r__.éenIndex b, —_— search algorithm 0, ‘__Ganuery Q {
, no91e - N 00008
Tooest| g o
}Dd 2——>Ge"1"dex Iy 3 . o, enQuery Qz{ G —
@ — ool S04 - () =0 8 ol

' Search Query
T e /N - [ =l e e

‘ — &J‘ D, K ' 7 . 7. Q,« — Q

88 && p
Documents  Index vectors Secure index tree @ Query vector

Ranked top k
search result

Fig. 4 Overview of secure index scheme (From [39])

31t is used to measure how important a specific term is to a particular document.

“It implies that this frequency of a term tends to be inversely proportional to its ranking.
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Secure Index Scheme

To construct the index tree structure, the original long document index vector D,
has to be divided into multiple sub-vectors such that each sub-vector Dy ; represents
a subset of keywords, and becomes a part of the i-th level of the index tree, as shown
in Fig. 4. Similarly, let Q; be the query sub-vector at the i-th level. As such, the final
similarity score for documentd can be obtained by summing up the scores from each
level. Based on these similarity scores, the cloud server determines the relevance of
document d to the query Q and sends the top-k most relevant documents back to
the user. The similar secure inner product scheme [10] is adopted here but applied
to each level of the index tree. In addition, they do not use the dimension extension
technique for BMTS in the known ciphertext model. The similarity score at the i-th
level is computed as follows:

Cos(Dy,, Qi) = {M{ Dy M3 ;Dy;"} - {Mﬂil Q/,szi1 0"}
=Dy -0/ +Dy/"- 0
= Da,i-Qi,
where 5;7[ and Qi represent the encrypted forms of index vector and query vector

at the i-th level respectively. Hence, the final similarity score for document d is
Zf-': 1Dgi- Qi = Dg- QO by assuming that the index tree has & levels in total.

a b

140 — T T T T 500

120

400
12}
£ 100 £
€ £
3 80 3 300
o o
© ©
k) ks
g & 200
Qo fe)
£ £
z 40 2
100
20
0 0
0 0.02 0.04 0.06 0.08 0.1 0 0.02 0.04 0.06 0.08
Similarity Score Similarity Score

Fig. 5 Distribution of similarity score when a single keyword in a query vector with BMTS.
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In BMTS, index and query confidentiality can be well protected by the secure
inner product technique. Due to the non-deterministic property of the encryption
method, the trapdoor unlinkability can be preserved similar to [10]. As assumed in
the defined known background model, the cloud server may have the knowledge
of the TF distributions, or normalized ones of some sensitive keywords from a
known comparable dataset. It is worth noting that these distributions are keyword
specific, as shown in Fig. 5.7 Therefore, to further prevent this sensitive information
from being disclosed to the server, the authors insert phantom terms into the query
vector in EMTS so as to obfuscate the final similarity scores while maintaining
effective search functionalities, as shown in Fig. 6. The larger ¢ is selected, the
better the TF distribution can be protected. This technique can achieve the same
privacy preserving functionality as MRSE, and the selection of ¢ reflects the user’s
preference for privacy preservation or search accuracy. On the other hand, this
query-side randomization technique significantly differs from [10] in the sense
that randomization in [10] is applied to the index vector and is not possible to be
calibrated by users as an effective privacy-preserving parameter.

Efficient Tree-Based Search Algorithm

In database community, query process could complete in logarithmic time by using
B-tree, B -tree, etc. These tree-based structures are not only used in the plaintext
database search, but also can be used in the encrypted database scenario [30] to
realise efficient range query. Nevertheless, they are not applicable to text search. The
similarity score is a dynamic value depending on the query and has to be evaluated

3The background dataset is collected from the recent 10 years’ IEEE INFOCOM publications.



206 W. Sun et al.

in the runtime, which makes the fixed tree structure, such as B-tree or B -tree, not
suitable here. Inverted index [31] is the most efficient and well-developed index
structure which is widely used in the plaintext information retrieval community.
In the literature, however, a few works [15, 40, 43, 49] employ this technique to
design efficient search algorithm but only for single keyword query. Sun et al.
propose a tree-based search algorithm, which is adapted from multi-dimensional
B-tree (MDB-tree) [33] based multi-dimensional algorithm (MD-algorithm) [32],
to enable efficient multi-keyword ranked search.

The MD-algorithm is used to find the k-best matches in a database that is
structured as an MDB-tree, as shown in Fig. 7. Each attribute domain in the database
constitutes one level of the MDB-tree and each attribute in that domain is assigned
an attribute value. All the attributes sharing the same value in the upper domain
forms a child node. As such, a set of objects is allowed to be indexed in one data
structure. An important search parameter, the prediction threshold value 2 for each
level i, is obtained from the maximum attribute value P; at each level, for example,
inFig.7, B, =P, =1.0.

In a depth-first manner, MD-algorithm starts from the root node with a recursive
procedure upon this tree. Specifically, search process selects the unused maximum
attribute value when it enters a node, and based on f’,"s below this level, predicts
the maximum possible final score to be obtained. The criteria for node selection
is that if this predicted final score is less than or equal to the minimum score of
the top-k objects which have been selected, search process returns to the parent

Level 1
0.0 05 10
" e ~
Level 2
03 10 0.9 0.0 0.4 0.7
N / Rl ) ~
Level 3

bbb b pb b bo

Fig. 7 Illustration of MD-algorithm on MDB-tree (From [39])

node, otherwise, it goes down to the child node at the next level. This procedure is
executed recursively until the objects with top-k scores are selected.

The search can be done very efficiently due to the relatively accurate final score
prediction, and thus only part of the objects in the tree are accessed. Figure 7 shows
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an example that, when k = 3, the set of objects, E, K, and J, are returned to the user
and the cross signs in the figure indicate that it is not necessary to access the nodes
below. More details of the MD-algorithm and MDB-tree can be found in [32].

The MD-algorithm is originally designed for plaintext database search. In the
case of privacy-preserving similarity-based multi-keyword ranked text search, it
cannot be applied in a straightforward manner. Instead of a numerical “attribute
value” for each attribute in the MDB-tree, the index tree structure has to be built on
vectors. Another remarkable difference between the proposed search algorithm and
MD-algorithm is that it is not possible to set 2; to P; as running the MD-algorithm
in database scenario, since P; varies for queries and has to be securely evaluated in
the runtime.

Search Efficiency Improvements

During the evaluation of the MD-algorithm on the proposed secure index tree, three
important efficiency-improving factors are identified by the authors. Next, we will
briefly elaborate on those observations.

1. Impact of Prediction Threshold Value: By observation, they found that the
smaller the predication threshold value, the faster the search algorithm is
terminated, which means the search process can be terminated earlier without
going into unnecessary nodes. As such, at each level, P should decreasingly
approach P; as close as possible.

120 : : : . T
—©—Baseline D
—&— Strategy 1
100 | Strategy 1 + Strategy2 |
—#— Strategy 1 + Strategy 2 + Strategy 3 : : ¥
é sor . : F 7~ :
2 : : : :
= 60 e : T : 1
< : : : :
o
© : : : : :
@ 40f TR R S : T
ZOE ~ N : R AR : T
—————F——F——F—F
5 10 15 20 25 30 35

Number of documents (x 102)

Fig. 8 Comparison of search efficiency with different efficiency-improving strategies (From [39])
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2. Impact of Intended Keyword Position: Another observed efficiency-improving
factor is that the search efficiency is significantly dependent on the position of the
intended keywords on the index tree. Indeed, people usually complete a search
with a query only consisting of a few keywords [1], which is different from
using the MD-algorithm in database scenario. Typically, to find out the object
of interest, all the attributes are utilized to query the database. It is apparently
inefficient since the search process needs to go to the bottom level of the index
tree where the intended attribute resides.

3. Impact of Index Vector Clustering: The last search efficiency related obser-
vation is that “similar” vector index could be clustered together to reduce the
number of accessed nodes in the index tree at the expense of lower search
precision.

Based the these key observations, the authors propose the corresponding effective
strategies to improve the practical search efficiency with vector indexes while not
introducing new privacy vulnerabilities. Compared with the original MD-algorithm,
the experimental result® shows the much more improved search efficiency in
Fig.8.” Furthermore, Fig. 9a shows the search time for BMTS and EMTS with the
proposed efficiency-improving strategies, compared with [10] and baseline search
with respect to the size of document set. Due to the proposed search algorithm and
tree-based index structure, the baseline search is far efficient than [10]. Note that the
time cost of BMTS and EMTS is more efficient than [10] and the baseline search.
Besides, the two proposed schemes enjoy almost the same and nearly constant
search time. Figure 9b shows that the proposed secure search schemes are still
extremely efficient in the case of more documents are required to be returned.
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Fig. 9 Comparison of search efficiency with the same 10 keywords of interest. (a) For the different
size of document set. (b) For the different number of retrieved documents (From [39])

6All the experimental results in [39] are obtained from implementation of the proposed secure
search system using JAVA on a Linux Server with Intel Core i3 Processor 3.3 GHz.

"The baseline search is with respect to the original MD-algorithm. The strategies 1 is proposed

from the observation 1. Likewise, the strategy 2 is from the observation 2 and the strategy 3 from
the observation 3.
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5 Conclusion

With the advent of cloud computing, more and more sensitive data are outsourced
to the cloud server to reduce the management cost and enjoy the ubiquitous access.
However, this novel computing paradigm introduces serious privacy challenges in
that users’ data are no longer locally possessed but stored on the remote server
which belongs to a different trust domain compared with the data users’. In this
chapter, we focus on the privacy concerns in the secure search function performed
over encrypted cloud data. We first provide a brief introduction to the background
knowledge of encrypted data search techniques that have been proposed in the
literature and dedicated to address the secure search problem in the computation
outsourcing model. Then we elaborate on a state-of-the-art secure search scheme in
the text search scenario, and show that they can achieve flexible/expressive search
functionalities, i.e., multi-keyword ranked search. In addition, the same search
accuracy as the plaintext information retrieval can be realised using the state-of-
the-art similarity measure while search privacy is well protected. Finally, with the
proposed search algorithm, the discussed secure search system is efficient enough
to be deployed in practice.

While continued research is necessary to further enrich the search function-
ality and improve the efficiency and scalability of search schemes, another very
interesting direction is on virtualization security that tries to secure the execution
environment (i.e., virtual machines) in the cloud server. This will require a slight
change in the security model — instead of an honest-but-curious server model
which does not trust the server, we may choose to place minimum trust on the
server, for example, trust the bare hardware on the server, and design the secure
operating system to protect the virtual machine against the software-based attacks,
be it from other virtual machines running on the same physical machine or the
hosting machine’s operating system. We argue that the data should be stored in
the cloud in the encrypted form. However, after they are loaded to the users’ secure
execution environment, they can be in the plaintext form in order to enable effective
computation, such as search. Research along this line includes [5, 24,41, 50] and it
aims to provide a more general solution to the secure computation on the untrusted
cloud server problem. We believe both research directions are interesting and call
for more effort from the research community.

Acknowledgments This work was supported in part by the NSFC 61272457, the FRFCU
K50511010001, the PCSIRT 1078, the National 111 Project BO8038, and the U.S. NSF grant
CNS-1217889.



210 W. Sun et al.

References

1. Keyword and search engines statistics. http://www.keyworddiscovery.com/keyword-stats.
html?date=2013-01-01 (2013)

2. Atallah, M.J., Frikken, K.B.: Securely outsourcing linear algebra computations. In: Proceed-
ings of the 5th ACM Symposium on Information, Computer and Communications Security,
pp. 48-59. ACM (2010)

3. Atallah, M.J., Li, J.: Secure outsourcing of sequence comparisons. International Journal of
Information Security 4(4), 277-287 (2005)

4. Attrapadung, N., Libert, B.: Functional encryption for inner product: Achieving constant-size
ciphertexts with adaptive security or support for negation. In: Public Key Cryptography—PKC
2010, pp. 384—402. Springer (2010)

5. Azab, A.M., Ning, P,, Zhang, X.: Sice: a hardware-level strongly isolated computing environ-
ment for x86 multi-core platforms. In: Proceedings of the 18th ACM conference on Computer
and communications security, pp. 375-388. ACM (2011)

6. Bao, F,, Deng, R.H., Ding, X., Yang, Y.: Private query on encrypted data in multi-user settings.
In: Information Security Practice and Experience, pp. 71-85. Springer (2008)

7. Boneh, D., Di Crescenzo, G., Ostrovsky, R., Persiano, G.: Public key encryption with keyword
search. In: Advances in Cryptology-Eurocrypt 2004, pp. 506-522. Springer (2004)

8. Boneh, D., Franklin, M.: Identity-based encryption from the weil pairing. In: Advances in
Cryptology — CRYPTO 2001, pp. 213-229. Springer (2001)

9. Boneh, D., Waters, B.: Conjunctive, subset, and range queries on encrypted data. In: Proceed-
ings of the 4th conference on Theory of cryptography, pp. 535-554. Springer-Verlag (2007)

10. Cao, N., Wang, C., Li, M., Ren, K., Lou, W.: Privacy-preserving multi-keyword ranked search
over encrypted cloud data. In: Proceedings of IEEE INFOCOM, pp. 829-837 (2011)

11. Chang, Y.C., Mitzenmacher, M.: Privacy preserving keyword searches on remote encrypted
data. In: Applied Cryptography and Network Security, pp. 442-455. Springer (2005)

12. Chor, B., Kushilevitz, E., Goldreich, O., Sudan, M.: Private information retrieval. Journal of
the ACM 45(6), 965-981 (1998)

13. Chuah, M., Hu, W.: Privacy-aware bedtree based solution for fuzzy multi-keyword search
over encrypted data. In: Distributed Computing Systems Workshops (ICDCSW), 2011 31st
International Conference on, pp. 273-281. IEEE (2011)

14. Comer, D.: Ubiquitous b-tree. ACM computing surveys 11(2), 121-137 (1979)

15. Curtmola, R., Garay, J., Kamara, S., Ostrovsky, R.: Searchable symmetric encryption:
improved definitions and efficient constructions. In: Proceedings of the 13th ACM conference
on Computer and communications security, pp. 79-88. ACM (2006)

16. Gentry, C.: A fully homomorphic encryption scheme. Ph.D. thesis, Stanford University (2009)

17. Goh, E.J.: Secure indexes. Cryptology ePrint Archive. http://eprint.iacr.org/2003/216 (2003)

18. Golle, P., Staddon, J., Waters, B.: Secure conjunctive keyword search over encrypted data.
In: ACNS 04: 2nd International Conference on Applied Cryptography and Network Security,
pp. 31-45. Springer-Verlag (2004)

19. Hohenberger, S., Lysyanskaya, A.: How to securely outsource cryptographic computations. In:
Theory of Cryptography, pp. 264-282. Springer (2005)

20. Hwang, Y.H., Lee, P.J.: Public key encryption with conjunctive keyword search and its
extension to a multi-user system. In: Pairing-Based Cryptography—Pairing 2007, pp. 2-22.
Springer (2007)

21. Ishai, Y., Kushilevitz, E., Ostrovsky, R., Sahai, A.: Cryptography from anonymity. In: the 47th
Annual IEEE Symposium on Foundations of Computer Science, pp. 239-248. IEEE (2006)

22. Kamara, S., Papamanthou, C., Roeder, T.: Dynamic searchable symmetric encryption. In:
Proceedings of the 2012 ACM conference on Computer and communications security,
pp. 965-976. ACM (2012)

23. Katz, J., Sahai, A., Waters, B.: Predicate encryption supporting disjunctions, polynomial
equations, and inner products. In: Advances in Cryptology—EUROCRYPT 2008, pp. 146-162.
Springer (2008)


http://www.keyworddiscovery.com/keyword-stats.html?date=2013-01-01
http://www.keyworddiscovery.com/keyword-stats.html?date=2013-01-01
http://eprint.iacr.org/2003/216

Privacy-Preserving Keyword Search Over Encrypted Data in Cloud Computing 211

24.

25.

26.

217.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

42.

43.

44,

Keller, E., Szefer, J., Rexford, J., Lee, R.B.: Nohype: virtualized cloud infrastructure without
the virtualization. In: ACM SIGARCH Computer Architecture News, vol. 38, pp. 350-361.
ACM (2010)

Krebs, B.: Payment processor breach may be largest ever. http://voices.washingtonpost.com/
securityfix/2009/01/payment_processor_breach_may_b.html (2009)

Li, J., Wang, Q., Wang, C., Cao, N., Ren, K., Lou, W.: Fuzzy keyword search over encrypted
data in cloud computing. In: INFOCOM, 2010 Proceedings IEEE, pp. 1-5. IEEE (2010)

Li, M., Yu, S., Cao, N., Lou, W.: Authorized private keyword search over encrypted data
in cloud computing. In: Distributed Computing Systems (ICDCS), 2011 31st International
Conference on, pp. 383-392. IEEE (2011)

Li, M., Yu, S., Zheng, Y., Ren, K., Lou, W.: Scalable and secure sharing of personal health
records in cloud computing using attribute-based encryption. IEEE Transactions on Parallel
and Distributed Systems 24(1), 131-143 (2013)

Liu, C., Zhu, L., Li, L., Tan, Y.: Fuzzy keyword search on encrypted cloud storage data with
small index. In: Cloud Computing and Intelligence Systems (CCIS), 2011 IEEE International
Conference on, pp. 269-273. IEEE (2011)

Lu, Y.: Privacy-preserving logarithmic-time search on encrypted data in cloud. In: 19th Annual
Network and Distributed System Security Symposium (NDSS Symposium’12) (2012)

NIST: NIST’s dictionary of algorithms and data structures: inverted index. http://xlinux.nist.
gov/dads/HTML/invertedIndex.html

Ondreicka, M., Pokorny, J.: Extending fagin’s algorithm for more users based on multidi-
mensional b-tree. In: Advances in Databases and Information Systems, pp. 199-214. Springer
(2008)

Scheuermann, P., Ouksel, M.: Multidimensional b-trees for associative searching in database
systems. Information systems 7(2), 123-137 (1982)

Shen, E., Shi, E., Waters, B.: Predicate privacy in encryption systems. In: Theory of
Cryptography, pp. 457-473. Springer (2009)

Sheridan, J., Cooper, C.: Defending the cloud. http://www.reactionpenetrationtesting.co.uk/
Defending%20the%20Cloud%20v1.0.pdf (2012)

Shi, E., Bethencourt, J., Chan, H., Song, D., Perrig, A.: Multi-dimensional range query over
encrypted data. In: Proceedings of IEEE Symposium on Security and Privacy, pp. 350-364
(2007)

Slocum, Z.: Your google docs: Soon in search results? http://news.cnet.com/8301-17939_109-
1035713%?207-2.html (2009)

Song, D., Wagner, D., Perrig, A.: Practical techniques for searches on encrypted data. In:
Proceedings of IEEE Symposium on Security and Privacy, pp. 44-55 (2000)

Sun, W., Wang, B., Cao, N., Li, M., Lou, W., Hou, Y.T., Li, H.: Privacy-preserving multi-
keyword text search in the cloud supporting similarity-based ranking. In: Proceedings of the 8th
ACM SIGSAC symposium on Information, computer and communications security, pp. 71-82.
ACM (2013)

Swaminathan, A., Mao, Y., Su, G.M., Gou, H., Varna, A.L., He, S., Wu, M., Oard, D.W.:
Confidentiality-preserving rank-ordered search. In: Proceedings of the 2007 ACM Workshop
on Storage Security and Survivability, pp. 7-12 (2007)

Szefer, J., Keller, E., Lee, R.B., Rexford, J.: Eliminating the hypervisor attack surface
for a more secure cloud. In: Proceedings of the 18th ACM conference on Computer and
communications security, pp. 401-412. ACM (2011)

Van Liesdonk, P., Sedghi, S., Doumen, J., Hartel, P., Jonker, W.: Computationally efficient
searchable symmetric encryption. In: Secure Data Management, pp. 87-100. Springer (2010)

Wang, C., Cao, N., Ren, K., Lou, W.: Enabling secure and efficient ranked keyword search
over outsourced cloud data. IEEE Transactions on Parallel and Distributed Systems 23(8),
1467-1479 (2012)

Wang, C., Ren, K., Wang, J.: Secure and practical outsourcing of linear programming in cloud
computing. In: INFOCOM, 2011 Proceedings IEEE, pp. 820-828. IEEE (2011)


http://voices.washingtonpost.com/securityfix/2009/01/payment_processor_breach_may_b.html
http://voices.washingtonpost.com/securityfix/2009/01/payment_processor_breach_may_b.html
http://xlinux.nist.gov/dads/HTML/invertedIndex.html
http://xlinux.nist.gov/dads/HTML/invertedIndex.html
http://www.reactionpenetrationtesting.co.uk/Defending%20the%20Cloud%20v1.0.pdf
http://www.reactionpenetrationtesting.co.uk/Defending%20the%20Cloud%20v1.0.pdf
http://news.cnet.com/8301-17939_109-1035713%207-2.html
http://news.cnet.com/8301-17939_109-1035713%207-2.html

212 W. Sun et al.

45. Witten, LH., Moffat, A., Bell, T.C.: Managing gigabytes: Compressing and indexing docu-
ments and images. Morgan Kaufmann Publishing, San Francisco, May 1999

46. Wong, W.K., Cheung, D.W.1., Kao, B., Mamoulis, N.: Secure knn computation on encrypted
databases. In: Proceedings of the 2009 ACM SIGMOD International Conference on Manage-
ment of data, pp. 139-152. ACM (2009)

47. Yang, Y., Lu, H., Weng, J.: Multi-user private keyword search for cloud computing. In: Cloud
Computing Technology and Science (CloudCom), 2011 IEEE Third International Conference
on, pp. 264-271. IEEE (2011)

48. Yu, S., Wang, C., Ren, K., Lou, W.: Achieving secure, scalable, and fine-grained data access
control in cloud computing. In: Proceedings of IEEE INFOCOM, pp. 1-9 (2010)

49. Zerr, S., Olmedilla, D., Nejdl, W., Siberski, W.: Zerber+ r: Top-k retrieval from a confidential
index. In: Proceedings of the 12th International Conference on Extending Database Technol-
ogy: Advances in Database Technology, pp. 439-449. ACM (2009)

50. Zhang, N., Li, M., Lou, W., Hou, Y.T.: Mushi: Toward multiple level security cloud with
strong hardware level isolation. In: MILITARY COMMUNICATIONS CONFERENCE, 2012-
MILCOM 2012, pp. 1-6. IEEE (2012)



Towards Data Confidentiality
and a Vulnerability Analysis Framework
for Cloud Computing

Kerim Y. Oktay, Mahadevan Gomathisankaran, Murat Kantarcioglu,
Sharad Mehrotra, and Anoop Singhal

Abstract This chapter explores two related challenges in the context of secure
processing in cloud computing. The first is the concern of “loss of control” that
results from outsourcing data and computation to the clouds. While loss of control
has multiple manifestations, the chapter focusses on the potential loss of data
privacy and confidentiality when cloud providers are untrusted. Instead of using a
well studied (but still unsolved) approach of encrypting data when outsourcing it and
computing on the encrypted domain, the paper advocates risk-based processing over
a hybrid cloud architecture as a possible solution. Hybrid clouds are a composition
of two or more distinct cloud infrastructures (private, community, or public) that
remain unique entities, but are bound together by standardized or proprietary
technology that enables data and application portability. Hybrid clouds offer an
opportunity to selectively outsource data and computation based on the level of
sensitivity involved. The paper postulates a risk-aware approach to partitioning
computation over hybrid clouds that provides an abstraction to address secure
cloud data processing in a variety of system and application contexts. Solutions
to the workload partitioning problem are sketched in two example settings such as
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partitioning database workloads and distributing map reduce task across public and
private machines. The paper also explores a related challenge of developing vul-
nerability assessment frameworks for cloud computing environments. Preliminary
work on an ontology driven framework for vulnerability assessment is described.
The proposed framework addresses the challenges introduced by the complexity
of running software on the cloud environment where the exact infrastructure used
is not known or constrained prior to execution and applications/services could be
composed to form additional services.

1 Introduction

Fueled by the advances in virtualization and high-speed network technologies,
cloud computing is emerging as a dominant computing paradigm for the future.
Cloud computing can roughly be summarized as “X as a service” where X
could be a virtualized infrastructure (e.g., computing and/or storage), a platform
(e.g., OS, programming language execution environment, databases, web servers),
software applications (e.g., Google apps), a service, or a test environment, etc. A
distinguishing aspect of cloud computing is the utility computing model (aka pay-
as-you-go model) where users get billed for the computers, storage, or any resources
based on their usage with no up-front costs of purchasing the hardware/software
or of managing the IT infrastructure. The cloud provides an illusion of limitless
resources which one can tap into in times of need, limited only by the amount one
wishes to spend on renting the resources.

Despite numerous benefits, organizations, especially those that deal with poten-
tially sensitive data (e.g., business secrets, sensitive client information such as
credit card and social security numbers, medical records), hesitate to embrace the
cloud model completely. One of the main impediments is the sense of “loss of
control” over ones data wherein the end-users (clients) cannot restrict the access
to potentially sensitive data by other entities, whether they be other tenants to
the common cloud resources or privileged insiders who have access to the cloud
infrastructure. The key operative issue here is the notion of trust. Loss of control, in
itself, is not as much of an issue if clients/users could fully trust the service provider.
In a world where service providers could be located anywhere, under varying legal
jurisdictions; where privacy and confidentiality of ones data is subject to policies
and laws that are at best (or under some circumstances) ambiguous; where policy
compliance is virtually impossible to check, and the threat of “insider attacks” is
very real — trust is a difficult property to achieve. Loss of control over resources
(by migrating to the cloud) coupled with lack of trust (in the service provider)
poses numerous concerns about data integrity (will service provider serve my data
correctly? Can my data get corrupted?), availability (will I have access to my data
and service at any time?), security, privacy and confidentiality (will sensitive data
remain confidential? Will my data be vulnerable to misuse? By other tenants? By
service provider?) to name a few.
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In this position paper, we focus on two complementary challenges in the context
of cloud computing: First, we explore the challenge of privacy and confidentiality
aspects of data processing in public cloud environments. An obvious approach to
achieving confidentiality and privacy is to appropriately encrypt data prior to storing
it on the cloud. This way, data remains secure against all types of attacks, whether
they be due to using shared systems & resources also accessible to others, insider
attacks, or data mining attacks leading to information leakage. While encrypting
data mitigates many of the confidentiality concerns, it poses a new challenge — how
does one continue to process encrypted data in the cloud? Over the past few decades,
numerous cryptographic approaches as well as information hiding techniques have
been developed to support basic computations over encrypted data [13—15]. For
instance, a variety of semantically secure searchable encryption techniques that
can support various forms of keyword search as well as range search techniques
have been proposed. Likewise, work in the area of database as a service [16] has
explored support for SQL style queries with selections/projections/joins etc. Many
such approaches offer sliding scale confidentiality wherein higher confidentiality
can be achieved, albeit extra overheads. While significant progress has been made
in designing solutions that offer viable approaches when the computation to be
performed on encrypted data is suitably constrained, a general solution that is
efficient enough to be of practical use is, however, seems unlikely to emerge in
the near future.

To address privacy and confidentiality challenge, instead of opting for solutions
that completely eliminate the possibility of attacks (e.g., by devising appropriate
mechanisms to compute on the encrypted representations directly), we promote an
alternate/complementary risk-based view to secure database query processing that
instead of preventing loss of sensitive data, controls how data is stored and processed
in the cloud so as to limit the exposure of sensitive data on public cloud. We focus
the discussion to our ongoing work in the Radicle Project (http://radicle.ics.uci.edu)
on risk-based computing in hybrid cloud setting wherein in-house systems may
offload part of their work during peak demand to the public cloud infrastructures
(e.g., Amazon EC2, Microsoft Azure). Such a hybrid cloud creates a mixed security
environment for data processing — while organizations can control (to a degree)
security on their own infrastructure, the public infrastructure is susceptible to myriad
of security concerns, including information leakage through “excessive privilege
abuse” (aka insider attack which has been identified as amongst most important
database security threat by numerous practitioners). A risk-based approach controls
what data and computation is offloaded to the public cloud and how such data is
represented, in order to control the risk of data exposure. Different ways to steer data
through the public and private clouds exhibit different levels of risks and expose a
tradeoff between exposure risks and performance. Given such a tradeoff, the goal
of the risk aware computing changes from purely attempting to minimize costs (and
hence maximize performance) to that of achieving a balance between performance
and sensitive data disclosure risk.

Developing such a risk-based strategy opens multiple challenges. First and
foremost, given different ways in which data can be partitioned, represented
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(e.g., in plain text, encrypted using searchable encryption techniques, deterministic
encryption, non-deterministic encryption), exposed at the public machines for
different periods of times, and different levels of trust a user may have in the public
infrastructure, we need principled ways of assessing risk of data loss with the diverse
choices. Given the risk model, the next challenge is to model the tradeoff problem
as a multi-criteria optimization that achieves a balance between performance and
exposure risk. Two specific settings of such multi-criteria problems can be (a)
optimize for performance while ensuring that exposure risks are constrained, or
alternatively, (b) constrain the additional overhead of the strategy, while minimizing
the risk of data loss. Solution to such a multi-criteria optimization will allow us
to determine how data should be stored and computation partitioned such that
the proposed system maintains the performance while limiting/minimizing loss of
sensitive data.

The second major challenge we address in the paper is that of assessing security
of software services on clouds. Security on the clouds (e.g., from cyber attacks)
depends upon the vulnerability of the infrastructure, platforms, and services. In
many cloud-based solutions, the platform or the infrastructure on which software
may run is now known or guaranteed a priori. Furthermore, the cloud and service
oriented architectures (SoA) support service level compositions, whereby new
services can be created rapidly by composing existing services. Vulnerability
assessment in such environments opens new challenges since security of the
software service must be assured regardless of the underlying infrastructure or
platform and must be tested across diverse service compositions requiring a large
number of combinations.

The outline of the rest of the paper is as follows: the paper first focuses on the
privacy and confidentiality challenge. In Sect. 2, we begin by further discussing the
hybrid cloud model highlighting the challenges in developing a risk-based approach
for data processing in such an environment. Section 3 describes preliminary ideas
on risk-based data processing in hybrid clouds. In particular, we postulate the
workload partitioning problem that explore the tradeoff between risks and exposure.
We further illustrate a solution to the partitioning problem for two cases of hybrid
cloud: first is the task of assigning queries between private and public machines in
ways that minimize either performance overhead or risk, and the second considers
distributing workloads consisting of map-reduce jobs in hybrid clouds. We then shift
our attention to vulnerability modeling for cloud environments in Sect. 4. Then, we
describe our ongoing work on developing the Vulnerability Assessment framework
for Cloud Computing (VULCAN). Finally, we conclude the paper in Sect. 5.

2 Hybrid Cloud

A hybrid cloud is a composition of two or more distinct cloud infrastructures
(private, community, or public) that remain unique entities, but are bound together
by standardized or proprietary technology that enables data and application porta-
bility [5]. The emergence of the hybrid cloud paradigm has allowed end-users to
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seamlessly integrate their in-house computing resources with public cloud services
and construct potent, secure and economical data processing solutions. A growing
number of organizations have turned to such a hybrid cloud model [1, 2] since they
offer flexibility on the tasks that can be offloaded to public clouds thereby offering
the advantages of increased throughput, reduced operational cost while maintaining
high levels of security.

A risk-based data processing approach explores how risk of information exposure
can be controlled in hybrid clouds where organizational data (both sensitive and
non-sensitive) and computation spans both (relatively) secure as well as non-secure
(public) nodes. The setting is reminiscent of the previous work on Database as
a Service [11] in the data management literature in which the data is stored on
the server side in an encrypted form and query processing is done on encrypted
domain. When processing could not continue on the encrypted domain, the data is
transferred to the secure client, which could then decrypt the data and continue the
computation. The goal in such processing is to minimize the client side work, while
simultaneously minimizing data exposure. In our previous work [11], we outlined
how an SQL query can be split to be executed partly on the server and partly on the
client to compute the final answer.

In the cloud setting, however, there are many fundamental differences.

* Unlike DAS, where the resources were assumed to be very limited on the client-
side, in the cloud setting organizations may actually possess significant resources
that meets majority of their storage and query processing needs. For instance, in
the cloud setting data may only be partially outsourced, e.g., only non-sensitive
part of the data may be kept on the cloud. Also, it is only at peak query loads that
the computation needs to be offloaded to the cloud. This has implications from
the security perspective since much of the processing involving sensitive data can
be done in the private side, e.g., if query primarily touches sensitive data, it could
be executed on the private side.

* In DAS, since the goal was to fully outsource the data and computation, the
focus of the solutions was on devising mechanism to compute on the encrypted
representation (even though such techniques may incur significant overhead). In
contrast, since in the hybrid cloud environments, since local machines may have
significant computational capabilities, solutions that incur limited amount of data
exposure of sensitive data (possibly at a significant performance gain) become
attractive.

e While DAS work has primarily dealt with database query workload (and
text search [14]), in a cloud setting, we may be interested in more general
computation mechanisms (i.e. not only database workloads). For instance, map-
reduce (MR) frameworks are used widely for large-scale data analysis in the
cloud. We may, thus, be interested in secure execution of MR jobs in the context
of hybrid clouds.

While there are significant new challenges and opportunities in secure processing
of data in cloud environments, the techniques for query processing/search in mixed
security environments developed in the literature to support the DAS model (e.g.,
techniques for various types of search over encrypted data, techniques to limit data
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exposure by splitting computation between public and private sides, cooperatively
implementing database operators/search in ways that limit exposure of cleartext at
the public-side, etc.) provide a solid foundation over which risk-aware processing
in hybrid clouds can be explored. In the following section, build towards such a
risk-aware processing architecture for hybrid clouds.

3 Risk Aware Data Processing Over Hybrid Clouds

In our discussion, we will differentiate between three distinct hybrid cloud settings
that target different usage scenarios and pose different tradeoffs:

* Qutsourcing scenario, where an organization relies on a public cloud to fulfill
their IT requirements, and uses their limited private cloud to perform supplemen-
tary tasks such as filtering incorrect results or decrypting encrypted results. This
is similar to the DAS model studied in the literature.

* Cloudbursting setting, where an organization uses their private cloud to develop,
test and deploy applications, and depends on a public cloud to mitigate sudden
spikes of activity in an application that arise due to unforeseen circumstances.

» Fully Hybrid scenario, the companies consider the entire hybrid cloud as one big
cluster of machines and are willing to keep the load imbalance across the hybrid
cloud as little as possible in order to obtain the best performance. While achieving
this, they prefer to handle sensitive computations within the private cloud,
whereas the public side executes mostly the workload’s non-sensitive portion.

While specific techniques and solutions to achieve risk-aware processing in each
of the above depend upon the specific instantiation of the problem, fundamental to
each approach is the underlying challenge of workload and data partitioning. We
illustrate the workload partitioning challenge with following two examples.

Consider a sequence of MapReduce (MR) job. In MR, a programming model for
processing large data sets with a parallel, distributed algorithm on a cluster, input
files can be stored across hybrid cloud and MR jobs can be defined to run on both
public and private machines. The first challenge is then how to distribute files in
such a way that risk is limited. For instance, we may limit sensitive data exposure
and only store non-sensitive data on public machines. This, however, does not fully
address the problem, since during execution sensitive data may need to be shuffled
to the public side thereby posing exposure possibility. The goal then is to partition
the MR jobs in ways that such data distribution into file chunks as well as later
shuffling during execution does not cause unconstrained exposure.

As another example, consider now a data management workload with a set of
database queries which one would like to periodically execute with some timing
guarantees. The workload may be too large for a given private infrastructure and
the option might be to shift some queries to public side. Even within such a
architecture there may be multiple choices. Either shift entire query to public side
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— of course, this necessitate the corresponding data for query execution to also be
shifted and stored on public side. Or alternatively, one could use DAS style query
operator implementation whereby the public and private sides split the task of query
execution cooperatively. In either case, the above leads to workload distribution
challenge that prevents unconstrained data exposure.

3.1 Ciriteria for Workload Distribution

Before we explore a risk-based framework for data processing in hybrid clouds,
we first identify the key criteria of importance in designing hybrid cloud solutions.
These design criteria will form the basis of postulating the risk-based strategy as
will become clear later.

Performance: Consider a workload W. Let the execution of W be distributed in
private and public side and the corresponding computations be denoted by W),,;, and
W,u, respectively. Note that the execution of W, and W, together achieves W.
Further, let the dataset R needed for the workload W be partitioned as R, and Ry,
which represents partitioning of data amongst public and private machines (note
that R, and Ry, may not strictly correspond to a partitioning and may overlap).
The partitioning of data is such that Ry, (Rpyup) includes all the data needed by the
workload W), (W,,). The performance of an data processing architecture in hybrid
cloud is directly proportional to overall running time of W with given W,,;, and
Wpriv. We use the notation ORunTime(W, Wyup) to express the performance factor.
Estimating the expected total running time depends upon variety of factors such
as characteristics of the workload W, control flow between W), and W,,;, (e.g.,
do they need to run sequentially or can be executed in parallel), the speeds of
machines/infrastructure, the network throughput in case data needs to be shuffled
between public and private machines, the underlying representation of data Ry, etc.

Data Disclosure Risk: Risk(R,,,) estimates the risk of disclosing sensitive data
to a public cloud service provider based on the data outsourced to public cloud
or exposed during processing. Disclosure risks depend upon a variety of factors:
it is directly proportional to the number of sensitive data items that R, includes.
Larger the sensitive data items in Ry, higher is the Risk(Rp,); it depends upon
the representation format (e.g., encryption level) used to store R, — using a less
secure encrpytion technique incurs higher risk; it could depend upon the duration of
time for which sensitive data is exposed in R,; it depends upon the vulnerability
of the public cloud against the outsider attacks — the more vulnerable the system,
the higher the exposure risk will be.

Resource Allocation Cost: Resource allocation cost, Pricing(R,,u;,, Woup), is asso-
ciated with storing data on public infrastructure and processing taken place over
the public machines. This criterion measures the financial cost (in terms of $)
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engendered by the incorporation of some type of public cloud services into hybrid
cloud models. The cost can be classified into the following two broad categories:

* On-premise Costs: This category measures the cost incurred in acquiring and
maintaining a private cloud.

* Cloud Costs: This category can be further sub-divided as follows: (a) Elastic
costs: A user is charged only for the services they use (pay-as-you-use).
(b) Subscription costs: A user is charged a decided fee on a regular basis (fixed).

The financial cost of an end-user’s hybrid cloud model implementation is
dependent on several factors such as the data model/query language, storage
representation, etc. In general, the larger the R, and W,,,,;, are, the higher the cost
will be.

The above three factors — performance, risks, and costs — provide the main criteria
along which different solutions of risk based processing in hybrid clouds can be
compared. It is not surprising that spectrum of possible solutions represent tradeoffs
between these factors. For instance, solutions that indiscriminately distribute work
to the public machines in an unconstrained way may optimize performance but they
will be suboptimal from the perspective of risks. Likewise, a solution that minimizes
risk by performing any operation that may leak sensitive data on private machines
may either suffer significantly from the performance perspective, or require a heavy
investment in private infrastructure to meet applications timeliness goals thus not
leveraging the advantages of the cloud based model.

A risk-based approach to hybrid cloud processing allows users to explore the
above tradeoffs in a principled manner thereby enabling users to effectively realize
their performance, security, and financial constraints. For instance, given an existing
private cloud, a user may specify the dollar costs they are willing to incur for
using public resources and the maximum disclosure risks they are willing to incur.
A risk-based approach may then attempt to optimize the performance given such
constraints specified by the user. An alternate formulation may be minimize the
disclosure risks given desirable performance and cost constraints (assuming a
feasible solution exists for such an optimization).

Two main issues in designing such a risk-based approach are: (a) identifying
metrics for the above three criteria (performance, risks, costs) in terms of parameters
that can be modified by the risk-based approach, e.g., workload distribution, data
partitioning, cost constraints for acquiring cloud services (and/or private machines)
a user may have, etc. (b) designing a principled approach to determine the optimal
instantiation of the parameters that meet the performance, cost and risk constraints
of the user.

Both of these issues pose significant challenges. Estimating factor such as cost
and performance is relatively easier in our view. For instance, the resource allocation
cost is contingent on the cloud vendor and type of services being commissioned and
existing models supported by various cloud vendors provide a good mechanism for
estimating such costs. Furthermore, a recent paper [41] has extended performance-
estimation mechanisms for SQL query processing to HIVE queries over Hadoop.
Such techniques provide a starting point for modeling workload performance. In
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contrast, modeling risks due to data exposure given data representation seems
significantly more complex. In general, it may require us to model how useful is
the information to the adversary, what will it enable the adversary to do, and/or
model the loss to data owner (e.g., economic loss) as a result of information being
leaked. While such risk modeling represents an interesting question, we limit our
model to relatively simple metrics of rid such as the number of sensitive cells
exposed, the duration of such exposure [4] or a bit more complex analytical [6]
or entropy-based [7] techniques. We focus our discussion in the next section on
how the workload partitioning problem can be specified with the given metrics for
performance, risk, and costs. When we offer a concrete instantiation of the workload
distribution problem in the context of distributed database query workload, we will
show how these metrics can be computed in the context of the problem we study.

3.2 Workload Partitioning Problem (WPP)

WPP varies upon whether one aims to use hybrid cloud in cloudbursting, out-
sourcing or fully-hybrid setting. This paper states the formal definition of WPP for
each hybrid cloud model and provides an efficient dynamic programming oriented
solution to the one in fully-hybrid model.

Given the three factors — performance, risks, resource allocation costs, discussed
in the previous section, we can now formalize the workload partitioning problem
as a multi-criteria optimization problem that chooses the system parameters such as
workload and data partitioning so as to simultaneously optimize the three metrics.
We model the problem as a constrained optimization problem, wherein one of
the metrics is optimized while ensuring that the solution is feasible with respect
to the constraints specified by the user on the other metrics. In general, in a
WPP, a user may specify the three constraints: TIME_CONST, DISC_CONST
and PRA_CONST, where TIME_CONST corresponds to the maximum amount of
time that the workload W needs to be completed in, PRA_CONST acts as an upper
bound on the maximum allowable monetary cost that can be expended on storing
and processing data on a public cloud, and DISC_CONST denotes the maximum
permissible data disclosure risk that can be taken while storing the sensitive data on
public cloud. WPP can thus be specified as that of distributing a workload W (and
implicitly a dataset R) over a hybrid cloud deployment such that one of the three
factors is minimized subject to constraints on the remaining two. Let us next explore
the problem formulation for the three different cloud settings we had introduced
earlier:

WPP Definition for outsourcing model: Organizations using hybrid cloud in
outsourcing mode mostly rely on the public cloud, since their private resources are
very limited. In the context of risk aware data processing, the purpose of outsourcing
model is to push as much sensitive computation as possible to the private side while
meeting specified overall running time and monetary cost limit. Thereby, W PP in
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outsourcing setting can be defined as follows: Given a dataset R and a workload
W, WPP is an optimization problem whose goal is to find subsets Wy, € W and
Ryup C R such that the total disclosure risk, Risk(Rpyp), is minimized.

minimize Risk(Rpup)
subjectto (1) ORunT(W, W) < TIME_CONST
(2) Pricing(Rpup, Wyup) < PRA_CONST

WPP Definition for cloudbursting model: In the cloudbursting model, the end-
user more likely wants to finish the given workload less than a speicified time limit
by paying the minimum cost. Also, while meeting these requirements, one may
want to formalize W PP as follows: Given a dataset R and a workload W, W PP is an
optimization problem whose goal is to find subsets W, C W and R, C R such that
the total monetary cost, Pricing(R pub> W,,u;,), that arises to exetute W is minimized.

minimize Pricing(Rpub, Wpup)
subjectto (1) ORunT(W,W,,;,) < TIME_CONST
(2) Risk(R ) < DISC_CONST

WPP Definition for fully hybrid model: In fully hybrid setting, as stated earlier,
the primary goal is to maximize the performance. Besides, the end-user may want
to put an upper limit on the disclosure risk and the monetary cost while distributing
the computation across the cluster. Given these criteria, W PP definition in can be
given as follows: Given a dataset R and a workload W, W PP can be modeled as an
optimization problem whose goal is to find subsets W, € W and R, C R such
that the overall execution time of W is minimized.

minimize ORunT(W, W)
subjectto (1) Risk(Rpup) < DISC_CONST
(2) Pricing(Rpup, Wpup) < PRA_CONST

WPP definition in each of these settings depends upon mechanisms to appro-
priately estimate the runtime, monetary costs, and risks associated with a given
workload/data partitioning. Below we specify a possible approach to how such
factors can be estimated.

Overall Workload Execution Time: It is denoted as ORunT(W,W,,;), as an
indicator of performance. Consequently, W PP variants either aim to minimize the
overall execution time of a given task workload W or try to keep it under a threshold.
The execution time of tasks in W over a hybrid cloud, given that tasks in W, are
executed on a public cloud can be represented as follows:
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2 runTpub (t)

tewpub

> r“n];m’v (t)
teW*VVpub

ORunT(W,W,,;) = max

where, runT,(t) denotes the estimated running time of task ¢ € T at site x where
x is either a public (x = pub) or private (x = priv) cloud. The running time of a
task on public/private machines, in itself, depends upon the machine characteristics
and the task. Models for estimating these have been widely developed for database
workloads in the literature and more recently for HIVE queries in the context of
cluster computing [41]. We have further developed similar cost-estimation models
for SPARQL queries over RDF stores.

Data Disclosure Risk: The disclosure risk that is associated with storing the public
side partition of data, namely R, is estimated as follows:

Risk(Rpu) = Y, sens(Ri,s),
RieRpuva

where sens(R;,s) is the number of sensitive values contained in a data item R; €
R, which are stored on a public cloud. We are, of course, using a simple measure
— viz. number of sensitive data exposed — as a measure of risk in the above
formulation.

Resource Allocation Cost: It estimates the financial cost of utilizing public cloud
services as follows:

Pricing (R pup, Wyup) = store(R pup,) + z freq(t) x proc(t),

tewpub

where store(R ;) represents the monetary cost of storing a subset R, C R on a
public cloud, freq(r) denotes the access frequency of task r € W, and proc(r) denotes
the monetary cost associated with processing ¢ on a public cloud. Such monetary
costs for storing and executing tasks on the public cloud depend upon the pricing
models of current cloud vendors. In our experiments given later, we will use the
Amazon’s pricing model to compute such monetary costs.

3.3 WPP Solution for Fully Hybrid Setting

Above, we have discussed the WPP abstractly for various hybrid cloud settings.
To make the discussion concrete, in this section, we sketch a solution based on
dynamic programming for one such instantiation of the WPP problem. Specifically,
we consider a fully-hybrid cloud deployment which has to be used to compute
a workload of database queries. Furthermore, in the solution, we will make
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simplifying assumption that data is stored unencrypted both on the private and
public machines. Thus, exposure risks can be directly computed as the number of
sensitive data outsourced to the public machines. As we stated earlier, the WPP
in fully-hybrid deployment model attempts to find a subset of the given dataset and
workload that can be shipped to the public cloud. The W PP problem tries to achieve
this goal by aiming to minimize the total processing time of the workload across the
hybrid cloud under several constraints.

Nevertheless, WPP can be simplified to a more trivial version in which the
problem only attempts to find W, since R, can be considered as being equivalent

to ( U baseData(t)) where baseData(r) denotes the minimum set of data items
t e‘/Vpub

to execute task t accurately. In other words, any other solution R that minimizes the

overall performance should be a superset of |J baseData(t) and, yet, the solution
t e‘/Vpub

U baseData(t) is the one with the least sensitive data exposure and monetary
tewpub

cost. As a result, WPP can be considered to be a problem that aims to find the
subset of the query workload that minimizes the workload execution time without
violating the given constraints.

To represent WPP along with its inputs and constraints, we use the following
notation: WPP(W,PRA_CONST,DISC_CONST). We also assume that the query
workload, W, and the constraints, PRA_CONST and DISC_CONST are all given
beforehand.

Dynamic Programming Approach to Solve WPP

Given the exponential number of query workload subsets, we use a dynamic pro-
gramming approach to find the best one. We now present Algorithm 1 that produces
a set of queries W, as a solution to WPP(W,PRA_CONST,DISC_CONST).

Algorithm 1 uses a data structure pubW and frequently calls a method labeled as
checkConstr. The purpose of these constructs is as follows:

* pubW/i][j][k]: This data structure maintains the set of public side tasks for
WPP(W', j,k) where Wi = {t,t2,...,t;}. Given that the maximum admissible
monetary cost and the maximum disclosure risk are equal to j and k respectively,
this data structure stores the queries from amongst the first i tasks that are selected
to be processed over the public cloud so as to minimize the overall response time
of the first i tasks. Notice that pubW [i][j][k] C W'.

. checkConstr(W’7 j',k'): This method returns whether monetary cost bound i
and disclosure risk limit k are satisfied when the queries in W' are executed
on the public side. In particular, the method checks if store( |J baseData(t)) +

rew’
Y (freq(t) x proc(t)) < j and sens( \J baseData(t)) <k .
rew’ rew’
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To make it easily understandable for readers, we present the notion behind
our dynamic programming algorithm. Intuitively, W PP(W", PRA_CONST,SENS_
CONST) can be generalized as WPP(W', j k). As the solution to this general
problem will be a subset of W', there are two possible assignments for the last task
t; in Wi, The task ¢ is either in the solution to WPP(W', j, k) or is not. Therefore,
both cases should be investigated carefully. Before expanding on both cases, let us
illustrate how our algorithm works with an example. Assume that our workload W
consists of three tasks (i.e. W = {t1,t2,13}) and WPP(W?3, j k) needs to be solved.
The detailed information about these three queries is given below.

W | proc(t) | store(baseData(t)) | sens(baseData(t))
f $10 $15 20
t $20 $10 10
&) $15 $10 20

Before investigating the two different cases in further details, we need to check
whether assigning #3 to the public side violates any constraints (line 17). If we ship #3
to the public side, then the overall monetary cost and the overall disclosure risk will
be at least $25 and 20 sensitive cells respectively (assume that V1 < i <3 freq(i) =
1). If j <25 or k < 20, then any solution considering #3 as a public side query will
not be a feasible one, and in turn WPP(W?3, j k) = WPP(W?2, j,k) (line 30). Note
that, since executing any query on the private side does not cause a violation of any
constraints, this case essentially does not require a feasibility analysis. Now, we can
go into the details of each case.

Case I: If t3 runs on the public side, then there will be more than 1 WPP
subproblems that need to be investigated. This is due to the fact that the possible
execution of 73 on the public side will bring at least $15 and at most $25 into
the overall monetary cost value. In terms of disclosure risk, the numbers will be
between 0 and 20 sensitive cells. The reason is that a portion of (or the entire)
baseData(t3) could already be partially included in the solution, W, to some

WPP(W?2,j k'), and in turn storing baseData(t3) in addition to |J baseData(r)
1EW;
may not bring as much monetary cost and disclosure risk as is represented in

the table above. Consequently, WPP(W?2, ;' k') where j —25< j < j— 15 and
k—20 <k < k should be investigated in order to solve WPP(W?, j. k) optimally
(lines 18-26). However, every candidate set of queries formed by taking the
union of 3 with the solution of WPP(W2, k') should be tested to ensure that it
does not violate any constraint and it is the best solution in terms of performance
from amongst all solutions obtained in Case I (line 21). If it does produce the
best solution, it will be one of the solution candidates with the one coming from
Case 2 (lines 21-24).

Case 2: In case query t3 runs on the private side, then WPP(W3,i,j) =
WPP(W2,i, ) (line 28).
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Algorithm 1 Dynamic programming()

Input: W, PRA_CONST, DISC_CONST Output: W,
1: initialize pubW [][]]]
2: fori=1— W.size do
3:  procCost < proc(t;)

4:  totCost +— procCost + store(baseData(t;))

5:  disc  sens(baseData(t;))

6: for j =0 — PRA—CONST do

7: for k =0 — DISC — CONST do

8: if i =1 then

9: if checkConstr({t }, j, k)

AND ORunT (W', W') < ORunT (W',0) then

10: pbWil[][K] < {1}

11: else

12: pubW [i][j][k] + @

13: end if

14: else

15: pubCaseOT <

16: (j,k') < (NaN,NaN)

17: if checkConstr({t;}, j, k) then

18: for all j —totCost < iC < j— procCost do
19: for all k —disc <iD < kdo
20: tmpSet < pubW [i][iC][iD] U g;
21: if checkConst (tmpSet,iC,iD) AND ORunT (W' tmpSet) < pubCaseOT

then

22: pubCaseOT < ORunT (W' tmpSet)
23: (j k) « (iC,iD)
24: end if
25: end for
26: end for
27: end if
28: privCaseOT < ORunT (W', pubW [i — 1][j] [k])
29: if privCaseOT < pubCaseOT then
30 pubW [ 7]1K] < pubW i — 1](7]1K
31: else L
3 pubW ([ 7]1K] < pubW i — 1]( ] €] U e}
33: end if
34: end if
35: end for
36:  end for
37: end for

38: return pubW [W.Size — 1][PRA_CONST][DISC_CONST]

After computing the best solution candidate for both cases, our algorithm
compares the overall expected running times of both solutions and picks the
minimum one as the solution to WPP(W3, J,k) (lines 29-33).

The algorithm above requires us to determine various costs (viz., disclosure,
monetary, and query execution) for a given workload W and the arbitrary data
partitions. We note that the incurred disclosure risk, in our model, is dependent only
on the public-side partition R ,;, which in turn is implicitly defined using the given
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query workload. Determining query execution times and monetary costs, however,
depends upon the query workload. They can both be estimated as the sum of costs
of the individual queries.!

Experimental Results

For all our experiments, we have used the TPC-H benchmark with a scale factor 100
in our experiments. We used a query workload of 40 queries containing modified
versions of TPC-H queries Q1, Q3, Q6 and Q11. In particular, we do not perform
grouping and aggregate operations in any query because of the high complexity of
estimating overall I/O size for these types of operators in Hive. Further, we assumed
that each query was equally likely in the workload. The predicates in each of the
queries are randomly modified to vary the range (as mandated by TPC-H) of the
data that is accessed.

We first computed the running time of the query workload when all computations
are performed on the private cloud (Private). The experiments subsequently use
this case as a baseline to determine the performance of the dynamic programming
approach that was proposed earlier to solve the W PP problem.

Resource Allocation Cost (25%) Resource Allocation Cost (50%)
210000 | Private —>— { 2700001 Private —>¢—
No-Sensitivity —k— No-Sensitivity —K—
180000 | 1%-Sensitivity —=F— | 210000 | 1%-Sensitivity —F—

5%-Sensitivity —O— 5%-Sensitivity —o—

= <
8 10%-Sensitivity —A— 8 10%-Sensitivity — A
o 150000 [ 5 150000 F
£ E
= [
120000 1 90000
90000 [ " . , . , , 30000 b7 ; ; : : ;
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Sensitive data exposure level (%) Sensitive data exposure level (%)

Fig. 1 Performance of the dynamic programming approach towards solving 